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Preface

The refinement calculus is a framework for reasoning about correctness and re-
finement of programs. The primary application of the calculus is the derivation
of traditional imperative programs, where programs are constructed by stepwise
refinement. Each refinement step is required to preserve the correctness of the pre-
vious version of the program. We study the basic rules for this kind of program
derivation in detail, looking at specification statements and their implementation,
how to construct recursive and iterative program statements, and how to use proce-
duresin program derivations. Therefinement calculusis an extension of Dijkstra’s
weakest precondition cal culus, where program statements are model ed as predicate
transformers.

We extend the traditional interpretation of predicate transformers as executable
program statements to that of contracts that regulate the behavior of competing
agents and to games that are played between two players. The traditional inter-
pretation of predicate transformers as programs falls out of this as a special case,
whereone of thetwo playershasonly avery rudimentary roleto play. Our extension
yields a number of new potential applications for the refinement calculus theory,
like reasoning about correctness of interactive program statements and analyzing
two-person games and their winning strategies.

Program refinement involves reasoning in many domains. We haveto reason about
properties of functions, predicates and sets, relations, and program statements de-
scribed aspredicatetransformers. Thesedifferent entitiesarein fact mathematically
all very similar, and they form the refinement calculus hierarchy. In this book we
examine the ways in which these different domains are related to each other and
how one can move between them. L attice theory forms a unifying conceptual basis
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that captures similarities between the domains, while higher-order logic serves as
acommon logic that we can use to reason about entities in these domains.

We present anew foundation for the refinement cal culus based on lattice theory and
higher-order logic, together with asimpletheory of program variables. Thesetopics
arecoveredinthefirst part of thebook. Higher-order logicisdescribed in anew way
that isstrongly influenced by latticetheory. Thispart a sointroduces notionsneeded
for imperative programs, program variables, expressions, assignment statements,
blockswith local variables, and procedures. The second part of the book describes
the predicate transformer approach to programming logic and program semantics,
aswell asthenotion of programrefinement. Weal so study the operational semantics
of contracts, games, and program statements, and show how it is related to the
predicate transformer interpretation of these. The third part of the book shows how
to handle recursion and iteration in the refinement cal culus and al so describes how
to use the calculus to reason about games. It also presents case studies of program
refinement. Thelast part of the book studies more specificissuesrel ated to program
refinement, such as implementing specification statements, making refinementsin
context, and transforming iterative structures in a correctness-preserving way.

The refinement cal culus has been atopic of investigation for nearly twenty years
now, and agreat number of papers have been published in thisarea. However, asys-
tematic introduction to the mathematical and logical basisfor program refinement
has been missing. The information required to study thisfield is scattered through
many journal and conference papers, and has never been presented as a coherent
whole. This book addresses this problem by giving a systematic introduction to
the field. The book partly summarizes work that has been published earlier, by
ourselves and by other authors, but most of the material is new and has not been
published before.

The emphasisin thisbook is on the mathematical and logical basis of program re-
finement. Although we do give examples and case studies of program construction,
thisisnot primarily a hands-on book on how to construct programsin practice. For
reasons of space we have been forced to omit a great deal of material that we had
wanted include in the book. In particular, we decided not to include the important
topics of datarefinement and parallel and reactive system refinement here (though
a simple approach to data refinement is described in Chapter 17). We plan to treat
these topics in a comprehensive way in a separate book.

Thebook isintended for graduate studentsand for advanced undergraduate students
interested in the mathematics and logic needed for program derivations, as well
as for programmers and researchers interested in a deeper understanding of these
issues. The book provides new insight into the methods for program derivations,
aswell as new understanding of program semantics and of the logic for reasoning
about programs.
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The book should be easy to use in teaching. We have tried to explain things quite
carefully, and proofs are often given in reasonable detail. We have also included
quite a number of examples and exercises. A previous understanding of logic and
programming methodology is helpful but not necessary in order to understand the
material in the book. The first, second, and third parts of the book can be given as
successive courses, with suitable material added from the fourth part.
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Introduction

Therefinement calculusisalogical framework for reasoning about programs. It is
concerned with two main gquestions: is a program correct with respect to a given
specification, and how can we improve, or refine, a program while preserving its
correctness. Both programs and specifications can be seen as special cases of a
more general notion, that of a contract between independent agents. Refinement
is defined as a relation between contracts and turns out to be a lattice ordering.
Correctness is a specia case of refinement where a specification is refined by a
program.

The refinement calculus is formalized within higher-order logic. This allows us
to prove the correctness of programs and to calculate program refinements in a
rigorous, mathematically precise manner. Lattice theory and higher-order logic
together form the mathematical basis for the calculus.

We start with aninformal introduction to some of the central conceptsin the calcu-
lus: the notion of acontract asageneralization of programs and specifications, how
program correctnessis generalized to contracts, and how refinement of contractsis
defined. We also show how these general concepts are related to more traditional
notions used in programming and program correctness. We will elaborate on these
issuesin the rest of the book, along the way introducing and studying many other
notions that we need for program correctness and refinement.

1.1 Contracts

Let us start from the most general notion used, that of a contract. Consider a
collection of agents, where each agent has the capability to change the world
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in various ways through its actions and can choose between different courses of
action. The behavior of agents and their cooperation is regulated by contracts.

Before going into thisin more detail, a short remark on the notation that we useis
in order. We denote function application with an infix dot, writing f.x, rather than
themoretraditional f (x). Wewrite A — B for theset of dl functions f : A — B.
Functions can be of higher order, so that the argument or value of a function can
be a function itself. For instance, if f isafunctionin A — (B — C) anda an
element of A, then f.aisafunctionin B — C.If bisanelement of B, then (f.a).b
is an element of C. Function application associates to the left, so (f.a).b can be
written asjust f.a.b.

Wewill use standard set-theoretic and logical notationinour informal discussionin
thisand the next chapter. In particular, wewrite T, F, =b,bAc,bvc,b=c,b=c
for, respectively, truth, falsity, negation, conjunction, disjunction, implication, and
equivalence in logical formulas. We write universal quantification as (¥x « b)
and existential quantification as (3x + b). These notions will al be given precise
definitions when higher-order logic is introduced, but for now, we rely on an
informal understanding.

States and State Changes

We assume that the world is described as a state o. The state space X isthe set of
all possible states (or worlds). An agent changes the state by applying afunction f
to the present state, yielding anew state f.o. An agent can have different functions
for changing theworld. Wewill write ( f) for the action that changesthe state from
o to f.o, and refer to this as an update action.

A specia case is the identity functionid : X — X, which does not change the
world at all, id.c = o. We write skip = (id) for the action that applies the identity
function to the present state.

Wethink of the state ashaving anumber of attributesxa, . . ., X,, each of which can
be observed and changed independently of the others. Such attributes are usualy
called program variables. The value of an attribute x, val.x, is a function that
depends on the state: val.X.o gives the value of attribute x in state o. It models
an observation of some property of the state. For each attribute x;, there is a'so
an update function set.x; that we use to change the state so that attribute x; getsa
specificvalue: set.x.a.o isthe new statethat we get by setting the value of attribute
X to a without changing the values of any of the other attributes.

State changes are conveniently expressed as assignments. For instance, x; =
Xi + X; describes a function from state o to the state set.x;.a.0, where a =
val.x;.o +val.xj.o isthevalueof expression x; +X; instatecs . Theactionthat carries
out this assignment is then (x; := X; + X;). We drop the angular brackets around
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assignments in the examples below, as it will always be clear that an assignment
action rather than just the assignment function is intended.

Contracts

A contract regulates the behavior of an agent. The contract can stipulate that the
agent must carry out actions in a specific order. This is written as a sequential

action S ; S ;... Sn,where S, ..., S, aretheindividua actions that the agent
hasto carry out. For any initia state o = oy, the agent hasto produce a succession
of states oy, . . ., om, Where o; isthe result of performing action § in state oj ;.

A contract may aso require the agent to choose one of the aternative actions
S, ..., Sn. The choice is written as the alternative action S L --- U S;,,. The
choice between these alternatives is freg; i.e., any alternative may be carried out
by the agent, but the agent must choose one of the given alternatives.

These two constructs, together with the basic actions described above, give us a
very simple language for contracts:

S = (1S5S

Each statement in thislanguage describesacontract for an agent. We haverestricted
ourselves to binary composition only. Arbitrary composition can be expressed in
terms of binary composition, as sequential and alternative composition are both
assumed to be associdive: §; (£, S) = (5, 9) ;) S, ad S U (SUS) =
(S U S) U S3. We assume that semicolon binds more strongly than choice.

We can observe certain other properties that thislanguage of contractsis expected
to satisfy. For instance, we expect that

skip; S=S and S=S; skip ,

because continuing by not changing the world should not affect the meaning of
a contract. The order in which the alternatives are presented should aso not be
important; only the set of alternatives matters, so that

SuS=S and SUS=5uS .

Thefollowing is an example of a contract statement:
X:=1,X:=X+yUskip);y:=x—-1.

This stipulates that the agent first hasto set the attribute x to 1, then it must choose
between either changing the state by assigning the value of x + y to the attribute x
or not changing the state, and finally it hasto set attribute y to the value of x — 1.
This assumes that the state space has the two attributes x and y (it may have more
attributes, but the values of other attributes are not changed). The agent is said to
satisfy (or follow) the contract if it behaves in accordance with it.
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Cooperation Between Agents

Consider next two agents, a and b, that work on the same state independently of
each other. Each agent has awill of its own and makes decisionsfor itself. If these
two agents want to cooperate, they need a contract that stipul ates their respective
obligations. A typical situation isthat one of the agents, say a, actsasaclient, and
the other, b, as a server. Assume that agent a follows contract S,

S = x:=0;(T;x:=x+1uskip) .
where T isthe contract for agent b,

T = (y=1uy:=2);Xx:=x+Vy.

Theoccurrence of T inthe contract statement Ssignalsthat a asksagent b to carry
out its contract T.

We can combine the two statements Sand T into a single contract statement that
regulates the behavior of both agents. Because this combined contract is carried
out by two different agents, we need to explicitly indicate for each choice whether
it is made by a or by b. The combined contract is described by

S = Xx=0;((y:=1upy:=2);Xx:=X+VY;X:=Xx+ 1u,skip) .

Thus, the combined contract is just the result of substituting the contract of T for
the call on T in the contract of S and explicitly indicating for each choice which
agent isresponsible for it. For basic actions like skip and assignments, it does not
matter which agent carries out the state change, because the effect will be the same.

Assertions

Anassertionisarequirement that the agent must satisfy inagiven state. We express
an assertion as {g}, where g is a condition on the state. For instance, {x + y = 0}
expresses that the sum of (the values of attributes) x and y in the state must be
zero. An example of a contract with an assertion is the following:

S = x=1;,X:=x+y;{X>1jux:=x4+2;y:=x—-1.

Here we require that X > 1 must hold after the assignment in the first alternative
has been completed. If this assertion doesin fact hold there when the agent carries
out the contract, then the state is unchanged, and the agent simply carries on with
therest of the contract. If, however, the assertion does not hold, then the agent has
breached the contract.

Analyzing this example, we can see that the agent will breach the contractif y < 0
initially and the agent chooses the first alternative. The agent does not, however,
need to breach the contract, because he can choose the second alternative, which
does not have any assertions, and then successfully compl ete the contract.
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The assertion {true} is always satisfied, so adding this assertion anywhere in a
contract has no effect; i.e., {true} = skip. The assertion {false} is an impossible
assertion. It is never satisfied and will always result in the agent breaching the
contract.

When looking at the combined contract of two agents, a and b, it is again very
important to explicitly indicate which party breachesthe contract. Thus, if we have

S = x:=0;(T;x:=x+1uf{false}) ; {y = x} ,
T = (y:=1uy:=2;{false}) ,

then the combined contract is

S = x:=0;
((y:=1upy:=2; {false}p) ; X := X + 1L, {false}s);
{y = X}a .

Here the index indicates which agent has the obligation to satisfy the assertion.

Assumptions

Besides assertions, thereisanother notion that isimportant when making acontract
between two parties. Thisisthe assumptionsthat each of the parties makes, astheir
condition for engaging in the contract. We will expressan assumption as[g], where
g isacondition on the state. Consider as an example the contract

[X>0];X:=X+yux:=x4+2,;y=x-1.

Here the assumption of the agent carrying out this contract is that x > 0 holds
initialy. If thisis not the case, then the agent isreleased of any obligation to carry
out his part of the contract.

The assumption [true] is always satisfied, so we have that [true] = skip. The
assumption [false] is never satisfied and will always release the agent from his
obligation to continue with the contract. It is thus an impossible assumption.

As with assertions, we permit assumptions to occur at any place in the contract
statement. For instance, consider the statement

x:=1,X:=X+Vy;[x>1ux:=x+4+2;y:=x—-1.

Here the agent assumes that x > 1 after carrying out the assignment of the first
choice. If thisis not the case, the agent is released from its contract. Again, we
notice that the agent does not have to choose the first alternative; he can choose
the second alternative and carry out the contract to the end.

Finally consider combining the contracts for two agents. As with assertions and
choice, we also have to indicate explicitly for each assumption whether it is made
by agent a or agent b.
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1.2 Using Contracts

We use agents to achieve something, i.e., to establish some new, more desirable
state. We describe the desired states by giving the condition that they have to
satisfy (the postcondition). The possibility of an agent achieving such a desired
state depends on the means it has available, i.e., on the functions that it can use
to change the state. If the agent cannot achieve the required state for itself, then it
needs to involve other agents.

Taking Sides

We will assume that the contract is always made between an agent whose goalswe
want to further (our agent) and another agent whose goal's are not important to us.
We denote our agent’s choices by Li, and the choice of the other agent by LI°. In a
similar way, we distinguish between {g} and {g}° and between [g] and [g]°. This
avoids the introduction of arbitrary names for agents when analyzing a contract.

We extend thelanguagefor describing contractsto include combined contractswith
two different agents interacting. The syntax is then as follows, with assumptions
and assertions added as new contract statements:

S = (HhiHg g Ia IS ISuSISS.
Combining the two contracts

S = x:=0;(T;x:=x4+1; {x=y}uskp) ,

T = [x=>0];(y:=1uy:=2),
where contract Sisfor our agent and contract T is for the other agent, resultsin
the single contract

S = x:=0;([x=>0]°;(y:=1°y:=2); X=X+ 1;{x =y} Uskip) .

Thisisthe contract statement from our agent’s point of view.

Given acontract for asingle agent and adesired postcondition, we can ask whether
the contract can establish the postcondition. This will again depend on the initial
state, the state in which we start to carry out the contract. For instance, consider
the contract

S = X =X+1lux:=x+2.

The agent can establish postcondition x = 2 if x = 1 or x = 0 initialy. When
x = linitialy, the agent should choose the first alternative; but when x = 0, the
agent should choose the second alternative.

The agent can also establish postcondition x = 1 with this contract if the initial
dtate satisfies x = —1 or x = 0. From initial state x = O, the agent can thus
establish either x = 1 or x = 2, by suitable choice of alternatives.
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The postcondition need not determine a unique final state. For instance, the agent
may want to achieve either x = 1 or x = 2. The agent can establish this condition
inaninitial statewherex = —lorx=00rx = 1.

Satisfying a Contract

We need to be more precise about what it means for an agent to achieve some
condition by satisfying a contract. Obviously, breaching the contract does not
satisfy the contract. On the other hand, an agent cannot be required to follow a
contract if the assumptions that it makes are violated. Violating the assumptions
releasestheagent fromthe contract. Asthefaultisnot withtheagent, itisconsidered
to have satisfied the contract in this case.

We can illustrate these points by considering first the statement S that consists of
asingle assertion action, say S = {x > 0}. An agent can establish a condition q
with this action only if x > 0 holds (so that the contract is not broken) and if in
addition, g already holds (as the state is not changed if x > 0 holds).

Consider next S = [x > (]. If x > 0 holds initially, then the effect of the action
isjust askip. Inthis case g will be established provided that g already was true of
the state before the action. If x > 0 does not hold, then the assumptions that the
agent makes are violated, so the agent is considered to have satisfied its contract
to establish g.

We will say that the agent can satisfy contract S to establish postcondition q in
initial state o if the agent either can achieve afina state that satisfies q without
breaching the contract or is released from the contract by an assumption that is
violated. Let usdenotethisby o { S|} g.

Two Agents

Consider now the situation where the agent is not alonein carrying out its contract
but cooperates with another agent. Whether the contract can be used to establish
a certain postcondition will then also depend on what the other agent does. In
analyzing whether our agent can achieve acertain condition with S, wewill assume
that the other agent does not breach Swith its actions. We will say that o {| S|} g
holdsif

(i) assuming that the assumptions that our agent makes are satisfied, and
(i) assuming that the other agent does not breach the contract,

then from state o', our agent can always establish afinal statethat satisfiescondition
g without itself breaching the contract. When there is another agent involved, our
agent has to be able to satisfy the contract no matter how the other agent makesits
choices. Thismeansthat the agent hasto take into account all possible alternatives
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that the other agent has and be able to establish the desired condition no matter
which alternatives are chosen by the other agent.

The above definition means that our agent satisfies the contract (for any condition
q) if the other agent breaches its contract. This relieves our agent from any further
duties to follow the contract. It is considered to have satisfied the contract, as the
fault was not with it.

In particular, this meansthat atotal breach of contract by the other agent, {false}°,
has the same effect as if our agent had made the impossible assumption [false].
Thus {false}° = [false] when we consider only what it means to satisfy a contract.
In both cases, our agent is considered to have satisfied the contract, no matter what
condition was to be established.

Many Agents

We have assumed above that there are at most two agents, our agent and the other
agent. L et usnow complete the picture by considering the situation where there are
more agents. Consider first the situation where we have three agents, a, b, and c.
Assumethat a isour agent. Then it does not matter from our point of view whether
the two other agents b and c arereally separate agents, each with its own free will,
or whether thereisasingle will that determines the choices made by both b and c.
Therefore, in analyzing what can be achieved with a contract, we will denote Li;
by u, and L, and L. both by L°.

Similarly, if our agent a cooperates with agent b to achieve some common goals,
but agent ¢ has different goal's, then we would use U for L, and L, while wewould
use LI° for L.

In general, situations with more than two agents can always be reduced to the case
where we only need to consider two agents: our agent and its allies, considered as
asingle agent, and all the other agents together, also considered as a single agent.

Contracts as Games

Our main concern with a contract is to determine whether we (our agent) can use
the contract to achieve our stated goals. In this sense, our agent has to make the
right choicesin its cooperation with other agents, who are pursuing different goals
that need not bein agreement with our goals. The other agents need not be hostileto
our goals; they just have different priorities and are free to make their own choices.
However, because we cannot influence the other agents in any way, we have to be
prepared for the worst and consider the other agent as hostile if wewant to achieve
certainty of reaching a specific condition.

Asfar asanalyzing what can be achieved with a contract, it is therefore justified to
consider the agents involved as the two opponents in a game. The actions that the
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agents can take are the moves in the game. The rules of the game are expressed by
the contract S: it states what moves the two opponents can take and when. Given
aninitial state o', the goal for our agent isto establish a given postcondition g. The
other agent triesto prevent our agent from establishing this postcondition. We will
make thisalittle bit more dramatic and call our agent the angel and the other agent
the demon. In the game, we talk about an angelic choice when the choice is made
by our agent, and about demonic choice when the choice is made by the demon.

A player in agame is said to have a winning strategy in a certain initial state if
the player can win (by doing the right moves) no matter what the opponent does.
Satisfaction of a contract now corresponds to the existence of awinning strategy:
o { S|} g holdsif and only if the angel has a winning strategy to reach the goal q
when playing with therules S, when the initial state of the gameiso.

If our agent is forced to breach an assertion, then it loses the game directly. If
the other agent is forced to breach an assertion, it loses the game, and our agent
then wins. In this way, the angel can win the game either by reaching afina state
that satisfies the stated condition, by forcing the demon to breach an assertion, or
by choosing an aternative where one of its own assumptions isfalse. In all other
cases, the angel loses the game.

1.3 Computers as Agents

We havenot yet said what agentsare. They could be humans, they could be comput-
ers, or they could be processes in acomputer system. They could be programmers
building software systems. A central feature of these agentsisthat they can make
free choices. This means that the behavior of agents is nondeterministic, in the
sense that it cannot be predicted with certainty.

Explaining free will for humansis awell-known problem in philosophy. For com-
puters, the fact that we need to postul ate afree will might be even more confusing,
but actually, it is not. Basically, nondeterminism in computer systems comes from
information hiding. Certain information that determines the behavior of a com-
puting agent is not revealed to other agents interacting with this agent. Therefore,
behavior that is actually deterministic will appear nondeterministic to an outside
agent because it cannot see the reasons for the choices made. It will appear as if
the agent is making arbitrary choices, when in fact these choices may be com-
pletely determined by some hidden information. Typically there are someinternal,
hidden, state components that are not visible to outside viewers. A choice might
al so depend on some natural random phenomena, or it may depend on time-critical
features that are unknown to the other agents.

Information hidingisthe central principleindesigning alargecomputer or software
system as acollection of cooperating agents. The purposeisto restrict information
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disclosed about an agent’ sbehavior to aminimum, in order to keep asmany options
open as possible for later changes and extensions of the behavior.

A common situation is that the user of a computer system is seen as our agent
(the angel), the other agent (the demon) being the computer system itself. Then a
contract correspondsto the protocol by which the user interacts with the computer.
The protocol lays down the alternativesthat the user hasavailablein hisinteraction
with the computing agent (menu choices, executable commands, etc). In a text
editor, these alternatives could include opening anew file for editing, typing some
text into the editor, and saving the file. There may also be certain restrictions that
have to be satisfied when using the operations of the system, such as that the
user can only open afile that is registered in the file system. These restrictions
are assumptions from the point of view of the system. The response to violating
restrictions can vary, from a polite warning or error message to a system crash or
the system being locked in an infinite loop. The restrictions are thus assertions for
the user, who must satisfy them if he wants to achieve his goals.

Another common situation is that both agents are components of a computer sys-
tem. For example, one component/agent could be aclient, and the other could be a
server. Theclient issues requeststo the server, who carries out the requests accord-
ing to the specification that has been given for the possible requests. The server
proceduresthat areinvoked by the client’ s requests have conditions associated with
them that restrict the input parameters and the global system state. These condi-
tions are assertions for the client, who has to satisfy them when calling a server
procedure. The same conditions are assumptions for the server, who may assume
that they hold when starting to comply with a request. The server has to achieve
somefinal state (possibly returning some output values) when the assumptions are
satisfied. This constitutes the contract between the client and the server.

There is an interesting form of duality between the client and the server. When
we are programming the client, then any internal choices that the server can make
increase our uncertainty about what can happen when a request is invoked. To
achieve somedesired effect, we have to guard oursel ves agai nst any possible choice
that the server can make. Thus, the client isthe angel and the server is the demon.
On the other hand, when we are programming the server, then any choices that
the client makes, e.g., in choosing values for the input parameters, increases our
uncertainty about theinitial statein which the request ismade, and all possibilities
need to be considered when complying with the request. Now the server is the
angel and the client is the demon.

1.4 Algebra of Contracts

A contract statement regulates the means for achieving something. Since we are
only interested in our own agent, we see the contract as a tool for our agent to
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achieve some goals. If we compare two contract statements for our agent, say S
and S, then we can say that the latter is at least as good as the former if any
condition that we can establish with the first contract can also be established with
the second contract. We then say that Sisrefined by S and denotethisby SC S.
More formally, we can define ST S to hold if

c{Slqg = o {S|}q, forayoandg.

Evidently S C S always holds, so refinement is reflexive. It is also easy to see
that refinement istransitivee ST S and S C S’ implies ST S’. We will aso
postulate that two contracts are equal if each refines the other. This means that the
two contracts are equally good for achieving any conditions that our agent might
need to establish. This gives us antisymmetry for contracts: SC S and S C S
implies S = S. Interms of satisfying contracts, we then havethat S = S’ if and
only if

oc{S}g =o0{S|}q, foranyo andg.
These properties imply that contracts form a partial ordering.

It is evident that {false} C S for any contract S, because we cannot satisfy the
contract {false} in any initial state, for any final condition. Hence, any contract
is an improvement over this worst of all contracts. Also, it should be clear that
S C [false]: the assumptions of contract [false] are never satisfied, so this contract
issatisfied in any initial state for any final condition. Hence, thisis the best of all
contracts. This meansthat the partial order of contractsisin fact bounded: it hasa
least and a greatest element.

Consider next thecontract S = x :=x+1uUx :=x+ 2. Theno { S} g holdsif
our agent, by choosing either x := X + 1 or X := X + 2, can establish g in initial
state 0. Thus, we have that

ofx:=x+1lux:=x+2}q Iiff
o{x:=x+1}q o o{x:=x+2}}q.

For instance, we have that
X=0{x:=x+1lux:=x+2fx=1
holds, because
X=0{{x=x+1}x=1.

(Here, x = 0 standsfor the predicate that holdsin exactly those statesin which the
vaue of x is0, and similarly for x = 1.)

Consider then the contract X := x + 11° X := X + 2. In this case, the other agent
is making the choice. Hence, our agent can be certain to satisfy the contract to
achieve a certain final condition q (in initial state o) if and only if he can satisfy
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both x := x 4+ 1 and x := x + 2 to achieve the required final conditions. In other
words, we have that

of{x:=x+1ux:=x+2}q iff
of{x:=x+1}qg and o {x:=x+2}q.

This reflects the fact that our agent cannot influence the choice of the other agent,
and hence must be able to satisfy whichever contract the other agent chooses.

The contracts will in fact form a lattice with the refinement ordering, where Ui is
the join in the lattice and LI° is the meet. Following standard |attice notation, we
will, therefore, in what follows write rm for L°. The impossible assertion {false} is
the bottom of the lattice of contracts, and the impossible assumption [false] is the
top of the lattice.

We will generalize the notion of a contract to permit choices over an arbitrary set
of contracts, L{S |i € |}and{S |i € |}. The set of contracts may be empty, or
it may be infinite. With this extension, the contracts will in fact form a complete
lattice.

The sequential composition operation is also important here. It is easy to see that
contracts form a monoid with respect to the composition operation, with skip as
the identity element. Contracts as we have described them above thus have avery
simple algebraic structure; i.e., they form acompl ete | attice with respect to C, and
they form a monoid with respect to sequential composition.

A further generalization of contracts will permit the initial and final state spaces
to be different. Thus, the contract may beinitiated in astate o in X, but we permit
operations in the contract that change the state space, so that the final state may
be in another state space I'. The simple monoid structure of contracts is then
not sufficient, and we need to consider the more general notion of a category of
contracts. The different state spaceswill form the objects of the category, whilethe
morphisms of the category are the contracts. The skip action will be the identity
morphism, and composition of morphisms will be just the ordinary sequential
composition of actions.

We will explain these algebraic concepts in more detail in the next chapter. Here
we have only indicated the relevance of the lattice and category-theoretic concepts
in order to motivate the reader to study and appreciate these notions.

1.5 Programming Constructs

We have above given arather restricted set of statements for describing contracts.
As we argued above, contracts can be used to describe the way in which pro-
gram components interact with each other. Hence, we should be able to describe
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traditional programming constructs, such as conditional statements, iteration and
recursion, as contracts. Thisiswhat they essentially are: statementsthat oblige the
computer system to carry out specific sequences of actions.

Conditional Contracts
Consider first a conditional statement such as
ifX>0thenX ==X+ lelseX =X+ 2 fi .

We can consider thisaconditional contract, defined intermsof previousconstructs,
asfollows:

ifX>0thenX ==X+ 1lelse X ;==X + 2fi =
X>0};x:=x4+1u{x<0};Xx:=x+2.

Thus, the agent can choose between two alternatives. The agent will, however,
aways choose only one of these, the onefor whichtheguard x > Oistrue, because
choosing the aternative where the guard is fal se would breach the contract. Hence
the agent does not have areal choiceif he wants to satisfy the contract.

We could also define the conditional in terms of choices made by the other agent
asfollows:

if X >0thenX =X+ lelseX :=X+2 fi =
[Xx>0];x:=x4+1n[x<0];X:=x+2.

These two definitions are equivalent. The choice made by the other agent is not
controllable by our agent, so to achieve some desired condition, our agent has to
be prepared for both alternatives, to carry out X := x + 1 assuming X > 0, and to
carry out X := X 4+ 2 assuming x < 0. If the other agent isto carry out the contract
without violating our agent’s assumptions, it has to choose the first aternative
when x > 0 and the second alternative when x > Oisfalse.

Theguarded conditional statement introduced by Dijkstra[53], of theformif g; —
S0 gn— Snfi,isagenerdization of thetraditional conditional statement.
Inthiscase, theguardsg;, . . . , gm Need not bemutually exclusive (asthey areinthe
traditional conditional statement). The choice between executing § or S; is done
nondeterministically when the two guards g; and g; both hold. Dijkstra's interpre-
tation of the nondeterminismisthat it should not be controllable. In our framework,
this means that the choice is demonic. This gives the following definition:

ifgr— Sl - ] On— Snfi =
{O1V...VOnt:; (0] ;S ... [Om]; Sw) -

The first assert statement tests that at |east one of the guards is true in the state.
If not, then the result is an abortion of the execution, which amounts to our agent
breaching the contract. If at least one of the guards holds in the state, then the
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other agent will choose which alternative to continue with. To avoid breaching the
contract, the other agent chooses an alternative for which the guard istrue.

If we take the first definition of the traditional conditional statement asthe starting
point, we get another generalized conditional statement, which hasavery different
interpretation. Here the nondeterminism is controllable by our agent; the choiceis
angelic:

fO1: S0 gmSnfi = {9}, S U...U{Gm} Sn -

This statement will again cause a breach of the contract if none of the assertions
holds in the state. If at least one of the assertions holds, then our agent gets to
choose the aternative to continue with. This construct can be interpreted as a
context-sensitive menu choice: the alternatives from which our agent chooses are
items on amenu, and the assertions determine which of these items are enabled in
aparticular state.

Recursive Contracts

We can make the language of contracts even more interesting from aprogramming
point of view by permitting recursive statements of contracts. This can be defined
by extending the syntax as follows:

S = - [ X[(uX-S) .

Here X is avariable that ranges over contract statements, while (uX + §) isthe
contract statement S, where each occurrenceof X in S isinterpreted asarecursive
invocation of the contract S,.

It is more customary to define a recursive contract by an equation of the form

X = &,

where S usually contains some occurrences of X. This defines the recursive
contract (uX « §).

An example of arecursive contract is

X = (X:=x41; Xuskip) .

Here the agent can choose between increasing x by one and repeating the process,
or finishing. In this way, the agent can set x to any value that is equal to or greater
than theinitial value of x.

We will later show that we can introduce recursive contracts in terms of infinite
choices, so we do not actually need to postulate recursive contracts. Like the
conditional contract, they can be introduced as convenient abbreviations defined
in terms of more primitive contracts.



1.6. Specification Constructs 15

A recursive contract introduces the possibility of nontermination, so we have to
decide what nontermination meansin our framework. We will interpret nontermi-
nation as a breach of contract by our agent, making this something to be avoided.
This corresponds to intuition: delaying a task indefinitely is not considered to be
an acceptable way of satisfying a contract.

Iteration

Iteration is defined in terms of recursion. For example, the standard while loop is
defined as follows:

while gdo Sod = (uX-ifgthen S; X else skip fi) .

An example is the following little contract, which applies the function f to an
initial value x = a until the value becomes larger than some fixed constant b:

X:=a;whleXx <bdox:= f.xod .

The same contract can be defined asx := a; X where X isdefined by therecursive
definition

X = ifx <bthenx:= f.x; Xelseskipfi .

1.6 Specification Constructs

A program is usually built as a collection of interacting components. When pro-
gramming aspecific component, we consider the other componentsto be controlled
by other agents. We may need some of these componentsin order to carry out the
task set for our component, but we cannot influence the choices made by the other
agents. The situation is analogous to a contractor using subcontractors.

A specification of a program component is a contract that gives some constraints
on how the component is to behave but leaves freedom for the other agent (the
subcontractor or the implementer) to decide how the actual behavior of the com-
ponent is to be realized. A specification therefore often involves uncontrollable
choice between a number of aternatives.

For instance, if we want to specify that the variable x is to be set to some value
between 0 and 9, then we can express this as the contract

X =0nx:=1m---nx:=9.

Then our agent does not know precisely which alternative will be chosen by the
other agent, so whatever it wants to achieve, it should achieve it no matter which
alternative is chosen.
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This contract can be improved from the point of view of our agent by getting rid
of the uncertainty. We have, e.g., that

X =0nx:=1m---NMx:=9 C Xx:=3.

This means that x := 3 is a correct implementation of the specification. Any
other statement x := n,n = 0,...,9, is also a refinement and thus a correct
implementation of the specification. Moreover, any choice that cuts down on the
number of alternatives will also be a refinement of the specification. An example
is

X:=0nNx:=1mn---Nx:=9 CE Xx:=3nNx:=7.

This explains the central importance of the notion of refinement in analyzing
contracts: it captures and generalizes the notion of implementing a specification.

In some situations we need to consider an infinite number of alternatives. For
instance, to set x to any nonnegative value, we can use the following specification:

n{X:=n|n=>0}.

Here one of the statements x := n is chosen from the infinite set of possible state-
ments. As an executable statement, this construct would be difficult to implement
initsfull generality (in the sense that any possibility could be chosen in practice).
However, when we look at it as a contract, it is perfectly acceptable. It just states
some constraint on what the other agent can choose, where the constraint happens
to be such that it permits an infinite number of possible choicesfor the other agent.

Relational Assignments

We have assumed that an agent can change the state by applying a state-changing
function f to the present state. More generally, we can assume that the agent can
change the state by applying arelation R to the present state. In a given state o,
the agent is free to choose as next state any state o’ that satisfieso R o’. Let us
write {R} for the action that changes the state in this way. We consider {R} to be
a contract that shows the freedom that the agent has in choosing the next state.
However, the agent must choose one of the states permitted by R. If there is no
state o’ such that o R o’ holds, then the agent is forced to breach the contract.
Thus the agent can satisfy the contract { R} to establish condition g in initial state
o if and only if thereis some state o’ suchthat o Ro’ and ¢’ € Q.

The contract {R} describes the freedom our agent has in choosing the next state.
The contract {R}° is denoted by [R]. Here the choice of the next state is made
by the other agent, and our agent has no influence on this choice. If there is no
state o’ such that o R o, then the other agent is forced to breach the contract.
This means that our agent can satisfy the contract [ R] to establish condition q in
initial state o if o’ € q for every o’ such that o R ¢’. In particular, our agent will
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satisfy the contract if thereisno o’ such that o R o’. Keeping the game-theoretic
interpretation of contractsin mind, we refer to { R} asan angelic updateand to [ R]
as ademonic update.

We can generalize the assignment x := e to arelational assignment (x := a | b).
An example isthe relational assignment (x := n | n > x). Thisrelates the initial
state o to afinal state o’ when ¢’ = set.x.n.oc and n > val.Xx.c hold. In other
words, the relational assignment nondeterministically chooses some value n that
satisfies the condition n > val.X.c and assigns it to x. In general, (x := a | b)
relates states o and o’ to each other when o’ = set.x.a.0 and b holds in.c. We
can now describe angelic updates like {x := n | n > x} and demonic updates like
[X :=n|n > x], wheretherelation between initial and final statesis described by
X:=n|n>Xx).

We can use demonic updates as specifications. We have, e.g., that
[X:=n|n>Xx] C x:=x+2,

S0 X = X+2isapossibleimplementation of this specification, becausethe number
of possible final states that the other agent can choose in a given initial state is
restricted to just one. Another possibleimplementationisx := X+ 1M X := X+ 2,
which islessdeterministic than thefirst, but still much more deterministic than the
original specification.

The angelic update can also be used as a specification. In this case, the contract
{xX:=n|n=>x}

expresses that we are free to choose a new value for x that is greater than the
present value. A refinement in this caseisacontract that gives our agent even more
freedom to choose. For instance,

{Xx:=n|n>x} C {X:=n|n>x}.

Here the refinement adds the possibility of not increasing the value of X, so there
is at lest one more aternative to choose from. In general, a refinement decreases
the number of choices for the other agent and increases the number of choices for
our agent.

Pre—postcondition Specifications

A common way to specify a program statement is to give a precondition p and a
postcondition g on the state that the implementation must satisfy, assuming that
only certain program variables are changed. Consider as an example the specifi-
cation with the precondition x > 0 and postcondition X’ > X, where x’ stands
for the new value of the program variable. Assume further that only the program
variable x may be changed. This pre-postcondition specification is expressed by
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the contract
(Xx>0};[x:=x|x >x].

Thus, the contract is breached unless x > 0 holds in the state initially. If this
condition is true, then x is assigned some value x’ for which X’ > x holdsin the
initial state.

Contracts as Generalized Specifications

Consider thefollowing example of acontract that uses both kinds of nondetermin-
ism:

{X,e:=Xo,& [ X > 0Ae>0};

[X:=x | —e<x—xi<¢g.

The purpose of this contract isto compute the square root of a number. Our agent
first chooses new values xqg and ey for x and e such that thecondition xg > OAgy > 0
holds. Then the other agent chooses some new value x; for x such that the condition
—e < x — x2 < eholds. This contract requires that our agent first choose a value
Xo for which the sguare root should be computed and a precision ey with which
the square root should be computed. Then the other agent is given the task of
actually producing anew value x; asthe required square root. The computed value
isnot uniquely determined by the specification, but is known only up to the given
precision.

The above contract describes a simple interaction between a user of a square-
root package and the system that computes the square root. Contracts generalize
the traditional notion of a pre—postcondition specification to more intricate user
interactions with a system (or client interactions with a server).

In general, the interaction may be much more involved and may require fur-
ther choices by the user of the system and the system itself during the course of
computation. For instance, the following describes asimple event loop interaction:

(uX-ifgr: S -+ [ gm:: Snfi; X uskip) .

Here the user of the system repeatedly executes one of the actions that is enabled
until he decidesto stop the repetition. The user will be forced to stop the repetition
if none of the actions is enabled but he may otherwise freely repeat the loop as
many times as he desires.

1.7 Correctness

Let Sbe acontract statement, and let p and g be two predicates (the precondition
and the postcondition). Then we say that S is correct with respect to p and q,
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denoted by p { S|} q, if o { S} q holds for every o that satisfies p. Program
statements are special kinds of contract statements, so this also defines correctness
for program statements. Thus p {| S|} g expressesthat for any initial statein p, our
agent can choose an execution of Sthat either establishes q or leads to some of its
assumptions being violated.

Let us compare this definition with the traditional notion of total correctness of
programs. This requires that program S be guaranteed to terminate in a state that
satisfies postcondition g whenever the initia state satisfies precondition p. Com-
pared to a program, our statements are more powerful; they can describe behavior
that is not usually associated with programs. Programs are assumed to have only
demonic nondeterminism (or sometimes only angelic nondeterminism) but not
both kinds of nondeterminism. Breaching the contract can be seen as a form of
nontermination (abortion), but there is no counterpart to breaching an assumption
for ordinary programs. Total correctness takes demonic nondeterminism into ac-
count by requiring that the program be guaranteed to terminate in some desired
final state no matter what demonic choices are made. Our definition extends this
by requiring that there be a way for our agent (the angel) to make its choices so
that it can establish the required postcondition no matter what demonic choicesare
made. If there are no angelic choices or assumptions, then our definition coincides
with the traditional notion of total correctness for nondeterministic programs.

Correctness Problems

Our general goal is to construct program statements (or more general contract
statements) that are correct with respect to some given specification. This is the
programming problem. Of course, programs are also required to satisfy other cri-
teria, such as efficiency and portability, but we concentrate here on correctness.
There are, however, different ways of approaching this problem.

(i) We may assume that precondition p and postcondition q are given and that
statement S has aready been constructed by some means. We are asked to
prove that p { S|} q holds. This is the correctness problem, the traditional
center of interest in programming logics.

(i) The precondition p and postcondition q are given. Our task is to derive a
suitable program statement S such that p { S|} g holds. Thisis the program
derivation problem, which is one of the central topics of this book.

(iii) The program statement Sis given. We want to find a suitable precondition p
and postcondition g such that p { S} q holds. Thisis the program analysis
problem; we ask what the program does. This is sometimes referred to as
reverse engineering. If the postcondition q isalso given, then we need to find
asuitable precondition p suchthat p { S|} g holds. Thisis precondition anal-
ysis: we want to determine the conditions under which the program behaves
asrequired. Alternatively, the precondition p could be given, and we should
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find asuitable postcondition q such that p {| S|} g holds. Thisis postcondition
analysis, we want to describe the effect of a program statement for certain
initial states.

(iv) We want to find an interesting precondition p, postcondition g, and program
statements S such that p { S|} g holds. This could be called explorative
programming. We construct the program and its specification hand in hand,
making the program and its specification more precise as part of the program
construction process. A variant of explorative programming arises when the
postcondition q isgiven, and the task isto find an interesting statement Sand
aprecondition p such that p {| S|} q holds. Thisleadsto aform of backward
program derivation, where wetry to derive from the postcondition aprogram
that will achieve this postcondition. Another variant is that the precondition
pisgiven, and wetry to derive an interesting statement Sand a postcondition
g such that p { S|} g holds. This kind of forward program derivation is
probably the least interesting of the problems to be considered, because the
precondition usually does not contain much information and does not give us
much direction in searching for interesting programs.

The word suitable above is important, because for many problems there are triv-
ia solutions that are immediately available. For the program derivation problem,
[false] will satisfy any pre- and postcondition. For precondition analysis we can
always choose the trivial precondition false, and for postcondition analysis we can
often at least get true as a feasible postcondition (when the program statement is
guaranteed to terminate).

The refinement calculusis aframework for studying these different kinds of ques-
tions. In what followswe will look at some of these paradigms in somewhat more
detail.

1.8 Refinement of Programs

A central application of the refinement calculusisthe derivation of aprogram that
satisfies a given specification. The method for program derivation that we will
be particularly interested in is known as stepwise refinement. The basic ideais as
follows. We start with a high-level specification of what a program is required to
do. This specification is then implemented by a program statement that achieves
what the specification says, but usually contains partsthat are not implemented but
only specified. These subspecifications are then implemented by other program
statements, possibly containing other unimplemented parts in turn. This process
continues until all specifications have been implemented by the program text, and
wethen have an executabl e program. Thus, this classic stepwise refinement method
proceeds in a top-down fashion.
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Besides this top-down method for program devel opment, another idea that was
merged with the stepwise refinement method was that of program transformation.
Here a program is changed by applying a transformation that changes it in a way
that preserves the correctness of the original program. Transformations of source
text, such asloop fol ding and unfol ding, data refinement, and programoptimization,
are examples of this approach.

The refinement relation between contract statementsis defined so that it preserves
correctness. If SC S and p {| S|} q holds, then p {| S |} g will aso hold. Thisis
the case for any choice of precondition p and postcondition g.

The formalization of the stepwise refinement method in the refinement calculusis
based on this observation. We start with an initial statement & that satisfies some
correctness criteriathat we have been given; i.e., we assumethat p { & [} 9. Then
we derive a sequence of successive refinements

SCSC-CS.

By transitivity, wehavethat § C S, and becauserefinement preservescorrectness,
we havethat p {| S |} g aso holds. Thus, we have constructed a new statement S,
from the original statement S, where the new statement also satisfies our initial
requirement.

Anindividual refinement step § T S.1 can be established by, e.g., implementing
some specification statement in § to get §.1, by applying some transformation
ruleto derive S, 1 from S, or by some other means. Sometimes, we need awhole
subderivation to establish that the refinement step § C S, isvaid. The methods
that we use for calculating or validating a refinement step form a collection of
so-called refinement laws. These tell us how to find suitable refinement steps and
under what conditions these steps are valid.

The purpose of the derivation isto find a program S, that in some ways is better
thantheoriginal program &. Thisprogram could be more space or time efficient, it
could beimplementabl e on aspecific computer system or in aspecific programming
language (whereas the original one may not have been), or it could have other
desirable properties that the original program was missing. The determination of
these criteriaand checking that the proposed refinements are indeed improvements
over the original statements is considered to be outside the scope of this book.
We focus on methods for proving that a refinement preserves correctness and on
finding general rules that are known to preserve correctness.

1.9 Background

We give below a brief overview of the background of the refinement calculus,
concentrating on earlier developmentsin this area. More recent work is described
and referenced in the subsequent chapters.
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The origins of the refinement calculus are in the stepwise refinement method for
program construction that was put forward by Edsger W. Dijkstra[51] and Niklaus
Wirth [141]; the transfor mational approach to programming, put forward by Susan
Gerhart [61] and by Rod Burstall and John Darlington [43]; and the early work on
program correctness and data refinement by C.A.R. Hoare [84, 87]. The purpose
of the refinement calculusisto provide a solid logical foundation for these meth-
ods, based on the weakest precondition approach to total correctness of programs
proposed by Dijkstra[53].

The refinement calculusis afurther development of the weakest precondition the-
ory. It was invented by Ralph-Johan Back in his Ph.D. thesis in 1978 [6] and
shortly thereafter described in book form [7]. This work introduced the central
notions of the calculus: the refinement relation between program statements, with
the emphasis on preserving total correctness rather than partial correctness of pro-
grams,; modeling program statements as predi cate transformers; using specification
statements as primitive program statements; the emphasis on monotonic program
constructs to guarantee that component replacement preserves correctness; using
assertion statements for refinement in context; and data refinement. The basic re-
finement rules for program statements were identified and proved to be sound, as
were the basic rules for data refinement of program statements.

A few journal papers describing the approach followed in the next few years. Spec-
ificationstreated as executabl e statementswere described by Back ina 1981 article
[10]. The general notion of program refinement was also described that same year
[9], and the denotational semantics of statementswith unbounded nondeterminism
(whichwastheresult of adding arbitrary specification statementsto aprogramming
language) was described in yet another article in the same year [8]. However, the
topic did not attract much interest from other researchersin thefield at that time.

Interest in refinement calculus was revived around 1987-88. An overview and
update of the refinement cal culus approach was published by Back [11, 12], witha
better treatment of iteration and recursion, among other things. Back and KaisaSere
applied the refinement calculus to stepwise construction of parallel and reactive
programs and to the refinement of atomicity in paralel programs[15, 22, 24]. This
work was based on the action system framework that had been devel oped earlier by
Back and Reino Kurki-Suonio [20]. Thiswork uncovered a number of interesting
foundational issues in the refinement calculus and also convinced the authors of
the general usability of the approach in practice.

Carroll Morgan [102, 103, 104] and Joseph Morris [108] also started to publish
papers on this topic around 1987—88. Both were essentially using the original
refinement calculus framework, but they extended it with different specification
statements and with miraculous statements (our assumptions), which were not
allowedintheorigina calculus. Furthermore, Morrisused afixed-point approach to
handle recursion. Greg Nelson [113] also studied miracul ous statements, although
he had adlightly different approach to program refinement (requiring both total and
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partial correctnessto be preserved). Wim Hesselink initiated the study of algebraic
propertiesof program statements, based onthe predicatetransformer interpretation,
but he concentrated on equivalence rather than refinement [77].

Morgan | ater published aninfluential book on program refinement [ 106]. Thisbook
incorporated his extensions to the refinement calculus and contained a number
of case studies that described how to derive programs from specifications in the
refinement calculus framework. This established the applicability of the calculus
to practical programming problems. The book reformul atesthe original refinement
calculusin anotation that is influenced by the Z specification style [133].

Another driving force for the further development of the calculus was the need
to reengineer its mathematical basis. The lattice-theoretic study of refinement was
initiated in apaper by Back and Joakimvon Wrightin 1989[25, 27] ontheduality in
specificationlanguages, wherethefundamental program statementswereidentified
and analyzed. In particular, thiswork introduced the central themes of angelic and
demonic nondeterminism in the calculus. The use of lattice theory has led to a
considerable simplification of the theory, as compared to earlier attempts, and
made it much more streamlined. At the same time, the theory has also become
much more general, and new applicationsfor these generalizations have suggested
themselves along the road.

The original formalization of the refinement calculus was done in infinitary logic
[10]. The need for alogic stronger than first-order logic was evident already then,
but the step to afull higher-order logic wastaken only later by Back and von Wright
[28, 30]. The higher-order logic formalization has since then been extended and
reworked considerably, as documented in this book. A complete implementation
of the refinement cal culus has also been made by von Wright [ 144] using the HOL
theorem-proving system [62]. The HOL system hasinfluenced anumber of design
decisions in our formalization of the calculus. Many of the theorems presented in
this book have been checked mechanically for correctness and now form the basis
for a mechanized program-refinement environment that is being developed in a
project led by von Wright [45, 97].

There are many other authors besi des those mentioned above that have contributed
to the development of the refinement calculus. Some of the work has aimed at
extending the domain of applicability of the calculusto new areas, such as parallel
programs[ 23], reactive programs[ 14, 31], and object-oriented programs[111, 129,
138]. Others have been looking at larger-scale applications of refinement methods
[21, 117]. Theory development has also continued and has brought many new
insightsinto this area[46, 58, 112]. A rather active research areaisto build better
computer-supported tools for program refinement [47, 67]. There has also been
considerable work on transporting some of the techniques from the refinement
calculus framework to other formalisms for program development, such as the
CSP process algebra [44].
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1.10 Overview of the Book

The previous sections have given an informal introduction to some of the main
concepts that we will study in this book. The first part of the book covers the
foundations of the refinement calculus. Asindicated above, lattices form the main
algebraic structures needed in the refinement calculus, so the book opens with an
overview of some basic notions of lattice theory. More lattice theory isintroduced
later on as needed. Higher-order logic, which we use as the logical framework
for reasoning about refinement, is presented next. We give an overview of higher-
order logic, with a lattice-oriented axiomatization of this logic and introduce the
derivational proof style that we are using throughout the book. We show how to
reason about functions, about truth values, sets, predicates, and relations. We also
study the properties of states with attributes and show how to formalize the notion
of program variablesin higher-order logic.

Very simple contracts with no choices (deterministic programs) can be modeled
as functions from states to states. More complicated contracts may be modeled as
relations on states, provided that al choices are made by only one agent. General
contracts, where choices can be made by two or more agents, are modeled as
predicate transformers, i.e., functions that map postconditions to preconditions.
This is the central notion to be studied in the second part of the book. We will
describe the basic algebraic properties of predicate transformers. The notions of
correctness and refinement of predicate transformerswill also be defined precisely.
The lattice-theoretic interpretation of contractsis a direct extension of set theory,
so programs, specifications, and contracts in general share many properties with
sets. This provides a familiar framework in which to reason about correctness
and refinement of programs. We will show that contract statements in fact can
be identified with the monotonic predicate transformers, and that more standard
program statements correspond to subclasses of such predicate transformers. The
notion of correctnessis analyzed more carefully in this context, and we show how
our formalization of correctnessisrelated to standard ways of reasoning about total
correctness of programs.

We will also look more carefully at alternative interpretations of contracts. Aswe
explained above, acontract can be seen asagame between an angel (our agent) and
ademon (the other agent), where correctness correspondsto the existence of awin-
ning strategy for the angel. We define an operational game semantics for contracts
that formalizes this viewpoint. We also define the choice semantics, an aternative
interpretation of contract statements that can be seen as a denotational semantics
for contracts. The predicate transformer semantics and the choice semantics are
equivalent, and both are abstractions of the game semantics.

The third part of the book introduces recursion and iteration of statements. Recur-
sion is explained in terms of fixed points of monotonic functions on lattices, and
iteration is explained in terms of recursion, in the way we have described above.



1.10. Overview of the Book 25

Some of the material isbased on ordinal arithmetic, so we give ashort introduction
to the concepts and results needed from this field. Iteration is studied in depth,
because of its central status in reasoning about imperative programs. Weillustrate
the use of the refinement cal culus framework by three case studies: one on deriving
a nontrivial sorting algorithm, another on deriving a recursive search algorithm,
and the third on determining the winning strategy for a classical game.

Thefourth part of the book considers subclasses of contractsthat are characterized
by some homomorphism properties. These subclasses correspond to more stan-
dard models for sequential programs. For instance, Dijkstra's guarded commands
fall into the subclass of conjunctive and continuous statements. We show how to
describetraditional semantic models, like denotational semanticsfor deterministic
and nondeterministic programs, in therefinement cal culusframework. We also give
normal forms for contracts in these different subclasses and show that the normal
forms can be understood as specifications for the class of contractsin question.

We will in particular look at one very general subclass of contract statements, the
conjunctive statements. This classisinteresting because it correspondsto the stan-
dard model for program statements and specification statements. We will consider
a collection of important refinement techniques in more detail for this class of
statements. We analyze the notion of specification statements and study methods
for refining specification statements into more concrete program statements. We
show how the context of aprogram component can be taken into account and used
inarefinement step. Weal so consider program transformation rulesthat changethe
control structure of programs, in particular rulesfor changing iteration statements.
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Posets, Lattices, and Categories

This chapter introduces the central mathematical structures that are needed to
formalize the refinement calculus: partially ordered sets (posets), lattices, and cat-
egories. We identify the basic properties of posets and lattices, and use them for a
classification of |attices. We al so show how to construct new lattices out of old ones
ascartesian products and function spaces. We study structure-preserving mappings
(homomorphisms) on lattices. Finally, we show how to form a certain kind of cat-
egory out of these lattices. The simple notions identified in this chapter underlie
the formal reasoning about properties of programs, specifications, and contractsin
general.

2.1 Partially Ordered Sets

Let Abeanonempty set and C abinary relationon A. We say that C isrespectively
reflexive, transitive, symmetric, and antisymmetric if

ata, (C reflexive)
aCbAbCc= acCcc, (C transitive)
aCh = bCca, (T symmetric)
aCbAabCa=a=b, (E antisymmetric)

for any choice of a, b, ¢ in A (note that we assume that C binds more strongly
than A, which in turn binds more strongly than =; for a complete collection of
precedence rules we refer to Appendix A).

Here a small note on notation is in order. We could writea = b C c rather than
a C bAbC cintheleft-hand side of the transitivity rule. However, we will
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restrict the use of such continued relations to a minimum; they will appear only to
indicate ranges of numbersof theforma < x < b and occasionally with continued
equalities of theforma =b = c.

Therelation C iscalled apreorder if it isreflexive and transitive. The pair (A, £)
isthen called a preordered set, or a preset. If the preorder C is also symmetric, it
is said to be an equivalence relation. If the preorder C is antisymmetric, it is said
to be apartial order, and (A, C) isthen called a partially ordered set, or a poset.

Generally, a C b standsfora = b A — (b C a). For posets, thismeansthat a C— b
standsforaC bAa # b. Weasowritea JbforbC aanda Jbforb C a.
The dual of the poset (A, C) isthe poset (A, J).

A partial order islinear (or total) if
aCbvbCca (C linear)

holdsfor every a, b € A. A linear partial order iscaled alinear order, and (A, C)
isthen alinearly ordered set.

In a discrete order, the only element that is comparable with an element a is a
itself. Thisorder isthusdefined by a C bif andonlyifa=bforanya,b e A A
discrete order is clearly both a partial order and an equivalence relation.

Let B C A, B # (. Evidently, therestriction Cg of C to B isreflexive (transitive,
symmetric, antisymmetric, linear) on B if C is reflexive (transitive, symmetric,
antisymmetric, linear) on A. Hence, (B, Cp) is a poset whenever (A,C) isa
poset. We say that (B, Cg) isasubposet of (A, D).

Assume that (A, C) is a partially ordered set and that B is a subset of A. The
element a € B isthe least element of B if a C x for every element x in B.
Similarly, b € B isthe greatest element of B if x T b for every element x in B.
The least and greatest elements are unique if they exist. The least element of the
whole poset A is called the bottom of the poset and is denoted by L. The greatest
element of the whole poset A is called the top of the poset and isdenoted by T. A
poset is said to be bounded, if it hasaleast and a greatest element. For such posets,
we have

lCca, (L smallest)
acC T . (T greatest)

A finite poset (A, C) is often pictured as a Hasse diagram. Each element in A is
anode in the diagram. If there is an upward edge from anode a to a node b, then
a C b. Relationsa C b that can be inferred by reflexivity or transitivity are not
indicated. Thus there is an edge from a to b in the Hasse diagram if and only if
aC bandthereisnoc # a,bsuchthata — ¢ A c C b. We aso use Hasse
diagrams to describe parts of infinite posets. Figure 2.1 gives examples of Hasse
diagrams.
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{a,b,c}
T {a,b}
{ab) ' {bo)
(a) (b} }" 2
(a) (0 1
F 10} 0
1]

(@) (b) (©) (d)
FIGURE 2.1. Poset examples

Truth-Value Poset

The set of truth values Bool = {F, T}, ordered by implication, is an important
poset. We havethat F = Fand T = T, so implication is reflexive. If by = by
and b, = bgs, then b; = bz, so implication is transitive. Findly, if b; = b, and
b, = by, then by = by, so implication is also antisymmetric. Thus (Bool, =) isa
poset. Infact, implication isalinear ordering, because either by = b, or b, = by,
for any choice of truth values for b, and b,. The truth-value poset is shown as a
Hassediagram in Figure 2.1. Thetruth-value poset is evidently also bounded, with
F asthe least and T as the greatest element.

Powerset Poset

The set of subsets P(A) of agiven set A form another important poset. The pair
(P(A), ©) is a poset for any set A. This poset is described in Figure 2.1 for
A = {a,b} andfor A = {a, b, c}. Note that for A = {a}, we get a poset with the
samestructure asthetruth-valueposet in Figure 2.1, if we makethe correspondence
¢ = Fand{a} = T.Inclusionislinearonlywhen A = @or A = {a};for A = {a, b},
neither {a} C {b} nor {b} C {a} holds. The powerset poset is aso bounded, with
? asthe least element and A asthe greatest element.

Natural-Numbers Poset

The usual arithmetic ordering < on natural numbersNat = {0, 1, 2, ...} isalsoa
partial order (Figure 2.1). It isreflexive (n < n), transitive(n < mAm <k =
n < k), and antisymmetric(n < mAm < n = n = m). Hence, (Nat, <) isa
poset. In fact, it is alinearly ordered set, asm < n or n < m holds for any two
natural numbers n and m. Another exampleisthe linearly ordered set of (positive
and negative) integers (Int, <), with the usual ordering. The natural numbers have
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aleast element, 0, but do not have a greatest element. The integers have neither a
least nor a greatest element.

Congruence and Monotonicity

Let (A,Ca) and (B, Cp) be preorders. The function f : A — B isthen said to
be order-preserving if

aCpa = farCg fa (f order-preserving)

holds for al a and @' in A. The function f is said to be order-embedding if the
converse aso holds, i.e., if

achra = facg f.a . (f order-embedding)

Assumethat f : A — B is order-preserving. If the preorders C, and Cg are
equivalencerelations, then f iscalled acongruence. If they are partial orders, then
f issaid to be monotonic.

A binary functionissaid to be congruent (monotonic) if it iscongruent (monotonic)
in each of its arguments separately. For f : A x B — C, thisisthe case if and
only if the following holds:

aCpa AbCglb = f(abCc f.(@,b). (f monatonic)
A function f issaid to be antimonotonic if
acha = fadgfa . (f antimonotonic)

Antimonotonicity is really a monotonicity property: f as a function from poset
(A, Ep) to poset (B, Cp) is antimonotonic if and only if f as a function from
poset (A, C ) to the dual poset (B, Jg) ismonotonic.

Squaring is an example of a monotonic function on the natural numbers: n < m
implies that n> < m?. Sguaring is antimonotonic on the negative numbers: for
natural numbers n and m, we have that —n < —m impliesthat n > m, which in
turn impliesthat (—n)? > (—m)>2.

Addition and multiplication of natural numbers are examples of functionsthat are
monotonic in both arguments: if n < n"andm < m/, thenn+m < n" + m and
n-m<n .-m.

Meet and Join

Let B beasubset of poset A. Anelementa € Aisalower bound of B if a C bfor
every b € B. Dually, an element a € A isan upper bound of B if b C a for every
b € B. Theleast element of a set is thus always alower bound of the set, but the
converse need not hold, as alower bound need not be an element of the set B.
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The element a is the greatest lower bound (or infimum, or meet) of B C Aif ais
the greatest element of the set of lower bounds of B. We write 1B for the greatest
lower bound of aset B. When B = {b,, by}, we write b, 1 b, for mB. A set of
elements B need not have a greatest lower bound. However, if there is a greatest
lower bound, then it is unique.

The greatest lower bound of an arbitrary set B is characterized by the following
two properties:

beB = mBCb, (general m elimination)
(Vbe B-aChb)y = acnB, (general m introduction)

The first property states that mB is a lower bound, and the second that it is the
greatest of all lower bounds. The names for these properties reflect their intended
use. The first property is used when we need to go from the meet to an element
greater than the meet. The second is used when we want to go from some element
to the meet of a set.

When the set B is given as an indexed set, B = {bj | i € |}, then we write
(Mi € | - by) for the greatest lower bound MB (the set |, which is used to index
the elements, can be any set).

For two elements, the properties of the meet are as follows:

binb, CE by and binb, E b, , (M elimination)
aCb,AnaCh = aChbnby. (m introduction)

The dua definition is as follows. The element a is the least upper bound (or
supremum, or join) of B if a isthe least element of the set of upper bounds of B.
We denote the least upper bound of B by LIB. We write by L b, for u{bs, b,}. The
least upper bound of aset B isuniqueif it exists.

Thesupremum of anarbitrary set B ischaracterized by thefollowingtwo properties:

beB = bCuB, (general L introduction)
(WbeB-bCa) = uBCa. (general LI elimination)

Thefirst property statesthat LB isan upper bound, and the second that it isthe | east
of all upper bounds. The namesfor these properties again reflect their intended use.
Thefirst property shows how to go from an element to the join, which is agreater
element. The second property shows how to go from the join to an element greater
than the join.

Again, when the set B is given as an indexed set, B = {b; | i € |}, we write
(Ui €1 - by) for the greatest lower bound LIB.

For binary joins (i.e., joins of two elements), we have that

bi C byuby and b, C byubs, (u introduction)
bhhCaanbCa= bubCa. (u elimination)
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Lemma 2.1

1

FIGURE 2.2. Poset with meets and joins

Figure 2.2 illustrates meets and joins in a poset. We have that ¢ = a 1 b and
d =anbintheposet. Thetop T and bottom _L of the poset are also indicated in
the figure.

We have thefollowing basi c correspondence between the partial ordering, theleast
upper bound, and the greatest lower bound.

The following properties hold for any a, b in a poset:

anb=a
aub=>b

whenever the meet and join in question exist.

aChb, (correspondence)
ach,

Proof We prove the required property for infimum. The proof for supremum is
analogous. We prove the equivalence by showing implication in both directions.
Wefirst provethatamb=a= arC b:
a=anb
= {reflexivity of C}
aCanb
= {n elimination and transitivity of C}
ach

WethenprovethataC b= a=anh:
aChb
= {reflexivity of C}
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aCaAnaChb
= {nintroduction}
aCanb
= {amb C a holds by n elimination}
aCanb A anbCca
= {antisymmetry of C}
a=anb

We have here written the (informal) proofs as linear derivations, where each im-
plication iswritten and justified on aline of itsown. In Chapter 4 wewill introduce
aformal way of writing proofs that includes linear derivations such as these.

Because | C aanda C T holdin any poset that has atop and a bottom, we have
as specia cases of thislemmathat

anl=1 aul=a, (L properties)
anT=a auT=T, (T properties)

for arbitrary a in a poset with top and bottom.

The conjunction a A b of truth values a and b satisfies the conditions for finite
meet: (i) anb = aandaA b= b,soaAbisalower bound of {a, b}; and (ii) if
c=aandc = b, thenc = a A b, soa A bisthe greatest lower bound of {a, b}.
Similarly, disjunction satisfiesthe properties of finitejoin. Thus, conjunctionisthe
meet and disiunction the join in Bool.

In the powerset poset, we have againthat A B = AN B for subsets A and B of
D:(i)AnB C Aand AN B C B, so An Bisalower bound of {A, B}; (ii) if
CC AandC C B,thenC € AN B, so AN B isthe greatest lower bound of
{A, B}. Similarly, we have that AL B = AU B. We aso have that . = ¢ and
T = D in (P(D), Q). For an arbitrary family K of setsin P(D), we have that
UK = UK andnK =nNK.

For the natural numbers (with ordering <), itiseasy to seethat mmn = m min n,
whilemun = m max n, where min gives the smaller and max the larger of
the two elements. If K isan arbitrary nonempty set of natural numbers, then MK
always exists, but LK exists only if K isfinite. If we extend the natural numbers
with the first infinite ordinal » (ordinals are treated in detail in Chapter 18) to get
Nat U {w}, then UK also existsfor arbitrary sets of natural numbers (and is always
o when K isinfinite).
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2.2 Lattices

A poset (A, ©) (or, for simplicity, just A) iscalled alatticeif the meet am b and
joinaubexistin Afor al pairsa, b of elements of A. A direct consequence of
thisisthat a poset (A, C) isalattice if and only if mB and LB exist for al finite
nonempty subsets B of A. The poset (Bool, =) isalattice, asare (Nat, <), (Int, <),
and (P(D), <) for any D. The posetsin Figure 2.1 are thus lattices, asis the poset
in Figure 2.2.

The poset (A, ) iscalled ameet semilatticeif amnb existsin Afor al pairsa and
b of elements of A. A join semilattice is defined analogously.

If the partial order (A, C) isalattice, then meet and join are defined for any pair of
elementsin A, so lattice meet and join can be seen as binary operationson A. They
thus form an algebra on A. These operations can be shown to have the following
properties:

arma=a aua=a, (idempotence)
anb=bna aub=bua, (commutativity)
an(nc=@nbync au(uc)=(@ubyuc, (associativity)
an(aub)y=a au@nb =a. (absorption)

Conversely, assumethat we have an algebra A where the operationsn and U satisfy
the above properties. Definea C b to hold if and only ifa =anb (oraub = b);
i.e., assume that the correspondence between meet (or join) and ordering holds.
Thenwecan show that (A, £) isalatticeand that the operationsr and L correspond
to meet and join in thislattice. Hence, lattices can be introduced either as a specia
kind of algebra or as a specia kind of poset. We have above chosen the latter
approach.

Meet and join, seen as operations, are easily shown to be monotonic with respect
to the lattice ordering:

acaAbCb = anb
acaAbCb = aub

anb, (1 monatonic)

C
Caub. (LU monatonic)

We next define anumber of additional properties that |attices may have and give a
classification of lattices based on these properties. These additional propertiesturn
out to be very important and will occur in different disguises over and over again.

Complete Lattices

A lattice Aiscompleteif mB and LB existin Afor all subsets B € A. In particular,
greatest lower bounds and least upper bounds also must exist for empty B aswell
asfor any infinite B.
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Every complete lattice has a top and a bottom, so a complete lattice is always
bounded. The bottom can be characterized either asthe greatest lower bound of the
whole lattice or as the least upper bound of the empty set. A dual characterization
holds for the top. We thus have that

1l=nA and L=u10, (bottom characterization)
T=uA and T=nr¢. (top characterization)

The truth-value lattice is a compl ete lattice, because any finite lattice is complete.
Consider aset B = {bj | i € |} of truth values. The set B must be either @, {F},
{T}, or {F, T}. For B = @, wealready know that M1B = T and UB = F, by the above
characterization. For B # ¢, we have that

Mmiel«b) =T iff b =Tforali el,
Wwiel«b) =T iff by = T for somei € I.

Themeet andjoin of indexed setsof truth valuesthusmodel universal and existential
guantification, as we will show later.

Theintersection and union of an arbitrary set of subsets of A isalso asubset of A.
Hence, the subset lattice is also a complete | attice.

The natural numbers form a complete meet semilattice, i.e., a poset where every
nonempty subset hasameet. However, they do not form acompletelattice, because
the join of an infinite set of natural numbers does not exist. The extended natural
numbers Nat U {w} do form a complete lattice.

Distributive Lattices

A lattice A isdistributive if for any elements a, b, and ¢ of A the following two
properties hold, referred to as meet distributivity and join distributivity, respec-
tively:

au(bnc) = (@aubyn(auc), (m distributivity)
an(kbuc) = (@anbyu(@nc) . (u distributivity)

The distributivity properties do not necessarily generalize to infinite meets and
joinsin alattice. We call the corresponding properties for infinite meets and joins
theinfinite meet distributivity condition and theinfinitejoin distributivity condition.
These conditions are

au@iel«b) = (miel-auly), (infinite m1 distributivity)
arnuiel«b) = Wiel-ankly), (infinite L distributivity)
where a and b; are elements of the lattice A, and | isany index set.

Theproperty an(bvc) = (aab)v(aAc) holdsfor truth values, asdoesav (bAc) =
(aVv b) A (avc). Thus, conjunction and disjunction satisfy the distributivity laws,
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so the truth-value lattice is in fact a distributive lattice. The infinite distributivity
conditions aretrivially satisfied in any finite distributive lattice.

The subset lattice al so satisfies the distributivity lavs: AN (BUC) = (ANB)U
(ANC)and AU(BNC) = (AUB)N(AUC). Infact, the subset | attice satisfies
the infinite distributivity laws:

AU(Niel«B) = (Niel-AUB),
ANUiel«B) = Uiel-ANB).
The natural numbers also satisfy the distributivity laws:

Mmmin (Nmaxk) = (Mminn) max (MminKk) ,
Mmax (N min k) = (M maxn) min (MmaxKk) .

In addition, the infinite meet distributivity condition holds for natural numbers,
but not the corresponding join condition, as max is not defined for infinite sets of
natural numbers.

Boolean Lattices

A complete distributive lattice A is called a complete boolean lattice if every
element a in A has a unique complement — a in A satisfying the conditions

an—a = 1, (— contradiction)
au—a = T. (— exhaustiveness)

Every complete boolean lattice satisfies both infinite distributivity conditions. For
aproof of thisfact, we refer to standard texts on lattice theory.

The following de Morgan rules also hold in any complete boolean lattice:

—Niel.g) = Wiel—g), (de Morgan)
—Uuieleyg) = (Miel—g),

where g are elements of thelatticeand | isany index set.

We also note that complement is an involution:
—-(—a) = a. (= involution)

A direct conseguence of this is that complement is a bijective function from a
complete boolean lattice onto itself:

a=b = —-a=-b. (— bijective)

L attice complement is also antimonotonic with respect to the lattice ordering:

acCbh = —-ad-b. (— antimonotonic)
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Theorem 2.2

Theorem 2.3

The truth values form a boolean lattice, where — is negation of truth values: We
havethata A —a = Fand a v —a = T. The following theorem summarizes the
properties of the truth-value lattice that we have noted above.

The truth values with the implication ordering form a complete, boolean, and
linearly ordered lattice.

Infact, it can be shown that any partially ordered set with at least two elementsthat
satisfiesthe conditions of Theorem 2.2 isisomorphictothetruth-valuelattice. Thus
the truth-value lattice is completely characterized by the fact that it is a complete,
boolean, and linearly ordered lattice.

The subset lattice is also a boolean lattice. It is bounded and distributed, as we
have shown above. The complement of asubset A of D istheset = A= D — A.
Itiseasy to seethat AU— A= D and AN — A = ¢, so the requirements on the
complement are met.

The natural numbers do not form aboolean | attice. Even if we add the limit ordinal
o to Nat, so that we get acompletedistributivelattice, we still do not have aboolean
attice.

Atomic Lattices

Let Abealatticewith aleast element. Theelementa € A (wherea £ 1) iscalled
an atomiif the following condition holdsfor each b € A:

bca = b=1vb=a.

Thus, an atom is an element that is one step above the bottom element in a Hasse
diagram.

A lattice Aissaid to be atomic if for each element x in A, we have that

X = ufae Al aisanatom AaC x} .

The truth-value lattice is atomic. In fact, any finite complete boolean lattice is
atomic. Therepresentation theorem statesthat any atomic compl ete boolean | attice
isisomorphic to the subset lattice of its atoms.

The subsets of a set also form an atomic lattice, where the atoms are the singleton
sets. The definition of atomicity then states that any set in the subset lattice is the
join (union) of its singleton subsets:

B = UbeB-{b) .

Thefollowing theorem summarizesthe properties of the subset |attice that we have
noted and proved above.

The subsets of a set D with the inclusion ordering form a complete, boolean, and
atomic lattice.
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2.3 Product

Lemma 2.4

Dual Lattice and Duality

The dual of alattice A = (A, E) isthelattice A° = (A, J). The dua lattice is
complete (distributive, boolean) if and only if the lattice is complete (distributive,
boolean). Meet in the dual latticeisjoin in the original lattice, and similarly, join
in the dual lattice is meet in the original lattice. Complement is the same in both
| attices.

L attices satisfy thefollowing duality principle. Let ¢ beauniversal statement about
lattices (A, ). Thedual statement ¢° isthen constructed by interchanging C and
dJ,nmandu, L and T in ¢, while leaving — unchanged. The dua statement is
true of al latticesif and only if the original statement istrue of all lattices. The de
Morgan laws above provide an example of how this duality principle works.

We have shown earlier that the complement operation is antimonotonic rather than
monotonic. This means that the complement operation is monotonic onto the dual
of the lattice. If we consider complement as afunction — : A — A°, thenitisin
fact monotonic.

and Function Spaces

We now show how to construct new posets and lattices out of given posets or
lattices as product and function spaces.

Product Spaces

Let usfirst look at the cartesian product. Let (A, Ca) and (B, Cg) be two posets.
We define a partial ordering on the cartesian product A x B componentwise, by

@, b)Cag @,0) = acpa AbCgb . (C of pairs)

Theordering thusholdsbetween two pairsif and only if it holdsfor each component
separately.

The cartesian product of two posetsisaposet itself, asthefollowing lemmashows.
In addition, the property of being alattice is also inherited in a cartesian product,

as are completeness, boundedness, (infinite) distributivity, and being a boolean
attice.

Let (A,C) and (B, E) be posets. Then (A x B,C) is also a poset when the
ordering C on A x B isdefined componentwise. This poset is a lattice (complete,
bounded, distributive, boolean lattice) if A and B are lattices (complete, bounded,
distributive, boolean lattices).

The“if” in this lemma can be strengthened to “if and only if” when A and B are
nonempty.
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(T,T,7)
.
Tm
(T,T,F) (F,T,T)
(T.F) (F.T) }"
(T,F,F) (F,F,T)
F (F.F)
(F,F.F)

(@) (b) (c)
FIGURE 2.3. Products of the truth-value lattice

Assume that A and B are (bounded, boolean) lattices. Bottom, top, complement,
meet, and join in the product lattice are then componentwise extensions of the
corresponding operations of the component lattices:

Laxg = (La,1lp), (L of pairs)

Taxe = (Ta, Te), (T of pairs)

=(@b) = (—a,—b), (— of pairs)
(a,bn@,b) = (ana,bnb), (n of pairs)
(a,bu@,b) = (@aua,bub). (u of pairs)

These definitions are extended in the obvious way to the cartesian product of an
arbitrary number of posets.

The lattice (b) in Figure 2.1 has the same structure as the product lattice Bool x
Bool, while lattice (c) in the same figure has the structure of the product lattice
Bool x Bool x Bool. These product lattices are shown in Figure 2.3.

Function Spaces

Let Abeaset and B aposet. Recall that A — B standsfor the set of all functions
f : A— B. Two functions f and g in A — B are equal if they give the same
values for each argument in A (thisis known as the extensionality principle):
f=g = (W xeA-fx=0Xx).
We use this same idea to define a partial order on A — B as the extension of the
partial order on B:
fCassg = (VXe A- fXCpg g.x) (Z of functions)

for any functions f, g € A — B. Thisisthe extensionality principle for functions
generalized to partial orderings. We say that the poset A — B isapointwise exten-
sion of the poset B. The notion of pointwise extension isillustrated in Figure 2.4.
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Lemma 2.5

FIGURE 2.4. Pointwise extension ordering

The function indicated by the dashed arrows is here greater than the function
indicated by solid lines.

We have the same result for the pointwise extension to function spaces as for
cartesian products.

Let B be a poset and A any set. Then the pointwise extension of Bto A — B is
also a poset. Furthermore, this poset is a lattice (complete, bounded, distributive,
boolean lattice) if B isa lattice (complete, bounded, distributive, boolean lattice).

Note that atomicity is a property that is not inherited by this extension (Exercise
2.6).

The lattice operations in A — B are defined in terms of the corresponding
operations on B, when B is a (bounded, boolean) lattice. For any x € A, we
define

lasgX = 1p, (L of functions)
TasgX = Tg, (T of functions)
—f)x = =(fx), (— of functions)
(fng.x = fxmngx, (m of functions)
(fug).x = fxugx. (u of functions)

When B isacomplete lattice, we define

Mmiel«fH)x = (Miel-fix), (general m of functions)
uielsf)x = @Wiel-fix) . (general LI of functions)

Subsets form a prime example of a pointwise extension construction. A subset
A C D can be described by a function pa : D — Bool, which we define by
pa.x = T if and only if x € A. Functions of this kind are known as predicates.
The predicatesinherit lattice properties from the truth-val ue lattice. The pointwise
extension of the truth-value latticeto D — Bool isin fact alattice that has exactly
the same structure as the subset lattice P(D).
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Relations provide another example of pointwise extension. Set-theoreticaly, a
relation isseen asasubset r € A x B, but it can also be modeled as a function
R : A— P(B)bydefiningR.a={be B|(ab) er}. TherelationsR: A —
P(B) form a pointwise extension of the subset lattice, and this inherits the lattice
properties of this smpler lattice. We will study both predicates and relations of
this form in more detail later on.

2.4 Lattice Homomorphisms

Given a function from one lattice to another, we are interested in whether the
function preserves some or al of the lattice structure of its domain. For instance,
whether the bottom in the domain is mapped to the bottom in the range, whether
meetsare preserved, and so on. Functionsthat preservethiskind of | attice properties
are generally known as homomor phisms.

Let Aand B belatticesandh : A — B. Thefollowing are special homomorphism
properties that h may satisfy:

hly, = 1lg, (bottom homomor phism)
hTa = Ts, (top homomor phism)
h.(anaa) = h.ang ha , (meet homomor phism)
h.(auaa) = h.aug ha , (join homomor phism)
h.(—mpa) = —pg(ha) . (complement homomor phism)

Thus, a bottom homomorphism maps the bottom of A to the bottom of B, whilea
top homomaorphism mapsthetop of Atothetop of B. Complement, meet, and join
homomorphisms preserve complements, meets, and joins, respectively. A function
on lattices can be homomorphic for only some of the lattice operations, or it can
be homomorphic for all lattice operations. We say that the function h is alattice
homomorphism if it preserves meets and joins, and that it is a boolean lattice
homomorphismif it also preserves negation.

Figure 2.5 gives an exampl e of afunction from one lattice to another. The mapping
indicated is abottom and top homomorphism, and it is a so ajoin homomorphism,
but it isnot ameet homomorphism, asiseasily seen (anb = L, but fan f.b=c
and f.L #c).

A (boolean) lattice homomorphism h : A — B is said to be an embedding of A
in B if h isinjective (one-to-one). It is said to be an epimorphism (and B is an
image of A) if h is surjective (onto). If h is both injective and surjective, i.e, a
bijection, then we call it a (boolean) lattice isomorphism and say that A and B are
isomorphic.
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FIGURE 2.5. Homomaorphic function

Binary Lattice Operations as Homomorphisms

The lattice operations themselves provide simple examples of homomorphisms.
The property ar (bmc) = (amb) m(amc) holdsin any lattice. This property
statesthat the function f.x = amnx ismeet homomorphic; we havethat f.(bric) =
an(dnc =(@nbyn(@nc) = f.on f.c. Thus, the meet operation itself is
meet homomorphic in its right argument. By commutativity, meet is also a meet
homomorphisminitsleft argument. M eet isal so bottom homomorphic (arL = 1)
but usually not top homomorphic (am T # T) in acomplete lattice.

Similarly, join is join homomorphic and top homomorphic (a L T = T) but not
usually bottom homomorphic (a L L # L) in acomplete lattice.

Distributivity is also a homomorphism property. For instance,au (bmc) = (au
b) m(auc) statesthat thefunction f.x = aLix ismeet homomorphic, i.e., that join
is meet homomorphic initsright argument (and hence in its left argument also, by
commutativity). Similarly, an (buc) = (anb) u (anc) statesthat meetisjoin
homomorphic in its right argument. Thus, lattice join is meet homomorphic and
lattice meet is join homomorphic in a distributive lattice. Combining this with the
previous result, we note that meet and join are both meet and join homomorphisms
in adistributive lattice.

If we consider complement as afunction — : A — A°, then it isaboolean lattice
isomorphism: = 1L =T, —(aub) = (—a) n(—b), and so on.

Universal Meets and Joins

We extend the notion of ahomomorphism to arbitrary sets of elementsin alattice,
as follows. We say that h : A — B is a universal meet homomorphism if the
condition

h.miel-g) = (Miel-:ha) (universal i homomor phism)
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Lemma 2.6

holds for any set of elements{& | i € |} in A. We say that h is a positive meet
homomor phismif thiscondition holdsfor any nonempty set of elements{a; |i € |}.

Dually, we say that h isa universal join homomorphismif the condition

h.uiel-g) = @Wiel-hg) (universal LI homomor phism)
holds for any set {a | i € |} and that it is a positive join homomorphism if the
condition holds for any nonempty set {& |i € |}.

It iseasy to seethat lattice meet is a positive meet homomorphism: For | # ), we
havear (mi el -g) = (Ni el -ana). However, lattice meet is usually not
auniversal meet homomorphism: Wehavearn (nmi e #-a) =an T = a, buton
the other hand, (Mi e ¥-amg) =T.

Lattice meet is a positive join homomorphism if the lattice is infinitely join dis-
tributive. In fact, in this case it is even a universal join homomorphism, because
anuied-g)y=anl=1= Wi ed-ang). Thedua results hold for
lattice joins.

Homomorphism Inclusions

The homomorphisms on a lattice are not independent of each other, as shown by
the following lemma.

Let h : A — B beafunction fromlattice A to lattice B. Then

(8) hisauniversal meet (universal join) homomorphismif and only if h isatop
(bottom) homomor phism and a positive meet (positive join) homomor phism;

(b) if h is a positive meet (positive join) homomor phism, then h is a meet (join)
homomor phism; and

(c) if hisameet or join homomor phism, then h is monotonic.

Proof We show the proof of (iii). The other properties follow directly from the
definitions. Assume that h is a meet homomorphism. Then
ach
= {correspondence}
a=anb
= {functionality}
h.a=h.(anb)
= {h isn-homomorphism}
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top hom. monotonic bottom hom.
A 'y
meet hom. join hom.
pos. meet hom. pos. join hom.
univ. meet hom. univ. join hom.

FIGURE 2.6. Homomorphism properties

h.a=h.anhb
= {correspondence}
h.aC h.b

The proof for join homomorphism is similar. O

The implications between the different homomorphisms are shown in Figure 2.6.
In this hierarchy, monotonicity and top and bottom homomorphisms are the weak-
est properties, while universal meet and join homomorphisms are the strongest
properties.

Tabular Representation

Because there are many lattices and operations on lattices that we consider in this
book and there are also many homomorphism properties of interest, it becomes
cumbersome to list and memorize all the properties. On the other hand, the ho-
momorphism properties are extremely useful when reasoning about lattices, so it
is worth identifying them all. We therefore introduce a concise tabular represen-
tation for describing monotonicity and homomorphism properties of functions on
lattices.

The homomorphism properties of the binary lattice operations were discussed
above and are summarized in Table 2.1. The operationsthat we test for monotonic-
ity and homomorphism are listed on the left. The monotonicity property is listed
first on top of the table, in the column denoted C. The homomorphism properties
are then listed, with | standing for bottom homomorphism, T for top homomor-
phism, r for positive meet homomorphism, Li for positive join homomorphism, and
— for complement homomorphism. We do not treat finite meet (or join) homomor-
phism separately, because in most cases the same results hold for finite meet (join)
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homomorphism and positive meet (join) homomorphism. If needed, we explicitly
indicate when a result holds only for finite meets or joins. Also, we do not have a
separate entry for universal meet homomorphism, because that is equivalent to top
and positive meet homomorphism both holding (and similarly for universal join
homomorphism).

We write the label isin the top left corner to indicate that each table entry states
whether the following assertion is true:

Thefunction f (on the left) ishomomor phic with respect to the operation
g (on thetop)

(for therelation C, the assertion is that f is monaotonic with respect to C).

Thetableentry canbe“yes’ (meaning that thisisalwaysthecase) or “no” (meaning
that this need not be the case), or it can be a qualified “yes’, with an indication of
the condition under which the assertion holds. We write yes® for the case when the
function is a homomorphism (or is monotonic) onto the dual lattice.

Pointwise Extension as Homomorphism

The pointwise extension theorem shows that if A isapartial order, then B — A
is also a partial order, with the pointwise extension of C p as the ordering, and
that in fact the properties of being a lattice, complete lattice, distributive lattice,
or boolean lattice are all preserved by pointwise extension. Consider the function
extend defined by extend. f = f.x, where x isafixed element in A. Thisfunction
maps elements in the lattice (B — A, Cg_, ) to elementsin the lattice (A, Ca
). Thus, we can ask whether it is a monotonic function, and to what extent it
is a homomorphism. The results above answer al these questions affirmatively:
pointwise extension is monotonic, and it ishomomorphic for al lattice operations.
Pointwise extension is thus a boolean lattice homomaorphism. Table 2.2 shows the
relevant entries. We have, e.g., that

extend.(grh) = extend.gMextend.h

in the case of meet homomorphism (see Exercise 2.3).

is C L T r L -
fx=xma| yes| yes no yes vyes | no
fx=xua| yes| no yes yes vyes | no
fx=—-Xx |yes | yes vyes vyes yes | yes
Twhen the lattice is infinitely join distributive
2when the lattice is infinitely meet distributive

TABLE 2.1. Homomorphic properties of |attice operations
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is c 1L T M L -
extend | yes | yes yes yes yes | yes
fst yes | yes yes yes yes | yes
snd yes | yes yes yes yes | yes

TABLE 2.2. Homomorphic properties of pointwise
extension

For the extension of lattices to aproduct of lattices, the corresponding result states
that projection onto the first or the second component preserves monotonicity and
isalattice homomorphism. We have, e.g., that fst(L axg) = La, that fst.(amb) =
fst.a M fst.b, and so on, asaso shown in Table 2.2.

Lattice Operations as Homomorphism

Consider finally the homomorphism properties of meet andjoin onlattices. Assume
that A isacomplete lattice. Then meet is afunction from sets of elementsin A to
eementsin A i.e,n: PA — A andsimilarly for join. Aswe have shown above,
‘P Alisaso acomplete | attice ordered by inclusion. The characterization of top and
bottom shows that join is both bottom and top homomorphic:

up=_1 and ULA=T .
Join is also monotonic,
BcB = uBcubB,
and it is join homomorphic,
uwBUB) = WB)uWB) .
However, join is neither meet homomorphic nor negation homomorphic.

Inasimilar way, it is easy to see that meet is bottom and top homomorphic to the
dual lattice A°:

ny=T and nA=1.

Meet is antimonotonic,
BCcB = nmBanB,

and it is join homomorphic onto the dual lattice
n(BuB) = @B)yn@mB) .

Table 2.3 summarizes these properties.
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is| C 1 T mn ] -
niye | yes® yes® no Yyes | no
LI| yes | yes yes no Yyes | no

TABLE 2.3. Homomorphic properties of meet and
join

2.5 Categories

Consider a collection of lattices and the possible homomorphisms between them.
Take for instance all meet homomorphisms. We can see that the collection of meet
homomorphisms is closed with respect to composition: if h : A — B isameet
homomorphismand k : B — C isameet homomorphism, thenkoh: A — Cis
also a meet homomorphism, asis easily checked:

(ko h).(anb)

= {definition of functional composition}
k.(h.(arm b))

= {h is ameet homomorphism}
k.(h.armh.b)

= {k isameet homomorphism}
k.(h.a) nk.(h.b)

= {definition of functional composition}
(koh)y.an(koh).b

The identity functionid : A — A is a homomorphism for any operations or
constants we choose to preserve. In particular, it is a meet homomorphism. A
collection of lattices together with all meet homomorphisms between these | attices
is an example of a concrete category; i.e., a category in which the objects are sets
and the morphisms are structure-preserving functions from objects to objects.

In general, any collection of sets with a certain structure together with all the
structure-preserving functions (homomorphisms) between these sets forms a con-
crete category. The collection of all posets together with all monotonic functions
between the posetsisanother example of aconcrete category. We can even consider
the collection of all sets with a certain structure. This need not be a set itself, so
the notion of a concrete category goes outside ordinary set theory. However, this
notion providesavery useful abstraction, becauseit permitsusto study all possible
homomorphismsin a general way.
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Abstract Categories

We can generalize the notion of a concrete category to an (abstract) category. A
category C consistsof acollection of objects Obj(C) and acollection of morphisms
Mor(C). Each morphism has a source and a target, both of which are objects. We

write A —f> B to indicate that f is a morphism with source A and target B.

Furthermore, there is a composition operator that takesamorphism A N B and
amorphism B 2, Ctothe morphism A 9 g Composition f ; g isdefined
only if the target of f isthe source of g. Composition is required to be uniquely
defined and associative. Finally, for every object A thereisaspecial morphism 14,
the identity morphismon A, which is an identity element for composition. If there
is no danger of confusion, we usually drop the index and simply write 1 for 1a.

Summarizing, the following always hold in a category:

fi@;m=(f;9;h, (; associative)
1;f="f and f;1=1"F. (2 unit)

Wewrite C(A, B) for the collection of all morphisms A N B inC. In category
theory, we do not need to assume that the morphisms form a set. If they do, then
the category is said to be small.

Figure 2.7 illustratesthese notions. Theobjectsare A, B, C, and D; the morphisms

aeA - BB - Cc,B - D,C - D,D -5 B, theidentity

morphisms for each object, and all morphisms that can be constructed from the
explicitly indicated morphisms by composition.

Any concrete category will be an abstract category, where the sets with structure
are the objects and the structure-preserving functions are the morphisms of the

()

f h

Cf g/bl
(s

FIGURE 2.7. Objects and morphisms

1



2.5. Categories 51

category. In particular, the concrete category of sets with functions forms a cate-
gory. Thesets A, B, ... are the objects and the functions f : A — B, ... arethe

morphisms A — B. Composition in this category is forward functional com-
position, defined by (f e g).x = g(f (X)), and the identity functionsid : A — A
are the unit morphisms 1, in the category. Functional composition is associative,
so the category properties hold.

We could also choosethe functions f : B — A (the reverse direction) as the mor-

phisms A — B. Inthiscase, composition is backward functional composition,
defined by (f 0g).x = f(g(x)), whiletheidentity functionid : A — Adltill serves
as the unit morphism 14.

The collection of all relations also forms a category. Each object is a set, and as

morphisms A R, B we choose relations R C A x B. The identity relation
serves as the unit element, and composition is ordinary relational composition
Re Q,where(x,z) € Re Qiff (X,y) € Rand (y, 2) € Q, for somey. Thisisan
example of a category that is not a concrete category.

A preorder can be seen asaspecia kind of category. The objects of the category are

the elements of the preorder. Thereisamorphism a N b between two elements
a and b if and only if a = b. Reflexivity guarantees that there is an identity
morphism, and transitivity guarantees that the composition of two morphismsisa
morphism in the poset category.

Functors and Homomorphisms

The analogue to a lattice homomorphism in a category is a functor. Given two
categories C and D, afunctor F maps objects of C to objects of D and morphisms
of C to morphisms of D in such a way that sources, targets, composition, and

identities are preserved. This means that F maps every morphism A B to
amorphism F.f with source F.A and target F.B; i.e,, F.A =L F.B and the
following holds:
F(f;9 = (F.f);(F9, (functor properties)
F.lA = 1(F.A) .

A trivial example of a functor is the identity functor, which maps a category to
itself. The functor F reduces to a homomorphism in the special case when it does
not change the objects; i.e.,, F.A = A for each object A.

Order-Enriched Categories

The function space construction gives us new lattices where partial order and the
lattice operations are defined by pointwise extension. Since the elements are func-
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tions, we can also compose them, and there is an identity element for functional
composition. Relations have a similar structure. The function space constructions
thus have both a lattice structure and a category structure. Most of the basic struc-
tures that are needed for the refinement calculus turn out to be categories of this
kind.

Consider acategory C wherefor arbitrary objects A and B the morphismsC (A, B)
are ordered by a relation E4 5. We say that C is an order-enriched category if
composition is monotonic in both arguments:

fCag f"AQgCRc Y = f;gCac ;0

(any category caninfact beviewed as such an order-enriched category if we choose
the discrete partial order as the ordering). If composition is monotonic only in its
left argument,

fcf = f;gCcf'g,

then we call the category a left order-enriched category. A right order-enriched
category isdefined analogously. A category isobviously order-enriched if and only
if itisboth left and right order-enriched. If the ordering relation isapreorder, poset,
lattice, etc., we call the category a preorder-enriched category, a poset-enriched
category, alattice-enriched category, and so on.

The interaction between the order and category structures gives rise to numerous
distributivity possibilities. For example, wemay want to know whether composition
distributes over lattice operations from the left or from the right. For instance, does
c;(anb) = c;anc;b (Ieft distributivity over meet) hold, or does (arb);c = a;crib;c
(right distributivity over meet) hold? If the morphismsfor agiven source and target
form a complete lattice, we may ask whether (Mi € 1 - &) ;b= (i €1 - g ;b).
Similarly, we may ask whether meet and join distribute over composition. For
instance, is(a;b) mc = (amnc); (brc)?Inthiscase we need not distinguish left
from right distributivity, since meet and join are commutative.

Example: Pointwise Extension

Assumethat C isacategory wherethe objectsareposets (A, Ca), (B, Cpg), ...and
the morphisms are functions f : A — B, ..., ordered by the pointwise extension
of the ordering relation. Composition is backward functional composition. We can
see that this category isleft poset-enriched, as follows. Assumethat f © g. Then
(f;h).x
= {definition of composition}
f.(h.x)
C {assumption}
g.(h.x)
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= {definition of composition}
(g:h).x

sof £ g= f;hLC g;hfolows by pointwise extension (a dua argument
shows that if composition is forward function composition, then the category is
right poset-enriched).

If we choose the monatonic functions f : A — B as the morphisms in this
category, rather than all functions, then we get a (proper) poset-enriched category.
Assumethat f © g and h ismonotonic. Then

(h; f).x

= {definition of composition}
h.(f.x)

C {assumptions; pointwise extension}
h.(g.x)

= {definition of composition}
(h;9).x

Next we consider distributivity of composition over lattice operatorsin either one
of these categories. The following derivations show that composition distributes
from the right over meet:

(fng);h).x

= {definition of composition}
(fng).(h.x)

= {pointwise extended meet}
f.(h.x) ng.(h.x)

= {definition of composition}
(f;h).xm(g;h).x

= {pointwise extended meet}
(f;hng;h).x

so(frmg);h=f;hng;h.

Right distributivity also holds for join, bottom, top, and complement. However,
left distributivity doesnot in general hold for any of thelattice operations. Forward
function composition again dually distributes from the left over |attice operations.
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2.6 Summary and Discussion

We havegiven an overview of thebasic notionsof partial orders, of monotonicity on
posets, and of meets and joinsin posets. We have defined what it means for a poset
to be alattice and have identified a number of subclasses of lattices. We have also
shown how to build new posetsand | atticesfrom old onesusing product and function
spaces, and shown to what extent the lattice properties are inherited by these
constructions. We havelooked at structure-preserving mappings (homomorphisms)
between lattices and shown how collections of lattices form categories.

The category theory that we need in this book will be quite elementary. We mainly
use it as an organizational concept for the different kinds of algebraic structures
that we need for the refinement calculus. It also allows us to treat different kinds
of compositions in a uniform manner, in the same way as lattice theory allows us
to treat ordering in a uniform manner across many different kinds of structures.

Thematerial on lattices presented hereisrather standard and can be found in many
classical references such as Birkhoff [40] and George Grétzer [63]. In particular,
these references contain proofs of the theorems of infinite distributivity for com-
plete bool ean | attices and the representation theorem for atomic lattices. A modern
textbook is Davey and Priestley [50]. Good introductions to category theory and
its use in computer science have been written by Benjamin Pierce [116] and by
Barr and Wells[38].

We have chosen to start our exposition of the refinement calculuswith an overview
of basic lattice-theoretic notions. The reason is that these ssmple ideas form the
basis for the formalization of higher-order logic that we will consider next. To a
large extent, reasoning about truth values, sets, relations, and program statements
can be seen as different instantiations of the same basic lattice-theoretic concepts
that we have described above. This has also motivated usto present the material in
somewhat more detail than what might be strictly needed, because it isimportant
to have a good intuitive grasp of the concepts involved.

2.7 Exercises

21

2.2

2.3

Lettheset A = {1, 2, 3,6, 8, 12} be ordered such that m © n means that m is
divisible by n. Find two numbersin A that do not have aleast upper boundin A. Is
it possible to find two numbersin A that do not have a greatest lower bound in A?

Show that the composition of two monotonic functions is a monaotonic function.

Assumethat B isalatticeand A isan arbitrary set. Show that pointwise extension
to the function space A — B is alattice homomorphism.
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2.4

2.5

2.6

2.7

2.8
2.9

2.10

2.11

Let L bethe set of al cofinite sets of natural numbers (i.e., all setsthat have afinite
complement), ordered by set inclusion. Show that L isalattice but not acomplete
lattice. Does it have atop or a bottom element?

Prove that the structure (Bool x Nat, C) is a lattice, where C is the following
ordering:

b,nmEDd,N) = b=bAn<n.
What are the least upper bounds and greatest lower bounds in this lattice? Is the
lattice bounded, distributed, complete, boolean? Show that f : Bool x Nat —

Nat, where f.(F,n) = 2n and f.(T, n) = 2n + 1 is monotonic but not an order
embedding of (Bool x Nat, C) into (Nat, <).

Let A be any infinite set. Then (A — Bool, C) is an atomic complete boolean
lattice. Show that (A — Bool) — (A — Bool) ordered by pointwise-extended set
inclusion is not atomic.

Assume that f and g are bijective monotonic functions with f £ g. Show that
gltc L

Show that the implicationsin Figure 2.6 are al valid.

Thefunction f : P(Bool) — P(Nat) is defined so that

fo9 = @,

LiF) = (0,

fi{T} = {XIx#0},
f.Bool = Nat .

Show that f isahomomorphic embedding.

Let A be an arbitrary set and L and T two elements not in A. Show that the set
AU {L, T}, ordered by

aCb = a=bva=1lvb=T,

is acomplete lattice.

Show that the meet operation in a complete lattice has the following property:
X=rmA = (Vy-yCx=MaeA-yCa)).

Sincethedefinition characterizes meet using two properties(that it isalower bound
and that is greater than all lower bounds), this characterization can make proofs
about meets shorter. What is the dual characterization of join?
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Higher-Order Logic

We now introduce the logical basis for program refinement, higher-order logic.
Thisis an extension of the simply typed lambda cal culus with logical connectives
and quantifiers, permitting logical reasoning about functionsin avery general way.
In particular, it allows quantification over higher-order entities such as predicates
and relations, afeaturethat wewill find very useful in our formalization. The power
of higher-order logic is similar to that of set theory. It is sufficient for expressing
most ordinary mathematical theories and has a simpl e set-theoretic semantics.

We describe the basic framework of higher-order logic in this chapter: the syntactic
entitiesof thelogic, the semantic meaning of these entities, the notionsof deduction
and proof, and the notion of atheory. In the next chapter we then give the specific
axioms and inference rules that are needed to reason about functions. These are
the usual rules of the ssimply typed lambda calculus. The axioms and inference
rules needed for reasoning about logical propositions in genera are postponed to
Chapter 6.

3.1 Types and Terms

In informal mathematics, functions have to be introduced with an explicit name
before they can be used in mathematical expressions. Lambda calculus provides
a mechanism for building expressions that denote functions (so-called lambda
expressions), so that functions can be used without explicit definitions and naming.
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Functions are constructed by A-abstraction. The function that maps each natural
number n to its successor n + 1 iswritten as the lambda abstraction

(An:Nat-n+1) .

Here Nat is a type that denotes the set of natural numbers. The part An : Nat
expresses that the argument of the function is denoted by n and ranges over the set
of natural numbers Nat. The value of the function for argument n is given by the
expression n + 1. The parentheses delineate the scope of the bound variable n.

Lambda abstraction permits us to be precise about the variables and constants in
an expression. For instance, we can make a distinction between the functions

(An:Naten—m) and (Am:Nat-n—m) .

In the first case, n is the argument of the function and m is a constant that is
assumed to have somefixed val ue (determined by the context). Inthe second lambda
expression, it is the other way around. We can also nest lambda abstractions, so
that, e.g.,

(Am: Nat+ (An: Nat-n—m))
isthefunction that maps each natural number m to the function (An : Nat- n—m).

Applying afunction to an argument is called application. Application is an oper-
ation that takes two terms, t denoting a function and s denoting an argument, and
gives as result the value of function t at argument s. The application of t to s is
written t.s. For example, we have that

(An:Nat-n—m).(a+3) = (@+3)—m,
(Am:Nats (An:Nat-n—m)).(a+3) = (An:Nat-n—(a+3)) .

The exact rules for computing with abstractions and applications will be made
precise later. But before that, we need to be more precise about the syntax and
semantics of lambda calculus types and expressions.

Types

The types of higher-order logic are expressions that denote sets. Let AT be atype
structure, i.e., a set of type operators each having aname and an arity (an arity isa
natural number). Typesover AT are defined by the following context-free grammar:

Y = C|Z1— 2| 0p(Xy, ..., 2n) . (types)

HereC isanullary typeoperator (alsocalledanatomictype) inAT, whileXq, ..., =y
are types (we generally use &, T, and A as metavariables for types). The type
operator — associates to the right, so that, eg., ¥; — X, — X3 abbreviates
31 — (22 — ¥3). Inthelast dternative, Op isan n-ary type operator in AT that
constructs a new type out of thetypes ¥4, ..., X,.
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Each type denotes some nonempty set. The atomic types denote designated sets
in the universe of all sets (this will be made more precise below). Higher-order
logic postul ates two atomic types: Bool, which denotes the two-element set of truth
values, and Ind, which denotes an infinite set of individuals.

The function type £1; — X, stands for the set of al (total) functions from the set
denoted by 3, to the set denoted by =,. Thus, e.g., Ind — Bool denotes the set of
functions from individuals to truth values. Similarly, each type operator denotes a
set-forming operation, and Op(Xy, ..., Zy) stands for the result of applying that
operation to the sets denoted by X, ..., X,. In fact, we can view — as a binary
type operator, mapping sets ¥, and ¥, to the set £; — X,. However, we prefer
to give it specia status, since it is so fundamental. It is possible to add new type
operators (including atomic types) to thelogic. Thisisillustrated in Chapter 4 and
described in more detail in Chapter 10.

Part of the power of higher-order logic comesfrom the fact that we can iterate type
construction to ever higher levels of functionality. For instance, (Ind — Bool) —
Bool denotes the set of functions that take functions from individuals to truth
values as arguments and return truth values as results. Thisisaset of higher-order
functions.

Terms

Thetermsof higher-order logic are expressionsthat denote elements of types. Each
term t in higher-order logic is associated with a unique type.

We assume that two digjoint infinite sets of names are given, constant names and
variable names. A constant isapair (c, X), written cs, where c isaconstant name
and X isatype Similarly, avariable is a pair (v, X), written vy, where v isa
variable nameand T isatype.

Just as the definition of types is relative to a particular type structure AT, the
definition of terms is relative to a given set SG of constants, called a signature,
where each constant hasatype over AT. Thetermsof higher-order logic are defined
by the following context-free grammar:

t = vy, (variable)
| cx, (constant)
| titp, (application)
[ (Avs-t) (abstraction)

(weusesandt asmetavariablesforterms; c, f, and g asmetavariablesfor constants,
and u, v, and w as metavariables for variables).

We associate a type with each term using the following rules:

(i) Each variable vy isaterm of type X.
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(i) Each constant ¢y in SG isaterm of type 3.

(iii) If t isaterm of type X; — %, and t; aterm of type X4, then the application
t.t; isaterm of type 2».

(iv) If vy, isavariable and t; aterm of type X, then the abstraction (Avg, * tp)
isaterm of type X1 — 5.

A term t is well-typed if it has atype ¥ according to the above rules. The type
of each well-typed term is uniquely determined by the syntax. We writet : T to
express that t has type . A well-typed termt : ¥ denotes some element in the
set denoted by X, in the way described intuitively above. From now on, we always
take ‘term’ to mean ‘well-typed term’.

Typeindications are usually omitted from constants and variables when thisinfor-
mation can be deduced from the structure of the term or from the context in which
the term is used. When needed, it is often sufficient to indicate the types of some
variables in lambda abstractions. In this case, we prefer to write (Av : X - t;) for
(Avg - ty), particularly if the type expression X is more complex.

Two different variables can have the same name, if they have different types. Two
different constants can also have the same name, provided that they have different
types. Both kinds of overloading are quite convenient, provided that one adds extra
type information or explanations whenever necessary to avoid ambiguity.

Precedence and Association

Application associates to the left, so that t.t".t” stands for (t.t").t”. In some cases
weuseaconstant f : ¥ — [’ — A as an infix operator, writing x f y rather
than f.x.y. Typical examplesare addition and subtraction; we prefer towritex +y
rather than +.x.y. Infix operators have lower precedence than ordinary function
application, and they always associate to the right. The precedences of different
infix operatorsarelistedin Appendix A. Parentheses can alwaysbe used to override
(or emphasize) the precedences.

For some constants we use a prefix format, writing f x for f.x, with the same
precedence. In particular, we write negation and complement as prefix constants,
and similarly for meetsand joins over sets. Prefix operators have lower precedence
than function application, but higher precedence than infix operators.

A small number of constantsarewritten as postfix operators. Most postfix operators
are written as superscripts (e.g., S° is the duality operator o applied to S). Postfix
operators have higher precedence than ordinary function application.

Abstraction is written as a mixfix, with delimiters (the parentheses) indicating the
scope of the abstraction. Abstraction has lower precedence than application. To
simplify nested applications, we can write (Av + (Av" = t)) as (Av v’ + t).
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Substitution and Replacement

We make a distinction between free and bound occurrences of variablesin aterm.
An occurrence of the variable v interm t is bound if it iswithin a subterm of t of
the form (Av - t'); otherwise it is free. A variable is freein t if it occurs free in
t,and it isbound int if it occurs bound int. A term in which all occurrences of
variables are bound is called closed. Consider as an example the term

n-n—my.(a+1.

The variable n is here bound, while m and a are free. A variable can occur both
free and bound in the same term. For example, the variable n occurs both free and
boundinthetermn + (An+n+ 1).m.

The term t[v := t'] stands for the result of substituting the term t’ for all free
occurrences of variable v in term t. If no free variable of t” becomes bound in
t[v :=t'], then we say that t" isfree for v int. Thus,

(An-n—m).(a+ H[m:=(a—1)]
isthe sameterm as
nen—@-1).(a+1 .

Theterm (a— 1) isfreeformin (An-n—m).(a+ 1), because a does not become
bound in the substitution. The term (n — 1) would not be free for m in this term.
We write t[vy, ..., vm = t1, ..., ty] for the simultaneous substitution of terms
t1, ..., ty for variablesvy, ..., vpint.

Substitution is sometimes used to indi cate aterm with specific occurrences of some
subterm singled out; t[v := s] isaterm where the variable v isused interm t to
indicate the positions of the interesting occurrences of subterm s.

Standard Types and Constants

It is necessary to impose some additional structure on the framework introduced
so far. For now, we assume only aminimal structure that is needed to reason about
functions. In Chapter 6, we introduce further structure for reasoning about truth
and falsity.

We assume that every type structure contains the standard type Bool. Further-
more, we assume that every constant signature contains astandard constant called

equality,
= ! ¥ — ¥ — Bool (equality)
for each type X.

The intended (standard) interpretation is that Bool denotes a distinguished two-
element set of truth values and that = denotes equality on the set denoted by
2.
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3.2 Semantics

Wegiveabrief description of the meaning (semantics) of typesand termsin higher-
order logic. The semantics is set-theoretic; atype X denotes a set in a universe of
sets, and atermt @ 3 denotes an element in the set denoted by X.

We assume a universe (family) ¢/ of nonempty sets, which is closed under the
following operations: nonempty subset, cartesian product, powerset, and function
space. Thismeansthat, e.g., if Xisinl/, andY isanonempty subset of X, then also
Y isinU. Furthermore, we assumethat I/ containsadistinguished infiniteset | (its
elementsare called individuals) and adistinguished two-element set 2 = {ff, tt} (its
elementsare called truth values). Finally, we assumethat thereisachoice function
called choice on/ that chooses some (arbitrary) element from every nonempty set,
i.e, choice.X € Xforal X e U, X # (. Not al these assumptions are needed in
this chapter, but we find it convenient to make all assumptions about the universe
explicit from the start.

Semantics of Types

A model for atype structure AT is given by associating every n-ary type operator
op in AT with some function f : 4" — U (the meaning of the operation).

We require that the type Bool be given a standard meaning as the set 2 and that the
function type constructor — be given a standard meaning asthe functionin/? —
U that mapsthe pair (X, Y) to the set of all (set-theoretic) total functionsfrom X to
Y. Givenamodel for AT, every type X denotesaset M. X (themeaning of X) iniA.
In astandard model, M.Bool =2and M.(X - T) ={f | f : M.Z - M.T'}.

For example, if x denotes cartesian product, then (Bool x Bool) — Bool denotes
the set of all functions f : 2 x 2 — 2, i.e, functions that map pairs of truth values
to truth values.

Semantics of Terms

Now assume that type structure AT is given and that SG is a signature over AT. A
model for SG determines (1) amodel for AT and (2) for every constant ¢ : X in SG
an element M.c € M.X (the meaning of c). In a standard model we require that
= : X — X — Bool begiven its standard meaning as equality on the set denoted
by X.

Consider aterm t. An environment E for the term is a set of variable-value pairs
{(Xg, &1), ..., (Xn, @)} that assignsavalue g in M.X toevery freevariablex; : &
that occursint. The meaning of aterm with free variables is determined relative
to such an environment.
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Themeaning M.t of atermt in environment E isdefined inductively, asfollows.
The model gives the meanings of constants,

Mgc = M.c,

and the environment gives the meanings of variables,

Megx = a, when(x,a) e E.

For application, we define
Mett! = (Mgt).(Mg.t') .

Thus, if t denotes afunction f and t’ denotes an element x, then t.t’ denotes the
element f.x. Finaly, the denotation Me.(Av : X - t) of lambda abstraction isthe
function f, defined by

fa = Mg,

that maps any a € M.X to Mg.t, where E’ is the same environment as E
except that v is mapped to a. In this way, the meanings assigned to the constants
determine the meanings of al terms that can be built out of these constantsin a
given environment.

For aclosed termt, the the meaning isindependent of the environment (sincethere
are no free variables), and we can define M.t = M.t.

3.3 Deductive Systems

The syntax of higher-order logic is next extended with adeductive system inwhich
we can prove properties of elements denoted by terms. We assume below that a
standard type structure AT and a standard signature SG are given.

A formula is aterm of type Bool. Given a specific assignment of valuesto the free
variables in a formula (an environment), a formula thus aways denotes a truth
value.

A sequentisapair (®, t), written

Dt (sequent)

where @ is afinite set of formulas over SG (the assumptions of the sequent) and
t isasingle formula over SG (the consequent of the sequent). A sequent @ -t is
satisfied in amodel of thetypesin AT and constantsin SG if any environment (with
assignment of values to the free variables in ® and t) that makes every formula
in ® true also makest true. A sequent isvalid if it is satisfied in every standard
model.
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An inference is atuple of sequents (&1 F t, ..., Odm F ty, @ Ht), m > 0. An
inference is usually written as

0N

(inference)

The sequents &1 +ty, ..., &y F ty, are called the hypothesesand @ + t iscalled
the conclusion of the inference.

An inference of higher-order logic is said to be valid if any standard model that
satisfies all the hypotheses al so satisfies the conclusion.

A deductive system DS is a set of inferences. We usually define the inferences of
a deductive system DS with a small collection of inference rules. These have the
same form as inferences but may contain metavariables that stand for arbitrary
terms and sets of formulas. As before, we use s and t as metavariables for terms;
¢, f, and g for constants; and u, v, and w for variables. In addition, we use ® for
finite sets of formulas. Any instantiation of these metavariables that satisfies an
associated side condition is then a permitted inference of the deductive system.

An inferenceruleiswritten as

PET {R} (inferencerule)
o side condition.
Thenameof theinferenceruleisR. Here @4, ..., &, ® andty, ..., ty, t may con-

tain metavariables. The side condition states the requirements that an instantiation
of the metavariables with actual terms has to satisfy.

An inference with no hypotheses (m = 0) is called an axiom. An inference rule
with no hypotheses is called an axiom scheme of DS. The line that separates the
(empty) set of hypotheses from the conclusion is usually omitted in axioms (but
usually not in axiom schemes).

Deductions
We can construct new inferences from old ones by composition. If

Pty - DL - Dty
Dt

is an instance of inference rule R (and thus satisfies the side condition if thereis
one) and

i1kt Dinltin
D
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is an instance of inference rule R* with a conclusion that is the same as the ith
hypothesis of the first inference, then their composition is the inference

(Dll_tl e q)|’1'_t|'1 e Qiyn'_ti'n e q)n|_tn
Pt ’

which we get from the first inference by replacing the hypothesis ®; F t; with the
hypotheses ®; 1 -t 1, ..., in - tin.

A deduction in DS recordsthe intermediate steps and the inference rules of DS that
we have used to construct an inference. The deduction for the above inferenceis

i1ty Pinktin (R}
Dybty - & o Dnktn (R}
(OB

For eachinference, weindicatetheinferencerul ethat determinesit. Thehypotheses
of this deduction are the sequents that are not conclusions of inferences, and the
conclusion of the whole derivation is ® + t. By composing inferences, we can
build deductions of arbitrary complexity.

A sequent @ + t isatheoremif there exists a proof of it, i.e., a deduction without
any hypotheses and with the sequent as its conclusion.

Deductions can aso be built by composing inference rules rather than inferences.
Inthis case, we are building deduction schemes. One then hasto be careful that the
side conditions of all rules that are used in the deduction are satisfied. Each such
deduction scheme gives us an inference rule where the conclusion isthe final con-
clusion of the whole deduction scheme, the hypotheses are the topmost hypotheses
of the deduction scheme, and the side condition consists of the accumulated side
conditions of the rules used in the deduction. An inference rule arrived at in this
way is called aderived inference rule.

A derived inference rule without any hypotheses is called a theorem scheme. A
theorem scheme may thus have side conditions, and it may contain metavariables
that stand for arbitrary terms or sets of formulas (a theorem cannot contain any
metavariabl es).

3.4 Theories

A theory is determined by a type structure AT, a set of constants SG over AT (the
signature), and a set of inference rules DS (the primitive rules of inference). The
first determines the types that can be formed in the theory, the first and second
together determine the terms and formulas that can be expressed in the theory, and
all three together determine the proofs (and thus aso the theorems and derived
inference rules) in the theory.
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A theory isconsistent if there exists some sequent (over the signature of thetheory)
that cannot be derived. Once we have introduced the notion of falsity F, we can
formulate thisin a more familiar way; atheory is consistent if F cannot be proved
as a theorem within the theory.

A theory is sound (with respect to a given model) if every sequent that can be
proved in it is valid in the model. It is complete (with respect to a model) if any
valid theorem can be proved using the deductive system of the theory.

A theory is extended by adding new types, new constants, and new inference rules.
A theory extension thus makes the language more expressive and may permit new
theorems to be proved. Anything provable in the original theory is, however, also
provable in the extended theory.

Anextension of aconsistent theory need not beconsistent. That iswhy itisdesirable
to extend the theory in a conservative way. An extension is said to be conservative
if it does not extend the set of theorems over the old signature. This means that a
sequent of the original theory can be proved in the extension if and only if it can
be proved in the original theory. The advantage of a conservative extension isthat
it has a standard model whenever the original theory has one. This means that a
conservative extension can never introduce inconsistency.

3.5 Summary and Discussion

This chapter has introduced the basic ingredients of higher-order logic: the syntax
and semantics of typesand terms, the notion of adeductive system, and the notion of
aproof in higher-order logic. The basic notions of soundnessand completenessof a
deductive system have al so been defined, aswell asthenotion of conservativetheory
extensions. For more detailsand two dlightly different formul ations of higher-order
logic, werefer to the books by Peter Andrews[3] and by Michael Gordon and Tom
Melham [62].

Higher-order logic is based on Alonzo Church’s work on a simple theory of types
[48], originally invented asatool for studying the foundations of mathematics. The
central notion of types was first proposed by Bertrand Russell and Alfred North
Whitehead [140] in an attempt to avoid the paradoxesin naive set theory discovered
by Russell.

There are also stronger and more expressive type theories, such as the Martin-L 6f
type theory [99] and the calculus of constructions [49]. These permit subtypes and
dependent types to be expressed quite elegantly. However, typing may then not
be decidable, so correct typing needs to be proved for an expression at the same
time that the properties expressed by the formulas are proved. Thus, the price to
be paid for the added expressiveness is that proofs become more complex. The
semantics of the more expressive type theories are also more complex, and we
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lose the simple set-theoretic interpretation that higher-order logic has. Overall, our
feelingisthat classical higher-order logic closely matchestheintuition of aworking
mathematician, and that the loss of expressive power is not a serious drawback in
practice. The lack of subtypesis perhaps the biggest disadvantage of higher-order
logic, but we will show that there are some rather simple ways of getting around
this restriction.

3.6 Exercises
3.1 Assumethat X andI" aretypesandthat c : X and g : I' — Bool are constants.
Deduce the types of all subterms of the following term:
(AX : Bool- Ay - f.X.C=Q.y) .

3.2 Show that the typing rules of higher-order logic rule out self-application of the
formt.t; i.e., show that aterm can never be applied to itself.

3.3 Wewant to create atheory over asingletype T with the following constants:
P:T— T — Bool ,
A: T — T — Bool ,
and with the following two inference rules:

F ALY F Pt
FAtt F Attt

(a) Write adeduction of = A.x.zfromF P.x.y and P.y.z.

(b) Show that if there aredeductionsof - A.t.t" and A.t’.t” using only thetwo
inference rules above, then there is also adeduction of - A.t.t”.
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4

Functions

We start our overview of the basic axioms and inference of higher-order logic by
studying the rules for reasoning about functions. These are essentially the rules
of simply typed lambda calculus. A method of extending the logic by defining
new constants is described. In association with this we also describe two ways
of introducing new notation without extending the logic: abbreviations (syntactic
sugaring) and local definitions. Furthermore, we consider an important practical
issue: how to present proofsin asimple and readable way. The natural deduction
styleisthetraditional way of presenting proofsand isthe onethat we have described
inChapter 3. However, weprefer an alternative derivational proof style, becausewe
find it more readable and it scales up better to large proofs. The natural deduction
style and the derivational proof style are just two different ways of writing proofs;
the underlying notion of a proof is the same in both styles. Finally, we postulate
a new type constructor that denotes a cartesian product and investigate its basic
properties.

4.1 Properties of Functions

There are basically three classes of rules that we use to reason about functions
in higher-order logic: (1) rules that determine the basic properties of equality, (2)
substitution and congruence rulesfor terms, and (3) conversion rulesfor abstraction
and application. We look at all these rulesin more detail bel ow.
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Equality

Equality is the most basic constant of higher-order logic. The following three
inference rules establish that equality is an equivalence relation.

Tt (= reflexive)

DHt=t @t =t

(= transitive)

PUD Ht=t" ’
dHt=t .
m. (:ernetnc)

There are no side conditions associated with these inference rules. The metavari-
ablest,t’, andt” stand for arbitrary termsof arbitrary type. In particular, thismeans
that the rules are also valid for terms of new types that are added to the logic later.

The transitivity rule is easily seen to hold for an arbitrary number of intermediate
terms:
Oty =t Okt =t3 .- Pt 1=1,
S U---UD_ 1t =1,

The following is a deduction of this (derived) inference rule for n = 4;

oty =t3P3-t3 =14 {=trans}
Ot =1 S, UP31 =1, {=trans.}
OLUD, U3t =14

Substitution and Congruence

The principle of substitution is the general inference rulefor equality. It states that
replacing subterms with equal terms preserves truth:

Y=t dFtvi=t]
dUD Ft[v:=1t]
o t; andt; arefreefor vint.

(substitution)

From this inference rule we can derive a rule that says that replacing equals by
equals preserves equality:

dHH =t
O Ftlv:i=t] =tlv:i=1]
e t; andt; arefreefor vint.

(substitute equals for equals)
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The derivation of this rule uses reflexivity:

{=refl .}
dH1 = ti = t[U = tl] = t[v =1 "] {SUbSt}
O Ftlv:i=t] =tlv:i=1t]

We have here indicated the subterm that is replaced in the substitution within
quotation marks (“ t; ). The quotation marks have no other significance; they
serve only to emphasize the part of the term that is being changed.

A function associates a unique value with each argument: if the arguments are
equal, then the values of the function on these arguments must also be equal. This
is expressed by the following inference rule:

_orU=t" (operand congruence)
iU =tt P g

In higher-order logic, there is also another possibility: we can have two different

terms that describe the same function. If these two terms are applied to the same

argument, the values should again be equal:

PH =t

BETI=01 " (operator congruence)

Operator and operand congruence areboth easily derived fromtherulefor replacing
equals for equals.

Abstraction also preserves equality, as stated by the following rule of inference:

Ot =t
P Qvet)=(Qv-t)
e visnotfreein ®.

(abstraction)

The side condition states that this rule may be used only with sequents where the
variable v does not occur free in any formula in ®. That the side condition is
necessary is seen fromthe sequent x = O+ x + 1 = 1. Thisisobviously true, but
it does not follow that the function (Ax « x + 1) isthe same asthefunction (Ax « 1),
because the equality of the function values is established only in the specia case
when x = 0.

Symmetry and transitivity of equality can be proved from the other rules that we
have given. Symmetry is proved using reflexivity and substitution:

{= reflexive}
dHt=t OH*t" =t {Substitution}
bt =t

In asimilar way, transitivity is proved using only substitution (Exercise 4.3).
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Conversion Rules

Thelambda cal culus conversion rules provide the basic mechanism for manipul at-
ing terms that denote functions. Two terms are considered equivalent if they differ
only with respect to the naming of bound variables. In other words, the names of
the bound variables are not significant. This property is expressed by the rule of «
conversion:

FGwet) = Qw-tv:=w]) (o conversion)

e w does not occur freeint.

Anexampleof thisruleisthat (AXx « Xx+Y) = (Az+ z+Y). However, (AX * X+Y) =
(Ay » y+y) does not follow by thisrule (and indeed, is not true), because y occurs
freein (x + y). Remember that t[v := w] standsfor the substitution of variable w
for all free occurrencesof v int. The side condition guaranteesthat no freevariable
w in't becomes bound when we replace v with w.

The 8 conversion rule gives the basic property of function application:

Fw-t)t =tv:=t] (B conversion)

o t'isfreeforvint.
An example of thisruleisthat (AX « X + Y).(y+ 1) = (y+ 1) + .

Ignoring the side condition for 8 conversion is a common error in manipulating
lambdaterms. Consider as an example the term (AX « (Ay + X)).y. If we carry out
the B conversion without considering the side condition, weget (AX * (Ay « X)).y =
(Ay - ), i.e, the identity function, which is obviously wrong (we should get the
function that returns y for any argument). The free variable y has become bound
in the resulting expression. Thus, we cannot apply the g-conversion rule directly
to simplify thisterm.

The correct method is first to use o conversion to replace the bound variable y
with another variable z that does not occur elsewhere in the formula, and then
use B conversion and transitivity to establish the required result. In practice, «
conversion is a basic step that is usually applied directly to a subterm, without
further explanation.

The n conversion rule expresses that any termt : X — I' can be written as an
abstraction of an application:

Fv-to)=t (n conversion)

e visnotfreeint.

An example of thisruleisthat (AX « (Az+ 2+ y).X) = (Az+ 2+ Yy). We can
understand the n conversion rule asessentially stating that abstractionistheinverse
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of application: application followed by abstraction is the identity transformation.
The B conversion rule describes the converse situation, i.e., abstraction followed
by application.

Finally, we have the principle of extensionality: two functionsare equal if they give
the same value for each argument in the domain:

dHtv=t.w
OrHt=t
e v NoOt freein @, t ort’.

(extensionality)

The requirement that v not be free in & means that v is not restricted by the
assumptionsin ®; i.e., ® issatisfied by any valuefor v. Theextensionality principle
and the rule of operand congruence together state that two functions are equal if
and only if they give the same value for each argument in the domain.

We can prove extensionality from the more basic rules. Assumethat v isnot freein
@, t, ort’. Figure4.1 showsthe deduction for the extensionality inferencerule. The
left subderivation uses n conversion and symmetry, the middle subderivation uses
abstraction, and the right subderivation again uses n conversion. The conclusion
follows by transitivity. The assumptions guarantee that the side conditions for
abstraction and n conversion are satisfied in this deduction.

4.2 Derivations

The format for deductions that we have given above shows the structure of the
argument quite clearly but is not suitable for writing larger deductions (either
deductions with many inference steps or deductions where the terms are large),
as should be evident from the proof of extensionality given here. We therefore
introduce an alternative format for writing deductions that scales up better and that
we choose as the main format for writing proofs throughout the rest of the book.
This format is based on a few simple notational conventions: writing inference
rules and deductions sideways with indentation to show hypothesis and subproofs,
using assumptions with scope to avoid repeating the same assumption over and
over again in a deduction, and identifying the specia role that transitivity and
substitution play in deductions. We refer to deductions in the format we propose

FQvetv) =t dHtv=tw
Ft=Qv-t) dF Avetv)=(Av-t.v) FQuetv) =t
dHt=t

FIGURE 4.1. Deduction of extensionality inference rule
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here as derivations or calculational proofs. We emphasize that a derivation is just
an aternative way of writing deductions; the basic notion of a deduction is not
changed.
Consider a deduction of the form

D, D, :
dHt=t
We can write this deduction sideways, as follows:

d
t
= {rule name}

e D
e D,

D
™_{rule name} .

e Dp
.t/
wherewe assumethat the subdeductions D1, Do, . .., Dy areaso written sideways
in the same way. Thus, rather than presenting the deduction as an upward-growing

tree, we present it as a nested outline structure, with subdeductions shown as
indented deductions.

This format contains exactly the same information as the usua format, but the
information is arranged in a different way. Each part of the conclusion (the as-
sumption, the first term, the equality symbol, and the second term) is written on a
line of its own. The equality symbol is decorated with the name of the rule. The
subdeductions are written indented one step to the right (each one marked with a
bullet o). We add a small dot in front of the second term when necessary to show
the nesting more clearly. This dot has no semantic meaning.

In most cases the hypotheses have the same assumptions as the conclusion in an
inference. In such cases, the assumptions in the hypotheses are omitted, to make
the proof more concise. If a hypothesis adds some formulas to the assumptions
of the conclusion, then only the added assumptions are shown for the hypothesis,
within square brackets (examples of thiswill be shown in later chapters). In both
cases, the turnstile symbol I is omitted. The turnstile symbol is used only when
we want to list the exact set of assumptions that are made for a hypothesis (thus
overriding the present scoping assumption).

On the abstract level of an inference rule, where a single symbol @ isused for the
assumptions, this may seem like asmall gain. However, in real proofs the assump-
tions may be very large formulas, and the gain is considerable. M ost repetitions of
assumptions are implicit with this convention, and the proof is compressed con-
siderably. The convention is quite intuitive in the sideways format, where we can
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think of the assumption as having a scope that covers al nested subderivations
(unless the implied assumptions are explicitly replaced by a new set of assump-
tions, marked by the turnstile symbol). An assumption in square brackets adds a
new assumption to the assumptions already in force, so it isalocal assumption.

Thereal advantage of the notational conventions above come when we also permit
inference steps to be strung together by transitivity. Consider the following proof:

DD, {Rd} DD, {Ra} DDnm {Rm}
q)'_t():tl CDI—'[]_:tZ qD"tm,]_:tm {T}
D Ftg =ty
where DD1, DD, ..., DDy, are the subdeductions for each inference step (so

each DD; isalist of subdeductions D; 1, ..., Dip,). Note that the assumptions
® are the same in each hypothesis. We write this proof in the sideways format as
follows:

- to

={Ry}
DD,

. tl

={Ry}
DD,

cty

* tnoa
= {Rm}
DDm

<t

Transitivity is used implicitly in this derivation. We interpret the whole derivation
as a proof of the statement ® + ty = tn,. The inference step that explicitly states
® F ty = tyn (by trangitivity) is omitted. This format is more economical than
the original proof format, because the intermediate terms t; are written out only
once, while there are two occurrences of these terms in the original format. This
again becomes important when the terms are large. Besides transitivity, we also
usereflexivity and symmetry implicitly in derivations, asillustrated in the example
bel ow.
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Example: Extensionality

The proof of extensionality is asfollowswhen written as a derivation. The hypoth-
esisis® - t.v = t'.v (recal that we assumed that v is not freein @, t, ort’). We
have that
)
Ft
= {n conversion; side condition satisfied by assumption}
(Av-t.v)
= {abstraction, v not freein @}
o tuw
= {hypothesis}
t'v
- (A-t')
= {n conversion; side condition satisfied by assumption}
t/

Wealso use symmetry of equality implicitly: n conversion statesthat (Av-t.v) = t,
but our derivation uses equality in the opposite direction in thefirst step. Note also
that the assumptions ® are availablein the subderivation, so the hypothesisisreally
dHtv=t"o.

The nested derivation in the exampleistypical of this proof technique. In proving
that (Av - t.v) = (Av - t'.v), we focus on the subcomponent t.v of the first term
and show that t.v = t".v. This establishes the outer-level equality by abstraction.
In this example, the nested derivation is the hypothesis of the whole proof, but in
general, we could have alonger proof here. If anested derivation is obvious (e.g.,
using reflexivity), we may omit it and simply state its conclusion as a comment.
The nested subderivation here is actually too short and obvious to be indicated
explicitly. In such cases, it is sufficient to indicate the subterm being replaced and
explain the subderivation in the justification. The derivation is then as follows:

P

Ft

= {n conversion; side condition satisfied by assumption}
(Av+“tv")

= {abstraction, v not freein ®, hypothesis}
(v -t'v)

= {n conversion; side condition satisfied by assumption}
t
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Thederivational proof format showsthe proofs of hypothesesin-line, indented one
step totheright. Thisworksaslong astheindented proof is short. Deeply nested or
long subproofs make the derivation difficult to follow. It is then better to make the
proof of the hypothesisinto a separate lemmathat is proved either before or after
the main proof. Alternatively, one can use a word processor with an outliner to
construct the derivations. The outliner permits nested derivations to be hidden and
shown as required and thus allows a better overall view of the whole derivation.
An even better alternative is to have a proof editor with outlining capabilities, so
that the correctness of the inference steps can also be checked mechanically.

4.3 Definitions

Themost secureway of extending atheory isto definenew constantsexplicitly. This
isaconservative extension, so the consi stency of the extended theory isguaranteed.
We describe this method of extending atheory bel ow, together with another simple
mechanism, the use of local definitions.

Constant Definition

A new constant can be added to atheory by giving an (explicit) constant definition
of the form

c & t, (constant definition)

wheret is aclosed term. The definition adds the new constant ¢ to the signature,
and the new axiom

Fc=t

totheinferencerules. Explicit constant definition isaconservative extension, since
the added constant ¢ has the same denotation as the term t. This means that any
proof that uses the constant ¢ can be rewritten as an equally valid proof that usest
instead of c.

An example of an explicitly defined constant is the function composition operator
o (written infix). It istyped as

o:(IT->AN—->EZ—-0I—>E&E—> A,
and its definition is

A

o = (Afgx-f(gx). (backward function composition)

Thefollowing variation on g conversion can be used to unfold an explicit constant
definition:
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dFt= Qv - vpet)
LON ol Y PRI =t/[v1,...,vn :=t1,...,tn]
e none of thetermst; contain any of the v; free.

(use of definition)

We derive thisinference rule for the special casen = 1. Let the hypothesis be that
® -t = (hv-t) and assume that v is not freein t;. We then have the following
derivation of the inference rule:
P
Ftty
= {substitute equals for equals, hypothesis}
(Av-t).ty
= {B conversion}
t'[v:=1]

An explicit definition of afunction constant is often more readable if we write the
arguments on the left-hand side, writing c.v = t rather than ¢ = (v - t). These
two ways of writing definitions are equivalent, in the sense that either one can be
derived from the other.

As an example, we define the identity function and forward composition (written
infix) of functions and give an alternative definition for backward composition of
functions:

idx = X, (identity)
(feg)x = g.(fx), (forward composition)
(go f).x £ g.(fx) . (backward composition)

Here typing requires that f and g be functions, where the result type of f isthe
same as the domain type of g.

Abbreviations

Analternativeway of introducing new constructsinto thelogicisby using syntactic
sugaring, or abbreviations. The syntax of higher-order logic is very terse; this
makes the logic conceptually simple, but terms can be difficult to read. We can
increase readability by introducing conventions that allow us to write terms in
anew way. This does not extend the signature; it merely adds a layer of “pretty-
printing” ontop of thelogic. Thislayer isvery shallow; itisalwayspossibleto strip
it away and work with the underlying pure termsif one wantsto do that. However,
by also stating inference rulesin the sugared syntax, we can actually work on the
abbreviation level all thetime, forgetting compl etely about the pure syntax. We use
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abbreviations quite frequently in the subsequent chapters, in order to get areadable
syntax for program constructs. We have already seen some example of syntactic
sugar, e.g., the infix notation used for equality and function composition.

Local Definitions

A very useful example of syntactic sugaring is local definitions. We define the
following abbreviation:;

(letv=t'int) = (w-t)t .

Thisgivesusaway of writing termswith akind of local context. A (sub)term of the
form (let v = t"in t) can alwaysberewritten as (Av - t).t" (and then 8-converted).
However, by using thelet syntax we indicate that the term isgoing to beused in a
specific way; we do not intend to rewrite it using 8 conversion.

An example of alocal definitionis
(let f=@Gx+x+1in fof).
We have by the definition that
(let f=@Gx+x+1)in fof).0
= {local definition}
(Afefof)(Ax-x+1).0
= {B conversion}
(AX*X+1o(x+x+1).0
= {functional composition}
(AX+X+1).(“ Ax+x+1).0")
= {B conversion and simplification0 + 1 = 1}
(Ax+x+1.1
= {B conversion and simplification 1 + 1 = 2}
2

A typical useful property that can be expressed nicely inthissyntax isthefollowing:

Fletv=tint) =t (vacuous let)

e v Not freeint.

Local definitions aso distribute into applications:

F(etv=1"in t1.t)) = (letv =t"in ty).(letv =1’ in 1)
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4.4 Product

and they distribute into lambda abstractions under certain conditions:

Fdetv=tin(Ay-t)) = (Ay-letv =t"in t)
e ynotfreeint’.

Thelet construct is useful for introducing temporary (local) names for subterms
inside aterm. This makes it possible to structure terms in away that makes them
easier to read.

Type

Lambda abstraction permits usto describe functions over one variable. In practice,
we very often need functions over two or more variables. There are essentially two
different ways of describing such functions. Either we define functions over tuples
directly, where tuples are elements of a product type, or we use currying. In the
first case, afunction for summing two natural numbers is written as

f.x,y) = x+vy.

Here (x, y) is an element of the cartesian product type Nat x Nat, and f itself
is of the type Nat x Nat — Nat. In the second approach (currying), we write the
function as

fxXy = x+vy.

Inthiscase, f isof thetypeNat — Nat — Nat. This approach uses higher-order
functionsin an essential way: f.x isafunction of type Nat — Nat. The advantage
of currying is that we can aso talk about functions for which only part of the
arguments are given; e.g., f.x stands for the function (Ay - X + y) : Nat — Nat.
Thisis useful in many situations, as we will notice, so we will in general prefer
currying for functionswith many arguments. However, the other approach also has
its merits, aswill aso become evident later on.

We extend the type structure of higher-order logic with product types, which stand
for cartesian products of types. Product types are added to higher-order logicinthe
form of a binary type operator x (written infix). The operator x associates to the
right, so X; x ¥, x X3 abbreviates X3 x (X2 x X3) (so atripleisreally anested
pair). We also assume that the product constructor binds more strongly than the
function constructor, so X — I' x A standsfor X — (I" x A). The product type
31 X X stands for the cartesian product of the sets denoted by X; and X,. Thus
Nat x Nat — Nat x Nat denotes functions on pairs of natural numbers.

In order to make use of products, we extend the logic with three new constants.
Elements of the product ¥ x I' are constructed using the pairing function (pair:
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¥ - I' > X x I'). In addition, we introduce projections (fst : ¥ x I' — ¥ and
snd : X x I' = I'). We use an infix comma for pairing, writing t, t’ for pair.t.t’.
We postul ate the following properties for the product operations:

F (fst.X, snd.X) = X , (pairing)
Ffst.(X,y) = X, (projection 1)
Fsnd.(X,y) =V, (projection 2)
FX,yy=X,y) = x=x Ary=Yy . (congruence)

Thefirst three axioms state that pairing and projections are inverses of each other.
Thelast one statesthat pairing isacongruence and that equality on pairsisuniquely
determined by equality on its components. We assume that pairing associates to
theright, so that (t,t’,t”) standsfor (t, (t’,t”)).

We introduce a special paired abstraction for products:

AUz, vl 1= (paired abstraction)
(Aw : X x I'«t[u, v :=fstw,snd.w]) ,

where w is an arbitrary variable that does not occur free in t. Since the syntax
of higher-order logic does not allow paired abstraction, this is syntactic sugar;
we can write terms with paired abstraction, but such a term always stands for a
corresponding term in the basic syntax. The definition may not seem to be unique,
but the «-conversion rule shows that it does not matter how we choose w.

The paired abstraction (ru, v -+ t) introduces names for the components of the
product, which can then be used inside the term, thus considerably simplifying the
term. An example of paired abstraction is the function

(An:Nat,n’ :Nat-n+n’) ,

which maps pairs (n, n’) of numbersto the number n+ n'. It is convenient to write
thisexpressionas (An, n’ : Nat- n+n’); i.e., thetypeindication is given only once
for the preceding list of bound variables. Without paired abstraction wewould have
to writethisterm as (AX : Nat x Nat ¢ fst.X + snd.X).

The conversionrules(«, 8, and n conversion) can be generalized to paired abstrac-
tions. Thus, we have the following:
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O QAU vet)=QU, v - tfu,v:i=U,V]) (o conversion)
e U and v’ do not occur int,

D= (AU, vet).(t, 1) =tlu, v i=ty, t] (B conversion)
e tyisfreeforuandt, forvint,

®F (AU, vet.(u,v) =t ( n conversion)
e U and v not freeint.

Note that these rules work directly on the syntactically sugared terms. Exactly as
for infix operators, this shows that we do not need to rewrite sugared terms into
the basic syntax in order to do manipulations.

Therules above are easily justified using the basic conversion rules. For example,
paired g conversion isjustified as follows:

)

F (wu, v e t).(tg, to)

= {definition of paired abstraction syntax}
(Aw - t[u, v ;= fst.w, snd.w]).(ty, t2)

= {B-conversion}
t[u, v ;= fst.w, snd.w][w = (11, t2)]

= {properties of substitution; w not freeint}
t[u, v ;= fst.(ty, tp), snd.(tz, t2)]

= {properties of projections}
tlu, v i=tg, to]

4.5 Summary and Discussion

We have presented the fundamental rules that are needed for proving properties
about functions. Therulesfor equality formalize the fact that equality is an equiv-
alence relation. The substitution and abstraction rules formalize the principle of
substituting equals for equals. Finaly, the «, 8, and n conversion rules formalize
the basic notions of abstraction and application, and show how they are interde-
pendent. These rules for functions are not specific to higher-order logic; they are
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the general rules of the simply typed lambda cal culus, also dueto Church [48]. An
overview of various lambda calculi is given by Henk Barendregt [37].

We haveintroduced derivationsasan alternativeformat for writing proofs. Thisfor-
mat isbased on afew simple observationsthat permit a one-to-one correspondence
to be established between proofsin the style of natural deduction and derivational
proofs. This derivational style isused for proofs throughout the rest of the book.

Derivations as described here are inspired by the calculational proof format intro-
duced by van Gasteren, Dijkstra, and Wim Feijen and advocated by many computer
scientists [54, 66, 60]. Although similar in spirit to their proof style, our approach
differsin someimportant aspects from theirs. The basic underlying framework that
we useis a sequent formulation of natural deduction for higher-order logic, while
their proof style is based on Hilbert-style proofs. They combine the proof steps
with a pointwise extended ordering relation, whereas we permit only simple order-
ing relations between proof steps. We also allow nested derivations in the proof.
Nested calculational proofs have been proposed by, e.g., Jan van de Snepscheut,
who suggested embedding cal culational proofswithinthe comment brackets[131].
The approach taken hereis more direct, in that the derivations are directly givenin
anested (outline) format.

The use of nested derivations is a big advantage when the terms become larger.
Thisisthe case with program derivations, where the terms are program statements.
The proof style developed here also lendsitself quite nicely to machine-supported
presentation, browsing, and construction of proofs. Work in this direction has been
done by Jim Grundy and Thomas Langbacka [70].

4.6 Exercises

4.1
4.2

4.3
4.4
4.5
4.6
4.7

Write the proof of the rule “ Substitute equals for equals’ as alinear derivation.

Derive the rules of operator and operand congruence from the rule for replacing
equals for equals.

Derive the transitivity rule for equality using only the substitution rule.
Derive the rule of n-conversion using other rules given in this chapter.
Show that the function composition operation o is associative.
Derive the inference rules given for the let construct.
We define the constant twice by

twice = (Af x - f.(f.x)) .

(8) What isthe type of twice?
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(b) Simplify (twice o twice).(AX * X + 2).3 (note that this is not a case of self-
application).

4.8 Definethree constants (known as combinators) as follows:

Ix = x,
S.f.gx = fx.(gx) ,
Kxy = x.

(a) What arethe typesof |, Sand K?

(b) Provethat | = S.K.K.

4.9 Assumethat T isatypeandthate : T,inv: T — T,and+: T — T — T (infix)
are constants satisfying the following rules:

Fs+t+u=(6+t)+u’

Fste=s

’

F s+invs=e

dFs+t=e
d + t=inv.s

Provet inv.(s+t) = inv.t + inv.s by aderivation.
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States and State Transtormers

Imperative programs work by making successive changes to a state. In the intro-
duction we assumed that an agent has available a collection of functionsthat it can
apply to a state in order to change the state in some desired way. By composing
such state functionswe can describe more complicated state changes. Thisgivesus
afirst, very ssimple model of programs, where a program is seen as atotal function
from aset of initial statesto aset of final states.

The state in imperative programsis really an abstraction of the computer memory;,
wherevaluescan be stored inlocations and subsequently read from theselocations.
A program variableis essentially an abstract location. Wewill show in this chapter
how to formalize the notion of program variables in higher-order logic and give
some basic properties of program variables. At the same time, this chapter serves
as an illustration of how to use the axioms and inference rules for functions that
we developed in Chapter 4 to reason about states and state changes.

5.1 State Transformers

A function from states to states describes a state change. In principle, any typein
higher-order logic can be used as a state space. The types that we have introduced
thus far are, however, rather poor at modeling the often very complicated aspects
of states that we meet in practice. We therefore prefer to use states with program
variables as described in the next section to model more complicated states and
computations.

A state change may bewithin asingle state space or from one state spaceto another.
Let ¥ and I' be two state spaces. A function f : ¥ — T isthen called a state
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transformer from X to I" (afunction f : ¥ — I' where X is aconsidered as a
state space but ' is not is called a state function). A state transformer category
is a category where the objects are state spaces and the morphisms are functions
between these state spaces. The identity function is the identity morphism, and
forward functional composition is the composition of morphisms:

id , (1 of state transformers)
feg. (; of state transformers)

A
A

f:g
Composition and identity satisfy the category requirements:

(feg)eh = fe(geh) (; associative)
ide f = f and feid = f (id unit)

A morphism thus maps states to states. In this case, the two arrow notations f :
¥ — I' (function) and ¥ N I' (morphism) stand for the same thing.

A statetransformer category isdetermined by acollection of types(state spaces) and
acollection of state transformersthat includestheidentity statetransformersonthe
state spaces. In addition, we require that the composition of two state transformers
in the category be again a state transformer in the category.

In particular, let Trany be the state transformer category where the collection X
of types forms the objects (state spaces) in the category and the morphisms are
defined by

Trang (S, T) 2 £ —> T, (state transformers)

where T and I are state spaces in X. Thus, the morphisms from X to " are all
functions f : ¥ — I'. In what follows, we will simply write Tran for Tranyx when
the specific collection X of typesis hot important.

5.2 State Attributes and Program Variables

A program state will usually need to record a number of different aspects or at-
tributes of the computation domain, which are then manipulated in the program.
An attribute of type I' over state space X is a pair (g, h) of functions, where
g: X — Iisanaccessfunctionand h : I' - X — ¥ isan update function.
Givenastate o, g.o givesthevalue of the attributein this state (the valueis of type
), whileh.y.o isanew state that we get by setting the value of the attribute to the
value y. The access and update functions of an attribute are accessed by the two
projection functions fst and snd. However, to make it easier to remember whichiis
which, we will define two new functions, val = fst and set = snd, as aternative
names for the projection functions, so that val.(g, h) = g and set.(g, h) = h.
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A sequence of updates to a state o, with x; first set to az, then x; setto ap, .. .,
Xm Set to am, is described in terms of forward composition as ((set.x;.a;) e - - - o
(set.Xm.a8m)).o . Inthe category of state transformers, thisiswritten as (set.x;.a; ;
-+ - ; set.Xm.8m).o . We prefer the latter notation for composing state transformers.

Consider an attribute x. Setting this attribute to a specific value and then accessing
the attribute should yield the same value; i.e.,

val.X.(set.x.a.0c) = a. €]

We also expect that the attributes can be set independently of each other. In partic-
ular, this means that setting the value of an attribute x does not change the value
of attribute y when x # vy :

val.y.(set.x.a.0) = valy.o . (b)

Next, an attribute can record only one value, so if we set the value of the attribute
twice in succession, then only the last value is stored. This can be captured by the
requirement

set.X.a;set.x.b = setx.b. (©

Also, the order in which two different attributes are set should not matter, so we
require that

set.x.a;set.y.b = sety.b;setx.a. (d)

Finaly, we expect that setting an attribute to the value it already has does not
change the state:

set.X.(val.X.c).0c = o . (e

Distinct attributes X, ..., X, are called program variables if they satisfy these
independence requirements for any choice of x and y astwo different attributes x;
and x; in thislist. The independence requirements essentially state the properties
of an abstract memory with independent locations for storing values, where each
location is associated with a specific type.

We often use a single name for alist of distinct state attributes, X = Xy, ..., Xm.
Property (d) shows that it makes sense to write set.x.a.o if a is a correspond-
ing list of values. Similarly, val.x.c can be used to stand for the list of values
val.X1.o, ..., val.Xm.o.

We can use these axioms to determine the value of a program variable in a given
state. For instance, assume that wefirst set x; to 3, then x, to 5, and then finally set



88 5. States and State Transformers

X1 to 0. What is the value of program variable X, in the resulting state? We have

val.Xp.((set.X1.3; “ set.X».5; set.X1.0”).0)

= {property (d), associativity of functional composition}
val.Xo.(* (set.X1.3; set.X1.0; set.x2.5).0 ")

= {definition of forward composition}
val.Xo.(set.X2.5.((set.X;.3; set.X;.0).0))

= {property (a)}
5

Since we have postulated axioms for state attributes, we need to show that they do
not introduce inconsistency into thelogic. To show that the axiomsfor acollection
X1: 21, ..., Xm . Xm Of attributesisconsistent, it issufficient to consider themodel
where¥ = X3 x - - - x Iy isthe state space and x; isthei th projection function on
3. Furthermore, it is possible to show that the axioms are complete with respect to
this model, in the sense that any state changein ¥ can be described as a sequence
of state changes using update functions set.x; (in fact, in anormal form where no
attribute is updated more than once), and any state function f : ¥ — A can be
described as a function over the access functions.

Expressions

A central use of program variables is in assignment statements like x := X + .
Intuitively, this says that (the value of) program variable x is changed to the sum
of (the values of) program variables x and y. In terms of attributes, this means
that the state o is changed by setting the attribute x to a new value a, where
a = val.X.o +val.y.o. Thevalue a depends on the state o, so the expression x + y
is afunction from states to values.

An expression e on state space ¥ is determined by the following grammar:

e = gl|y|f.e. - .en.

Here g isan accessfunction, g : ¥ — T, y isavariable (nhot a program variable),
and f is some (function) constant. We denote the pointwise extension of y to a
state function on X by y, wherey = (Ao : X - y). The pointwise extension of f
isdenoted by f and is defined for m > 0 by

f.fr--.fmo = f.(fr.o). - .(fm.o) .

A boolean expression is an expression of type ¥ — Bool, a natural number
expression is an expression of type ¥ — Nat, and so on. An expression is thus
simply aterm of higher-order logic that is built in a special way.
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The pointwise-extended variable y permits us to have free variables that are
not attributes in expressions. This will be needed later on, when we consider
guantification of boolean expressions.

An expressionisthus constructed out of access functions, pointwise-extended vari-
ables, and poi ntwi se-extended operations. We have earlier used poi ntwi se-extended
operations in connection with pointwise extension of lattices. Our definition of f
generalizes thisto operations with any number of arguments. For instance, we can
define the pointwise extension of arithmetic operations by

0o =0
lo = 1
(—f).o = —(fro)
(f1 4+ fo).o = (fr.o0)+ (f.0)

An example of an expression written in infix notation is
@-D+(@+2.
This expression contains two access functions, g; and g»; the pointwise-extended

variable z; the pointwise-extended constant 1; and two pointwise-extended binary
operations, + and —.

Simpler Notation for Expressions

Explicit indication of pointwise extension becomes quite cumbersomein practice.
Remember that aconstant isdetermined by itsname and itstype. Hence, we arefree
to use the same name for both the function constant ¢ and its pointwise extension
¢, because these two constants have different types. Thus, we can define 0.0 = 0,
lo =1, (—f).o = —(fr.0), (f1 + f2).0 = (f1.0) + (f2.0), and so on, just
as we did when extending lattice operations. We drop the explicit indication of
pointwise extension when the type information is sufficient to determine that the
operations must be pointwise extended. Thus, we can write the above expression
in amore standard way as

-D+(@+2 .

The access functionsthat we use in an expression on X are the access functions of
the attributes that we assume for the state space . Thus, if we assumethat  has
attributes x4, . . ., Xm, then the access functions for * are val.xq, . .., val.Xym. The
expression would then be written as

(val.xg — 1) + (val.X2 + 2)
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assumingthat g; and g, aretheaccessfunctionsof attributesx; and x,. In practice, it
iscumbersometoindicatetheaccessof each attribute explicitly. Most programming
languages therefore have the convention that the attribute name also stands for the
access function of the attribute. We follow this convention by postulating that for
any attribute x we also have an access function with the same name x (both will
usually be assumed to be variables) such that

X = valXx . ®)

Note that on the left-hand side we have x : ¥ — T' and on the right-hand side
X: (X —>TI)x T - X — X), sothetwo variables have the same name but
different types; hence they are two different variables. We will choose this as our
last assumption about program variables.

With assumption (), we can finally write the expression in a standard form, as it
would be written in most imperative programming languages:

X1-—D+Xx2+2) .
We will assume that expressions are written in this way, using access functions x
directly, rather than going viathe attributes (val.x).

As expressions are just ordinary terms of higher-order logic, we can prove prop-
erties of expressions in the usual way. As an example, consider proving that
(X +Yy) — y = X. We have that

xX+y) -y
= {n-conversion}
(Ao (X+Yy)—Vy).0)
= {pointwise extension}
(Ao« (X.0 + Y.0) —Yy.0)
= {arithmetic}
(Ao * X.0)
= {n-conversion}
X
Note that the justification “arithmetic” is used for an equality of the form (a +
b) — b = a, onthelevel of natural numbers, while the equality that we prove has

the same form but on the level of expressions. In Chapter 8 we will show how this
kind of proof is generally donein asingle step.

Assignment

The update operation is a simple form of assignment, where an explicit value is
assigned to an attribute (used as a program variable). More generally, we want to
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permit an attribute to be assigned the value of an expression. L et e be an expression
and let x be an attribute. We define the assignment (x :=e) : ¥ — X to bethe
following function:

(X:=€).0 = setX.(e.0).o . (assignment)

An example is the assignment x := X + y — 3, which maps an initial state o to
afina state 0’ = set.x.a.0, wherea = X +y — 3).0 = X.0 + y.o0 —3) =
(val.x.o + val.y.c — 3). For attributes z # X, we have val.z.c’ = val.z.o if the
independence axioms are assumed to hold.

The assignment permits us to express independence axiom (€) more nicely as
X=x) = id.

Axioms (a)—(d) allow us to prove aresult like (X := a) ; (X := X) = (X = a),
showing that an assignment of the value of an attribute to the same attribute is
the identity function if the component has been assigned a value at least once.
However, we cannot deduce (x := X) = id from the other axioms, i.e., that the
sameassignment isan identity also when it isthefirst assignment to the component
(Exercise 5.2).

The assignment is easily generalized to permit an assignment to alist of attributes,
so called multiple assignment:

Xty ..., Xm = €1, ...,6m).0 =
(set.Xy.(e1.0) ; set.Xo.(6.0) ; ... ;set.Xm.(€n.0)).0 ,

where the attributes xq, ..., Xm must be distinct. The distinctness requirement
implies, by independence property (d), that the order in a multiple assignment
does not matter (Exercise 5.4):

(X1, X2 :=€1,8) = (X2, X1 =6, €) .

The assignment statement is built out of an attribute x and an expression e. Hence,
we can apply the principle of operand congruence to assignment statements to
determine when two assignment statements are equal. This gives usthe rule

dle=¢
P X:=€) =(X:=¢€)

In fact, we can say something even stronger about the equality of two assignment
statements, as will be shown in Section 8.4.

5.3 Reasoning with Program Variables

L et usnext consider how to establish properties of expressionsand state transform-
ersthat are described in terms of program variables. Let P,.x stand for assumption
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(a) for attribute x, Py,.x.y for assumption (b) for x and y, and so on. We write
Vaer:Fl,...,Xm Fm

for the set of properties assumed to hold for program variables x4, . . ., Xm. More
precisely, this set consists of the assumptions

PaXi, Pe.Xi, PeXi, X =val.X, i=1....,m,
that hold for each attribute x; , and the assumptions

Po.xiXj, Paxixj, i=L....mj=1....mi#j,
that hold for any pair x;, X; of attributes.

These assumptions arise from independence assumptions (a)—€) together with
assumption (f), by choosing x and y in all possible ways as two distinct attributes
X and xj.
We establish aproperty liket = t’, wheret and t’ are two expressions or two state
transformersin program variables xq, . . . , Xm, by proving that

varXy,...,Xm F t=1t".

Thus, in proving the equality of the two terms, we may assume that the indepen-
dence assumptions hold for attributes x, . . . , Xy, that occur in the terms.

Higher-order logicismonotonic, in the sense that adding assumptionsto atheorem
(sequent) produces a new theorem. This s reflected in the inference rule

[ON R
Dt -t
In the context of program variables, this means that if we have proved a property
liket = t’ for program variables xq, . . ., Xm, then this property will hold also if

we assume that there are more program variables on the state. In other words, we
have

var Xy, ..., Xm H t =t/
var X, ..., Xm, Xm1, ..., Xn = t =1t

Another simple inference rule that we need when reasoning about program vari-
ablesisthefollowing:

var Xq, ..., Xm H t
var Xg, ..., X b t[Xa, oo Xm i= X, X
We assume here that the new attributes x;, . . ., x/,, are al distinct and are free for
X1, - .., Xm int. Thismeans that we are free to replace the program variables with

new program variables: the corresponding properties will till hold for the new
program variables. Thisinferenceruleisal so an easy consequence of theinference
rules that are introduced in the next chapter.
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Theorem 5.1

Substitution Property

Thefollowing result (the substitution lemma) turns out to be of central importance
to reasoning about programs with attributes and expressions.

Assume that x and y are state attributes. Furthermore, assume that e and f are
expressions over X, Yy, both of the same type as x. Then

varX,y - e((x:= f)o) = gx:= flo .

Notethat on theleft-hand sidewe havethe assignment operation x := f, defined by
(X := f).0c =set.x.(f.0).0, while on the right-hand side we have a substitution,
wheretheterm (expression) f issubstituted for variable x in the term (expression)
e. We can use substitution on the right-hand side, because x is an access function,
i.e., avariable (of function type).

Proof The proof isby structural induction. First, assumethat eisjust an attribute.
If eisaccess function x, then we have

X.(set.X.(f.0).0)
= {attribute properties (a), ()}

f.o
= {property of substitution}
X[x = fl.o

If eisan attribute y that is different from x, then we have

y.(set.x.(f.0).0)

= {attribute properties (b), (f)}
y.o

= {property of substitution}
y[x:= fl.o

If eisa pointwise extended variable y, then we have

y.((X:= f).0)

= {definition of y}
y

= {definition of y}
y.o

= {y has no subterms}
y[x:= fl.o

Finally, assume that e is an expression of the form g.e;.---.ey, m > 0, where
€1, ..., &y areexpressions, and that thetheorem holdsfor ey, . . ., ey, (theinduction
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hypothesis). Then we have that
(g.€1.---.en).(set.x.(f.o).0)
= {definition of pointwise extension, o’ = set.x.(f.0).0'}
g.(e1.0") - .(Em.0")
= {induction assumption}
g.(e[x = fl.o). - .(en[Xx = fl.o)
= {definition of pointwise extension}
(g.e[x:=fl.---enx= Do
= {property of substitution}
(g.e.---.epx:= flo
Thislast case covers also the case when e is a constant, by choosingm = 0. O
Note that the assumptions in var x, y form a subset of var X, y, 7y, ..., Zy, for

any collection of additional attributes z;, ..., zy. Therefore, the proof will in fact
establish

varXg, ..., X, F e(x:= f)o) = €x:= flo

for any collection of program variablesthat includes x, y. Thisisthe monotonicity
principle that we aready referred to above.

Thefollowing is a simple example of the use of this lemma:

varX,y:Nat - (X-y).(X:=X+Y)o) = (X+Y) Yo .

The substitution lemmaisimmediately generalized to multiple assignment, asfol-

lows. Assumethat X, . . ., Xm areattributesof X, eisanexpression,and fq, ..., fi
are other expressions, where f; isof the sametypeasx;, fori = 1,..., m. Then
varXy, ..., Xm F e((X1, ..., Xm:= f1,..., fm).o) =
e[Xg, ..., Xm:= f1,..., fml.o .

In fact, we can see the substitution lemma as stated in this form by considering
x ;= f asamultipleassignment, withx = X3, ..., Xnand f = fy, ..., fn. From
now on, we let x := e stand for a multiple assignment, unless we explicitly state
that x isasingle attribute.

An immediate consequence of the substitution lemmais the following.

Corollary 5.2  Let e be an expression not involving attribute (list) x. Then

varX F e((x:= f).o) = eo .
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Theorem 5.3

Assignments as State Transformers

State transformers form a category, with the identity function as the identity mor-
phism and forward sequential composition as composition. An assignment is one
way of describing statetransformersthat in practiceisvery useful. Let ustherefore
consider what the category operations are on assignments. For identity, we have
already shown that x := X is the same asid for any list of program variables x.
The following theorem shows how to compose two successive assignments to the
same variable x.

Let x bealist of attributesand f alist of expressions. Then

varx F X:=e);x:=f) = x:=f[x:=¢]) .

Proof We prove the result for the case when x is a single attribute; the general
caseis proved in the same way.
(x:=e);X:= f)).o
= {definition of function composition}
xX:= f).((x:=¢6).0)
= {definition of assignment}
set.X.(f.((X :=€).0)).((X ;== €).0)
= {definition of assignment}
set.X.(f.((X ;= €).0)).(set.x.(e.0).0)
= {attribute property (c)}
setX.(f.((Xx:=e).0)).0
= {substitution lemma}
setX.(f[x ;= €l.o).0
= {definition of assignment}
xX:= f[x:=€]).o

a

Theorem 5.3 really only restates the definition of function composition, f ; g =
(AX + g.(f.Xx)), but using the assignment notation with attributes and expressions.
However, it is useful as a basic rule for merging two assignment statements into
one or (reading it from right to left) splitting an assignment statement into two
parts.

Theorem 5.3 requires that the two assignments be compatible, in the sense that
they update exactly the same variables. The following lemma shows how we can
make two assignments compatible.



96 5. States and State Transformers

Lemma 5.4 Assumethat x and y are digoint lists of attributes. Then

varX,y - (X:=¢e) = (y,Xx:=YV,e) .

Proof We have that

(y,x:=Vv,6).0

= {definition of multiple assignment}
(set.y.(y.o) ; set.Xx.(e.0)).o

= {definition of sequential composition}
set.X.(e.0).(set.y.(y.0).0)

= {attribute property (e)}
set.X.(e.0).0

= {definition of assignment}
X:=e

O

Theorem 5.3 together with Lemma 5.4 can how be used to compute the sequential
composition of two arbitrary assignments. Assume, for example, that x, y, and z
are distinct attributes. Then

x,y:=e f);(y,z:=g,h)
= {add superfluous variables}

x,y,z:=e, f,2;(X,y,2:=x,9,h)
= {merge assignments}

X,y,z:=x[x,y,z:=e, f,Z,0[x,y,z:=¢e, f,2],h[X,y,z2:=¢, f, 2])
= {simplify}

x,y,z:=eq[x,y:=e fl,h[x,y:=¢e f])

Immediate consequences of Theorem 5.3 are the following rules for independent
assignments:
Corollary 5.5 (a) Assume that x and y are disjoint (lists of) attributes. Then

var X,y F X:=¢e);(y:=1) = X,y:=¢ f[x:=¢€]) .

(b) Furthermore, if x isnot freein f and y isnot freein e, then

var X,y E (x:=e);(y:="f) = (yi=1);(x:=¢) .
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Proof Wefirst prove (a):

(x:=e);(y:=f)o
= {Lemma 5.4}

(X, y:=ey,Xxy:=x f)o
= {Theorem 5.3}

X y:=x[x,y:=¢eYVl] f[Xx,y:=¢evy])
= {simplify substitutions}
X, y:=e f[x:=¢])

Now (b) follows by applying (a) twice. O

5.4 Straight-Line Programs

We can use the framework built thus far to model straight-line programs, i.e.,
programsthat perform only a sequence of successive changesto astate. These can
be defined by the following very simple grammar:

f = id|x:=e]| fy; .

Here x isastate attribute, ean expression, and f, f, and f, straight-line programs.
Note that this definition does not introduce a new syntactic category. Instead, it
identifies a specific subclass of state transformers: those that can be constructed in
the manner described by the production rules.

Consider asimple straight-line program like

S = X=X+Y);(y=Xx-y),;X=x=-Yy). (*)

The attributes here are (at least) x and y. The type of these attributes determines
the state space of S. If x is an attribute on £, then S: ¥ — Z; if x isan
attributeon I', then S : I' — TI'. The straight-line program itself is of exactly
the same form in both cases. We will in such casessay that S: ¥ — X and
S:T' — I aresimilar. Similarity captures the notion that two state transformers
expressed in terms of program variables are syntactically the same but may operate
on different underlying state spaces. Properties of S that are expressed in terms
of attributes of the state do not depend on whether the underlying state space is
¥ or I'. Thisisthe main advantage of using state attributes with expressions and
the assignment notation: we can prove properties that hold for the whole family of
similar statements, rather than establishing a property only for a specific statement
on a specific state space.

Alternatively, we can think of straight-line programs as being polymorphic. This
means that we consider the underlying type X as a type variable that can be
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instantiated to different concrete types. We have avoided using a polymorphic
version of higher-order logic, for simplicity, but adding polymorphic terms does
not present any difficulties and is, e.g., used in the underlying logic of the HOL
system [62].

Only very small parts of programs are straight-line programs. However, straight-
line programs form the building blocks of ordinary programs, because most im-
perative programs are built up from such small pieces. It is therefore important to
be able to reason about these simple program fragments.

L et usgive an example of how to usethe assignment rulesto reason about astrai ght-
line program. The following derivation shows that the state transformer (x) above
has the effect of swapping the values of the two attributes without using an extra
variable as temporary storage:

var X, Y : Nat
FeXi=x4+y);(y=x—y)";X:=x-Y)
= {merge assignments}

XYy =Xx+y, " X+y)—y"); X:=x-Y)
= {simplify expression (derivation in Section 5.2) }

X,y =X+Yy,X); (X:=X-Y)
= {merge assignments}

X y:="X+y) —x",%X)
= {simplify expression}

X, y:=Y,X)

We can compress any sequence of assignments to a single multiple assignment by
successive applications of the split/merge theorem. In some situations, this will
simplify the program, but in other cases it will make the resulting program longer
and more difficult to understand. Hence, there are situations where a sequence of
assignmentsisto be preferred and situations where asingle multiple assignment is
better. Therefore, we need different ways of describing the same state transformer
and ways of moving between different equivalent descriptions.

5.5 Procedures

Let us now also show how to extend the simple straight-line programs with a
procedure mechanism. This mechanism is quite simple and will be used as such
also for the more complicated program models that we will describe later on.

Let us write the state transformer for swapping the values of program variables x
and y inthe previous section in full, without the abbreviations for assignments and
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expressions. Then (X := x4+ Yy); (Y:=X —Y); (X := X — y) becomes

(Ao - set.X.(val.X.c +val.y.o).0) ;
(Ao - set.y.(val.Xx.c —val.y.0).o0) ;

(Ao - set.X.(val.X.c —val.y.0).0) .
The attributes x and y are thus the (only) free variables of this state transformer.

This state transformer will only swap the values of the program variables x and y.
We could define a function of more genera use by defining a constant swap that
does what we want for any two attributes:

Swap £ (XY X:=X+Y;Y=X—Yy;X=X—Y).

Then the application of this function to some other attributes a and b, of the same
typeasx and y, isjust

swap.a.b .
A simple calculation shows that

swap.ab = (@a:=a+b;b:=a—bj;a:=a—-b).

Lambda abstraction and application are thus available for program variables just
asthey are available for any other variables.

L et uscomparethiswith the standard terminol ogy used in programming languages.
Theswap functionisactually aprocedurethat can beusedin straight-line programs.
The constant name swap is the procedure name, the attributes x and y that we have
used to define the constant are the formal parameters, and the term that we use to
define the constant is the procedure body. An application of the constant to other
variables, like swap.a.b, isknown asaprocedure call, where a and b are the actual
parameters. The specific method for parameter passing that we get by the above
conventionsisusually referred to as call by reference. Thus, the basic mechanisms
of higher-order logic aready contain all the features that we need for defining a
procedure mechanism for straight-line programs. This same mechanism is aso
applicable as such to define procedures in the more expressive program models
that we will study later on.

We will prove properties of straight-line programs only under the assumption
that the attributes involved satisfy the independence assumptions, i.e., are in fact
program variables. Thus, we can prove that

varX,y H (X:=X4+Yy;y=X—-Yy;X:=X-Y) =
X y:=Y.x,

althoughx := x+vy;y:=Xx—Yy;X = Xx—Yyingenera isnotequa tox, y := y, X
(as this requires equality of the two state transformers for any attributes x and v,
not only for independent attributes).
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Using the definition of the swap procedure, we can deduce that

var X,y = swap.x.y = (X,y:=VY,X) , (*)
and we can also deduce that
vara,b - swap.a.b = (a,b:=b,a)

using the rules for changing program variables described above.

Aliasing

Assuming that we have shown property (x) for swap.x.y, what do we know about
the properties of, say, swap.a.a. In other words, what happens if we give the same
program variable a as actual parameter for both x and y? In programming logics
thisis known as aliasing: two formal parameters are identified in the procedure
call.

The problemwith aliasing isthat theindependence assumptions actually imply that
the program variables must be different attributes (provided that there is a state
attribute that can take two distinct values). To see this, assume that var x, y holds
and that in addition, val.x = val.y. Consider a state o, astate 6’ = set.X.1.0, and
astateo” = set.x.2.0’. Then
2
= {assumption (a)}
val.X.o”
= {assumption val.x = val.y}
val.y.o”
= {assumption (b)}
val.y.o’
= {assumptionsval.x = val.y and (a)}
1

whichisacontradiction. Therefore, x and y must bedifferent attributes. Inasimilar
way, we can show that the assumption set.x = set.y also leads to a contradiction.

The property () thusimpliesthat swap.x.y = (x,y =, X) holds for any two
different attributes x and y that satisfy var x, y. This means that we know nothing
about swap.x.y when x and y are the same variable: the proof has established
property (x) only for the case when x and y are different.

Aliasingassuchisnotillegal or wrong. Onthecontrary, theprocedurecall swap.a.a
isawell-formed term that denotes a specific state transformer. We can even show
that var a - swap.a.a = (a := 0) holds, but this requires anew proof; it cannot be
deduced from (x).
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This means that we always have to apply a procedure with two or more formal
argumentsto different program variables. Thisisknown asthe nonaliasing require-
ment for passing parameters by reference. In our context, it isadirect consequence
of the way we have formalized procedures with parameters.

5.6 Blocks and Value Parameters

A state transformer f : ¥ — I' models a state change, starting in an initial state
o : X and terminating in some final state f.o : I'. State transformers that are
expressed using the program variable notation stay within the same state space.
We shall now show how to define a block, which temporarily movesto a different
state space. This construct permits us to embed state transformers on a “larger”
state space into a state transformer on a“smaller” state space.

Thedefinition of the block construct rests on the notion of state extension functions.
The state transformers begin : ¥ — I’ andend : ' — X form a state extension
pair if they satisfy

begin;end = id, 9

i.e, if end isaleft inverse of begin (the reason for calling end aleft inverse of begin
becomes clear if we write the condition as end o begin = id). A state extension
pair establishes a correspondence between elements of the two state spaces, so that
every o € X hasacopy begin.o inT andevery y € I" hasan original end.y in .
A similar ideawill be used to extend the logic with new types (see Chapter 10).

For given state spaces X and I" there may exist many state extension pairs. In fact,
one can show that any injective function can be used asthe function begin (Exercise
5.7). However, theideaisthat begin maps = to acopy of T insideI” inaparticular
way that will be made clear below.

Given astate extension pair and a statetransformer f : I' — I', we define ablock
to be a state transformer of the form

begin; f ;end . (block)

The block maps state space X into the state space I' and then performs the state
change f before moving back to the original state space. The extended state space
I is‘larger’ than X, because begin is injective. This construct is illustrated as a
commuting diagramin Figure 5.1.

Local Variables

Now assume that the state space X has program variables Xy, . . ., X satisfying
the independence axioms. Also assume that I' is another state space with pro-
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f
r — T
begin{ \ end
> —mM» 3

FIGURE 5.1. Blocks as state extensions

begin; f; end

gram variables Xq, ..., Xm, Y1, . . ., Yn Satisfying the independence axioms. Fur-
thermore, assumethat astate extension pair between ¥ and I' satisfiesthefollowing
properties:
(X :=2);begin = begin; (X :=2) , (h)
(X :==2);end = end; (X :=2) , ()]
val.Xi = end;valX , (9]
(Yj =€) ;end = end. ()]

Conditions (h), (j), and (k) state that thereisacorrespondence between the program
variable xg, . .., Xm on the two state spaces. Condition (1) states that a change in
y; does not cause achangein the underlying global state, so the program variables
Vi, ..., Yo @elocal to I'. These conditions are illustrated as commuting diagrams
in Figure 5.2. They generalize in a straightforward way to multiple assignments.
For reference, we collect al the state attribute propertiesin Table 5.1

val.X.(set.x.a.c) = a @
val.y.(set.x.a.o) val.y.oc (b)
set.x.a; set.x.b set.X.b (c)
set.x.a;set.y.b set.y.b; set.x.a (d)
set.X.(val.X.q).o o (e
X val.X ()]

begin ; end id , (9)

(Xi := Z) ; begin begin; (X :=2) , (h)
(X :=12) ;end end; (X :=2) ()
val.X; end ; val.X (K)

(yj :==);end end ()

TABLE 5.1. Independence requirements for attributes
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X:=zZ y=e
r ——»T r%‘ r ——»7T
endi iend end l /A end l ‘A
Z—» 3 b val.x b

@ (h) 0]
FIGURE 5.2. Block function properties

Let usintroduce aspecial syntax for ablock where these assumptions are satisfied:

beginvar yi,...,¥h:=¢€1,...,6,; f end AN
begin; (Y1,...,Y¥n:=€oend,...,e,oend); f ;end ,

whereey, ..., e, are expressions over the global state space X (i.e., expressed in
terms of program variables Xy, ..., xm). The initialization y; := €; o end makes

the initial value of y; the value of expression g; in the global state. The variables
Vi, ..., Yo @ecaledlocal variablesin the block.

One may wonder whether it is possible to define state attributes in such away that
conditions (g)—(1) are satisfied. To seethat thisisindeed possible, assumethat state
space X is given, with program variables xg, . . ., Xm. By letting I be of the form
A x X, where A has program variables vy, . . ., ¥, we can define the attributes
over I" in terms of the attributes over X and A asfollows:

Xi
Yj

The conditions (g)—(l) are then satisfied when begin.c = (y’,0) and end.y =
snd.y, for some arbitrary v’ inT.

X; osnd ,
yjofst .

> 1>

We permit local program variables to have the same name as globa program
variables. In this case, the corresponding access and update functions inside the
block alwaysrefer tothelocal rather thantheglobal attribute. Thiscorrespondsto a
redeclaration of avariablethat hidesthe corresponding attribute of the global state,
making itinaccessibleto the statement insidethe block (except to theinitialization).
This attribute is, of course, available as usua outside the block.

As an example consider the following state transformer:
beginvar y,Zz:=X+Yy,X—VY;X:=y+ZzZ;v:=X+vend;
vi=X+v.

Heretheinitial state space X has program variables v, x, and y (it may have other
program variables as well). The state transformer (X := y+2); (v := X + v)
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operates on astate space I that has program variables v, X, y, z, where v and x are
global and y and z arelocal. Thelocal program variables y and z areinitialized to
thevalues x + y and x — y, where x and y access the global program variables.

Note that the state transformer v := x + v inside the block is similar to but not the
same as the state transformer v := x + v outside the block. The state transformer
inside the block works on the extended state space of the block body, while the
state transformer outside the block works on the globa state space. The state
attributes involved have the same names, but they have different domains. The use
of expressions and assignment notation allows us to ignore this difference when
writing programs. |n most cases, thisisagood convention, because the distinctions
between the two statements are not important. However, when reasoning about
general properties of statements in the refinement calculus, we need to keep this
distinction in mind. The distinction can always be made explicit by indicating the
types of the state attributes involved, so there is no confusion on the logical level,
where typing makes the two state transformer terms distinct.

The expression e that is used to initialize the value of the local program variable
may depend on the values of the global variablesat block entry. A traditional block
initializes the local program variables to some fixed value, which may or may not
be known. For instance, if y is of type Nat, then we may choose e to be some
arbitrary natural number, or we may choose e to be 0. In either case, once the
convention is known, we do not need to indicate e explicitly in the syntax of the
block and can write the block simply asbegin var y ; f end.

Working with Blocks

The basic properties of state extension pairs and program variables permit us to
prove properties about blocks, asthe following example shows. Theaimisto swap
two program variables using only single-variable assignments:

X,Y:=YVY,X

= {characterization of state extension pair, local variable z}
begin;“end” ; X,y =V, X

= {block property (j)}
begin;z:=Xx;"end; X,y =Yy, X"

= {properties (g) and (h)}
begin;“z:=X;X,y:=y,X";end

= {assignment reasoning (Exercise 5.6)}
begin;z:=X;X:=Yy;y:=2;end

= {definition of block syntax}
beginvarz:=X;X:=Yy;y:=Zend
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Here the first three steps accomplish an instance of what can be seen as a genera
principle of block introduction:

f = beginvar y:=e; f’'end, (block introduction)

where f is a state transformer written using only assignment notation (with no
occurrence of local variable z) and f’ and f are similar (in fact, we can alow
f’ to contain additional assignments to the local variable). Reading the block
introduction from right to | eft, we seethat at the sametimeweare given aprinciple
of block elimination.

In fact, block introduction and elimination can be seen as specia cases of intro-
duction and elimination of local variables. The rule for this has the following
form:

beginvarz:=¢€; f end = (local variable introduction)
beginvar y,z:=e,€; f'end

when f and f’ are similar. The proof isasimilar derivation asfor the special case
of block introduction. Inthismore general case, we can add or remove one or more
local variablesto or from a block.

Value Parameters

Recall the definition of procedures in Section 5.5. In principle, we can get along
with just call by reference for procedures. In practice, other parameter-passing
mechanisms are also useful for procedures, and the block construct gives us a
way of handling these. The most important other mechanism is call by value. A
procedure declaration usually indicates for each parameter whether it should be
called by reference or called by value (or in some other way). Assumethat we have
aprocedure declaration of the form

proc f (var X,valy) =s .

Herewe use standard notation, withvar X indicating that parameter x isto be passed
by reference and val y indicating that y is to be passed by value. This procedure
declaration is seen as syntactic sugaring for the following definition of constant f:

fxy = s.

A call on the procedure f is assumed to be of the form f (u, e), where u is some
attribute and e an expression. This call is again seen as syntactic sugaring:

f(u,e) = beginvar y :=e; f.u.y end .

Thus, the call f (u, e) isactualy ablock that introduces alocal variable y’ for the
value parameter, with y’ distinct from u, and assigns the actual value expression e
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to this variable. We need to assume that no recursive calls on f are made within
the body of f, because straight-line programs are not expressive enough to model
recursive procedures. Recursive procedures will be treated in detail in Chapter 20.

Locally Defined Procedures

Recall that the let construct allows us to name a term locally. When we focus on
thebody tinlet X = sint, weget x = sasalocal assumption. The sameideacan
be used to define procedures locally and to have the procedure definition available
as an assumption when reasoning about statements that contain procedure calls.
We define

proc f(var x, val y) = sin (local procedure)
... f(u,e---

A

let f=@OXy-s)in
---beginvary :=e; f.u.y end---

Here the dots (- - -) surrounding the procedure call indicate that the call is part
of a state transformer. We choose y’ such that there is no name clash with u.
The difference, compared with global procedures, isthat f isnow not a constant
but a variable that has a local meaning inside the body of the let construct. The
definition shows a body with only a single procedure call, but statements with
multiple procedure calls work in exactly the same way.

As an example consider the following state transformer:

proc Incr(var X, val y) = (X := X+ ¥Y) in
Incr(@a,a+b);b:=0

The following derivation shows what statement thisis

proc Incr(var X, val y) = (X (=X 4+ VY)in
Incr(@a,a-b);b:=0
= {definition of procedure}
let Incr=(AXY+X:=X+Y)in
beginvary:=a-b;Incr(a, y) end;b:=0
= {déefinition of let }
(Alncr« beginvary :=a-b;lIncr(@, y) end;b:=0).(AX Yy X :=X+Y)
= {B-conversion}
beginvary:=a-b; (AXy+x:=X+Yy).@y) end;b:=0
= {B-conversion}
beginvary:=a-b;a:=a+yend;b:=0



5.7.  Summary and Discussion 107

Note that this is exactly what the meaning of Incr(a, a + b) ; b := 0 would have
been if Incr had been defined as a global procedure (constant).

One advantage of local proceduresisthat we can focus on the body of a procedure
definition and rewrite it, since it is part of the term that we are transforming. For
example, we can use the results of earlier derivations as follows:

proc Swap(var X, yY) =“ (X, ¥y := Y, X) " in
Swap(a, b) ; Swap(c, d)
= {replace according to earlier derivation}
proc Swap(var X, Y) = beginvarz:=X;X:=Y;y:=2Z endin
Swap(a, b) ; Swap(c, d)

5.7 Summary and Discussion

In this chapter we have shown how to model program variables as independent
attributes in higher-order logic, investigated the basic properties of attributes, and
shown how to define expressions and assignmentsin terms of attributes. A number
of basic properties of expressions and assignments were identified. Asaresult, we
have asmall and convenient theory of state transformers, which we can useto show
equivalence of termsin thisdomain. We have al so shown how to model blockswith
local variablesand proceduresin thislittle equational theory of program variables.

The notion of a state with independent attributes is central to the imperative pro-
gramming paradigm. We have tried to be precise about the notion of a program
variable, an expression, and an assignment, because so much in what follows
depends on a precise understanding of these issues.

States in programming logics are usualy fixed to a specific model. For instance,
one can model states as functions that map a set of program variable names to
values. A detailed treatment of this approach is given by Jaco de Bakker [36].
This approach either requires all values to be of the same type, or it needs alogic
with dependent types (or an untyped logic). Another approach is to define states
astuples, as done by, e.g., Back and von Wright [30]. Yet another popular model
isto treat states as records. Higher-order logic can be extended with records (asis,
e.g., done in the programming language Standard ML [100]). Dijkstra and Carel
Scholten [54] also consider program variables as functions of a hidden state, but
their treatment of program variablesis otherwise quite different from ours.

We have chosento state only theminimal assumptionsthat we need about statesand
their attributesin order to reason about programswith expressionsand assignments.
Modelsthat consider statesasfunctions, tuplesor recordswill all satisfy theaxioms
that we have given for states. In this way, we avoid choosing one specific model in
favor of others.
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5.8 Exercises

51

5.2

5.3

54

55

5.6

57

5.8
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Show that the following property follows from the independence axioms:
set.X.eo =setX.€.0 = eo=¢€.0 .

Show that the following property follows from the independence axioms (a)—(d):
X=a;X:=X) = (X:=a).

Verify informally that it is still not possible to prove (x := x) = id from the same
axioms.

Assume a state space Nat where the two program variables b : Bool and x : Nat
are encoded as follows. For given state o : Nat we let val.b.c = even.c and
val.X.c = o div 2. Describe the operations set.b and set.x.

Prove the following property:
X,y:=€,€&) = (Y, X:=6€,€) .
Verify the following using Corollary 5.2:
XxY.(Xy:=x+Yy,y+1D.o) = (X+y)x(y+1)o,
X*xyY).((Z:=X+Y)o) = (XxY).o .
Use the properties of assignments to show the following equality:
(Z:=X),;, Xy =y, X)=(Z=X);X:=Y);(y=2) .

Assumethat afunction f : ¥ — I isgiven. Show that f hasaleft (right) inverse
if and only if f isinjective (surjective).

When computing asum, alocal variable can be used to collect intermediate sums.
Show the following equality:

varX,V,z,S F
y=X4+y+z=
beginvars:=0;S:=S+X;S:=S+Y;S:=S+2Z;y:=Send .

Assume the following procedure definition:

Max(var X,valy,z) = X:=max.y.Z,
Min(var X,valy,z) = X:=min.y.z .

where the operator max returns the greater of its two arguments and min returns
the smaller. Prove in full formal detail the following:

Max(u,e €);u:=e+€ —u = Min(u,e€) .
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Truth Values

6.1

In previous chapters we have introduced higher-order logic and described the
constants and inference rules that are used for reasoning about functions. In this
chapter we present the constants and inference rules that are needed for reasoning
about logical formulas. We have shown earlier that the truth valuesform acompl ete
boolean |attice. Here we describe the general inference rules that are available for
reasoning about boolean lattices. The basic inferencerulesfor truth values are then
special cases of these general rules. Furthermore, inference rulesfor quantification
follow from the fact the truth values form a complete lattice.

We also show how the derivation style works for reasoning about formulas with
logical connectives. In particular, we show how subderivations that focus on asub-
term of the term being transformed can use context-dependent local assumptions.
We also give some inference rules for assumptions and show how to manipulate
assumptionsin proofs.

Inference Rules for Boolean Lattices

Assume that the type X denotesthe set A. ThenC: ¥ — ¥ — Bool denotes a
relationon A. Ift; : X andt, : X aretwo terms, thent; C ty isaformulathat is
trueif the relation denoted by C holds between the element denoted by t; and the
element denoted by t5.

Thisis page 109
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The inferencerule

[ [ i
EEeT: (C reflexive)
now states that C is reflexive. This inference rule may be taken as an axiom if
we want to postulate that the relation C is reflexive. Alternatively, it may also be
possible to derive it from other axioms and inference rules for the relation C.

Similarly, the inference rule

PHtCt ' HUCL

- -
U LT (C transitive)

isvalidif therelation C istransitive. Writing thetransitivity property asaninference
rule avoidsthe explicit use of an implication when expressing this property. Either
inference rules such as these may be postulated for the relation =, or they may be
derivable by using other axioms and inference rules for the relation C.

The collection of inference rules that hold for boolean lattices are summarized in
Table 6.1. Theseinferencerules arereally schemes, where any concrete choice for
theconstantsC, 1, T, m, 1, and — givesacollection of inference rules stating that
these constants form a boolean lattice.

dPHtCY P HULCH

(Ctransitive)
C ’ / ’ C . '

= |_qt> U zp/ |_d>t/ '_:tt = (S antisymmetric)
FLLCt Fic T (L least)
(T greatest)

bdsCt d'FsCH dHtCs d'Ht'Cs . .
PUDFESCInT SUDFILUUC S (T introduction)
(u elimination)
FtntCt Fintctv (M elimination)
FtCtut Froiot (L introduction)
Fiu@nt)=@qut)nEut) (n distributivity)
Findut)=cnt)uant) (L distributivity)
Ftn—-t=_1 Fiu=ti=T (— contradiction)

(— exhaustion)

TABLE 6.1. Inference rules for boolean lattices
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6.2 Truth Values

Traditionally, the properties of truth values are given by picking out a few of
the operations as basic, giving the axioms that determine their properties, and then
defining the other logical constantsexplicitly intermsof these postul ated constants.
This approach works well if we want to do metamathematical reasoning about the
higher-order logicitself, but it isunnecessarily cumbersomewhenweareinterested
only in using the logic.

L attice theory providesanicer way of characterizing the properties of truth values.
We have already noted that the truth values form a boolean and linearly ordered
lattice. Any poset of this kind with at least two elements must be isomorphic to
the standard model for truth values. Hence, we can take this collection of lattice
properties as the axioms that characterize truth values.

The type Bool of truth values was postulated as a standard type in higher-order
logic. We now further postul ate the following constants:

T @ Bool, (true)
F : Bool , (false)
— : Bool — Bool , (not)
= ! Bool — Bool — Bool , (implies)
A : Bool — Bool — Bool , (and)
VvV ! Bool — Bool — Bool . (or)

We prefer to use the symbol = (rather than =) for equality on Bool. We consider
t < t’ as an aternative way of writing t' = t. The constants =, A, and Vv are
(exactly like = and =) written infix and associate to the right. These constants are
all intended to have their traditional meanings.

Theinfix logical connectives have lower precedence than other infixes (e.g., arith-
metic operators and equality). Conjunction A has highest precedence, followed
by the operations v, =, and =, in that order. The precedence is overridden when
necessary by explicit parenthesis. Note that = and = are actualy the same op-
eration on Bool, but they have different precedences. For a complete list of infix
precedences, see Appendix A.

Negation is a prefix operator. It has higher precedence than al infix operators
except for the function application dot.

Inference Rules

We postulate that the truth values form a boolean lattice with implication = as
the ordering relation. Falsity F is the bottom, truth T is the top, conjunction A is
meet, digunction Vv isjoin, and negation — is complement. This means that the
above-listedinferencerulesfor boolean | atticeshold for thetruth values. Thisgives
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PHt=>t PHU=T

Ftot U FtS U (= refledve)

(= transitive)

’ ! !
PHt=t O FHU =t (= antisymmetric)

UG FU=t
FFST FisT (Fleast)
(T greatest)
PFs=t kst PHt=s P Ht'=>s . .
PUPFs= AT PUPFIVE =5 ( introduction)

(Vv elimination)

FtAat =t FtAt =t (A elimination)

(Vv introduction)

Ft=tvt Fti=tvt

FIvVE AT =AVI)AGEVTD) (A distributivity)

(v distributivity)

FtAW vty =(tAt)v(iat)

Fta-t=F Fivsi=T (— contradiction)

(— exhaustion)
TABLE 6.2. Inference rules for truth values

us the inference rules for truth values shown in Table 6.2.

The truth-value lattice has two additional propertiesthat are specia toit. Thefirst
property isthat it islinearly ordered. Thisis expressed by the following axiom:

(= linear)

FEst)vE =t

The second property is that we identify truth with theoremhood. Thisis expressed
by the following axiom:

— - (truth)

This axiom thus states that T is a theorem.

6.3 Derivations with Logical Connectives

The notion of a proof is not changed when we add the new rules (like truth and
linearity of implication above); it is only the underlying theory that is extended.
The rules have been expressed as inference rules, in the format used for natural
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deduction. However, we prefer to use derivations rather than deductions also for
reasoning about logical formulasin general. Thereisthen one small problem. The
format requires that each proof step must be of the formt C t’, where C isa
preorder. Only equality and implication are of this form. How should we give a
derivational proof for sequents of theform @ - 1t; At or @ g v 1,?

Thefollowing inference rule shows the way out of thisdilemma. It essentially says
that stating a proposition is the same as stating that it is equivalent to the constant
T (which stands for truth):

Ft=t=T) (=Trule)

Similarly, we have arule that says that stating the negation of a proposition isthe
same as stating that it is equivalent to the constant F (which thus standsfor falsity):

Fot=G=p (=Frule)

The proofs of these rules are left as exercises to the reader (Exercise 6.1). The
proofs are rather long, involving antisymmetry of =, substitution, and properties
of Tand F.

In fact, the following variations of these rules are also valid

m B (T = rule)

Ft=t=h (= Frule)

since the implications in the opposite direction are trivialy true.
The solution to the problem posed aboveisnow simple. To prove atheorem @ - t,

wheret isnot of theformrequired for aderivation, itissufficient to giveaderivation
for ® -t = T, as shown by the following deduction:

{= Trule}
dHt=T Ft=(=T) {Substitution}
Pt

The T = rule showsthat it isin fact sufficient to give aderivationfor ® = T = t.
Similarly, if we want to prove ® I —t, then it is sufficient to give a derivation for
® +t=Forfor ® -t = F (thelatter amounts to a proof by contradiction).

We illustrate derivations with logical connectives below by looking at a selection
of standard propositional inference rules. There are many such rules, but space
does not permit us to present them all. They can in most cases be easily derived
from existing rules.
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Properties of Truth and Falsity

For truth and falsity, we have the following useful rules (in fact, the corresponding
rules hold in every complete lattice):

FTAat=t (TA rule)

FTvt=T (Tvrule)

FFAt=F °’ (Fr rule)

FEVt=t (Fvrule)
Let us consider thefirst one of these, as an example of asimple derivational proof
inlogic.

Ft

= {A introduction}
o
= {T greatest}
T
o
= {reflexivity}
t
- TAt

This establishes that - t = T A t. The opposite implication (T At = t) isan
instance of A elimination, so T A t =t follows by antisymmetry.

Two-Valued Logic

Another important property isthat there are exactly two truth values. Thisis stated
by the following inference rule:

Ft=TvE=p (Boolean cases)

Higher-order logic isthus atwo-valued logic. We prove thisrule with a derivation,
rewriting the goal intheformk T = (t = T) v (t = F). Thefollowing derivation
establishes the theorem:

Fa=T)v({FEt=F")
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= {substitution; = F rule}
t=T) vt

= {substitution; = T rule}
t=T)v-(t=T)

= {exhaustiveness}
T

Modus Ponens

The modus ponensruleis the following:

dHt Pt

U T (modus ponens)

The proof isasfollows, with hypotheses® -tand @' Ht = t”:

U
T
= {T = rulg; first hypothesis}
t
= {second hypothesis}
t
Thederivation establishes® U ®’ - T = t’, from which the required result follows
by the T = rule.

6.4 Quantification

Theinferencerules postul ated above formalize propositional logic, but for quantifi-
cation we need additional constantsand inferencerules. Weintroducethefollowing
operations for quantification:

VY : (X — Bool) — Bool , (for all)
3: (X — Bool) — Bool . (exists)

The quantifiers V and 3 thus take predicates as their arguments.

Quantification provides an example of the advantage of higher-order logic over
first-order logic. In first-order logic, we have to build universal quantification into
the syntax of formulas. In higher-order logic, universal and existential quantifica-
tion are constants.
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Following standard practice, we use binder notation for quantifiers, writing (Vv « t)
forv.(Av-t)and (Jv-t) for 3.(Lv - t). Thisnotation hasthe same (low) precedence
as A-abstraction.

Let A be apredicate of sometype ¥; i.e, A: ¥ — Bool. Then theintention is
thatV.A=Tif andonly if A.x =T for all x in . Also, wewant that 3.A = T if
andonly if A.x = T for some x in X. Because X is assumed to be nonempty, the
latter is equivalent to A.x = F not holding for every x in .

Rules for Universal Quantification

What rules can we postulate for universal quantification? Consider the set B =
{AX | x € £}, i.e, therange of A. This set cannot be empty, because © # @, so
it must be either {F}, {T}, or {F, T}. We havethat AB = T if and only if B = {T},
which again can hold only when A.x = T for each x in X. Thus, we see that
AB = V.A. Thissuggeststhat we should use the properties of general meetsasthe
inference rules for universal quantification.

Let t be a boolean term with a possible free occurrence of variable v. Then A =
(v : T+ t)isof type ¥ — Bool, i.e., apredicate. Using binder notation, V.A is
written as (Vv + t). We havethat B = {AX | X € &} = {(Av-t).X| X € B} =
{t[v := x] | x € B}, so any element of B must be of theformt[v := t'] for some
t’. Because V. A isaso AB, we can use the rules for general meets. General meet
introduction again gives us the introduction rule for universal quantification:

s>t
OFs= (Vv-t)
e v NOt freeinsor ®.

(V introduction)

Genera meet elimination gives usthe elimination rule for universal quantification:

F(Vuet) = tv.=t] (V elimination)

et/ isfreeforvint.

TheV introduction rule is also known as generalization, the V elimination rule as
specialization. Intuitively, theintroduction rule saysthat if we can provethat s = t
holds for an arbitrary v, i.e., (Vv + s = t), then we have that s = (Vv - t). The
elimination ruleis also straightforward: if we have proved that a property holdsfor
all v, then it must hold for any specific element (denoted by sometermt’) that we
choose to consider.
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Rule for Existential Quantification

For existential quantification we can reason similarly. If B = {A.x | x € X}, then
vB = Tif and only if B # {F}, which isagain equivalent to A.x = T for some x
in . Thus, vB = 3. A. General join introduction gives us the introduction rule

Ftlv:=t]= @v-1t) (3 introduction)

o t’ isfreeforvint.

General join elimination gives us the elimination rule;

dHt=s
OFFv-t)=>s
e v Not freeinsor ®.

(3 elimination)

Again, thehypothesisinthe elimination rule statesthatt = s holdsfor every value
of vin X (because v isnot freeins or in ®).

The introduction rule simply states that if we have proved a property for some
element (denoted by atermt’), then there exists a v such that the property holds.
The elimination rule again says that if we are able to prove that s follows from t
without making any assumptions about which value is chosen for v, then the mere
existence of some value v that makest trueimpliess.

The lattice-theoretic arguments for the introduction and elimination rules should
be seen as arguments for the validity of these rules. Formally, we need to postul ate
the quantifier introduction and elimination rules above for the truth values Bool,
because they cannot be derived from the other rules that have been postulated
for truth values. Table 6.3 shows some other useful inference rules for reasoning
about quantified formulas, which are derivable from the basic introduction and
elimination rules that we have presented here.

We also define the exists-unique quantifier 3! by

F@Alwet) = Qu-t AN t[v:=0v]=v =v))

Thus (3!x - t) means that there exists a unique value x that makest true.

Bounded Quantification

The scope of the bound variable in a universal or existential quantification can
be restricted to satisfy some additional condition b. The bounded universal and
existential quantification is defined by

(Vv |b-t)
@v|b-t)

(Vv-b=1),
@u-bAt) .

A
A
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FMvev=t = t)=t[v:i=t] F@uev=t Ath)=t[v:i=t]) (v, 3 one-point)
e vnotfreeint e vnotfreeint

FMvet)=t F@vet)=t (v, 3 vacuous)
e vnotfreeint e vnotfreeint

F=NMvet)=Gv-—t) F=Gv+t) = Yve+—t) (de Morgan)
FNMvetAt)= Vvet)A Vv-t) (distribute A)
F@uetvt)=@v-t)v@v-t) (distribute V)

FMret=t)=(Fvt) = t) FMret=t)=(t= (Vv-t)) (distributeV over =)
e v not freeint’ e v not freeint

F@Quett)=((Woet)=t) F@uet=t)=t= Qu-t))
e v not freeint’ e v notfreeint (distribute 3 over =)

TABLE 6.3. Inference rules for quantified formulas

For instance, we have

(VX[ X>0ex/x=1) = (VWX:X>0=>x/x=1).

Note that functions in higher-order logic are always total, so 0/0 is well-defined,
but the properties of division may not alow us to conclude anything about the
value of 0/0.

The inference rules for bounded quantification are generaizations of the basic
quantifier rules given earlier and can be derived from these.

6.5 Assumptions

A sequent @ - t statesthat t followsfrom &. Hence, assumptions and implication
areclosely related. Infact, we can consider assumptions asjust aconvenient device
for working with implications.

Thetwo basic rulesfor handling assumptions show how we can movethe left-hand
side of an implication into the assumption and vice versa:

Ottt .
BrisST (discharge)
OHt=t

SV (undischarge)
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Thefirst rule is also known as the deduction theorem (following standard practice,
we write @, t for ® U {t} in inference rules). Together these two rules show that
assumptions and sequents are just a variant of implication, and that we can move
between these two representations quite freely. However, it is important to note
the difference between an inference and an implication. For example, the rule of
generaizationalowsustoinfer - (Vx-t) fromt t, buttheimplicationt = (vVx-t)
is generally not atheorem.

Derived Rules

We exemplify the above rules of inference by using them in the derivation of some
further rules that are useful in practice.

Thefirst inference rule says that we may always conclude aformulathat is taken
as an assumption:

St (assume)
Thisruleisadirect consequenceof thereflexivity of implication and undischarging:
{= reflexivity}
dHt=t {undischarge}
bttt

Thefollowing inference rule formalizes the basic method of splitting up a proof of
atheoremt’ into a subproof where alemmat is proved first and then later used to
prove the main theorem:

dHt P tHT

PUTET (use of lemma)

Thisinferenceruleisalso known asthe cut rule. It is variant of the modus ponens
inferencerule. The proof isasimple application of modus ponens and discharging.

We finally give a convenient rule for case analysis:

O tHY P -tHU
PUP Tt

(case analysis)

The proof for thisis as follows, with hypotheses @, t - t/, and @', =t - t'.

U P
T
{— exhaustion}
tv -t
= {V elimination}
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o
= {undischarge in hypothesis @, t - t'}
t/
o —t
= {undischarge in hypothesis ', =t - t' }
t/
.t

Here we have a derivation with amix of = and =, and the conclusion is then that
T = t'. Ingenera, we can mix relationsin aderivation, and the overall conclusion
then states that theinitial and the final terms are related by the composition of the
relations involved. Composition of relations will be treated formally in Chapter 9.
Hereit is sufficient to note that a composition of = and = is=.

Aswe aready mentioned in the previous chapter, higher-order logic is monotonic,
in the sense that adding assumptions to a sequent cannot make it false:

;%'_'_tt (add assumption)

Thisrule can be derived using rules of substitution, = T, and discharging.

Another inference rule that we referred to in the previous chapter allowed us to
change the free variables in a sequent:

o, skt
D, g[x 1= X] F t[x ;= X]
e X isnot freein @, x’ freefor x insand t.

(change free variables)

This follows from the inference rules for assumption discharging and undischarg-
ing, together with the rules for introduction and elimination of universal quantifi-
cation.

6.6 Derivations with Local Assumptions

The substitution rule tells us that we can always start a subderivation by focusing
on a subterm if the relation that we are working on is equality. There are special
situations in which focusing allows us to make local assumptions that depend on
the context.
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Focusing Rules for Connectives

The following inference ruleis easily derived from the rules that have been given
earlier (Exercise 6.6):

Ot =t
dPHtALL=tADL

Thisrule showsthat when we focus on one conjunct t; of abooleantermt A ty, we
may uset asan additional assumption in the subderivation. A dual rule showsthat
when focusing on a disunct we may assume the negation of the other disjunct:

O, -t =t
dHtvli=tvi

Using the fact that implication can be rewritten using negation and disjunction, we
immediately get rules for focusing on the subterms of an implication:

q),tl_t]_Etz q),_'tl_tlEtg
PHt=thi=t=ty PHti=t=hL=t

Thefollowing small example shows how local assumptions are used in proofs. We
prove the tautology

Fp=(p=>aq=0a .

The derivation illustrates the rule for focusing on the conseguent of animplication.

p=CMmP=9=09")
= {replace subterm, use local assumption}

e [p]
(p=a) =q
{local assumption says p = T}
(T=aq =19
{T = rule}
q=q
{reflexivity}
T
- p=>T
= {T greatest}

T

Here the main derivation has no assumptions. In the subderivation, p is added as
alocal assumption and used when rewriting.
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Focusing and Monotonicity

Assume that f is amonotonic function. Then the following inference rule holds
for f:

dHLCU
dF ftC ft/

Thus, we can focus on the subterm t in f.t and work with the partial order in the
subderivation. Here the partial order can be arbitrary (including = and < on the
booleans). Furthermore, it can be shown that the rules for local assumptions are
valid also when working with = or <= rather than = (Exercise 6.7).

Since the quantifiers are monotonic with respect to implication (and reverse impli-
cation), it is possible to focus inside quantifiers. However, it should be noted that
if we focusont in an expression (Qu - t) (where Q is a quantifier or a binder),
then no assumptions involving the variable v are available, since the subterm t is
not within the scope of that variable v. This problem can aways be avoided by
a-converting the expression so that v is replaced by a fresh variable (by a fresh
variable we mean a variable that does not appear free in any of the terms that we
are currently considering).

Notethat in the case of antimonotonic functions (such as negation on the bool eans)
the subderivation works with the ordering in the opposite direction to the main
derivation.

Asanexample, weproveone-half of theone-point rulefor theexistential quantifier:

F@uvev=tAat)=t[v:i=t]
e v notfreeint.

The derivation is as follows, assuming that v isnot freeint:

Fvev=tA“t'")

= {substitute using local assumption v = t}
@Qu-“v=tAtv:i=t]")

= {A elimination in monotonic context}
Qv t'v:=t])

= {drop vacuous quantifier; v not freeint’[v ;= t]}
t'[v:=1t]

(in the last step we use another quantifier rule, see Exercise 6.8).

Here we have skipped the details of the subderivation, where we focus both inside
aquantifier and inside a conjunction. Since the conjunction is within the scope of
the bound variable v, we may use the assumption v = t in the subderivation.
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Thisderivation also illustrates (in the step justified by A elimination) how we do a
replacement in a single step, rather than starting a subderivation that would make
the proof unnecessarily long.

Focusing and Local Definitions

We end this chapter by showing how the idea of focusing allows us to use local
definitions as assumptions. The following inference rule shows that if we focuson
thebody t’ of atermlet v =tin t’, then v =t becomes alocal assumption:

dv=thtg~t]
OF(let v=tin ty) ~ (let v=tin t;) ’

where ~ isan arbitrary relation (Exercise 6.10).

The rules for working with the let construct can be used to introduce (and elim-
inate) local procedures and procedure calls in the middle of a derivation. The
following derivation shows how a procedure can be introduced by identifying a
state transformer and naming it.
(a,b:=b,a);(c,d:=d,c)
= {introduce vacuous procedure definition}
proc Swap = (AX.Y* X,y =Y, X)in
(a,b:=b,a);(c,d:=d,c)
= {uselocal assumption to rewrite body of let construct}
proc Swap = (AX Y+ X, Y =Y, X) in
Swap.a.b ; Swap.c.d
= {switch to procedure syntax}
proc Swap(var X, Y) = (X, Y =Y, X) in
Swap(a, b) ; Swap(c, d)

In practice, we can omit some of theintermediate steps of aderivation likethisand
simply introduce the procedure in one step and the calls to it in another step.

6.7 Summary and Discussion

We have presented the axioms and inference rules for reasoning about truth values.
These rules allow us to reason about the standard logical connectives and about
guantification. We have also given rules for manipulating assumptions in proofs.
We showed how to prove arbitrary formulas with a derivation, using the fact that
asserting aformulais the same as asserting that the formulais equivalent to truth.
Thisdeviceallowsusto retain the one-to-one correspondence between derivational
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proofs and proofs in the style of natural deduction. The derivations that we give
here generalize the traditional calculational style in that they permit manipulation
of assumptions inside proofs and permit nested derivations.

Andrews’ textbook [3] gives acomprehensive overview of typetheory and higher-
order logic. Theversion of higher-order logic that we describein thisbook is closer
to the version underlying the interactive theorem-proving system HOL [62]. The
main differenceisthat we do not have polymorphic types and that we have chosen
adifferent set of basic axioms and inference rules for the logical operations. For
more detailed description and analysis of the semantics of higher-order logic, we
refer to these same authors.

Both Andrews and Gordon and Melham attempt to formalize higher-order logic
with asfew constants and inference rules as possible and define most of thelogical
constants explicitly in terms of the few postulated constants. Gordon and Melham
choose as primitive inference rules (variants of) assume, reflexivity of equality,
a and B conversion, substitution, abstraction, discharge, and modus ponens plus
arule of type instantiation. In addition, they have five axioms: boolean cases,
antisymmetry of implication, n conversion, e introduction, and infinity (we will
meet the last two of these in the next chapter). Andrews has a dlightly different
collection of axioms and inference rules for higher-order logic.

We have here presented an alternative, lattice-based formalization of higher-order
logic. The correspondence between lattice theory and logic is well known and
old, dating back to George Boole in the nineteenth century. The advantage of
formalizing higher-order logic in thisway is that we can build a single collection
of inferencerulesthat are applicable acrossalargerange of different domains, from
reasoning about logical terms and sets to refinement of program statements and
large modular systems. This cuts down on the conceptual overhead that is needed
in program construction and clearly identifies the common patterns of reasoning
in the different domains of discourse.

Theideaof using focusing and subderivationsin posets (and generally in structures
other than Bool) builds on the refinement diagrams of Back [16], the hierarchical
reasoning method of Robinson and John Staples [122] (window inference), and
Grundy’s extension to this method [68, 69].

6.8 Exercises

6.1

6.2

Provethe = T and = F rulesusing only the general rules of higher-order logic and
the basic inference rules for truth values.

Provethat meet and join in alattice are commutative, using only antisymmetry and
the introduction, elimination, and distributivity rules for meet and join.
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6.3

6.4

6.5

6.6

6.7

6.8

6.9

6.10

Prove the correspondence rule for meet:
FtCt =tnt' =t

using only the basic inference rules for lattices.

Prove the classical principle of double negation

F—a=t=t

using only rules givenin this chapter (hint: use caseanalysis, first prove- =T =F

and- —-F=T).

Prove that implication can be expressed with negation and disjunction:
Ft=t = -tvt' .

Prove the rule for focusing on a conjunct:

ot =1
OHtAL =tAL

(hint: do case analysisont).
Prove the rule for focusing on a conjunct under implication:

Ot =t
PHtAlL = tALDL

Then formulate and prove the corresponding rulesfor disjunction and implication.

Derive the rules for dropping vacuous quantifications:

FMvet)=t F@v-t)=t
e v not freeint, e v not freeint.

Derive the one-point rule for universal quantification:
FMvev=t = t)=t[v:=t]
e v notfreeint.

Derive therules for focusing inside let expressions.
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7

Predicates and Sets

In this chapter we show how to formalize predicates in higher-order logic and
how to reason about their properties in a general way. Sets are identified with
predicates, so the formalization of predicates also gives us a formalization of set
theory in higher-order logic. The inference rules for predicates and sets are aso
specia cases of theinference rulesfor boolean lattices. These structures are in fact
complete lattices, so the general rules for meets and joins are also available. We
complete our formalization of higher-order logic by giving the final constants and
inference rules that need to be postulated: an axiom of infinity and an axiom of
choice.

7.1 Predicates and Sets

Let 3 be sometypein higher-order logic. A predicateon X isafunctionp : ¥ —
Bool. The predicates over X thus form a function space. We write P(X) for this
space;

P(X) £ ¥ — Bool . (predicate space)

A predicate p : ¥ — Bool determines a subset A, € X, defined by A, =
{c € £ | p.o = T}. Conversely, any subset A C X determines a predicate
Pa : X — Bool satisfying pa.c = Tifandonly if o € A. Thus, we havetwo ways
of describing sets, either using the traditional set-theoretic framework or using
functions that range over truth values.

The pointwise extension of the implication ordering on Bool gives us an ordering
of predicates:
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pcq £ (Vo:X+p.o=0q.0). (C of predicates)
Because Bool is a complete boolean lattice, the predicates over ¥ also form a
complete boolean lattice.
Corollary 7.1 (P(X), ©) isa complete boolean and atomic lattice.

The operations on predicates are defined by pointwise extension of the operations
on truth values:

false.c = F, (L of predicates)
tueo = T, (T of predicates)
(pPNQ).c = p.oAQo, (M of predicates)
(pUQ).c = poVvQgo, (L of predicates)
(=pl.o = —po. (— of predicates)

The operations on predicates are inherited from the operations on truth values, and
so isthe naming of these operations: false isthe identically fal se predicate and true
theidentically true predicate. Predicate meet isreferred to as conjunction of predi-
cates, predicate join is called digunction of predicates, and predicate complement
is called negation of a predicate.

Implication and equivalence on predicates are al so defined pointwise, by

p.c = q.0 , (= of predicates)
p.c =q.0 . (= of predicates)

(p=0q).0
(P=q.o
Implication (p = q) and ordering (p € q) arerelated by

> 1>

pcqg = (Vo-(p=0Q).o) .
A similar relationship holds between equality = and equivalence =, namely

p=gq = (Vo-(p=0Q).o) .

Sets as Predicates

The predicate ordering coincides with subset inclusion: A € B if and only if
pa C pg. Predicate false corresponds to the empty set, p; = false, and predicate
true correspondstotheuniversal set, ps = true. Meet (or conjunction) of predicates
isintersection: o0 € AN B if and only if (pa N pg).c = T, and similarly, join (or
disiunction) of predicatesis union, and complement (negation) of predicatesis set
complement.

The traditional set-theoretic notation is introduced as an abbreviation in higher-
order logic:
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(0:T|t) & (ho:2T-1). (set comprehension)

Thus, {o : ¥ | A.o}isjust syntactic sugar for (Ao : X + A.o), whichinturnisthe
same as A (by n-conversion). Similarly, o € Aisjust syntactic sugar for A.o. We
often write just X for the universal set Uy when there is no danger of confusion.

Any set in higher-order logic must be a subset of sometype . Hence, each typeis
auniversal set for its subsets, so there is an infinite number of universal sets (and
an infinite number of empty sets).

Properties of Predicates

The genera properties for boolean lattices hold for predicates. For instance, C is
apartial ordering, so the transitivity rule holds,
dHtCt Pt
dPUP Lt CL”

(S transitive)

Similarly, the rule of meet introductionis

dFHsCt d'FscCt
dUP Fsctnt’

(N introduction)

These properties can be derived in higher-order logic from the corresponding prop-
ertiesfor truth values, using the definitions of the operations on predicates. Hence,
we heed not postul ate these properties; they can be proved from the postul ates that
we have introduced earlier. The difference with truth valuesisthat neither linearity
nor theoremhood holds for the predicate lattice.

We show how to derive two of the boolean lattice rules for predicates and sets:
reflexivity and transitivity of set inclusion C. Reflexivity is proved as follows:
ACA
= {definition of inclusion}
(Va-Aa= Aa
= {reflexivity of =}
(Va-T)
= {drop vacuous quantification}
T

This establishesthat A C A.
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7.2

For transitivity, we reason as follows:

ACBABCC
= {definition of inclusion}
(va- Aa= B.a) A (Va-B.a= C.a)
= {quantifier rule}
(va- (A.a= B.a) A (B.a= C.a))
= {transitivity of implication; monotonic context}
(va- Ala= C.a)
= {definition of inclusion}
AcCC

Images and Indexed Sets

Let f : ¥ — T be afunction. Then we define the image of set A € X under
function f by

imfA = {y:T'|@x-xeAAy= fx)} . (image)
The image is thus a subset of T". We follow ordinary mathematical practice and
write f.Afor im. f. A when this cannot cause confusion. The range of afunctionis
then the image of its domain:

ran.f = f.X . (range)

Note that f.{x} = {f.x} for x € X, so function application and set formation
commute for singletons.

The extension of afunction f : ¥ — I'toim. f € P(X) — P(I') dways has an
inverse preim. f : P(I') — P(Z), defined by
preim. f.B £ {x| f.x € B} (preimage)

for arbitrary B € I'. Again, we follow ordinary mathematical practice and write
the preimage as f ~1.B when this cannot cause confusion. The set preim. f.B is
called the preimage (or inverseimage) of B under f.

For afixed f, theimageim.f : P(¥) — P(I') is afunction from one lattice to
another. Hence, we may ask about the homomorphism properties of this function.
These are easily established: the image is monotonic,

ACA = imfACImfA,

and it is bottom and join homomorphic,
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is C 1 T n u | =
im. f yes | yes no no yes | no
preim. f yes | yes yes yes yes |yes

(ra-(miel-ai)) | yes |yes! yes yes no | no
(ra-(Uiel-ai) | yes| yes yes'! no yes | no
(Al-(iel-ai))|yes | yes yes no yes | no
(M euiel-ai))| yes | yes yes no yes | no
Twhen index set | is nonempty

TABLE 7.1. Homomorphic properties of images

im.f.g = @,
im. f.(AUA) = im.fAUIm fA .

For thepreimagepreim. f : P(I') — P(X), we haveeven stronger homomorphism
properties. The preimage is both bottom and top homomorphic, it is monotonic,
and it is meet and join homomorphic. It is even negation homomorphic. The ho-
momorphism properties of the image and preimage operation are summarized in
Table 7.1.

We have used the indexed set notation earlier in an informal way, in connection
with meets and joins of arbitrary setsin a poset. Let us now define it formally in
termsof images. Theindexed set {a.i |i € | }isredlyasetimage.Fora: X — I
and | € X, wedefine

{ailiel} £ imal .

In general, we define

{tiiel} £ im@i-t).l

for t aterm of type I'. The indexed set is thus determined by an index function
(A - t) andanindexrange | . Theindex i itself isabound variable. The traditional
notation {a |i € |} isalso used asan dternativefor {a.i |i € I}.

7.3 Inference Rules for Complete Lattices

We gave the inference rules for binary meets and joinsin lattices in the preceding
chapter. Let us now consider complete lattices where meets and joins are defined
for arbitrary sets of elements. A meet takes a set of elements as an argument and
returnsthe greatest lower bound of the elementsin the set. It isthus a set operation,
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similar to quantification, whereas binary meet and binary join are operations on
pairs of elements.

If thesetisgivenasanindex set {t | i € |}, then we can use the indexed notation
for its meet and join. We define

Miel«t)y & nftjiel}, (indexed meet)

Uiel-t) & Uftliel}. (indexed join)
If | isof theform {i | b}, then we use the notation (11i | b - t) as a shorthand for
(Mi € {i | b}+t), and similarly for joins.

The characterizations of meet and join then justify the following inference rules
for indexed meets and joins:

dielksCt
dsC(niel-t)
e i notfreeins, @, orl,

(general m introduction)

(general m elimination)

telkE@Miel-t)Ct[i =t
ot isfreefori int,

Vel Fti =t]C(Uiel-t) (general L introduction)

o t’isfreefori int,

d,ielktCs
O Wiel-t)Cs
e i notfreeins, ®,orl.

(general LI elimination)

Index Range Homomorphisms

The indexed meet is a function of the form ri(im.a.l). For afixed a, we have that
(Al « m(@im.a.l)) : P(X) — I', where I" isacomplete lattice. Hence, we can ask
about the homomorphism properties of this function from the powerset lattice to
thelatticeI". Wefirst notice that the indexed meet i s antimonotoni c and theindexed
join is monotonic in the index range:

J = (niel-ai)d@mied-ai), (range monatonicity)

I €
I CJ = WWiel-ai)EWwied-ai).
For the empty range, we have that

Mied-ai) = T, (empty range)
Uied-ai) = L.
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We can split up an index range into smaller sets using the following range split

property:
(Mmielud-ai) = (niel-ai)n@ied-ai), (rangesplit)
uieludeai) = @Wiel-aiu@ied-ai).

These properties follow directly from the homomorphism properties of the meet,
join, and range operators. Thus, indexed joins are bottom and join homomorphic
onto I', while indexed meets are bottom and join homomorphism onto the dual
lattice I'°. These properties are summarized in Table 7.1.

Index Function Homomorphims

We can al so consider the homomorphism properties of theindexed meet i (im.a.l)
whenwefix | instead. Thefunction (Aa - 1 (im.a.l)) mapsfunctionsin ¥ — I" to
elementsin I'. Because I' is a complete lattice, we may assume that the functions
arepointwiseordered. Then (Aa- r (im.a.l)) isafunction fromthe completelattice
¥ — I' tothe complete lattice I', so we can again ask about its the homomorphic
properties. These will be generalizations of the homomorphic propertiesfor binary
meet and join that we have described earlier.

For binary meet, we havethatb C b’ and ¢ C ¢ impliesthatbmc E b’ ¢’ and
bucC b ucd;i.e binary meet is monotonic in both arguments. For an indexed
meet and join, this generalizesto

aCbh = (miel-ai)c(miel-hi), (image monotonicity)
aCb = @iel-ai)E@Wiel-hi).

Furthermore, indexed meets and joins are both bottom and top homomorphic:
miel«Lli) = L, whenl #£0,
uiel«liy = 1,
Mmiel-Ti) = T,
uiel«Ti) = T, whenl £0¢ .

Indexed meet isalso meet homomorphic (soitisinfact universally meet homomor-
phic), and indexed join is a so join homomorphic (universally join homomorphic):
(niel-@nby.i)y = (niel-ai)nm@iel-bi),
(Ui el -@ub).i) uiel-aiu@iel-bi).
These results are summarized in Table 7.1.

7.4 Bounded Quantification

Letuswrite(Vi e | «t)for(Vi|[i el t)and@i el -t)for@i|i €1 +t). Then
itiseasily seenthat (Vi e | «t) = (Ai el -t)andtha Fi €| -t) = (vi €
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| - t). Thus, bounded quantification is a special case of indexed meet and join,
and has properties that follow directly from the general properties by specializing.
In particular, the rules for introduction and elimination of bounded quantification
given in the previous chapter are instances of the general rules for indexed meets
and joins, asis easily shown.

The homomorphism properties for indexed meets and joins aso hold for bounded
guantification. For example, universal quantification is antimonotonic, and exis-
tential quantification is monotonic in the index range:

ICJ = (Viel-t) Miel-t), (range monatonicity)
1cJ = (Fel-t)y=>@Fiel-t).

If the range is empty, the universal quantification is trivially true and existential
quantification istrivially false:

~Yiep-t)y = T, (empty range)
@ied-t)y = F.

The technique for range splitting is also very useful:

MielUud-t) = WMiel-t)Aied-t), (range split)
@Fielud-t @Giel-t)yv@ied-t).

The range-splitting and empty-range properties become particularly useful when
reasoning about properties of arraysin programs. These properties are all directly
derivable in higher-order logic by using the definition of bounded quantification
and the quantifier rules.

The index function homomorphisms aso give us useful rules for reasoning about
bounded quantification. The formulation and proof of these are given asan exercise
(Exercise 7.4).

General Conjunction and Disjunction

The predicate lattice is a complete lattice, so indexed meets and joins are also
available for predicates. We write (Ni € | - p) for the indexed meet of a set
{pi |i € 1} of predicates and define (Ui € | + p;) analogously. In set theory we
talk about the intersection and union of afamily of sets. Indexed meet and join of
predicates can be seen as pointwise extensions of bounded quantification:

Niel-p)o
Uiel-p).o

Viel-p.o), (general conjunction)
@iel-p.o). (general disjunction)

Theinference rules for these are the ones for general meets and joins, specialized
to predicates. The general N introduction ruleis, e.g.,
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P,ielFpcq
dEpc(Niel-qg)
ei notfreein p, ®,or .

(general N introduction)

7.5 Selection and Individuals

Higher-order logic needs two more postulatesin order to allow aproper formaliza-
tion of arithmetic. These are specific properties that we need for the type structure;
we need at least one type with an infinite number of elements, and we need to
be able to choose one element from any set of elements in a type. These two
reguirements correspond to the set-theoretic axioms of infinity and choice.

Selection

We need to postul ate one more constant to get the full power of higher-order logic.
Thisisthe selection operator ¢ of type

€:(X — Bool) > ¥ . (select)

Thisoperator takes a set (predicate) A of elementsin X asitsargument and returns
anelement e. Ain Aif Aisnot empty. If Aisempty, then €. A is some (unknown)
element in the universal set . We use binder notation for selection and write
(ev-t)fore.(Av-t).

The selection operation embodies the axiom of choice, sinceit allows usto choose
an element from any set. Therulesfor introducing and eliminating sel ection reflect
theideathat €. A denotes an arbitrary element selected from the set A.

OF Fv-t) =>t[vi=(ev-)] ° (e introduction)

dPHt=s
Otlvi=(ev-t)] = s
e visnotfreein ® ors.

(e elimination)

Thefirst rule statesthat if thereisan element that makest true, then (ev - t) denotes
such an element. The second rule isjustified in the same way asthe 3 elimination
rule.

The selection operator allows usintroduce aconstant denoting an arbitrary element
for any type:

abh = (eX:X+F). (arbitrary element)
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Since the selection operation is aways defined, arb always returns some value.
However, we have no information about arb : X other than it is of type X.

The Type of Individuals

In addition to the type Bool, which denotes the truth val ues, higher-order logic also
postulates a standard type Ind, which denotes a set of individuals. The only thing
we know about the individualsisthat there are infinitely many of them. The axiom
of infinity (one of the basic axioms of higher-order logic) isformulated asfollows:

F (@3f :Ind — Ind - oneone. f A —onto.f) . (infinity axiom)

This states that there exists afunction f on Ind that is injective but not surjective.
This implies that Ind can be mapped injectively onto a proper subset of itself,
whichispossible only if Ind isinfinite. The notion of afunction being injective (or
one-to-one) and surjective (or onto) is defined as follows:

oneone. f (VX X'+ fx=fxX =>x=x), (injectivity)
(Vy-3Ix-y= fx) . (surjectivity)

A
onto.f £

A function that is both injective and surjective is said to be bijective;

bijective.f = oneone.f A onto.f . (bijectivity)

Figure 7.1 illustrates the way in which this requirement forces the interpretation of
Ind to beinfinite. For thefinite set {0, 1, 2, 3}, it is easy to see that there is no way
in which we can define a function on this set that is injective but not surjective.
However, for aninfiniteset {0, 1, 2, 3, .. .}, the figure on the right-hand side gives
an example of afunction that is injective but not surjective (0 is not in the range
of this function). In this case, the function illustrated is the successor function on
the natural numbers. Later we show how thisidea can be used to define the natural
numbers as a set that isisomorphic to a subset of the individuals.

7.6 Summary and Discussion

This chapter has shown how to formalize reasoning about predicates and sets in
higher-order logic. The notions of indexed meets and joins were formally defined,
and general inference rules for a complete boolean lattice were given in terms
of indexed meets and joins. In particular, we considered bounded quantification,
which arises as a specia case of indexed meets and joins. To our knowledge, the
homomorphism properties of indexed meets and joins have not been investigated
in detail before.
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FIGURE 7.1. Injective functions on finite and infinite sets

The remaining axioms and inference rules of higher-order logic were aso pre-
sented. These axioms postulate that there exists an infinite set, and that we can
choose some element from any set. Individuals were introduced as a new stan-
dard type, in addition to Bool. In this respect, we give the same foundation for
higher-order logic as Andrews [3] and Gordon and Melham [62]. Church’s orig-
inal formulation had an operator for definite description rather than the selection
operator [48].

7.7 Exercises

7.1

7.2

7.3
7.4

A set B over atype X isredly afunction B : ¥ — Bool. This means that we can
talk about the image im.B. A of another set A under B. Thisimageisaset of truth
values. Show the following:

(@) im.B.B=(T},if B£7 .
(b)im.BF =0 .
Under what conditionisim.B. A = {F}?Under what conditionisim.B.A = {F, T}?
Show that images and inverse images are related as follows:
im.f(fLYycY ad X c f~L@im.f.X).
Show that the complement — in a complete boolean lattice is a bijective function.

The index-function homomorphism properties for lattices have counterparts for
bounded quantification. For example, image monotonicity for meets corresponds
to the following rule:

MVMiepi=qi) = Miel-pi)=Mel-qi).
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7.5

7.6

7.7

7.8

Prove this rule and formulate other similar rules.

In first-order logic it is common to introduce a Skolem function when one has
proved atheorem of theform (Vv - 3w + t). Such afunction f isassumed to satisfy
theproperty (Vv - t{w := f.v]). Inhigher-order logic, theintroduction of a Skolem
function can be based on a derived inference rule:

OF VveJw-tw)
® - 3f - Vv-t.(fv)
e w not freeint.

(skolemization)

Derive thisinference rule using only the rules given in the text.
Prove the following theorem (the axiom of choice):
Af:P(X) > Z-VAePEX)|A£P- T.Ac A .

Prove the following theorems:
(@) injective.f = (3g-go f =id) .
(b) surjective.f = (3g- fog=id) .

(c) bijective.f = (3g+-go f =idA fog=id) .
Note that (c) is not atrivial consequence of (a) and (b).

Try to formulate an intuitively appealing definition of the constant finite, where
finite. A means that the set A isfinite.
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Boolean Expressions and
Conditionals

8.1 Boolean

In the previous chapter we showed how to reason about predicates and sets in
genera. In programming, predicates arise in two different disguises. First, they are
used to describe control structures with branching, like conditional statements and
loops. Second, they are used to express correctness conditions for programs. In
both cases, the predicates are expressed in terms of program variables, so they are
really boolean expressions. In this chapter, we will ook more closely at boolean
expressions and at how to reason about their properties.

Expressions

A boolean expression is an expression of type ¥ — Bool; i.e, it is a predicate
on X. We usually prefer to use the (pointwise extended) truth-val ue operations for
boolean expressions, writingby Ab, AT = bz Vv by Vv F rather than the predicate/set
notation by N'b, Ntrue = b3 U by U false. We are usually interested in the value of
a boolean expression b in a specific state o, and the correspondence between the
boolean expression and its value in the state is then very direct:

b AbbAT=bsVvbsVF).o =
bi.o Aby.o AT= bs.oc Vbso VF.

We can also have quantified boolean expressions, such as (Vi € | - b) = (Ni €
l-band @i €l +b)y= (Ui €l +b). Then(vi € | -+ b).oc = (Vi € | - b.o)
and @i € | - b).o = (3 € | - b.o). For example, the boolean expression
(3z: Nat- x = y - 2) states that the value of attribute x is divisible by the value of
attribute y. We use the same abbreviations for quantified boolean expressions as

Thisis page 139
Printer: Opaquethis
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Lemma 8.1

we havefor quantified truth-value formulas. The boolean expression— 3y z| y >
2AnzZ>2-Xx = Yy-2z) contains a bounded quantification and is equivalent to
—~(3yz-y>2Az2>2AX=Y-2). It statesthat the value of attribute x is prime.

Let e be an expression. We define the base term € associated with the expression
e asfollows:
Xs»r = Xr,
y =Yy,
f.gr. - .On = fO..---.Om.
For boolean expressions, we also define
(Yiel+b) = (Viel-b),
@iel-b) = Fiel-b).

For each expression e of type ¥ — T, this determines a term € of type I". For
instance, repeated rewriting using the definitions above gives

(X):%Nat - 1) + (yE»Nat + Z) = (Xnat — 1) + (yNat +2 .

The value of an expression e in astate o can be determined using the base term €,
as shown by thefollowing lemma. Note that in the lemma, the substitution replaces
avariable xr- by the term xs_.r.o (the value of the access function of attribute x
in state o).

Let X, ..., Xm be the attributes of expression e. Then
o = €Xg,...,%Xm:=X1.0,..., Xm.0] .
Proof Assume that the substitution Xy, ..., Xm = X1.0, ..., Xm.o iSWritten as

X := X.o. We prove this theorem scheme by induction over the structure of the
expression e. When e isthe access function of attribute x, then we havethat x.o =
X[X ;= X.0c]. Wheneisy, wehavethat y.oc = (Ao * y).0 =y = y[X := X.0].

Consider next the case when e is an application f .e;. - - - .en. We then have that

fe. - .eno

= {definition of pointwise extension}
f.(er.o).---.(€n.0)

= {induction hypothesis}
f.(el[x :=x.0]). - .(em[X = X.0])

= {property of substitution, f isa constant}
(f.er.- - .en)[x:=x.0]

The case when e is a quantified boolean expression is proved in a similar way. O
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Note that Lemma 8.1 states that a certain property holds for all expressions. Since
the property of being an expression is not defined inside higher-order logic, the
proof is necessary informal, in the sense that it is outside the logic. The rule in
Lemma 8.1 is atheorem scheme, and e is a metavariable that can be instantiated
to any expression (but not to an arbitrary term of higher-order logic).

8.2 Reasoning About Boolean Expressions

Corollary 8.2

The properties that we want to prove about programs can often be reduced to
provinginclusionb C c or equality b = ¢ between two boolean expressions. Here
we will show how to reduce such inclusions and equalities to properties for the
corresponding base terms b and €.

Let X, ..., Xm be the attributes of the boolean expression b. Then

bo = (AXy - Xm* X1 =X1.0 A+ A Xm = Xm.0 AD) .

This corollary to Lemma 8.1 alows us to reduce inclusion between boolean ex-
pressions to implication between the corresponding base terms. Consider as an
example how to establish that (x < y) € (X < y + 2). Intuitively, this says that
whenever condition X < y holds (in a state), condition x < y + 2 aso holds (in
this same state). We have that

X<y
= {set theory}
{olxX=y).0}
= {Corollary 8.2}
{o|IXYy-X=XoAYy=YyoA"X<Yy"}
C {focus on boolean term}

e X<Y
= {arithmetic}
X<y+2

c{o|IXYX=XoAYy=Y.oAX<Y+2}
= {Corollary 8.2}
X<y+2

Notice how the corollary allows us to focus on proving an implication between
boolean terms in order to establish inclusion between the boolean expressions. In
the same way, we can establish equality of two boolean expressions by proving
equivalencefor their corresponding baseterms. Werefer to thisway of establishing
inclusion or equality of aboolean expression as reduction.
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In practice, this level of detail in a proof is unnecessary. We will omit the details
of the reduction in subsequent proofs. The above derivation is then
X<y
C {reduction}
e X<V
= {arithmetic}
X<y+2
s X<y+42
The fact that the step isjustified as a reduction signals that the inner derivation is
done on boolean formulas and not on boolean expressions. In simple cases like
this one, we will usually omit the nested derivation altogether and make implicit
use of reduction:
X<y
C {arithmetic}
X<y+2
Here the use of C (rather than =) shows that we are relating two boolean expres-
sions rather than two boolean terms.
Alternative Reduction
We can also reduce b C c directly to an implication between base terms, as shown
by the following lemma.
Lemma 8.3 Let b and c be boolean expressions, and let x = Xy, . .., Xy be the attributes that

occur in these. Then

@ F (VX - Xn+b=70) = bcc,
(b) var Xq,....,%Xm F (VXi---Xm*b=7C = bCc.

Proof Letx := x.o standfor Xq, ..., Xm 1= X1.0, ..., Xn.0. We havefor (a) that
F (VX1...Xm*b=T7T)
= {speciaization; o afresh variable}
b[x := Xx.0] = T[X = X.0]
= {subsgtitution property}
b.o = co
and the result then follows by generalization.

For (b), we aso have to prove the reverse implication:
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var Xg, ..., Xm
Fbcc
= {definition of inclusion}
(Vo + b.o = c.0)
= {substitution property}
(Yo + b[x := x.0] = T[X := X.0])
= {specialize, o’ := (set.X1.X1 ; - - - ; S€t.Xm.Xm).0}
b[x := x.0'] = C[X = X.0']
= {property of state attributes: xj.o’' = X;}

b=¢
The result then follows by generalization, as the variables xy, . . ., X are not free
inbandc, norinvar Xq, ..., Xm. O

Asan example, consider again establishing (X < y) € (X < Y + 2). We have that

var X, y
FX=yyckx<y+2
= {reduction}

VXY X<y=>X<y+2
= {arithmetic}

T

Thisform of reduction issimpler to use when wewant to establish asinclusion like
(X £¥y) C (X < y+ 2) asasingle formula, whereas the first form of reduction
is more convenient when we want to derive a superset (x < y + 2) from a subset
(X < y) orviceversa

8.3 Conditional Expressions

The conditional construct, usually denoted by if ... then ... else ... fi,isof cen-
tral importance in mathematics as well as in programming languages. In math-
ematics, it alows us to define functions by cases. In programs, it permits us to
choose between alternative computation paths depending on the present state of
the computation.

In this section, we define a conditional construct that allows us to define functions
by cases in general. Then we show how to extend this to conditional expressions
and conditional state transformers.
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Conditionals
Let us define a new constant, the conditional cond : Bool - ¥ — ¥ — X. The
intended meaning isthat cond.t.t;.ty ist; if t = T and t, otherwise:

cond.t.ti.t, = (conditional)
(X (t=T) = X=t)A(t=F) = x=1)) .

We can make the conditional operator more palatable by adding some syntactic
sugar:

if t then ty else t; fi 2 cond.t.ty.ty .

Theif ... fi construct makes conditionals easier to read and manipulate. For this
to work, we need inference rules for the new construct. Three basic inferencerules
are the following (Exercise 8.2):

Dt
o Fiftthentyelsety fi = t;

O -t
®Fiftthentielsetyfi = tp

Fiftthent' elset fi = t’

The conditional operator is needed to define functions by cases. For instance, we
can define the maximum function on natural numbers as follows:

max.X.y L ifx < Yythenyelse Xfi .
The rules above then alow us to deduce, e.g., that

max.X.(X + 2)
= {déefinition of max}

if* X <X+ 2" then X + 2else X fi
= {arithmetic}

if T then X + 2 else X fi
= {conditional rule}

X+2

Similarly asfor let terms, thecondition (or itsnegation) becomesalocal assumption
when focusing on either branch of a conditional. Thisisjustified by the following
rules:

Ottt ~t)
O - (if t then ty else t; fi) ~ (if t then t; else t, fi)




8.3. Conditional Expressions 145

Theorem 8.4

Theorem 8.5

and
D, -t~
® - (if t then ty else to fi) ~ (if t then ty else t; fi) ’

where ~ isan arbitrary relation.

Conditional Expressions and State Transformers

The conditional operator is extended pointwise as follows. Let b be a predicate on
Y,andlet f : ¥ - I'andg: ¥ — I' betwo state functions. Then we define the
conditional state functionif bthen f else gfi: ¥ — I" by

(ifbthen f else gfi).c = ifb.o then f.o else g.o fi .

When b, f, and g are expressions, then we refer to this construct as a conditional
expression. When f and g are state transformers, then we call this a conditional
state transformer.

Thefollowing state transformer sets attribute x to the maximum of attributes x and
y:
ifX <ythenX :=yelseidfi .
An example of a conditional expressionis, e.g.,
if X < ythen yelse Xfi ,
which gives the maximum of attributes x and y directly.

The following result shows how to establish equality of two conditiona state
transformers with the same condition:

Let f, f’, g, and g’ be state transformers and b a predicate. Then
(if bthen f else g fi) = (ifbthen f'else g fi) =
bc(f=f)A=bc(g=g).

This follows directly from the definitions and the inference rules for conditionals.
The condition b € (f = f’) isakind of conditional equality. It says that the
functions f and f’ have to have the same values in a state whenever the state
satisfies b.

We canidentify anumber of other useful equality rulesfor workingwith conditional
expressions and conditional state transformers.

The following rules hold for conditional state functions:
(@ifbthen felse ffi = f |

(b)if bthen f else gfi = if—~bthengelse f fi ,
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(c)ifbthen f elsegfi;h = ifbthen f ;helseg;hfi,

(d)yh;ifbthen f elsegfi = ifh;bthenh; f elseh; gfi .

We leave the proof of these equalities as exercises (Exercise 8.4).

Inthelast rulewe usethefact that h; b isapredicate (but not aboolean expression)
if hisastate transformer and b isapredicate. By noting that (x ;=€) ;b = b[Xx :=
€] (Exercise 8.5), we get a specia case of the last rule that uses only boolean
expressions:;

x:=e;ifbthen f else gfi =
ifb[x :=€]thenXx :=e; felsex :=¢e; gfi.

8.4 Proving Properties About Conditional State Transformers

Let usadd conditional statetransformersto the straight-line programsthat we have
described earlier. The language is thus defined by the following syntax:
f = id|x:=e] fy; fo|ifbthen fyelse fofi .

Herex isalist of distinct state attributes, e a corresponding list of expressions, and
b a boolean expression.

An obvious property that we want to prove of a straight-line program is that it is
equal to another one. Asan example, consider thesimpleprogramx := x+1;X :=
x — 1. Let usprovethat it isreally the identity state transformer. We have that

var X . Nat
FX=x4+1,;,X:=x-1)
= {merge assignments (Theorem 5.3)}
xX="x+DH-1")
= {functionality of assignment, arithmetic}

X :=X)
= {property (€)}
id

The second step uses the functionality of assignment, i.e.,, thate = € = (X =
e) = (X :=¢€).

Pointwise Functionality

Any function f is a congruence with respect to equality; a = b implies that
f.a = f.b. In many cases, functionality is not sufficient, and we need a stronger
property. Let us say that afunction f is pointwise functional if
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Lemma 8.6

(NVo-eo=¢€.0 = feo=f€o). (pointwise functionality)
This condition can be written as
(e=¢€¢) C (fe=f¢).

The equalities that occur in these expressions are pointwise extended operations
(the typing would not be correct otherwise).

Pointwise extended functions f are always pointwise functional: if eo = €.0,
then

feo = f.(eo) = f(€o0) = f.€o .

Thismeansthat expressionsin general are pointwisefunctional. We generalizethis
to arbitrary components of expressions.

Let e and € be two expressions and let h be another expression. Then
(e=¢€) € (hix:=€=h[x:=¢€]) .

The proof is by induction on the structure of expressions. As an example, we have
that

X+y=2 S (X+y)*xz2=2%x2) .

The assignment function x := e is not a pointwise extended function, but it is
pointwise functional;

(e=€) € X:=e = Xx:=¢).
This follows directly from the definition of assignment.

We can use this property to reason about equivalence of assignments on certain
states. For instance, we have that
X<y
C {reduction: (VX y+X <y = Xmaxy = Yy)}
Xmaxy =y
C {pointwise functionality of assignment}
(X:=Xmaxy)=(X:=Y)
so the state transformers x := X max y and X := y are equal in those states where
X<Yy.
Sequential composition is pointwise functional in itsfirst argument:

(f=1) € (f,0=1"0 .
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However, sequential composition is not pointwise functional in its second argu-
ment. Instead, we have that

9=9).(fo) = (f;g="F;09)0 .
As we compare the functions in two different states, pointwise functionality does
not hold.

Conditional state functions (expressions and state transformers) are pointwise
extended operations, so they are aso pointwise functional in al arguments:
b=bAf=1fAg=d) C
if bthen f else g fi = if b’ then f else g’ fi .

Example Proof

Let usillustrate these proof rules by showing that the little straight-line program
for computing the maximum of two program variables that we have given above
iscorrect, i.e., that it isthe same state transformer as (X ;= X max y):

(X ==X maxy)
= {conditional expression rule}
if X < ythen (X := X max Y) else (X := X max Y) fi
= {equality of conditionals, generalization}
e X<Y
C {derivation above}
X:=Xmaxy)=(X:=Y)
e X>Y
C {reduction and assignment property}
(X:=Xmaxy) = (X:=X)
«ifX<ythenx:=yelse“ X :=x"fi
= {property (€) of attributes}
if X < ythen X := Yy else id fi

8.5 Summary and Discussion

We have shown how to reason about boolean expressions and conditional straight-
line programs. We have shown how to reduce properties about bool ean expressions
to properties about ordinary boolean terms.

An alternative way of handling predicatesistaken by Dijkstraand Scholtenin[54].
They build atheory of boolean expressionsab initio, by defining the syntax for these
directly and postulating a collection of properties that boolean expressions satisfy.
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They take pointwise functionality (which they call punctuality) as the basic rule,
in combination with the everywhere operator [b], which corresponds to universal
guantification in our framework: [b] = (Vo - b.o). With these correspondences,
the lawsfor predicate expressions derived by Dijkstraand Scholten can be derived
inour framework too. Theapproach that we have chosen hereiscloser to traditional
logic, in that we compare boolean expressions directly for inclusion or equality
and use the reduction theorem to move between reasoning on the predicate level
and reasoning on the truth-value level.

8.6 Exercises

8.1

8.2
8.3
8.4
8.5
8.6

8.7

Show that if t; and t, are boolean terms, then

iftthentielsetofi = (tAt)V(—tAL) .
Derive the three inference rules for theif ... fi construct given in the text.
Derive the two focusing rules for theif ... fi construct given in the text.
Prove the rules for conditional state transformers given in Theorem 8.5.
Show that if b is aboolean expression, then (x ;=€) ; b = b[x := €.
Show that conditionals on two levels are related as follows:

ifbthenX ;== e elseX ==& fi = (X:=ifbthene; else & fi) .

Generalize Theorem 8.4 to permit the conditions to be different.
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9

Relations

0.1 Relation

Let us next look at how relations are handled in higher-order logic. Relations, like
predicates, form a complete boolean lattice and thus have essentially the same
set of inference rules as predicates. We can define new operations on relations,
giving additional properties. In particular, relationscombinealattice and acategory
structure. Relations also provide uswith amore expressive way of describing state
changes, where the effect can be nondeterministic in some states and undefined in
other states.

Spaces
We define the relation space from X to I, denoted by > < T, by

Yol £ - PI). (relation space)

A relation between ¥ and I' isin set theory seen asasubsetr € ¥ x I'. The
set-theoretic view and the function view taken here are linked in a simple way.
The set r determines afunction P, : ¥ — P(I'), defined by P;.a.b = T if and
only if (a, b) € r. Conversdly, the function P : X — P(I") determines the set
reCExI,byrp={(@b)| P.ab=T}

Lattice of Relations

The relation space arises as a pointwise extension of the predicate space. For two
relations P, Q € X « I, the partia ordering is defined by
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PCQ £ (Vo:%:P.oC Qo). (C of relations)
Itiseasy to seethat P C Qisequivaentto (Vo y - P.o.y = Q.o.y).
By the pointwise extension theorem, the relation space inherits the property of
being a complete boolean lattice from the predicate lattice. The relation space is
also atomic.
Theorem 9.1 (X « I, ©) isa complete, boolean, and atomic lattice.

The lattice operations on relations are also the pointwise extensions of the corre-
sponding operations on predicates. We define these as follows, for o : X:

False.o = false , (L of relations)
True.s = true , (T of relations)
(PNQ)oc £ PoNQuo, (n of relations)
(PUQ).o £ PoUQ.o, (L of relations)
(=P)g £ =P.o . (— of relations)

The naming hereis similar to that for predicates: False istheidentically falserela
tion, True theidentically truerelation, and wetalk about the conjunction, disjunction
and negation of relations.

The inference rules for boolean lattices are valid for relations. Similarly as for
predicates, we can derive these inference rules from the corresponding rules for
predicates and truth values, so we do not need to postul ate them.

In aset-theoreticinterpretation, False istheempty relation, and True isthe universal
relation that relates any two elementsto each other. Relation — P isthe complement
of therelation P, while P N Q isthe intersection of two relations P and Q, and
P U Q isthe union of these two relations, as would be expected.

Since relations form a complete | attice, indexed meets and joins are also available
for relations. We write (Ni € | « R) for theindexed meet of aset {R; | i € I}
of relations, and (Ui € | - R) for the indexed join. The indexed meet and join of
relations are pointwise extensions of the corresponding constructs for predicates:

Niel-R)oc = (Niel+R.o), (general conjunction)
Uiel+ R)o = Uiel+R.o). (general disjunction)

The inference rules for these are again the rules for general meets and joins,
specialized to relations.

Other Operations on Relations

Relations form a rather rich domain, and there are a number of other useful
operations that we can define on them. We consider here the most important ones.
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The identity relation and composition of relations are defined as follows:

Id.o.y o=y, (identity)
(PeQ).0.8 3y - Pooy A Q.y.4) . (composition)
As with functional composition, the range type of P must be the same as the
domain type of Q for the typing to be correct.

Theinverse of relation Ris R™2, defined by

A
A

Rloy £ Ryo. (inverse relation)

9.2 State Relation Category

Theorem 9.2

A state relation category has state spaces as objects and state relations as mor-
phisms. Thus, X P I means that P is a relation of type X <« I'. The

identity relations are identity morphisms, and composition is forward relational

composition:

1

P;Q

A special kind of staterelation category isRelx, which hasall typesin X asobjects
and all relations between two objects as morphisms; i.e.,

Id , (1 for state relations)
PeQ. (; for staterelations)

> 1>

Relx(Z,T) £ T« T .

We write Rel for Relx when the collection X of state spacesis not important. We
leaveit to the reader to verify that Rel isindeed a category (Exercise9.5), i.e., that

(P;Q;R=P;(Q;R), (; associative)
Id;R=R and R;ld=R. (Id unit)
It is easy to see that composition is monotonic with respect to relation ordering:
PSP AQCQ = P;QCcP;Q. (; monotonic)

We summarize the results about relations in the following theorem.

Relx forms a complete atomic boolean lattice-enriched category.

Furthermore, composition distributes over bottom and join, both from left and
right:

P False = False , (False distributivity)
False; P = False ,
P;(QUR) = P;QU PR, (U distributivity)
(PUQ;R = P;RUQ;R



154 9. Relations

Composition does not, however, distribute over meets and not over top (Exercise
9.6).

9.3 Coercion Operators

We can construct rel ationsfrom predi catesand functionsusing coercion operations.
Letp: X — Booland f : ¥ — I'. We definethe test relation |p| : £ <> X and
the mapping relation | f| : ¥ < T, by

o=y ApOo, (test)

fo=y. (mapping)

Thus, |p| is asubset of the identity relation and holds where p is satisfied, while
| f| istherelation that describes the function f.

Ipl.o.y
|fl.o.y

> 1>

These operations are useful when we want to express conditions involving pred-
icates, functions, and relations. Using the | - | operators, we can often write the
conditions on the relational level. For example, the expression p.c A R.o.y can
bewritten as (| p| ; R).o.v, as shown by the following derivation:

(pl; R).oy
= {definition of composition}
(3o’ + |pl.o.c’ ARo'.y)
= {definition of test relation}
3o’ +0=0"Ap.oc ARy
= {one-point rule}
p.c A Ro.y

The test constructor | - | : P(X) — Rel(XZ, X) is easily seen to be monaotonic. In
addition, it preserves bottom, positive meets and universal joins. However, it does
not preserve top or negation. Furthermore, we have the following properties:

[true| = 1Id,
lpNql Iplslal

It isaso easily checked that the mapping relation operator preserves identity and
sequential composition:

lid| = 1d,
[f.al = [fl;lal.

The domain and range of arelation are defined as follows:
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is c 1L T M L - 1 ;
(Ap-IpD yes | yés no yes Yyes| no | yes Yyes
af-fh |yes| - - - - | - |yes yes

(AR-dom.R) | yes|yes yes no yes| no|yes no
(AR-ran.R) | yes|yes yes no yes|no|yes no

TABLE 9.1. Homomorphic properties of coercion operations

dom.Ro = 3y -Ro.y), (domain)
A

ran.R.y (3o + Ro.y) . (range)

The operations dom.R and ran. R, which give the domain and range of arelation
R, are both monotonic with respect to the relation ordering, and they are bottom,
top, and join homomorphic (but not meet homomorphic). These homomorphism
properties are summarized in Table 9.1.

Partial Functions

Aredation R: ¥ < I' issaid to be deterministic (or functional) if every o € T is
relatedtoat mostoney €I, i.e, if

~NMoyy +RoyARoy =y =y). (deterministic relation)

Deterministic relations model partial functions, which thus form a subset of rela-
tions. The empty relation False is a partial function, as are the test | p| and map
| f|. Composition of relations preserves determinism, and so doesintersection. Re-
lations described in terms of these constants and operations are therefore always
deterministic.

9.4 Relational Assignment

The assignment notation is very convenient for describing functions that change
the values of attributes of astate. We can extend the assignment notation in arather
straightforward way to relations between states with attributes.

Assumethat x : ¥ — T isan attribute and b a boolean expression of type I'
with possible free occurrences of afresh variable x’ : I'. We define the relational
assignment (x := x’ | b) asthe following state relation:

(x:=x'|bl.oc £ {setx.X.oc|b.o}. (relational assignment)
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An example of arelational assignment is
xX=x'|X=x+y) .
This assignment relates states o and o’ = set.x.x’.oc whenever x’ satisfies x’ >
val.X.o +val.y.c . Notethat we could aswell writethisassignmentas(x :==z|z >
X+Y). Theuseof primed variablesinrelational assignmentsismerely atraditional
way of indicating new values for program variables.
The above definition of the relational assignment is slightly awkward to use in
proofs, so we often use the following alternative characterization:
Lemma 9.3 Therelational assignment has the following property:
X:=x"1b)oo’ = @x 0 =setx.Xx.oc Abo) .
Proof The proof isasimple derivation:
X :=x"|b).o.o’
= {definition of relational assignment}
o' € {setx.X'.oc | b.o}
= {set membership}
(3X o’ =set.x.x'.0c Ab.o}
O
The relational assignment is also easily generalized to multiple relational assign-
ment, which permits two or more state components to be changed simultaneously.
(Xis ooy Xm ==X, ..., X | b).o =
{(set.x1.X] ; -« - ; set.-Xm-Xp).0 | b.o}
where we assume that Xy, . .., Xm are distinct attributes.
Basic Properties of Relational Assignment
The relational assignment gives us a convenient way of expressing relations in
terms of program variables. When working with relational assignments, we can
use properties of relations, but in order to make this work smoothly, we need
properties stated explicitly in terms of assignment statements.
We start with a number of lattice-oriented homomorphism properties that reduce
concepts from the level of relations to the level of boolean expressions inside
relational assignments:
Theorem 9.4 Assumethat x isa list of program variables and that b and ¢ are boolean expres-

sions. Then
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Lemma 9.5

(@ varx  (x:=x'|F) =False .

(b) varx = X:=X|bArc)=Xx:=xX'|b)n(x:=x"|c) .
(©)varx F x:=x'|bve)=x:=x|bux:=x"]c) .
(dvarx F X:=xX|bSx:=x"|c) = (¥X'+bCc).

Proof We show the proof of case (d), for the case when x isasingle state attribute.
The generalization to the case when x is alist of variablesis straightforward.

x:=x|b) S (x:=x"]c)
= {definition of C, Lemma 9.3}

Vo y+@x -y =setx.X.0 Ab.o) = @Ax «y =set.x.X.0 AC.0))
= {quantifier rules}

(Vo y X'+ y =setx.X'.0c Ab.o = 3X + y =set.X.X.0 A C.0))
= {one-point rule (rename captured variable)}

(Vo X'+ b.o = 3AX” + set.x.X.0 = set.X.X".0 Ac[X = X"].0))
= {state attribute properties say set.x.X".0 = set.X.X".0 = x’ = X"}

(Vo X' +b.o = @x"+ X' = X" Ac[X = X"].0))
= {one-point rule}

(Vo X'+ b.c = c.0)
= {pointwise extension}

(VX' +bC o0

Cases (a)—(c) are proved in asimilar style. O

Therules for meet and join are easily extended to arbitrary meets and joins:
varXx - (X=X | Vi-b)=MNiel - x:=x"|b)),
varx F (x:=x'|@ib)=WUielx:=x"|h)) .

However, there are no similar results for negation or top.

Therulesin Theorem 9.4 requirethat therel ational assignmentsinvolved all update
exactly the same variables. When reasoning about assignments that work on differ-
ent collections of variables we can use the following rule to make the assignments
compatible:

Assumethat x and y arelistsof programvariablesandthat bisaboolean expression
in which y" does not occur free. Then

varXx,y F X=X b =Xy:=x,Y|bAay =y .
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Theorem 9.6

Theorem 9.7

Corollary 9.8

Corollary 9.9

Proof The proof follows the idea of the proof of Theorem 9.4, rewriting with
definitions and using state attribute properties. O

Next consider properties of sequential composition and identity:
Assumethat x isa list of attributes. Then
@varx F x:=xX|xX=x)=1d .
B)varx F x:=x"|b);(x:=x"|¢c) =
(X=X | @X"b[X :=x"]Ac[x:=X"]) .

The proof is again a straightforward application of definitions and state attribute
properties, so we omit it.

Finally, we show how the coercions between predicates and functions on the one
hand and relations on the other hand are reflected in the assignment notation. We
omit the proof, sinceit is done the same way as in the previous lemmas.

Assume that x is a list of program variables, e is an expression, and b and ¢ are
boolean expressions. Furthermore, assume that x’ does not occur freein b or e.
Then

@varx F bj=XX:=x"|bAX =Xx) .
(b)varx F [x:=el=Xx:=X"| X' =€) .

(©varx F dom.(x:=x"|¢c)=(3X -C) .

Derived Properties of Relational Assignments

From Theorem 9.6 follow two rules for independent relational assignment.

Assumethat x and y are digoint (lists of) attributes.
(a) If y’ doesnot occur freein b, and x” does not occur freein ¢, then
varXx,y F X:=x"|b);(y:=y|c) =
X,y =X,y |bAacx:=X] .
(b) If x and x’ do not occur freeinc, and y and y’ do not occur freein b, then
varx,y E (x:=x1b);(y:=ylo=(y=y|0;x:=x"[|b).

Two other specia cases of Theorem 9.6 (b) are the following rules for adding
leading and trailing assignments:

(@ If X and y’ are not freein e, then

varXx,y F X,y =X,y |bx:=€)=|x:=¢€; (X, y:=xX,y |b) .
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(b) If X" isnot freein b and y isnot freein e, then

varX,y F X,y =X,y |bAaxX = ==Yy |b;|x:=€y :=V] .

Example: Dividing a Problem into Subproblems

The rule in Theorem 9.6 (b) can be used to divide a problem into two (smaller)
subproblems. The following simple example illustrates this:
X,y =X,y |factor.X' . X AfactorX .y Am=< (x'-y) <n) =
X,y :=X,Y |factor.X' X Afactor.X.y) ; (Y =y |m< (X-y)<n).
The original assignment requires us to set x and y to new values x’ and y’ such
that x’ isafactor in both x and y and the product x” - y’ is within certain bounds.
This can be done by first finding a suitable value for x (and alowing y to change
arbitrarily) and then finding asuitablevaluefor y. Thefollowing derivationjustifies
the equality:
X,y =X,y | factor.X'.x A factor.X.y) ; (y ==y |[m< (x-y) <n)
= {make assignments compatible}
X,y =X,y | factor.x".x A factor.x’.y) ;
X y=x,y|xX=xAm=(x-y)=<n
= {composition of relational assignments}
X y=x,y|
@x" y” « factor.X".x Afactor. X"y AX = X" Am < (X" -y) <n))
= {one-point rule, vacuous quantification}
(X, y =X,y | factor.X'.x A factor. X .y Am < (x' - y) <n)

9.5 Relations as Programs

Relations are more expressive than (total) functions and are therefore better suited
to model programs. The simplest program model (apart from a total function) is
that of a partial function, which permits us to say that a program is defined only
for certain initial states. For instance, we might want to say that the assignment
X := X/y isdefined only in an initial state where y # 0. Similarly, we can model
nontermination of aprogram with undefinedness. Thisisarather classical approach
to modeling programs.

With relations we can also model nondeterminism. In this case, a program may
have two or more possible final states, but we do not know which oneis going to
be chosen (demonic nondeterminism), or we can ourselves choose the final state
(angelic nondeterminism).
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We can also make the syntax of relations more program-like by adding condi-
tional staterelations, in the same way aswe defined conditional state transformers.
Consider first the relation | p| ; R,where p isapredicate. The intuition is that this
relation maps initial statesin p as R does, but initial states outside p are mapped
to the empty set. We then define the conditional staterelationif p then P else Q fi
by using this as a building block:

if pthen Pelse Qfi = [p|;PU|-p|;Q .

Note that conditional relations preserve determinism (Exercise 9.4). We can use
a guarded relation to define a conditional relation with an arbitrary number of
alternatives that need not be mutually exclusive:

[P1l; ReU---U|pml; Rm .

Here p; and p; may both hold for some state, and thus both relations are applicable
in that state.

We can also defineiteration with rel ations. We definethereflexivetransitive closure
of arelation R, denoted by R*, by

R* £ (Uili>0-R),
where

RO
Ri +1

Id ,
R:R, i=012....

A
A

We can then define an iterated relation of the form while p do R od by

while pdo Rod = (Ip|; R)*;|=pl .

It is easy to see that (while p do Rod).c.0’ holds if and only if there exists a
sequence of states o = o9, 01, ..., 0n = o’ such that p.o; A R.oj.0i 1 holds for
i=0,1,...,n—1and— p.o, holds(i.e., if o’ can bereached from o by iterating
R aslong as condition p holds). If condition p aways holds for states reachable
by R from some initial state o, then (while p do R od).c will be empty. Thus, we
model nontermination with partiality.

Let us collect the above constructs into a language in which to express state
relations. We define this as follows:

R o= 1d|b|(x:=x"|b)|R;R|RUR|R] .
Here b isaexpression, while x isalist of state attributes.

Thislanguage permitsnondeterministic choicein theassignment, theunion, and the
iteration. By replacing these with functional assignment, deterministic conditional,
and while loops, we have a standard deterministic programming language where
the constructs are interpreted as partial functions. The syntax for thisisasfollows:
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R = 1d||bl||Xx:=¢€|| Ry ;R |ifbthen Ry else R, fi | while bdo Rod .
Here the test relation and the iteration introduce partiality into the language.

Blocks and procedures were defined for state transformers and can obviously also
be defined for relations in a similar manner. Thus, we can introduce a relational
block with local variables (see Exercise 9.12). Similarly, we can define arelational
procedure, i.e., a name for arelation that can be called using reference and value
parameters. However, wewill not make use of these constructson thetherelational
level. We return to blocks and procedures on the program statement level in later
chapters.

9.6 Correctness and Refinement

Let us go back to our original goal: to model the behavior of agents whose inter-
action is bound by contracts. Relations allow us to model contracts where only
one agent is permitted to make choices. Consider first the situation where only our
agent can make choices. We assume that the contract statement is expressed as a
state relation in the language above, where we interpret Ry U Ry as Ry U Ry, Itis
then clear that our agent can establish the postcondition g in initial state o with
relation R if

(3o’ + Ro.c' AQ.o)) .

This therefore defines o {| R[} q when all choices are angelic. To achieve the
postcondition, it is sufficient that some state o’ that satisfies g can be reached from
o with R. If thereisno ¢’ such that R.o.0”, then our agent clearly cannot establish
the postcondition and has to breach the contract.

Consider then the situation where only the other agent can make any choices. In
thiscase, weinterpret Ry U R, as R; M R,. Our agent can then be surethat condition
g isestablished in initial state o with R only if

(Vo' + Ro.o’' = q.0) .

If thisholds, the other agent cannot avoid establishing the postcondition g, because
every state reachable from o will establish this postcondition. If thereisno ¢’ such
that R.o.0”’, then the other agent has to breach the contract, so our agent trivially
satisfies the contract.

Thus, thereis an angelic and a demonic interpretation of relationsin our language
for state relations. We can choose to let U model either kind of nondeterminism.
However, we haveto fix either interpretation for U, so we cannot model both kinds
of nondeterminism at the same time with relations.
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We obviously also get two different notions of correctness for state relations. We
say that R isangelically correct with respect to precondition p and postcondition

qif
p.o = (3o’ < Ro.0’' AQ.0")

holds for each o. Thisisthe same as requiring (Vo + p.c = (R.o Nq # ©)) or
ran.(|pl; Ry Nq # @.

Duadly, we say that R isdemonically correct with respect to p and g if

p.c = (Yo'+-Ro.o' = q.o’).

Thisisagainthesameasrequiringthat (Vo + p.c = (R.oc € q))orran.(|p|;R) C
g.

Deterministic Programs

If therelation R isdeterministic, then we have apartial function. A choice between
two or morealternativesisthen not possible, but thereisstill the possibility that Ris
not defined for some initial states. In this case the angelic correctness requirement
states that for any initial state o that satisfies p there must exist a final state o’
reachablefrom o suchthat .o’ holds. In other words, the execution must terminate
inafinal state that satisfies q. Angelic nondeterminism for deterministic relations
thus amounts to what is more commonly known as total correctness.

On the other hand, demonic correctness states that for any initial state o that
satisfies p, if there exists afinal state o’ reachable from o, then .0’ must hold.
Demonic nondeterminism for deterministic relations thus captures the notion of
partial correctness.

Thedifference between thesetwo notions of correctnessfor deterministic programs
iswhether we consider the situation in which thereis no final state as good or bad.
If we have an angelic interpretation, then our agent is supposed to carry out the
execution, so amissing final state is a breach of contract and is thus bad. In the
demonic interpretation the other agent is making the choices, so a missing final
state is good for our agent.

Refinement

Since we have two notions of correctness, there are also two different kinds of
refinement for state relations, depending on whether we assume that the nondeter-
minism expressed by the relation is angelic or demonic. If it is angelic, then we
can define refinement by

RER = RCR. (angélic refinement)



9.6. Correctness and Refinement 163

The definition of refinement saysthat R C R holdsiff o { R} q = o { R}
holdsfor every o and every g. With an angelic interpretation thisisthe caseif and
only if R € R’ (Exercise 9.10). Intuitively, this means that a refinement can only
increase the set of final states among which our agent can choose and hence makes
it easier for it to satisfy the contract.

Inasimilar way ademonicinterpretation of thenondeterminisminrelationsimplies
that refinement is defined by

RER = ROR. (demonic refinement)

In this case the refinement decreases the set of final states among which the other
agent can choose, and hence it can only make it easier for our agent to satisfy the
contract.

Relations as Specifications

Relations are very useful for describing the intended effect of programs, i.e., to
give specifications. The nondeterminism is then interpreted as a don't care non-
determinism: the implementer is given freedom to choose any of the permitted
outcomes. This is demonic nondeterminism, where the user is prepared for any
choice that the system makes. Consider our exampl e specification from the intro-
duction, computing the square root of x with precision e. This can be expressed
by the relational assignment

xX:=y| —e<x—Vy’<e).
Any program that yields afinal result that satisfies this relation is then acceptable.

We might be more specific and request the square root to be computed only if
x > 0and e > Oinitialy. Thisis captured by the following relation:

ifx>0Ae>0then(X:=y| —e<X—Yy? < e)else True fi .

We do not require anything of the final statewhen x < O or e < 0. We can aso be
more specific if we want, and state that in this case nothing should be done. This
would correspond to the specification

fx>0Ae>0then(X:=y| —e<Xx—y><e)elseldfi .
Looking at arelation as a specification, a correct implementation is the same asa

(demonic) refinement of the relation. Any relation that is more deterministic than
the specification is a correct implementation. In particular, we would have that

ifXx>0Ae>0then(X:=VY| —e<x—y2<e) else True fi C
if X > 0Ae> Othen |X := /X| else Id fi .
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9.7 Summary

This chapter introduced state relations and described their lattice- and category-
theoretic properties. We showed how relations can be used to model programs
wherethereisonly onekind of nondeterminism, either angelic or demonic. Weal so
looked at the notions of correctness and refinement for both these interpretations
of state relations. For deterministic programs, angelic correctness is the same as
total correctness, and demonic correctnessisthe same as partial correctness. There
isalong tradition of modeling programs asrelations. An early textbook where this
approach is described was written by de Bakker [36]. A relational view is also at
the heart of formalisms such as\VVDM [94] and Z [133]. The origin of the relational
view isin therelation calculus of Alfred Tarski [135].

Relational assignments are useful for specifying the required behavior of programs
without overspecification. We described asimple programming language based on
relations that is more expressive than the straight-line programs and discussed the
notions of correctness and refinement for programs described in this language.
The notion of arelational assignment is based on the nondeterministic assignment
statement originally proposed by Back [6] and further studied in [12].

Therelational model isrestricted in that we cannot have both angelic and demonic
nondeterminism at the sametimein aprogram. Neither doesit permit usto express
either kind of nondeterminism together with nontermination. This shows that the
relational model has its limitations, and that there are situations in which we need
to choose a more general model for programs, such as the predicate transformer
model that we will describe shortly. However, for many purposes, the relational
model is quite sufficient.

9.8 Exercises

9.1
9.2

9.3

9.4

9.5
9.6

Show that any relation space is an atomic lattice.

Show that the identity relation is deterministic and that composition of two deter-
ministic relations is deterministic.

Prove Theorem 9.4 (a). Thenexplainwhy thereisnoruleof theform (x := x' | T) =
True.

Show that the conditional relation preserves determinism; i.e., if relations Q and R
aredeterministic, thenany relation of theformif p then Q else R fiisdeterministic.

Verify that Rel is a category.

Show that in the category of state relations, composition distributes over bottom
and join both from the left and from the right. Give a counterexampl e showing that
composition does not distribute over meet or over top.
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9.7

9.8
9.9

9.10

9.11
9.12

Show that if R isastate relation, then the following properties hold:

[dom.R] € R;R?!,
ran.R] € R1:R.

Prove Corollary 9.9.
Prove the following:

R*;R* = R*,

(R)* = R*.

Show that relations R and R’ satisfy

(Vgo + {R}.g.0c = {R}.q.0)
ifandonlyif RC R'.
Carry out the detailed proof of Corollary 9.8.
Define arelational block with local variable y afollows:

beginvary |b; Rend = |begin|;(y:=Y |bly:=Yy]);lend| ,

where the initialization predicate b is a predicate over the global variablesand y.

Show that beginvar y | b; Id end = Id.
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10

Types and Data Structures

So far, we have assumed afixed collection of types, type operators, constants and
axioms in the logic. We next consider how to extend our theories to model new
domainsof discourse by defining new typeswith associated constantsand inference
rules. Either we can postulate a new type by giving a collection of axioms and
inference rulesthat determine the properties of the type, or we can construct anew
type as being isomorphic to a subset of some existing type. We describe both these
methods below. We use the axiomatic approach to introduce the important type of
natural numbers. As another example, we show how to define lists and digjoint
sums. The latter can be seen as the category-theoretic dual to cartesian products.
The constructive approach is illustrated by showing an aternative definition of
natural numbers.

We then look at how to define the standard data structures commonly used in
programming languages: records, arrays and pointers. We show how to formalize
their properties as rather straightforward extensions of the way we formalized
program variables. We also show how to reason about such structures.

10.1 Postulating a New Type

We postul ate anew type by introducing anew atomic type or type operator, extend-
ing the signature of the logic with the operations needed for the type and extending
the deductive system with new axioms and inference rules that postul ate the prop-
erties of these operations. We have aready shown how to postulate a product type.
Here we show how to define natural numbers, lists, and disjoint sums. Thefirst is
an example of an atomic type; the two others aretype constructorslike the product.
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Natural Numbers

The type Nat of natural numbers is an atomic type. It has constants O : Nat and
suc : Nat — Nat (the successor function). We introduce the type Nat by adding O
and suc to the signature and postul ating Peano’s axioms:

F (vn+—=(suc.n =0)) ,
F((Mmn-suc.m=suc.n = m=n),
Fp-:p.0OA(Yn- p.n= p.(suc.n)) = (Yn- p.n))

(from now on, wewill generally write axioms and theorems without outermost uni-
versal quantifiers and without leading turnstile if there are no assumptions). The
first axioms states that 0 is not a successor. The second axiom states that the suc-
cessor function isinjective. Thelast axiom isthe induction axiom. Peano’s axioms
are sufficient for developing arithmetic in higher-order logic, because addition and
multiplication (and other operations on naturals) can be defined as new constants.
Notethat the induction principleis stated as asingle theorem in higher-order logic,
using quantification over all predicates p. In afirst-order logic, we would need to
use an axiom scheme to define induction.

The numerals 1, 2, ... can be seen as a (potentialy) infinite collection of new
constants, each with its own definition (1 = suc.0, 2 = suc.1, €tc.).

Sequences

A sequenceis afinite ordered collection of elementsthat are al of the same type.
We shall hereintroduce sequences by postul ating anumber of axioms, much inthe
sameway asweintroduced the natural numbers. There aretwo basic constantsover
seguences: the empty sequence () : Seq of X and the (infix) sequence constructor
& : (Seqof ¥) - ¥ — (Seq of ), which extends a sequence with an element.
The postulates are the following:

S&X # () ,
S&X =5&x = s=5 Ax=x",
p.{) A(¥YSX+ p.s= p.(S&X)) = (Vs p.S)) .
Note how these axioms resemble the axioms for the natural numbers. In addition

to the two basic constants, we introduce two other constants, last : Seqof ¥ —
and butlast : Seq of ¥ — Seq of X, with axioms

last.(S&X) = X ,
butlast.(s&X) =S .

Since all functions aretotal, last applied to ( ) will return some value, about which
we know nothing.

In practice, we use anglebracket notation for concrete sequences, so (1, 2, 3) stands
for ((()&1)&2)&3.
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Sum Type

Dually to products, we extend the type structure of higher-order logic with sum
types, standing for disjoint unions. Sums are added through a binary type operator
+, written infix. Exactly as for products, we assume that + associatesto the right,
s0 X +I' + A standsfor = + (I" 4+ A). Furthermore, we assume that + has higher
precedence than — but lower than x.

Elements of the sum are constructed from elements of  and I' using the injection
functionsinl : ¥ — X +T andinr: ' — X +T. In addition to theinjection func-
tions, we introduce four other new constants for handling sums. The test functions
isl: X+ T — Boolandisr : ¥ + I" — Bool tell us where an element in the sum
originates, and the projection functionsoutl : ¥ +T' - L andoutr: ¥+ T — T
project an element from the sum back into the component where it originates.

Thus the sum type is characterized by the following property, for an arbitrary
X 41T

Ho:Z+8=inlo)v @y :T+8=inry) (sum characterization)
Furthermore, we have the following properties for isl and isr:

isl.(inl.o) =T isl.(inr.y) =F (left test)
isr.(inl.o) =F isr.(inr.y) =T, (right test)

and the following properties for outl and outr:

outl.(inl.o) = o, (left project)
outr.(inr.y) = y . (right project)

Notethatoutl : ¥4I — X andoutr : X+I" — I" arenot uniquely defined by these
equations; we do not say anything about the value of outl.(inr.y) or outr.(inl.o").

Equality on sumsisasfollows:

inLe =inl.ed’ = oc=0¢, (sum equality)
inlLe =inr.y = F,
inr.y =inr.y’ = y =y’

If ¥ and I" each is equipped with an ordering, then we assume that thesum X + I
isordered asfollows:

inLe Cinl.e’ = ocCo’, (sum ordering)
ine Cinr.y = T,

inry CinLo = F,

inry Cinr.y’ = yCy’ .

Thusthe orderingswithin X and I are preserved, but every element of X issmaller
than every element of T.
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10.2 Constructing a New Type

Another way of extending a theory with a new type is to construct the new type
in terms of existing types. We extend higher-order logic with a new type T by
asserting that thistypeisisomorphic to anonempty subset A of some existing type
3. The new type T is not a subset of =, because all types in higher-order logic
must be digoint. Rather, there is a bijection between the elements of T and the
elements in A. Using the bijection, we can then define operations over the new
type in terms of already existing operations over the old type.

The principle of extension by type definition in higher-order logic allows us to
introduceanew typeinthisway. Theresulting extension of thelogicisconservative,
so this approach also guarantees consistency of the extension. The steps required
are the following:

(i) Specify asubset A of some existing type.

(ii) Prove that the set A is nonempty.
(iii) Assert that the new type isin one-to-one correspondence with A.

Formally, the logic is extended with a new type by a definition

T = A. (type definition)

where T isthe name of the new typeand A : ¥ — Bool isaclosed term such that
(3x + A.X) isatheorem (so A denotes a nonempty set). This extends the theory
with a new type T, the new constantsabs : ¥ — T andrep : T — X, and the
following theorem:

F (VX :T-abs.(rep.X) =X) A (VY |y € A-rep.(abs.y) =VY) .

This theorem states that correspondence between the type T and the representing
set A isgiven by the abstraction function abs and the representation function rep.
This construction isillustrated in Figure 10.1.

rep

abs

FIGURE 10.1. Defining anew type T
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The type X can contain uninstantiated types X, . .., X,; inthiscase T becomes
an n-ary type operator.

Unit Type

As afirst smple example, we introduce the type Unit, which contains exactly one
element. This can be done by choosing the value T : Bool to represent the unique
element of Unit. We have that {T} = (Ax : Bool - X), SO we define the type by

~

Unit = (AX:Bool*X) . (unit type)
Thereisat least one value in the representation set; i.e., - (IX « (AX : Bool * X).X)
holds, because

(X« (AX : Bool * X).X)

= {B conversion}
Ax -+ x)

< {3 introduction with witness T}
T

Now we can define unit to be the single element of Unit, using an ordinary constant
definition:

unit = (eX:Unit-T) .

Natural Numbers

As a more elaborate example, we show how the natural numbers themselves can
be defined in terms of the individuals. Here we make use of the infinity axiom; we
assume that the function f : Ind — Ind isinjective but not surjective (see Chapter
7). We will not go through al the details of the construction, since we only want
to illustrate how the type-definition mechanism works.

The natural numbers can be built so that O is represented by an arbitrary element
outside the range of f (such an element exists since f is not surjective), i.e.,
(ex + X ¢ ran. f). Furthermore, the successor function is represented by f. The
subset of Ind that we then choose to represent the natural numbers is the small-
est subset that contains (ex « X ¢ ran.f) and is closed under f. Thisset N is
characterized as

N = N{Aj(exxgran.f) e AA(VX-xe A= fxe A} .
The proof that N is nonempty istrivial. We can thus give the type definition:

Nat = N . (natural numbers)
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10.3 Record

Ind

suc

suc

suc

c—b r — N —

FIGURE 10.2. Constructing the natural numbers Nat

Now we can define 0 and the successor function using the abstraction and repre-
sentation functions that the type definition has added:

0
suc.n

abs.(ex+* X €ran.f) |
abs.(f.(rep.n)) .
This definition isillustrated in Figure 10.2.

> 1>

ThePeano postul ates can now be proved astheoremsrather than asserted asaxioms.
Thefirst two postulatesfollow directly fromthefact that f isinjective (thisensures
that the successor function isinjective) and not surjective (this ensuresthat O is not
asuccessor). The proof of the induction postulate is more complicated, so we omit
it here.

Types

The previous section introduced a number of types that are useful for expressing
mathematical properties in genera. In programming languages we use types to
structure data that are stored in the state. Below we consider such data types (or
data structures) in more detail. We will look at record types in this section and
consider array types and pointer types in the following sections.

We have earlier assumed that a state space is atype with attributes that can be read
and changed, and that we describe state-changing functions (state transformers)
by giving their effect on the attributes of the state. These attributes are program
variables when they satisfy the independence assumptions.
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We can also define atype with specific attributes directly, as arecord type. Let us
define anew m-ary type operator record for each m > 1. Let uswrite

I' = recordky :T'1; -+ ;Kn:Tmend

for the definition ' = record(I'y, ..., I'm) together with the definition of the
attributesky, . . ., knon I, whereattributek; hastype(I' — Ii) x (I'; - ' — I).
An element of arecord type is called arecord. Note that we here assume that the
attributes are constants, whereas program variables are modeled as variables.

The definition of the access and update operationsis as before. We require that the
constants ky, . . . , ky, satisfy the independence assumptions (a)—(f), i.e., that

varki :Tq, ..., Kn: Tm

holds. The explicit definition of I' as a record type means that it is a completely
new type, of which we know nothing except that it has the constants k, . . ., K.
These constants satisfy the independence assumptions, now taken as axioms. A
state space may have attributes other than those explicitly declared, but for record
types we assume that it has only the declared attributes.

We introduce a shorthand for the access and update operations on records, writing

yIK]
y(k < a)

valk.y ,

A
A

set.k.a.y .

In addition to the independence axioms, we assume one more property of records
that we do not assume for states with attributes in general:

y=y" = kiy =kiy' A... AKny =Kn.y' . (identification)

Thisstatesthat two recordsare equal if and only if they have the same valuesfor all
attributes. In other words, arecord isidentified by its attributes. Thisis essentially
the same property that we assumed for the product type (that apair isidentified by
its projections) and is aform of extensionality.

This property is not assumed for states with attributesin general, because it would
invalidate the monotonicity property for state transformers defined in terms of
attributes. The monotonicity property states that if we have proved a property
assuming a specific collection of state attributes, then the same property still holds
if we assumethat the state al so hasother attributes. It isnot obviousthat we actually
want to have the identification axiom for record types. This depends on whether or
not wewant to comparetwo recordsfor equality. The object-oriented programming
paradigm assumes that records are extendable by adding new attributes and that
the monotonicity property holds for records. If we follow this paradigm, then we
would not assume the identification property. In traditional Pascal-like languages
the identification property is assumed to hold, asthere is no mechanism for record
type extension.
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Record expressions and Record Assignment

Let us now consider expressions that have records as values. The most central
record operation is one that computes a new record value from a given record
value by changing some specific attribute.

Assumethat R isastate attribute (i.e., a program variable) of record typeT", kisan
attribute of the record, and e is an expression. We define a record update, denoted
by R(k < e), asfollows:

(RKk < €).0 £ (Ro)k «eo) . (record update)

Inagivenstates, thisexpressionreturnsanew record y’ that weget by changingthe
attributek of therecord y = R.o tothevaluee.o . Thus, boththerecord and the new
valuefor the attribute are given as expressions on the state. Therecord updateisthe
pointwise extension of the set.k operation: (R.o)(k < e.0) = set.k.(e.0).(R.0).

Let us also define arecord attribute expression by

Rlkl.o £ (Ro)[K] . (record attribute expression)

Thus, the record R.o is first computed, and then the attribute k is determined
from the computed record value. This is again the pointwise extension of the val
operation on record values.

We finally define record assignment by

Rkl:=e £ R:=R(k < e) . (record assignment)

Record assignment is thus written as if it were an assignment to the attribute k of
therecord. Inreality, arecord assignment is an assignment of anew updated record
vaue to the record variable.

The notation for record attributes varies. In Pascal, the standard notation is Rk,
whereas we write this here as R[K], in conformance with the array indexing op-
eration that we will introduce below. The Pascal dot notation cannot be used here
because application is the wrong way around; we think of k asthe function that is
applied to R. The record assignment notation isin conformance with established
notation in Pascal and many other languages.

A simple example of arecord type is an account, which we can define by
Account = record name : String ; amount : Nat end .
If we have two record variables A, B : Account, then

Alamount] := Alamount] + B[amount] ;
B[amount] :=0

describes the transfer of all the money in B to A.
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Records as Constructed Types

We have here defined record types by postulating a collection of constants (the
attributesor fields) and postul ating that these satisfy theindependence assumptions.
We could al so define records as constructed types. Thetyperecord kg : I'y;- - - Km
I'm end could be represented by the product type 'y x - - - x I',. We would then
defing, fori =1,..., m,

valki.y = w".(rep.y) ,
setki.a.y = abs.(update.a.(rep.y)) .

Here ™ denotesthei th component in thetuplewith m components, and update".a
denotes the operation that changes the ith component of a tuple to the value a,
without changing the other components. These operations are straightforward to
define for any particular values of mandii.

With these definitions, it is easy to show that the record type satisfies the indepen-
dence axioms that we have postulated for it above (Exercise 10.9).

10.4 Array Types

Anarrayisusedtostoreacollection of dataitemsof the sametype, to be accessed by
indices (which usually are natural numbers). We can define abinary type operator
array that constructs arrays from given types. L et us write

r &£ array A of ®
for ' = array(A, ®). Here A istheindex type, and @ is the component type.

Let us postulate two operations, val : A — I' — & for retrieving the value of an
array, and set : A - ® — I' — T for updating a specific array element. Thus
val.x.y stands for the value of array y at index x, while set.X.¢.y stands for the
new array that we get from y by setting the element indexed by x to the value ¢.
Note the difference here as compared to records and program variables, for which
the access functions returned the first or second component of an attribute. Here
the access and update functions are really functions on the index set. We use the
same abbreviations for arrays as for records:

y[X] val.X.y ,
y(X < @)

A
A

set.X.a.y .

Wewill assumethat val.x and set.x satisfy theindependence axiomsfor all possible
values of X € A. In other words, we postulate the axioms in Figure 10.1 (x and
y areindices and a, b array element values). We also assume extensionality for
arrays.
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yX<—a[x] = a, @

X#Y = yX<alyl = vyl (b)
yX<«<a(X<«<b = yx—>b), (c)

X#Yy => yX<a(y—b = y(y<bx<«a, (d)
yX<y[x) = v. e

TABLE 10.1. Independence requirements for array elements

! VxeA-y[x]=y'[xD . (identification)

Y
Il
<
ll

Array Expressions and Array Assignment

Assume that A is an expression of array type and i an expression of index type.
We define an array access operation as follows:

Alil.e £ (Ao)[i.o] . (array access)
Thisisreally the pointwise extension of the val operation:

val.(i.0).(A.c) = (Ao)[i.c] = Ali].o .
We define array update by

(Al < ©).0 £ (Ao)i.c < eo). (array update)

Thus, adifference between arrays and recordsis that for arraysthe index may also
depend on the state, whereas for records, the index (attribute) is always fixed. In
thisway arrays permit indirect addressing of data el ements, which is not possible
with records or global variables. The array update is again the pointwise extension
of the set operation.

Finally, we define array assignment in the same way as for records:
Alil:=e £ A:=A( <o) . (array assignment)

The above formalization of arrays assumes that a type is given as the index type.
Thus, array Nat of Bool is an array that permits any natural number to be used as
an index, so the array itself is an infinite data structure. Programming languages
usually constrain the indices to some subset of the index type: we would define
something like array 10...120 of Nat to indicate that only indices in the range
10 < x < 120 arepermitted. An array specified inthisway isdefined by adding the
index constraint to the index axioms. As an example, if theindex rangeism. . .n,
then the second axiom becomes
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M<X<NAMSY<NAX#Y = y[x<allyl=y[y].

Theidentification axiom would then state that two arrays are the sameif they have
the same values for al indicesin the permitted range.

Arrays as Constructed Types

We can also define I = array A of & as aconstructed type. We choose A — @
as the representation type. Then we define

val.X.y = rep.y.X,
set.X.¢p.y = abs.(update.X.¢.(rep.y)) ,

where we define the update operation for functions by

update.x.a.f = (Ay-ifXx = ythenaelse f.yfi) .

It is easy to show that the independence axioms above are satisfied with these
definitions (Exercise 10.9).

Thisshowsthat we could in fact consider functions A — @ directly asarrays. This
is, however, only the simplest form of arrays. Assoon aswe put morerestrictionson
the array, such asrestricting the indices to some range, the representation becomes
more involved, and the advantages of defining an array asatype of its own become
more substantial. For instance, we could choose to represent a bounded array
array m...nof I' by thetype (Nat — I') x Nat x Nat, where the first component
determined thevalue of thearray at different indices, the second component records
the lower bound, and the last component records the upper bound. We could aso
add operations min and max for the arrays that return the lower and upper limit for
the permitted indices.

This construction of arrays would also permit us to define dynamic arrays. In
this case, we would in addition to the usual array operations also have operations
that could change the index range of the array. For instance, we could define
an operation incmax that extends the maximum index of the array by one, and
an operation decmax that decreases the maximum permitted index by one, and
similarly for changing the minimum permitted index.

Defining Constants over Arrays

When reasoning about arrays and about programsthat handle arrays, we need more
than just the basic array concepts. For example, wewill use the notion of swapping
two elementsin an array. We define the constant swap such that swap.X.y.y stands
for the result of swapping elementsx and y in array y:
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ylyl ifz=x,
(swap.x.y.y)[z] = { vIx] ifz=y,
y[z] otherwise.

All constantsover arrays(and records) are automatically al so availableaspointwise
extended constants. Thus, e.g., we have that

(swap.i.j.A).c = swap.(i.0).(j.0).(A.o) .
This means that we can always apply reduction to expression with arrays and
records.

As another example, we define what it means for the restriction of an array to a
certain index set to be sorted (here, and in what follows, we take Nat as the default
index set for arrays):

sorted.y. X = (VXy|XxeXAyeX.x<y= y[x] <yyD .

We can then use the explicit definition to derive propertiesfor sorted. For example,
we have that
sorted.y.?
= {definition}
(Vxy|xedAryed-x<y=y[X] <ylyD
= {quantification over empty range}
T
Thus sorted.y.# always holds.
Another property that we will find useful later onisthe following:

(VxylxeXAyeY-x<yAy[xI<ylyD =
(sorted.y. X A sorted.y.Y = sorted.y.(X UY)) .
The proof of thistheorem illustratesthe way in which we reason about arrays using
bounded quantification and range splitting:
(VxylxeXAyeY-x<yAy[x] =y[yD
F sorted.y.(X UY)
= {definition}
(VXY |XeXUYAyeXUY-x<y= y[x] <ylyD
= {range split}
(VxylxeXAayeX-x<y=y[x] <ylyD A
(VxylxeYAayeY.-x<y=y[x]<ylyD A
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(VxylxeXAyeY-x<y=y[x] <y[yD A
(xylxeYAayeX-x<y=y[x] <y[yD
= {definition of sorted}
sorted.y. X A sorted.y.Y A
(YXylxeXAyeYx<y=vy[x] <y[lyD A
(VxylxeYayeX.x<y=y[x] <y[yD
= {assumption}
sorted.y. X A sorted.y.Y A
(XylxeXAyeY-x<y=y[X] <y[yDAX<y) A
(Vxy|xeYAayeX-x<y=y[x<ylyDAry<x)
= {properties of predicates}
sorted.y. X A sorted.y.Y A
(VXylxeXAyeY -x<yAy[x] <yv[yD A
(Xy|XxXeYAyeX-y<X)
= {assumption, last two conjuncts simplify to T}
sorted.y. X A sorted.y.Y

In fact, these two properties characterize sorted for finite index sets, so we could
also introduce the constant sorted by postulating them as axioms.

We will in our examples use the notion of a permutation of an array. For this we
need the number of occurrences of an element a in array y restricted to index set
X:

occurrence.a.y.X = (#xe X-y[x]=a),

where # is the “number of” quantifier (for a definition, see Exercise 10.10). We
define permutation.y. X.8.Y to mean that the restriction of array y to index set X
is apermutation of the restriction of § to index set V:

permutation.y.X.5.Y al (Va - occurrence.a.y.X = occurrence.a.s.Y) .

For some properties of permutation, see Exercise 10.11.

10.5 Dynamic Data Structures

Dynamic datastructures are often identified with pointer structures. The machinery
that we already have introduced is sufficient to define such structures. Assume that
we want to define a data type that consists of nodes with specific fields. Some of
these fields are basic data, while others are pointers to other nodes. Say that we
want to define nodes that have two fields, d and q, where d stores the datain the
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node while g is a pointer to another node. We then define the whole dynamic data
structure as a type of the form

' = arrayl of recordd:T;q: | end.

Here the index set | isthe set of pointer values, while the nodes in the structure
arerecords, withd : T asthe basic datafield and g the pointer field.

We can declare a program variable D : T' to contain the whole (dynamic) data
structure, usually referred to asthe heap. In the spirit of Pascal, most programming
languages do not declare the heap explicitly. Declaring the heap as a state attribute
the fact that dynamic data structures are just (infinite) arrays explicit. Accessing
a node determined by pointer p is then simply expressed as D[p]; i.e., it isan
array expression. Similarly, updating a node determined by p in the data structure
isexpressed as D[ p] := D[p](d < e) or D[p] := D[p](g <« €), depending on
which field we want to change in the node. We can write this even more concisely
as D[p][d] := eor D[p][q] :=e.

Dynamic data structures differ from ordinary arrays in that we have a way of
generating new pointer (index) values that have not been used before. A simple
way isto use Nat as the index set for the heap D and keep a separate counter new
for the heap to give the next unused index, with {1, 2, ..., new.c — 1} being the
indices that already have been used in state o. This permits us to generate new
indices dynamically whenever needed and to use index value O (called nil) for a
pointer that is never used.

Summarizing the above, a declaration of the form
type T =record ... end;
var p : pointerto T
can be seen as a shorthand for the following declaration:
type T =record ... end;
var D : array Natof T ;
varnew : Nat :=1;
var p : Nat

Here D is the heap variable associated with the record type T, and new is the
variable that records the least unused index in D.

We then write p4 for D[p] so that the heap is kept implicit, p 1 x for the ac-
cess D[p][x] and p1 x := e for the update operation D[ p][x] := e. The state
transformer new p is define by

newp = p,new:=new,new+1 .

Thecompiler enforcestherestrictionthat p can be used only inthesethree contexts,
and in particular, that no arithmetic operations are performed on p.
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This approach to modeling pointersisvery simple, but it showsthe basic ideasin-
volved. In particular, it showsthat dynamic data structureswith pointersin essence
arenothing but (infinite) arrays. We can forbid pointer arithmetic by choosing, e.g.,
Ind rather than Nat as the pointer type, and arb,,q as the value nil. We then have
to explicitly record the set of all pointer values that have been generated this far.
M ore elaborate pointer types can easily be defined, where we can have two or more
heaps, each with its own pointer type. A more detailed discussion of dynamic data
structures with examples is, however, outside the scope of this book.

10.6 Summary and Discussion

We have shown above how to build theories in higher-order logic by extending a
given theory with new types, constants, and inference rules. Theories are extended
either axiomatically, by postulating new types, constants, and inference rules, or
constructively, by defining new types and constants in terms of existing constructs
and deriving their properties. The big advantage of the latter approach is that the
resulting theory extension is conservative and hence known to be consistent. We
haveillustrated these two methods with anumber of examples. Thetype-definition
mechanism that we use has been described in detail (both for basic types and type
operators) by Gordon and Melham [62]. The way in which the product and sum
theories are postulated is quite standard, see, e.g., Larry Paulson’s book [115].

This chapter illustrates how theories are built in higher-order logic. One theory
is built on top of another theory, as an extension. Different extensions of a basic
theory can be combined by just joining all the extensions together. Aslong as the
types and constants introduced are syntactically different in all these extensions
and the extensions are conservative, the resulting combined extension is also a
conservative extension of the original theory.

Data types as they are used in programming languages are defined just as other
types. Either we can postulate new data types, or we can introduce them as con-
structed types. We have here chosen thefirst approach, because the basic datatypes
that weareinterestedin, records, arrays, and pointers, comeasquite straightforward
generalizations of the notion of independent state attributes. However, we havealso
indicated for these data types how they would be defined explicitly as constructed
types, as away of demonstrating the consistency of extending higher-order logic
with theories about records, arrays, and pointer structures.

10.7 Exercises

10.1 Construct atype tri with three elements A, B, and C and then define a function of
type tri — Bool that mapsA andBto T and C toF.
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10.2

10.3

10.4

10.5

10.6

Construct product typesusing ¥ — I' — Bool as the type representing X x TI.
What is the predicate that characterizes the appropriate subset of ¥ — I' —
Bool? How are pair, fst, and snd defined? Prove that the characteristic properties of
products are in fact theorems under your definitions.

The sum type operator can be defined explicitly asfollows:
S+ = {(byo,y):Boolx T xT'|(bAy =arb)V(=bAoc =arb)}.

Define the injection, test, and projection functions (inl, inr, isl, isr, outl, outr) and
prove that they have the properties given in Section 10.1.

Usetheaxiomsand definitionsfor sequencesgiveninthetext to derivethefollowing
properties:

S # () = (butlast.s)& (last.S) = S ,
s=()v @S Xx+s=5&X) .

We have seen how the higher-order capabilities of higher-order logic allow the
induction principle to be stated as a theorem. Another important feature of the
natural numbersthat can a so be derived withinthelogic isthe principle of function
definition by primitive recursion. In fact, it is possible to derive the following
theorem from the Peano axioms:

(Ve f -3lg-g.0=e A (¥Yn-g.(suc.n) = f.(g.n).n)) .
We can then define (see exercises below) a new constant natrec that has the
following properties:

natrec.e.f.0=e ,
natrec.e. f.(suc.n) = f.(natrec.e. f.n).n .

This constant can be used as atool for defining recursive functions. For example,
we define

even = natrec.T.(Abn+—=b) .
Show that even has the following property:
(even.0=T) A (Vn - even.(suc.n) = — (even.n)) .

Define the constant +, standing for addition of natural numbers, as follows:

+ £ natrec.(AX + X).(Af mn -+ suc.(f.n)) .
Show that addition has the following property:

(Yn+ +.0.n=n) A (Ymn- + .(suc m).n = suc.(+.m.n)) .
Then use the induction principle to prove that

(vn+ +.n.0=n) .
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10.7

10.8

10.9
10.10

10.11

Derive the following theorem from the Peano axioms:
(Ve f -3g-(g.0==e) A (Vn-g.(sucn) = f.(g.n).n)) .

Usethetheorem proved in Exercise 10.7 to find a suitabl e definition of the constant
natrec. Verify that natrec satisfies the property

(Ve f e natrece.f.0=e A
(VYn « natrec.e. f.(suc n) = f.(natrec.e. f.n).n)) .

Show that both records and arrays satisfy the independence axioms.
Assume that the constant cardrel satisfies the following:

(cardrel,A.0= A=0) A
(Yn -« cardrel., A.(n+ 1) = (3x € A- cardrel.(Ay € A+ y # X).n)

(such aconstant can be defined using primitive recursion, see previous exercises).
Then define
card.A = (en+ cardrel. A.n)
and convince yourself that card. A denotes the number of elementsin A if Ais
finite. Now we can define the “ number of " quantifier as the binder version of card:
(#x € A+ p.x) = card.(AX € A+ p.X) .
Show that permutation satisfies the following properties:

permutation. A.1.A.l ,

permutation.A.1.B.J = permutation.B.J.A.l ,

permutation. A.|1.B.J A permutation.B.J.C.K = permutation.A.1.C.K ,
i el Ajel = permutation.A.l.(swap.i.j.A).l .



Thisis page 184
Printer: Opaquethis



Thisis page 185
Printer: Opaquethis

Part ||

Statements



Thisis page 186
Printer: Opaquethis



Thisis page 187
Printer: Opaquethis

11

Predicate Transformers

We described the basic notion of a contract between independent agentsin thein-
troduction and showed anumber of propertiesthat it would be reasonabl e to expect
contractsto have. We did not, however, say what kind of mathematical entities con-
tracts are. The interpretation of contracts depends on what features are considered
essential and what are inessential. We now make the assumption that the essential
feature of a contract is what can be achieved with it. From this point of view,
contracts can be interpreted as predicate transformers, functions from predicates
to predicates. We will explore this approach below in detail, concentrating first on
basic mathematical properties of predicate transformers and on how contracts are
interpreted as predicate transformers.

11.1 Satisfying Contracts

We have defined o {| S|} g to mean that our agent can satisfy the contract S to
establish condition g when the initial state is o. We want to define this notion
precisely for contracts. We could do this by first defining how an agent carries out
a contract and, based on this, then define what it means for the agent to satisfy a
contract. We will also do this, but later on. Here we will follow a simpler path,
wherewedefineo { S|} g directly, by induction on the structure of contracts, using
our intuitive understanding of how contracts are satisfied.

Let uslook at the language of contract statements introduced in the first chapter:

S = (HH{ IS SISNSISUS.
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Consider first the update ( f). It has the effect of changing the present state o to a
new state f.o. Thereis no choice involved here, neither for our agent or the other
agent, since there is only one possible next state. In this case, we obvioudy have
thato { (f) } q holdsif and only if f.o € q.

The assertion {g} has no effect on the state if g holds, but otherwise it will breach
the contract. Hence, o { {g} |} q holdsif and only if o € g N q. Condition g must
hold initialy in order to avoid breaching the contract, and condition g must hold
initialy if it isto hold for the final state, because the state is not changed.

The assumption [g] aso has no effect on the stateif g holds, but if g does not hold,
then the assumption is false and the contract is satisfied trivially. Thus, o {[g] |} 9
holdsiff eithero € mgoro € q,i.e,iffoc € =gUQ.

Consider next theangelic choice S LS. Our agent getsto choosethealternative, so
itissufficient that either oneof thetwo contractscan besatisfied. Thuso {| SUS [ q
holdsiff eithero { S [ qoro | S |} q holds.

For thedemonicchoice 5N S, wehavethat o | S M1S |} q holdsiff botho | S [} q
and o { S [} q hold. Because the other agent gets to choose the alternative, our
agent must be able to satisfy both contractsin order to satisfy the whole contract.

Let usfinally consider satisfaction of asequential composition S; ; S of contracts.
Our agent can satisfy this contract to establish q from o if he can satisfy §
to establish some intermediate condition from which he then can satisfy S to
establishq. Thus, o {{ S ; S [} g holdsif andonly if o { S [} g/, whereq’ isa set
of states o’ for whicho’ { S |} g holds.

Weakest Preconditions

For any contract Sand any condition g to be established, we define wp.S.q asthe
set of al initia states from which S can be satisfied to establish g:

wp.Sq = {o|o {Sha).
We refer to wp. S.q as the weakest precondition for satisfying Sto establish g.

We can use this definition to give an alternative definition of satisfaction for se-
guential composition: o {| S;; S [} q holdsiff o {| S [} (wp.$.q). Strictly speaking,
this is equivalent to the previous definition only if we assume that if a contract
establishes a condition g, then it will aso establish any weaker condition g'. This
monotonicity property of weakest preconditionsfor contractswill be shownto hold
in Chapter 13.

We can look at wp as afunction that assigns to each contract statement S a func-
tion from predicates to predicates; i.e,, wp.S : P(X) — P(X2), when X is the
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state space. Thus, wp. Sisa predicate transformer. From the definitions of satisfac-
tion above, we can immediately determine wp. S for the statements of our smple
language for contracts:

wp.(f).g = flq,

wp.{fgl.g = gnq,

wp.[g]l.g = —gUq,
wp.(S; ). = wp.S.(wp.$.9) ,
wp. (S US).0 = wp.S.qUwp.S.q ,

wp.(S 1 S).q = wp.S.0Nwp.S.q .
Let us check the first equation. We have that
wp.(f).q
= {definition of weakest preconditions}
{olo{(f)}a}
= {satisfaction of the update statement}
{o| f.o €eq}
= {definition of inverse image}
f1q
Theother equalitiesare also easily checked. These definitions permit usto compute
the weakest precondition for any contract to establish any postcondition.

The satisfaction of contracts is captured very directly by the notion of weakest
precondition:

c{Slq = wp.Sq.o .

There are, however, definite advantagesin formalizing the notion of satisfactionin
terms of predicate transformersrather that in terms of aternary relation. Thiswill
become obvious as the theory is further developed.

11.2 Predicate Transformers

The preceding section justifies studying the mathematical properties of predicate
transformersin more detail. The set of predicate transformersfrom X toI", denoted
by X — T, isdefined by

ST £ PO - PE) . (predicate transformers)

A predicate transformer is thus a function that maps postconditions to precondi-
tions. By usingthenotation ¥ — I', weuniformly treat thefirst argument () asthe
initial state space and the second (I") asthefinal state spacefor state transformers,
state relations, and predicate transformers.
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Predicate Transformer Lattice
We define the refinement ordering on predicate transformers as the pointwise
extension of the subset orderingon P(X): for S, T € ¥ — T, we have

SCT £ (VgePI)-SqCT.q) . (Cfor predicatetransformers)

Hence, (X — T, C) isagain acomplete boolean lattice, by the pointwise extension
property.

The lattice operations on predicate transformers are pointwise extensions of the
corresponding operations on predicates:

abort.q = false , (L of predicate transformers)
magic.q = true , (T of predicate transformers)
(-9.q £ -Sq, (— of predicate transformers)
(SnT).qg £ SqnT.q, (m of predicate transformers)
(SuT).qg £ SqUT.q. (u of predicate transformers)

The names for the bottom and top of the predicate transformer lattice, abort and
magic, areby now traditional, and we have chosen not to change them. We comment
on their interpretation bel ow.

Implication and equivalence on predicate transformers can also be defined by
poi ntwise extension:

(S=T).q
(S=T).q

Sq=T.q, (= of predicate transformers)
Sq=T.q. (= of predicate transformers)

A
A

Thus, these two operations satisfy the usual laws; (S = T) = (—=Su T) and
(S=T)=(S=T)n(T =Y9).

Meet and join are also defined on arbitrary sets of predicate transformers:

Miel-9).q
uiel-9).q

Niel-9.9, (general )
Uiel-S9.) . (general L)

Predicate Transformer Category

A predicate transformer category has types as objects and predicate transformers
as morphisms.

We have that
1 £ skip, (1 of predicate transformers)
S:T £ SoT. (; of predicate transformers)
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Theorem 11.1

Composition of predicatetransformers S; T isthus backward function composition
So T, while the identity morphism is

skip = (Aq-Q) .

These operations satisfy the category requirements:
(SoT)oU = So(TolU), (o associative)
skipoS = S and Soskip = S. (skip unit)

The reader should notice that we use forward composition in state transformer cat-
egoriesand in state relation categories, while composition in predicate transformer
categoriesis backward.

Since the morphismsin a predicate transformer category are functions ordered by
pointwise extension and the composition operator is backward function composi-
tion, we have the monatonicity property from Section 2.5:

SCS = S;TCS;T.

However, composition is not monotonic in its second argument (this is because
predicate transformers are not necessarily monotonic).

The predicate transformer category Ptrany has the collection of state spaces X as
objects and al predicate transformers between two state spaces as its morphisms:

A

Ptrany(X,I") = X1 .

We summarize the results about predicate transformers in this category in the
following theorem.

Ptrany is a left complete boolean lattice-enriched category.

Asasonotedin Section 2.5, weget aproper (both aleft and aright) completel attice-
enriched category if we restrict ourselves to monotonic predicate transformers.
Monatonic predicate transformers are studied in more detail in Chapter 13.

The same asymmetry between | eft and right also holdsfor the distributivity proper-
ties of composition. We have distributivity from theright for all lattice operations:

magic; T = magic ,

abort; T = abort,

=9;T = -5, T,
SnNS;T = S;TNS;T,
(SUS;T = S;TuS;T.

The last properties generalize to meets and joins for arbitrary statements; i.e.,

Miel.9; T = (Miel:S;T),
wiel«9;T = Wiel:S;T).
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However, none of the corresponding left distributivity properties hold in general
(not even if we assume monotonicity).

11.3 Basic Predicate Transformers

L et usnow returnto theweakest precondition predicate transformers. From the def-
initionsabove, we seethat the three basi c ways of composing contracts—sequential
composition and angelic and demonic choice —all correspond to operations in the
lattice-enriched category of predicate transformers.

We can underline this close correspondence between contract statements and pred-
icate transformers by introducing specific predicate transformersthat directly cor-
respond to weakest preconditions of the basic contract statements. Let us define
the functional update, the assertion, and the assumption predicate transformers as

follows:

(fy.g = ftq, (functional update)

{gta = gng, (assertion)

A .

[glg = —guq. (assumption)
Thedefinitions of weakest preconditionsfor basic contract statementsthen simplify
to

wp.(f) = (f),

wp.{g} = {9},

wp.[g] = [d] .

Ontheleft-hand sidewe have awp applied to acontract statement; on theright-hand
side we have a predicate transformer.

We can express the main constants of the predicate transformer category in terms
of the functional update, assertion, and assumption predicate transformers:

abort = [{false} ,
skip = (id) = {true} = T[true] ,
magic = [false] .

In particular, we then have that

wp.{false} = abort ,
wp.[false] = magic ,

which shows how to interpret the impossible assertion and the impossible assump-
tion. The impossible assertion is the bottom of the predicate transformer lattice,
whiletheimpossible assumption isthe top of thislattice. For the contract that does
not change anything, we have
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wp.skip = skip .

Any contract statement S defined by the language above can thus be directly
expressed as a weakest-precondition predicate transformer. The function wp is
really a homomorphism from the syntactic algebra of contract statements to the
semantic algebra of predicate transformers. For instance, we have that

wp.((f); ((h); {false} Liskip) ; (k) = (f); ((h);abortLiskip); (k) .

Again, on the left-hand side we have the weakest precondition of a contract state-
ment, on the right-hand side a predicate transformer. This permits us to consider
contracts directly as predicate transformers. The context will usualy tell whether
we have a contract statement or a predicate transformer.

The names for the bottom and top of the predicate-transformer lattice are by now
traditional. They arise from interpreting predicate transformers as describing the
execution of program statements. Then abort is seen as afailure: the computation
has to be aborted because something went wrong. The execution may have gone
into an infinite loop, there may have been arun-time error, or something else bad
might have happened. The essential thing is that we lose control of the execution
and do not know what happens after an abort. Our interpretation of contracts
interprets abort as the assertion that is impossible to satisfy and thus always leads
to acontract violation, preventing our agent from satisfying the contract, no matter
what condition was supposed to be achieved.

In the program execution interpretation magic is a statement that immediately
achieves whatever condition our program was supposed to, as if a miracle had
occurred. This does not have any direct counterpart in existing programming lan-
guages, as this statement is not implementable. However, it serves as a convenient
abstraction when manipulating program statements. In this respect, it is similar to
the use of imaginary numbers: these simplify calcul ations even though they strictly
speaking do not have any counterpart in reality. In our interpretation of contracts,
magic isthe assumption that isimpossibleto satisfy and thuswill always discharge
our agent from any obligation to follow the contract. Interpreting the statements
we have introduced as talking about contracts in general, rather than just about
program execution, allows us to give simple and intuitive interpretations to both
abort and magic. As we have already shown, program statements can then be seen
asaspecia kind of contract.

Expressions and Assignment Statements

In practice we use expressions with program variables to describe assert and as-
sumption statements. For instance, the assert statement {x > y + 2} has no effect
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Theorem 11.2

in a state o where x.o0 > y.o + 2 but leads to a breach of the contract in states
where this condition is not satisfied. Using the definition of assert statements, we
can, e.g., determine that

X2y+2.x<10) = (X=y+2Ax<10)

because { p}.q = pNq (written p A g when p and q are boolean expressions). For
the corresponding assumption, we get

[Xx>y+2.x<10) = (x=y+2=x<10)
because [p].q = (p = ).

The assignment statement (x := e) isaparticularly useful functional update. Here
X isaprogram variableand e an expression, asusual . By the definition, we havethat
(X :=e€).q.0 = q((X ;= €).0). This can be further smplified by the substitution
lemmafor assignmentstoq[x := €].o. Thisgivesusthefollowing important result
(usually referred to as the assignment axiom, although here it is not an axiom but
atheorem):

Let x beanattribute (or alist of attributes), ean expression (or alist of expressions),
and q a boolean expression. Then

varX - (x:=e).q=q[x:=€] .

We usually omit the explicit angular brackets for assignment statements when the
context makesit is clear that an assignment statement rather than an assignment is
intended.

As an example, we can use this rule to calculate the weakest precondition for
X:=X+YV;Yy:=y+ 1establishing condition x > y. We have that
var X, Y : Nat
FXxi=x+y);(yi=y+1).(x=>y)
= {definition of sequential composition}
x:=x+y).(y:=y+1).x=y)
= {assignment rule}
X=x+y)xX>=y+1
= {assignment rule}
X+y>y+1
= {arithmetic}
x>1

This shows how the calculation of weakest preconditionsis kept simple using the
gnment rule.



11.4. Relational Updates 195

11.4 Relational Updates

Let usnow look at the angelic update { R} and the demonic update [ R]. Satisfying
the angelic update { R} ininitial state o to establish g requiresthat there be a state
y such that R.o.y holdsand y € g. Our agent can then satisfy the contract by
choosing such anext state y . If thereisno state y suchthat R.o.y, thenthe contract
is breached.

Satisfying the demonic update [R] in initial state o to establish q again requires
that for every state y such that R.o.y, the condition y € g must hold. Then no
matter how the other agent chooses the next state, condition g will be established.
If thereisno final state y suchthat R.o.y holds, then the other agent hasto breach
the contract, and our agent is discharged of its obligations. The functional update
and the two relational updates areillustrated in Figure 11.1.

The argument above justifies defining predicate transformers corresponding to the
two updates. the angelic update {R} : ¥ — I' and thedemonic update[R] : X~ +—
T, defined as follows:

(R}.q.0

[R].q.c

Since these predicate transformers capture the behaviors of the update contract
statements, we simply define

@y eT - Ro.y AQ.y) , (angelic update)
Yy eT'~Ro.y =q.y) . (demonic update)

A
A

wp{R} = (Rl ad wp[R] = [R] .

In set notation the two updates are as follows:

{R}.qo = RonNnq#/0 and [R]l.go = RoCq.

As special cases, we have

{False} = abort and [False] = magic .

This characterization of abort and magic is more genera than the one we can
achieve with asserts and guards, because the relation False can go from one state
space X to adifferent state space I', and hence we can define abort : X +— T" and
magic : ¥ — I', whereaswith asserts and guards, we can only defineabort : ¥ —
3 and magic : ¥ +— X onasingle state space X.

Special cases of the relational updates are

{True} , (arbitrary choice)
[True] . (chaotic choice)

choose

> 1>

chaos

The first stands for an arbitrary angelic choice and the second for an arbitrary
demonic choice.
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FIGURE 11.1. (a) Functional update, (b) demonic update, (c) angelic
update

Commutativity of Updates with Test and Map

The injection of predicates (or functions) into relations, and the subseguent con-
struction of demonic and angelic updatesfrom these commuteswith forming guards
and asserts (or functional updates) directly; i.e.,

{Ipl} {p} . [Ipl] = [p].
{If]} (f), [IfI] = (f).

The proofs of these properties are |eft as an exercise (Exercise 11.3).

Relational Assignment Statements

A demonic assignment statement is a demonic update [ R], where R is arelation.
It is thus a statement of the form [(x := X’ | b)]. We omit the inner parentheses,
writing the demonic assignment as[x := X’ | b]. Similarly, an angelic assignment
statement is a angelic update {R}, where R is a relationa assignment. Again,
the inner parentheses are usually omitted, so we write an angelic assignment as
{x := x" | b}. Thisis generalized to simultaneous updates of two or more program
variables in the obvious way.

For instance, the statement
(x,e=X,€|xX>0A€ >0};
[x=y| —e<x—y*<¢

first updates both the x and e components of the state (angelically) so that the
new value of x is nonnegative and the new value of e is positive. After this, the
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Theorem 11.3

x component is changed so that the square of its new value differs by less than the
value of e from its old value.

We can aso derive substitution rules for the relational assignment statements.
These rules make use of the pointwise extension of the existential and universal
quantifiers that we have defined above, in connection with meets and joins over
arbitrary sets of predicates.

Assume that x isa list of program variables and b and g are boolean expressions
in which x” does not occur freein g. Then

@varx F {x:=x"|bl.g = @' +bAqg[x:=X]) .
(byvarx - [x:=Xx"|bl.g = (VW' +b=q[x:=X]) .
Proof We prove the first case here; the second one is established by analogous
reasoning.
{x :=x"|bl.go
= {definition of angelic update}
@y« x:=x"|b)oy AQ.y)
= {characterization of relational assignment}
Fy - A« y =setx.X.0c Ab.o) AQ.y)
= {properties of existential quantification}
Fy X'« y =setx.xX.0c Ab.o AQ.y)
= {one-point rule}
3x"« b.o A g.(set.x.X.0))
= {substitution property}
3x"+b.o Aq[x ;= X.0)
= {pointwise extension}
@x «bAaq[x:=x].o
O

From now on, we will omit the assumption var x from theorems and rules unless
there is some special reason to state it.

Consider as an exampl e the demonic assignment statement [X := X' | X' > X+ Y].
We have by the above rule that
[X:=X"|X >x+yl.X>Y)
= {rule for demonic assignment}
(VX' X' >X+y=X >Y)
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= {reduction, arithmetic}
x>0

Note that the result of the simplification is a boolean expression.

11.5 Duality
Thedual S : T +— T of apredicatetransformer S: ~ +— I isdefined by
Sq £ =S(-q) . (dual predicate transformer)
A conseguence of the definition isthat (S°)° = S, so dualization is an involution
(Exercise 11.5).

Theorem 11.4 Thefollowing dualities hold between predicate transformers:

(fye = (f), (S;9)° = S5S .
{p¥* = [p], Uiel+8)” = (Niel-§),
{RI°* = [R].

Proof For assertions, we have

{p}°.q

= {definitions of assert and duals}
—(pN—q)

= {lattice properties}
—puq

= {definition of guard}
[Plq

The proofs of the other parts are similar (Exercise 11.6). O

Thus, the basic operations for constructing predicate transformers come in pairs,
each onewithitsdual. Functional update and sequential composition aretheir own
duals. The characterization of the constant predicate transformers aso impliesthat

magic® = abort , skip® = skip .

Since (S°)° = S, dl the duality properties listed above can be read in reverse.
Thus, for example, [ p]° = {p} and abort® = magic.
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11.6 Preconditions and Guards

Let S: ¥ +— I' beapredicate transformer. Let us define the following operations
inZ—T)—> PX):

m.S
t.S

ng:P@T-Sq , (miracle precondition)
Ugq:PT)-Saq, (abortion guard)

> 1>

Thus, m.Sholdsinaninitial stateif Sisguaranteed to establish every postcondition
in this state, whilet.Sholdsin an initial stateif Sis guaranteed to establish some
postcondition.

In addition, we introduce special notation for the negations of these operations as
well.

a.S
g.S

-t.S, (abortion precondition)
-m.S. (miracle guard)

> 1>

Intuitively, the abortion precondition characterizesthoseinitial statesin which our
agent cannot avoid breaching the contract (abortion will occur). Theabortion guard
is the complement of this and characterizes those initial states in which a breach
can be avoided (it guards against abortion). Similarly, the miracle precondition
characterizes those initial states in which our agent can choose to discharge the
obligationsof the contract (amiracle can occur), whileamiracleguard characterizes
the complement of this, i.e., theinitial statesin which thisisnot possible (it guards
against miracles). In practice, the abortion guard t.S and the miracle guard g.Sare
more useful than the other two.

Itiseasily seenthatm.S C t.S. Hence, the abortion and the miracle guards partition
theinitial state spaceinto three digjoint sets:

(i) The states in m. S from which any postcondition can be established. These
aretheinitia states in which our agent can choose to be discharged from its
obligations to satisfy the contract.

(i) The statesin a. S from which no postcondition can be established. These are
the states in which our agent cannot avoid breaching the contract.

(iii) The states in t.SN g.S from which some postconditions can be established
and some cannot. These are the states in which a discharge of obligation is
impossible for our agent, and a breach of contract can be avoided, so some
postcondition will be established.

Thistrichotomy turns out to be a fundamental aspect of the predicate transformer
approach to program semantics, and we will meet it again and again in different
disguisesin the subsequent discussion (Figure 11.2).



200 11. Predicate Transformers

a.S

tS N g.S

(9

FIGURE 11.2. Partitioning of state space

11.7 Summary and Discussion

This chapter has introduced the fundamental notion for modeling program state-
ments in higher-order logic, the predicate transformer. We have shown that the
predicate transformers form a special kind of lattice-enriched category, which
determines the basic algebraic properties of predicate transformers.

Predicate transformers were introduced by Dijkstra [52, 53] to give a semantics
to alanguage with nondeterminism. They were used to represent a variety of se-
mantic functionsfor programs: the most commonly used are weakest precondition,
weakest liberal precondition, and strongest postcondition. An older overview of
the semantic treatment of predicate transformers can be found in the work of de
Bakker [36]. Dijkstraand Scholten [54] give atreatment of predicate transformers
with an attempt to derive their mathematical and logical treatment directly from
first principles. Most semantic treatments of predicate transformers have concen-
trated on more restricted classes, in the style of traditional denotational semantics
[119, 130]. The fact that the set of all predicate transformers forms a complete
boolean lattice was first explicitly used by Morris[108], Hesselink [79], and Back
and von Wright [26].

In addition to introducing the algebraic structure of predicate transformers, we
also identified a particular set of basic predicate transformers. These form the
main vehicle for subsequent investigations on how to use predicate transformers
to model program constructs and programming. Dijkstra's origina language of
guarded commands [52, 53] identified skip, abort, assignments (generalized here
to arbitrary functional updates), and sequential composition as basic constructs,
and additionally introduced a(finitely demonic) nondeterministic conditional and a
loop construct. Back [6] introduced a nondeterministic assignment (modeled here
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as the demonic update), and de Bakker [36] used a meet (choice) operation on
predicate transformers. Miracles (guard and magic) were added by Morgan [104],
Morris[108], and Nelson [113] for basic sequentia statements, and by Back [15]
to model enabledness of statements executed in aparallel context. Angelic nonde-
terminism was added (as an angelic assignment) by Back [13] and by Gardiner and
Morgan [59] (as a“conjunction operation”). The full collection of basic predicate
transformers as described here were first identified by Back and von Wright [25].

Duality wasused in reasoning about predicate transformersalready by Pedro Guer-
reiro in [71]. The specification language of Back and von Wright [26, 27] is based
onthefundamental dualities between demonic and angelic nondeterminism and be-
tween nontermination and miracles. Dijkstraand Scholten [54] introduce a notion
of converse predicate transformers that is closely related to duals.

The original formalization of the refinement calculus [7] was based on infinitary
logic [95, 127], in order to permit a ssimple characterization of iteration. First-
order predicate calculusis not very suitable as a basis for the refinement calculus,
because the very definition of refinement involves a quantification over functions
(al possible postconditions), which cannot be expressed directly in the syntax
of first-order logic. Higher-order logic permits quantification over functions, so
it is a good framework for the formalization of refinement calculus. The first
systematic investigation of higher-order logic asabasisfor the refinement calculus
was undertaken by Back and von Wright [30].

The notion of angelic nondeterminism goes back to the theory of nondeterministic
automataand the nondeterministic programsof Robert Floyd [56]. Angelicversions
of weakest preconditions were investigated by Dean Jacobs and Gries [92], but
this work did not include angelically nondeterministic statements. Manfred Broy
[42] discusses the use of demonic and angelic nondeterminism, in particular with
respect to concurrency. The basic duality between angelic and demonic statements
was identified and studied in detail by Back and von Wright [25, 27, 29]. Some
applications of angelic nondeterminism are shown by Nigel Ward and lan Hayes
[139] based on this work. Angelic nondeterminism is also used in a theory of
program inversion by von Wright [142]. A binary join operator, but interpreted as
parallel independent execution, was studied by Eike Best [39].

Category-theoretic studies of program refinement have been pioneered by Claire
Martin, David Nauman, Paul Gardiner, and Oege de Moer [57, 58, 98, 112]. It
is not our intention to go very deep into category theory. We mainly use it as a
framework for unifying the treatment of the different domains of discourse in the
refinement calculus.

Theassignment rulederived hereisexactly thedefinition of theweakest-precondition
semanticsfor assignmentsof Dijkstra[53], whichinturnisbased onthe assignment
axiom of Hoare [84]. Thus we can recover Dijkstra’s syntactic characterization of
weakest preconditions as theoremsin our more general framework.
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11.8 Exercises

111
11.2

11.3

114

115
11.6
11.7

11.8

Show that {p} E [ p] holds for an arbitrary predicate p.

Relation R is said to be total if (Vo - 3y + R.o.y) holds. Show that [R] C {R}
holdsif and only if therelation R istotal.

Provethefollowing propertiesof thetest and map relationsanfor arbitrary predicate
p and arbitrary function f:

{iply={p} . [l
{1ty =(f) . [

Prove the following:

(R —
—

chaos C skip , skip C choose .
Furthermore, show that equality holdsif and only if the state space is a singleton.
Show that (S°)° = Sholdsfor an arbitrary predicate transformer S.
Complete the proof of Theorem 11.4.

Use the assignment rules to compute the following:
@ Xy =xX+zy-2.X+y=w).

b X, y:=x+zy—-2.x=Y) .
Complete the proof of Theorem 11.3.



Thisis page 203
Printer: Opaquethis

12

The Refinement Calculus Hierarchy

The predicate transformers that we use to model contracts are constructed from
other predicate transformers or from simpler el ements, like state predicates, state
transformers, or state relations. The predicate transformer constructors can thus
be seen as functions that map elements in one domain to the domain itself or to
another domain. The basic question that we investigate in this chapter is to what
extent the lattice and category structure is preserved by these constructors, i.e., to
what extent the constructors are monotonic and homomorphic.

The use of monotonicity and homomorphism is particularly relevant in program-
ming, because we may view programs as different kinds of entities, depending on
what features we need. For instance, astraight-line program isbest viewed asjust a
state transformer, and its properties are easiest to analyzein thissimple framework.
However, if a straight-line program occurs as a component of a larger program,
with relational assignments, then we need to use state relations as our program
model. In this case, we can embed the straight-line program f into the relational
program as amapping | f |. Or if we need the even more powerful framework of
contracts and predicate transformers, then we can embed the straight-line program
as an update statement ( f) in alarger predicate transformer context.

12.1 State Categories

We have shown earlier that state transformers, state relations, and predicate trans-
formers form categories of a certain kind, where the objects are state spaces (or
types) and the morphisms are either functions, relations, or predicate transform-
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Theorem 12.1

ers between the state spaces. In general, we will refer to these categories as state
categories.

Essentially, all the state categories are order-enriched categories. Relations form
a complete boolean lattice-enriched category, while predicate transformers form a
left complete boolean lattice-enriched category. State transformersform adiscrete
order-enriched category (we assume only the discrete ordering for state spaces, so
fEg= f=0).

State Predicate Category

We can also model predicates as categorieswith types as objects. A state predicate
category has state spaces as objects and predicates as morphisms. Each predicate
p in P(X) is a morphism with source ¥ and target X. There are no morphisms
between two different state spaces. The composition operator is meet (N), and the
identity on X isthe predicate true:

true , (1 for state predicates)
pNg . (; for state predicates)

1> 1>

p;q

The reader may verify that the defining properties for a category are satisfied
(Exercise 12.6):

pn@nr) = (pnagnr, (N associative)
trueNp =p and pNtrue = p . (true unit)

To avoid confusion, we consistently use N as the symbol for the composition
operator on predicates. Similarly, we aways write true rather than 1 for the unit.

Itiseasy to seethat compositionismonotoni c with respect to the predicate ordering:
pcpAqcqg = pngcpng . (N monatonic)

We let Predy denote the state predicate category with objects X and all predicates
on X as morphisms Predx (2, ).

Predy isa complete atomic boolean lattice-enriched category.

Compositioniseasily seento distribute over bottom, meet, and joinin thiscategory,
both from the left and from the right. For example, distribution from the left over
bottom means that p N false = false (to see that thisis a distributivity property,
recall that false is the empty join).

Since composition is aso alattice operation, we will not make much direct use of
the fact that Pred is a category.
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Ptran(Z, T') = Pred(I') — Pred(Z)

Rel(Z, T) == — Pred(I)

Tran(Z, T)=2— T Pred(l') =T — Bool

r Bool
FIGURE 12.1. Pointwise extended poset and |lattice categories

The refinement calculus hierarchy

All the basic entities of the refinement calculus are built by (iterated) pointwise
extension from thelattice of truth values Bool and an arbitrary collection X of state
spaces X, I, A, ... The latter can be any collection of types, as we have noted
earlier. For imperative programs, we would usually choose types that define states
with attributes as state spaces. The pointwise extension hierarchy of categoriesthat
we have constructed is shown pictorially in Figure 12.1.

All the basic domains of the refinement calculus are order-enriched categories,
in most cases different kinds of lattice-enriched categories. Thus they have many
properties in common, which simplifies reasoning in these domains. Rather than
having one set of inference rules for predicates, one for state transformers, one
for relations, and one for predicate transformers, we have a single collection of
inference rules based on the general lattice and categorical properties of order-
enriched categories. Classifying each of the basic domains as forming a specific
kind of order-enriched category, aswe have done above, determineswhat inference
rules are available for reasoning about entitiesin this particular domain.

The basic categories and the operations that link them are shown in Figure 12.2.
We refer to this collection of domains and operations as the refinement calculus
hierarchy. It providesthe basi c framework withinwhich wereason about properties
of programs, specifications, and contracts in general.

Dueto pointwise extension, the basi c domains of the refinement cal culus hierarchy
sharethe samealgebraic structure. Furthermore, aterm at onelevel of the hierarchy
can be expressed in terms of elements at a lower level of the hierarchy by using
a homomorphism property or the definition of pointwise extension directly. This



206 12. The Refinement Calculus Hierarchy

Ptran

O [1{} ({7} atgm
|

Tran ——— Rel Pred

dom
ran

v3

Bool

FIGURE 12.2. Operations in the refinement calculus hierarchy

means that we can often choose the level in the refinement calculus hierarchy at
which to carry out an argument. It is usually preferable to argue at as high alevel
as possible. The notation is then more concise, and the proof is more algebraic
and shows the structure of the argument more clearly. However, if an argument
at one level becomes too involved, we can reduce the level by writing out the
pointwise extension explicitly. This movement between levels in the refinement
calculus hierarchy istypical of argumentsin the calculus.

12.2  Homomorphisms

We will here be particularly interested in the monotonicity and homomorphism
properties of predicate transformer constructors. We are interested in questions
such as whether the structure of predicates is preserved by the guard and assert
constructors, and whether the structure of functions and relations is preserved
by the updates. Knowing the basic algebraic properties of the basic constructors
allows us to easily determine the algebraic properties of program statements that
are defined in terms of these.
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Sequential Composition

All thebasic predicatetransformers, considered as mappingsfrom elementsof other
domainsto predicate transformers, preserve sequential composition and identities.
Thus they are homomorphisms. Duality is also a homomorphism on predicate
transformers.

Theorem 12.2  Thefollowing homomor phismpropertieshold for the basic predicatetransformers:

@ {pna} = {p};{a} ., {true} = skip,

(0 [pnal = [pl;[a] ., [true] = skip,
© (f;9 = (f);(9, (id) = skip,
(d {P:;Q} = {P};{Q}. f{id} = skip,
e [P;Q] = = skip ,

[P1;[Q],  [id]
® &2 = 5SS, skip® = skip .

Proof The proofs are straightforward. For example, we have

{pNajr
= {definition}
pngnNr
= {definition of assert}
{p}.canr)
= {definition of assert}
{p}.da}.r)
= {definition of sequential composition}
{p};{ah.r

The homomorphism properties for sequential composition and identity are sum-
marized in Table 12.1.

Guards and Asserts

For asserts and guards we have the foll owing lattice homomorphism properties, in
addition to the functor properties listed above.
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Theorem 12.3 Theassert and guard constructors satisfy the following properties:

@ pcq = {p}C{a},
pcq = [pl2[d];
(b) {false} = abort ,
[false] = magic ;
() {Uiel-p} = (iel-{p},
[Viel-p] = (miel-[pD;
(d (niel-p} = (Miel-{ph, whenl #9,
[Niel-p] = Wiel-[p], whenl £¢ .

Proof The proofs are straightforward. O

The assert constructor (Ap - {p}) : P(X) — (¥ — X) isthus monotonic, and
it preserves bottom, positive meets, and universal joins. The guard constructor
Ap-[p) : PX) - (X — X), being the dual of assert, is antimonotonic. It
preserves bottom, positive meets, and universal joins onto the dual lattice (¥ +—
z)°.

In fact, the equivalences in Theorem 12.3 show that the assert constructor homo-
morphically embeds the predicates P(X) in ¥ +— X. This means that reasoning
about asserts can be reduced to reasoning about predicates. Similarly, the guard
constructor homomorphically embeds the predicates into the dual of the predicate
transformer lattice.

Updates

We have the following results for the homomorphic properties of functional and
relational updates.

is C L T r L - 1 ;
(p-{p}) | yes | yes no yes® yes | no | yes yes
(p-[p]) | yes | yes’ no yest yes’ | no | yes yes
Afe(f) | yes | - - - - - | yes yes
(AR-{R}) | yes | yes no no yes | no | yes yes
(AR-[R] | yes® | yes’ no no yes | no | yes yes

Twhen the meet is taken over nonempty sets

TABLE 12.1. Homomorphic properties of basic predicate transformers
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Theorem 12.4  The update constructs satisfy the following lattice-theoretic properties:

€ f=9g = (f)=(9);
(b) PCcQ = {P}E{Q},
PcQ = [P]2[Q];
(c) {False} = abort ,
[False] = magic ;
(d {Uiel-R} = Wiel-{R},
[UViel-R] = (niel-[R)D .

Proof The proofs are again straightforward. O

The angelic update construction (AR« {R}) : Rel(Z,T) — (£ +~ I') isthus
monotonic, and it preserves bottom and universal joins. Dually, the demonic up-
date construction (AR« [R]) : Rel(Z,T") — (X + I') isantimonotonic, and it
preserves bottom and universal joins onto the dud lattice (X + I')°. These prop-
ertiesare also listed in Table 12.1. Note further that the function space Tran(Z, I')
ishomomorphically embedded in X +— T through the functional update construc-
tor. Similarly, angelic update embedsRel(X, I') into X +— T, and demonic update
embedsRel(X, I') into thedual of X — T.

Compound Predicate Transformers

The monotonicity and homomorphism properties of compound predicate trans-
formers follow directly from the general lattice and category properties, e.g.,

&N, T = §;TnS;T

We repeat these propertiesin Table 12.2 for reference, together with the properties
for the dualization construct.

Preconditions and Guards of Statements

Wefinally consider the projection of predicate transformers onto predicates by the
precondition and guard constructors, and to what extent these functions preserve
the structure of predicate transformers.

is c L T m L - 1 :
(AS-S;T) | yes | yes yes yes yes |yes| no no
(AS-SnNT)| yes | yes no yes yes | nho | no no
(AS-SuT)| yes| no yes yes yes | ho | no nho
(AS-—=S) |yes | yess yes® yes’ yes’ | yes| no ho
(AS- &) yes® | yes® yes’ yes’ yes’ | yes | yes yes

TABLE 12.2. Homomorphic properties of compound predicate transformers
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Theorem 12.5 Let Sand T be predicate transformers. Then the following properties hold.

(8 SCT = mSCm.T,
SCT = tSCtT;

(b) m.abort = false ,
t.abort = false ;

(©) m.magic = true ,
t.magic = true ;

d m@mMiel.g) = Niel-mS),
tuiel«8) = Uiel-tg).

Proof The proofs are straightforward. O

Thus, the miracle precondition constructor m : (£ +— I') — P(X) is monotonic
and it preserves bottom, top, and universal meets. The abortion guard constructor
t(X — I') > P(X) is dso monotonic and it preserves bottom, top, and uni-
versal joins. These properties are listed in Table 12.3. We aso show there the
corresponding properties for the two other domain constructors, g.Sand a.S.

Example

As an example of using homomorphisms in proofs, we show that the property
(f);[f~1] £ skip holds for an arbitrary state transformer f:

(f)s[f1
= {properties of mapping relation construct}
CIfIT; 01
= {homomorphism}
[1f]; 7Y
C {|dom.R| € R; R~ by Exercise 9.7}
[ |dom.| f|[]
= {all functions are total}
[ Itrue| ]

is C L T M u -
AS*m.S) | yes | yes yes no yes | no
(AS+tS | yes | yes yes yes no | no
(AS-a.S5 |yes® | yes yes no yes’ | no
(AS+9.S5 | yes® | yess yes® yess no | no

TABLE 12.3. Homomorphic properties of preconditions and
guards
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= {|true| = Id, demonic update is functor}
skip

Note how the derivation uses homomorphism propertiesto move between different
levels in the refinement calculus hierarchy. A similar derivation proves the dual
property skip = { f 71} ; (f) (Exercise 12.5).

12.3  Summary and Discussion

We have here identified the basic algebraic structure that underlies the refinement
calculus: the refinement calculus hierarchy. This structure is formed by the state
categories, all constructed by pointwise extensions from the state spaces and the
truth-value lattice. All state categories share the same basic algebraic structure of
order-enriched categories, in most cases combining alattice structure with a cate-
gory structure. It formsarich (many-sorted) algebra, where refinement arguments
can be carried out on many levelsin the hierarchy. The refinement calculus hierar-
chy and the fundamental role that pointwise extension playsin it were identified
in[26].

We havelooked here at the operationswithin thisstructureandin particular studied
to what extent these operations preserve the lattice and category structures of
their domains. Homomorphic properties of predicate transformers have, to our
knowledge, not been investigated in thisway systematically before, although many
of the homomorphi sm propertiesthat we havelisted above arewell known fromthe
literature. Algebraic collections of laws for programs in a relational setting have
been given by Hoare et a. in [90]. Hesselink uses algebraic properties to define
his notion of command algebras, for which positive meet-homomorphic predicate
transformers provide model s[80]. The homomorphism propertiesareimportant in
practical reasoning, because they form the main method by which an argument on
onelevel of therefinement cal culus hierarchy can be reduced to asimpler argument
on another (in most cases lower) level of the hierarchy.

Another important aspect of the refinement cal culus hierarchy that we have iden-
tified above is that it clearly demonstrates the different semantic models for pro-
gramming languages that are available. Methods for program derivations based
on these different models (partial functions, relations, and predicate transformers)
need not be seen as competing but rather as complementary. A theory of func-
tional programming isin fact embedded as a subtheory in the theory of predicate
transformers. Similarly, relational programming and the denotational semantics of
deterministic programs form subtheories of the predicate transformer theory. The
homomorphism properties show how results in one theory can be carried over to
another theory. It also shows that mixed program derivations are quite feasible.
For instance, afunctional program derivation might well start with arelational or
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(demonically) nondeterministic program statement. This aspect will become even
clearer later on, when we study iteration and recursion, and when we show how to
relate different semantics of programming languages.

The tabular representation of homomorphisms that we introduced in this chapter
is expanded with new operations later on, and also with new operations that we
may wish to be preserved by homomorphisms. We are in fact building one large
table describing the homomorphism properties of useful predicate transformer
constructors. Thistable will be revealed piece by piece as we go along, whenever
anew constructor isintroduced. The wholetable is givenin Appendix B.

12.4 Exercises

12.1

12.2

12.3

12.4

125

12.6
12.7

12.8

Use suitable rules to simplify the following in a detailed derivation:
@ x=x+y){y=x-y) .
(b) (x:=x4+1);[x:=x|x<x <x+373].
Prove the following parts of Theorem 12.2:
{P;Q} = {P};{Q} and [P; Q] = [P];[Q]
for arbitrary relations P and Q.
Prove the following homomorphism properties over relations:
{PUQ} = {P}u{Q} and [PUQ] = [PIN[Q] .

Give an example of predicate transformers S, T, and U suchthat S T T but
U;SZU;T.

Use homomaorphism properties to prove the following for an arbitrary state trans-
former f:

skip T {f~1);(f) .
Show that Pred is a category, with N as the composition operator.

Prove that composition is monotonic with respect to the ordering in the category
of state predicates and in the category of state relations.

Show that the following homomorphism properties hold for arbitrary state predi-
cates pandq:

Ipl S lal =

c Pcq, Iplilal = [pNal .,
Ipl Nl P

nal . lplUlal = [puUq] .
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13

Statements

In this chapter we show that the basic predicate transformers that we have intro-
duced to model contracts (asserts, guards, functional updates, demonic and an-
gelic updates) are all monotonic. |n addition, composition, meet, and join preserve
monotonicity. Conversely, any monotonic predicate transformer can be described
in terms of these constructs, in a sense to be made more precise below. In fact, it
is possible to write any monotonic predicate transformer in anormal form.

There are al so other reasons for considering the monotonic predicate transformers
in more detail. By restricting our attention to monotonic predicate transformers,
we get that sequential composition is monotonic in both arguments. This means
that we have a complete | attice-enriched category. Without monotonicity, we have
only a left boolean lattice-enriched category. Although we now lose the boolean
lattice property, we gain asimpler category structure.

13.1 Subtyping, Sublattices and Subcategories

We are interested in the sublattice of monotonic predicate transformers. Before
we can study this particular sublattice in more detail, we need to be more precise
about the terminology and define the notions of subtypes, subposets, sublattices,
and subcategories generally.

Subtyping

We have until now assumed that a poset is a pair (£, E), where T is atype and
C: X — X — Boolisareationon X. In practice, thisis too restrictive; we also
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need to consider posets (A, C a), where Aisasubset of . In set theory, we would
then choose C 4 to betherestriction of C to A, sothat ToC A x A. Inhigher-order
logic, wewould liketodefineC o: A — A — Bool. Thisisnot, however, possible,
because A isnot atype, except when A = X.

Instead, we choose to relativize the notions needed for posets and lattices. We say
that therelation C: ¥ — X — Bool isreflexive on A if a C a holds for every
ac A thatitistranstiveon AifaCbAbC c=aCcforanya,b,ce A
and so on. In fact, the definitions that we have given for posets and lattices in
the introductory chapter are already relativized, because we were careful in each
definition to point out that the requirement expressed need hold only for elements
inthe set A. Thus, we can talk about the bottom of A, thetop of A, themestin A,
thejoinin A, the negation in A, and so on. We say that (A, C) isaposet if C is
reflexive, transitive, and antisymmetric on A. The lattice definitions are rel ativized
inasimilar way.

We also have to relativize the notion of functions from one poset to another. Let
(A, E;) and (B, =,) betwo posets, where AC ,BCI',C;1: ¥ — X — Bool,
andC,: ' - ' — Bool. Thefunction f : ¥ — TI' issaid to be monotonic on A
ifac,;a = f.aC, f.a holdsforany a,a’ € A. Order-preserving functionsand
congruences are relativized in the same way.

Consider next the function space construction. For AC X and B C I', we would
liketo say that f isafunctionfrom Ato B;i.e, f : A — B. However, again we
have the problem that A — B ishot atype. We solve this problem by defining the
set
A>B £ {(f:T—>T|(WaecA-faecB). (function space)

In other words, A — B is the set of all functions of type ¥ — T that map
elements in A to elements in B. Instead of writing f : A — B, we can then
express essentially the same thing by stating that f € A — B. By definition, we
havethat A — B € ¥ — TI'. Hence, we can consider A — B as a subtype of
Y —>T.

We can consider any set A C X as a subtype of ¥ (permitting also empty sub-
types). The type constructor — applied to subtypes then generates a subtype of
the corresponding type. We have that

ACAABCB = A—-BCA->B.
Thus, the function space constructor is antimonotonic in its first argument and
monotonic in its second.

Now consider the pointwise extensions A — TI', where the domain is a subset
and the range is atype. We havethat A - I' = A — I, forany A, A’ C
3. In particular, this means that P(A) = A — Bool is the same collection of
boolean functionsas P(X) = ¥ — Bool. Continuing from here, we also find that
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A< B=A— B — BoolisthesameasX <> I'and A~ B = P(B) — P(A)
isthesameas X +— I'. Thus, predicates, relations and predicate transformers can
be subtyped in an arbitrary fashion. A subtyping assertion f € A — B isthen
trivially truewhen B issometype I', but otherwise we need to check that f.a € B
realy holdsfor every a € A.

Pointwise Extension, Antisymmetry

We al so need to check whether the pointwise extension theorem holdsfor subtypes.
We definethe orderingon A — Bby f Ca g gifandonlyif (vae A- f.aCpg
g.a). Assume that B isaposet. Then f Ca g f holds, and f Ca.5 g and
0 Ca.p himpliesthat f Ca g h; S0C A g isreflexive and transitive. However,
itisnotantisymmetric: f Ca_,g gandg Ca_. g f impliesthat f.a = g.afor every
a € A, butit doesnotimply that thisholdsfor every ain X. In other words, equality
would also need to berelativized. Writing f =¢ gfor (vc € C- f.c = g.c), which
saysthat f = gonC,wehavethat f Cpo.ggandgCapg f implies f =4 Q.

Antisymmetry doesholdin ¥ — B, i.e., when the domain is chosen to be a type,
because f =5 gisthesameas f = g. Generally, the pointwise extension theorem
holds for any extension of B to > — B.

We could fix the pointwise extension theorem by making asmall adjustment in our
definition of the function space. Defining A — Binsteadas{f : ¥ — I' | (VX €
A- fx e B)yA(Yx & A+ f.x = arb)}, we would aso get antisymmetry, and
the pointwise extension theorem would bein full force. Thistrick implies that al
functions f € A — B have the same value outside domain A, so they are equal
if and only if they have the same value for each element in A. We do not choose
this approach here, because for our purposes it will be sufficient to consider only
pointwise extensions of theform ¥ — B.

Sublattices and Subcategories

Let (A, ©) beaposet, where Aisasetin X and C isarelationon X. Let B bea
nonempty subset of A. Then (B, C) isaso aposet, said to be asubposet of (A, ).

The ordering relation C: X <> X is thus the same in both the poset A and in its
subposet B. However, the supremum and infimum in these posets may depend on
the elementsthat are included in the poset, and hence need not be the same. Thisis
illustrated in Figure 13.1. Let A consist of al the elementsin thislattice, and let B
consist of the elementsthat are marked black. Then the supremum of the set {a, b}
isd inthe poset A and cin the poset B. Hence, we may need to indicate explicitly
in which poset the supremum and the infimum are taken, writinga Lia b = d and
augb=c.
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FIGURE 13.1. Sublattice

A subset B of alattice (A, C) isasublatticeof Aif (B, C) isalatticeandanghb =
anabandaugb = auabforanya, bin B. A subset B of thelattice Aisacomplete
sublattice of A if B isacomplete lattice and mgC = maC and ugC = uAC for
any subset C of B. In particular, thisimpliesthat Lg = L and Tg = T a. Note
that the subset B of the lattice Ain Figure 13.1isalattice, but it isnot asublattice
of A sinceaupb#augh.

If weview alattice Aasan agebra (A, rma, Ua), thenthe sublattice definition boils
down to requiring that the subset B of A must be a subalgebra; i.e., the operations
mg and Ug must be defined for any a, b in B (with valuesin B), and they must
givethesameresult asma and Lia for any two elementsa, bin B:angb =anmab
andaugb=aupb.

This notion of a subalgebra leads to the notion of a subcategory, as follows. Let
C be a category, with objects Obj and morphisms Mor, and C’ a category with
objects Obj" and morphisms Mor’. Then C’ is a subcategory of C if Obj’ € Obj,
Mor’ € Mor, and if unitsand composition arethe sameinC’ asinC.

Monotonicity
Assumethat posets A and B are given. Wewrite A —, B for the set of monotonic
functionsfrom A to B:

A>nB £ {(feA>B|(¥xyeA-xCy = fxC fy)}.

Thus f € A -, Bif and only if f maps Ainto B and f is monotonic on A.
We refer to A —, B asthe set of monotonic functions from poset A to poset B.
If Aisatype X, then ¥ —, B forms a sublattice of the lattice ¥ — B when
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Theorem 13.1

the ordering is determined by pointwise extension of alattice. Thisis stated more
generaly in the following theorem.

Let (X, C) and (B, C) be posets. Then the pointwise extension of these posets to
(¥ —m B, E) isalso a poset. This poset isa (complete, distributive) sublattice of
(X — B, ) if Bisa(complete, distributive) lattice.

Proof The proof is straightforward. For example, (£ —, B, ©) is sublattice of
(¥ — B, E), since meets and joins preserve monotonicity. O

Notethat the property of being aboolean | atticeis not preserved, because the point-
wise extension of a complement is not a complement in the lattice of monotonic
functions. If f ismonotonic and a C b, then
achb
= {functionality}
fac fb
= {negation is antimonotonic}
—(f.a) 2 —(f.b)
= {pointwise extension}
(-fraz(—1f).b

s0 — f isantimonotonic and not monotonic.

13.2 Monotonic Predicate Transformers

Corollary 13.2

Corollary 13.3

Since a predicate transformer is a function between partial orders, it makes sense
to consider monotonic predicate transformers. Let us use the notation ¥ +—, '
for the monotonic predicate transformers for given state spaces  and I

Tom D £ PI) —»nP(D) .
The pointwise extension theorem (Theorem 13.1) gives us the following result.

(2 —m I, E) isacomplete sublattice of (X +— T, C).

We let Mtranyx denote the category in which the objects are types in X and the
morphisms are the monotonic predicate transformers, Mtrany (X, ') = X > T
Thisiseasily seen to be asubcategory of Ptrany : theidentity predicate transformer
on a given state space X is monotonic, and the composition of two monotonic
predicate transformers is always monotonic.

Mtrany is a subcategory of Ptrany.
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Lemma 13.4

Corollary 13.5

Theorem 13.6

Sequential Composition

In Section 12.2 we described those monotonicity and homomorphism properties
that hold in general for the basic predicate transformer constructors. We get more
homomorphism properties when we restrict our attention to monotonic predicate
transformers only. Sequential composition in particular is monotonic only with
respect to the refinement ordering in its first argument, as shown in Section 12.2.
However, it is monotonic also in its second argument if the first argument is a
monotonic predicate transformer (Table 13.1).

Let T; and T, be arbitrary predicate transformers and S a monotonic predicate
transformer. Then

TTET, = S;THiCS;T,.

Proof
Smonotonic, T T T,
F(S;T).q
= {definition of composition}
S.(T1.9)
C {monotonicity of S, assumption T;.q € T».q}

S.(T2.q)
= {definition of composition}
(S;T2).9
O
Lemma13.4isin fact aspecia case of the more general fact that afunction f is
monotonicif andonlyif g1 E 92 = fogi E f o0, (Exercise 13.1).

Combining Lemma 13.4 with the fact that sequential composition isaways mono-
tonic in its left argument, we have the following central result.

Let S, S, Ty, and T, be monotonic predicate transformers. Then
SCSATIET, = S, TIES;T:.
Thus we can characterize the monaotonic predicate transformers as follows:

Mtrany isa complete |attice-enriched category.

Preconditions and Guards

The guards and preconditions have simple characterizations and more properties
when the predicate transformers invol ved are monotonic.
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Lemma 13.7

is C
(AT-S;T) | yes?
Twhen Sis monotonic

TABLE 13.1. Monotonicity of sequential composition

If S, S, and S are monotonic predicate transformers, then

t.S = Sitrue , a.S = - Sutrue ,
m.S = Sifalse , 9.S = —Sfalse ,
(S, = S, a(S:;S) = S.@),
m(S;S) = S.(my), 9(5;2) = .00 .

Proof The proofs are straightforward (Exercise 13.4). O

13.3 Statements and Monotonic Predicate Transformers

Lemma 13.8

From now on, we use the word (predicate transformer) statement to denote a
predicate transformer built using only the five basic predicate transformers (assert,
guard, functional update, angelic update, and demonic update) and the three basic
predicate transformer constructors (sequential composition, meet, and join). We
emphasizethat astatement isahigher-order |ogicterm of aspecial form that denotes
apredicate transformer. Statements do not form anew syntactic category, but rather
asubset of an existing syntactic category (that of all predicate transformer terms).
Thebasic statementsare constructed out of predicates, functions, andrelations: { p},
[pl. (), {R},and[R]. By combining basi c statementswith sequential composition,
meet, and join, we get compound statements.

Our first result establishes that all basic statements are monotonic and that the
operations for constructing compound statements al so preserve monotonicity.

The predicate transformers ( f), {p}, [p], {R}, and [R] are all monotonic, for an
arbitrary function f, predicate p, and relation R. Furthermore, composition, meet,
and join of predicate transformers preserve monotonicity.

Proof We provethat {p} ismonotonic. Let g and ' be arbitrary. Then

qed

F{plq

= {definition of assert}
pNq

C {monotonicity of meet, assumptionq < q'}
pNg
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Theorem 13.9

Theorem 13.10

= {definition of assert}
{pra’
The proofsfor [p], (), {R}, and [R] are similar.
For sequential composition, the derivation is as follows:

S monotonic, S monotonic, q < q’
F(S;8).q
= {definition of composition}
S.(S.q9)
C {monotonicity of Sand S’}
S.(S.g)
= {definition of composition}
(S;9).q

The results for meets and joins follow from Theorem 13.1. O

Lemma 13.8 isillustrated in Table 13.2. This table shows for each operation on
the left whether it preserves the homomorphism property indicated on the top. As
adirect consequence of thislemma, we get the following important result.

All statements are monotonic.

Normal Form

We do not usually distinguish between a statement as aterm in higher-order logic
(syntax) and the monotonic predicate transformer that it denotes (semantics). We
can make the distinction if we need to, by talking about the statement term and
the statement denotation, respectively. We shall now show that any monotonic
predicate transformer term can in fact be written as a statement term.

Let Sbean arbitrary monotonic predicate transformer term. Then there exist state
relationterms P and Q suchthat S= {P}; [Q].

is C preserves | C
{p} | yes ; yes
[p] | yes n yes
(f) | yes U yes
{R} | yes
[R] | yes

TABLE 13.2. Monotonicity of basic and compound statements
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Corollary 13.11

Proof Assumethat S: X — T isamonotonic predicate transformer. Define
relationsP : ¥ < P(I') and Q : P(I') <> I' asfollows:

P.o.§ Sé.o0 ,

Q.4b.y S.y .
Thus P holds for initia state o and fina state § if the predicate S.§ holds in the
state o', and Q holds for initial state § and final state y if the predicate § holdsin
the state y (note that the intermediate state space has the type of predicates over
thefinal state space).

Then, for an arbitrary predicate g and arbitrary state ¢ we have

({P};[QD-9.00
= {definitions}
(38« Sb.00 A (Vy « 8.y = Qq.y))
= {definitions}
(36 Sé.00 A SCQ)
= {mutual implication}
(35 S8.00 A 8 S Q)
{Sismonotonic, context saysé§ C q}
(36+S.q.00 A §CQ)
{A dimination}
(35 - S.q.00)
{quantifier rule}
S.q.O'O
(35+ S8.00 A 8 C Q)
{3 introduction; witness § := q}
Sq.o0 A S q
{reflexivity}
S.g.00

b 0 Yo

T e

. S.q.O'O
which showsthat S= {P};[Q]. O

This result has the following important corollary.

Any term that denotes a monotonic predicate transformer can be expressed as a
statement term.

In other words, if Sisaterm that denotes a monotonic predicate transformer, then
thereisastatementterm S suchthat S = S'. Thisfollowsdirectly from thetheorem
above by choosing S = {P} ; [Q], where P and Q are termsthat are constructed
from Sin the way shown in the proof of the theorem.

Note that this result does not mean that every monotonic predicate transformer can
be expressed asastatement. That thisisimpossibleisshown by asimple cardinality
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argument. Thereare uncountably many monotonic predicatetransformers (because
the type Ind is infinite), but there can only be countably many terms that denote
monotonic predicate transformers, because there is only a countable number of
termsaltogether in higher-order logic. What the corollary saysisthat if amonotonic
predicate transformer can be described by aterm in higher-order logic, then it can
also be described as a statement.

The decomposition used in the proof of Theorem 13.10 is interesting in itself.
Intuitively, it splits execution of Sinto two parts. The intermediate state space is
the predicate space over I', so its elements correspond to subsets of I'. Giveninitial
state o, the angelic update { P} chooses a predicate § such that Sis guaranteed to
establish §. Then the demonic update [ Q] chooses an arbitrary state y in 8. This
kind of two-stage update forms a very simple game between the angel and the
demon, with one move for each.

The normal form theorem shows that if we wanted to be economical, we would
need to use only {R}, [R], and sequential composition to describe al monotonic
predicate transformers. The other constructs would be definable in terms of these.
However, we have introduced a larger number of constructs because they corre-
spond to important abstractions that we meet over and over again in the subsequent
development.

We have shown earlier that the basic statements can all be expressed as angelic or
demonic update: (f) = {|f[} = [|f]], {p} = {Ipl} and [p] = [IpI]. In reasoning
about statements, we usually take advantage of thisfact. We may thus without loss
of generality assume that a statement Sis built asfollows:

S = {QJIQAIS:&IMiel-§lWiel-g).

The use of the arbitrary meet and join in a syntax definition needs a little bit of
explanation. Anindexed meet (Mi € | - §) can always be written more explicitly
as

niel.8) = n@im.Sl),

where Sis afunction that assigns to each index i a statement S.i, and | is some
subset of all possibleindices. A similar argument holdsfor indexed joins. Asbefore,
the statement syntax does not define a new syntactic category, but merely serves
to identify a specific subclass of predicate transformers.

Shunting Rules

The duality between assert and guard predicate transformers gives rise to the
following useful shunting rules.

Let p be an arbitrary predicate and S and S arbitrary monotonic predicate
transformers. Then
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@{p};ScS

Sc[p]:S .
(b)SE S {p} = S;[PIES .

Proof Part (a) follows directly from the definitions and from the shunting rule for
predicates(i.e, pNg Cr = p < —qUr). For part (b), we have

SCE S {p}
= {definition}
(¥q-Sq < S.(pna)
= {specidizationq := - puUq}
S(—puUqg) S S.(pN(=puUq)
= {lattice properties of predicates}
S(=puUag) S S.(pNa)
= {S monotonic}
S(-puUqg) cS.q
= {definition of guard}
(S;[ph.acS.q

so the forward implication half of (b) follows by generalization. The reverse
implication is proved in the same way. O

13.4 Derived Statements

The statements that we have introduced above are sufficient to express all mono-
tonic predicate transformer terms, as we just have shown. However, the notation
isquite terse and somewhat removed from traditional programming language con-
structs. We therefore introduce a number of derived statements, i.e., statements
that really are abbreviations for other statements but that have a useful operational
interpretation. We have seen how abort, chaos, skip, choose, and magic can be ex-
pressed in terms of basic predicate transformers, so we can view them as derived
statements. We can think of them merely as abbreviations that can be removed
whenever needed.

L et usnext consider two other important derived statements: conditional statements
and blocks with local variables. We have met these constructs before, as state
transformers and state relations. Now we show how to define these as predicate
transformers. Other important derived statements, such as recursion and iteration,
will be introduced later on, in Chapters 20 and 21.
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Conditional Statements

Aswe aready showed in the introduction, we can define the deterministic condi-
tional statement by

A

ifgthen S else Sfi = [g];SM[~0];S . (conditional)

From the definition it follows that this determines the following predicate trans-
former:

(ifgthen S else S fi).g = (—gUS.QNQUS.q)
or, equivalently,

(ifgthen S else $fi).g = @NS.QU(—INS.Q) .

Intuitively, if g then S else S fiisadeterministic choice. If g holds, then S isexe-
cuted; otherwise S is executed. Thus the meet in the definition does not introduce
any real nondeterminism. In fact, from the above it follows that the deterministic
conditional can also be written using asserts and ajoin:

ifgthen Syelse Sfi = {g);SuU{—-0};S .

We can also define the nondeterministic guarded conditional statement in terms of
the more basic constructs:

fg—>S] [ Om—> S fi=
{GuV---Vvam}; (9 Sm--mgml; Sn) -

The assert statement tests that at least one of the guardsistrue in the state. If not,
then we have abortion; otherwise one of the alternativesfor which the guard istrue
ischosen demonically and executed. In contrast with the deterministic conditional,
this statement may be genuinely (demonically) nondeterministic. This happens
when two or more guards are satisfied in a given state, and the effect of executing
the corresponding statementsiis different.

Because we have an explicit definition of the conditional statement, we can de-
rive its homomorphism properties from the corresponding properties of its basic
congtituents. For instance, the deterministic conditional constructor is (jointly)
monotonic in its predicate transformer arguments:

SESASES, = ifgthenSelse $fi C ifgthen S else S fi .

The deterministic conditional is (jointly) bottom and top homomorphicinits pred-
icate transformer arguments. This means that if S, = abort and S, = abort, then
the conditional is also abort, and similarly for magic. However, the conditional is
neither jointly meet homomorphic nor jointly join homomorphic in its predicate
transformer arguments. Furthermore, it is neither monotonic nor homomorphic in
its predicate argument. Choosing the deterministic conditional as abasic predicate
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transformer constructor would therefore not be very wise algebraically, because
there are so few homomorphism properties that hold in general.

The propertiesfor the guarded conditional statement are essentially the sameasfor
the deterministic conditional statement. In other words, the guarded conditional
statementismonotonicinitsstatement argumentsandjointly top and bottom homo-
morphicinall itsstatement arguments, but no other homomorphism propertieshold
in general. The monotonicity and homomorphism properties of the conditionals
are summarized in Table 13.3.

Blocks

The block construct for state transformers allows us to model a situation where
the state space is temporarily extended. In exactly the same way, we can define a
block construct for predicate transformers that permits us to embed statements on
a‘“larger” state space into a statement on a“smaller” state space.

The block construct for predicate transformersis defined in anal ogy with the state
transformer block:

(begin) ; S; {(end) . (block statement)

Given state extension pair begin : ¥ — I''andend : ' — ¥ and statement
S: T — I (thebody of theblock), theblock hasfunctionality ¥ +— X. Intuitively,
the block maps state space T into I' and then executes S before moving back to
the original state space.

In practice, the block construct is used with program variable notation, under the
same assumptions as for state transformer blocks (Chapter 5). Thus,

beginvary :=e; Send Z  (begin) ; (y:=eoend);S; (end) ,
and similarly for ablock with multiple local variables.

Let us compute the predicate transformer that the block defines.

Assume that begin var y := e; Send is a block statement where the expression e
does not mention variable y and the body Siswritten using only programvariable
notation, and that g is a boolean expression over the global variables. Then

(beginvary :=e; Send).q = (SQ)y:=¢€] .

Proof We have

(beginvar y ;= e; Send).q
= {definitions of block and sequential composition}
(begin).((y := eo end).(S.({end).q)))
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= {assignment axiom, e does not mention y}
(begin).(S.({end).q))[y = €]

Thefact that Sisusing only program variable notation guarantees that the assign-
ment axiom can be applied in the second step of the derivation. We leave it to the
reader to show that (end).q = g. Similarly, we leave it to the reader to show that
(begin).q = q if q does not mention the local variable. O

The block constructor (AS- begin var y := e; Send) isvery regular, asit satisfies
all basic homomorphism properties that can be expected of statements. These
properties are summarized in Table 13.3.

The block constructor is monotonic:
SC S = beginvary:=e€;Send C beginvary :=¢e; S end .

Furthermore, the block constructor is -, T-, M- and u-homomorphic, and it
preserves skip.

Proof The proof isleft to the reader as an exercise (Exercise 13.12). O

As an example, consider the following statement:
beginvarz:=X;X:=Yy;y:=2zend,

where the global variables are x and y. Thisisthe swapping example of Chapter 5
lifted to the level of statements. Infact, it is possible to prove (Exercise 13.13) the
following homomorphism property for blocks:

(beginvary :=e; f end) = beginvary:=e;(f)end .
Thus we immediately have
beginvarz:=X;X:=Yy;y:=zZend = (X,y:=VY,X)

by the example in Section 5.6.

Blocks with Nondeterministic Initialization

We generalize the block statement by allowing a (demonically) nondeterministic
initialization of the local variables. We define

is C L T M L - 1 :
(LS, T -if gthen Selse T fi) yes|yes yes no no | no|yes no
S, ..., S ifgr—> Sl - lgn— Sfi)y | yes|yes yes no no | no|yes no
(LS~ beginvary ;= e; Send) yes | yes yes yes yes| no|yes no

TABLE 13.3. Homomorphic properties of derived statements
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beginvary | b; Send = (begin);[y:=Y |bly:=VY]]:S; (end) ,

where b is a boolean expression that can mention both global and local variables.
A derivation like the one in the proof of Lemma 13.13 shows which predicate
transformer thisblock is:

(beginvary | b; Send).q = (Vy-b= Sq),
where q is aboolean expression in which y does not occur free.

Exactly as for state transformer blocks, we can aso permit implicit initialization
conventions. Thus,

beginvary ; Send

can by convention mean a totally nondeterministic initialization (with initial-
ization predicate true). Alternatively, it can mean a standard initialization, e.g.,
initialization to O for avariable of type Nat.

13.5 Procedures

The notion of procedures can be lifted directly from the state transformer level
(Section 5.6) to the predicate transformer level. Thus, a definition of the form

proc N(var X,valy) = S

is syntactic sugaring for the definition N.x.y = S. Furthermore, a procedure call
of theform N(z, e), where zisavariable and e an expression, isto be interpreted
asfollows:

N(z, e) 2 beginvar y' :=¢e; N.zy end .
As an example, consider the following procedure, which stores the smaller of the

values m and n in the variable x:

proc Min(var X, valm, n) =
fm<n-—Xx:=m[m>n— x:=nfi.

A typical cal to this procedure could look as follows, where y and z are program
variables:

Min(y,z+1,y) .
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According to the definition, this call really stands for
beginvar mn:=z+1,vy;
fm<n—y:=m[m>n— y:=nfi

end

Local procedures on the statement level are handled exactly as on the state trans-
former level. We define a statement with local procedure as follows:

proc N(var X, val y) = Sin (local procedure)
---N(u,e)---

A

let N=(QAxy-9Sin
- beginvary :=e;N.uy end - --

Procedures and calls to them can be introduced and eliminated on the statement
level in exactly the same way as for state transformers.

The following exampleillustrates the use of alocal procedure:
proc Min(var X, valm, n) =
fm<n—Xx:=m[m>n-— x:=nfi
in
Min(y, Y, 2) ; Min(X, X, y) .

13.6  Summary and Discussion

In this chapter we have shown how contract statements can beinterpreted as mono-
tonic predicate transformers. The monotonic predicate transformers form a subl at-
tice and subcategory of predicate transformers, so we can reason about monotonic
predicate transformersin the larger context of al predicate transformers. We have
defined predicate transformer statements as predicate transformer terms that are
built in terms of the basic predicate transformers and three algebraic composition
operators: sequential composition, meet, and join. We have shown that any such
statement is a monotonic predicate transformer. Conversely, we have also shown
that predicate transformer statements can be taken as anormal form for monotonic
predicate transformers: any monotonic predicate transformer that can be expressed
as ahigher-order logic term can a so be expressed as such a statement. We also de-
fined three standard programming constructs (conditional statements, blocks with
local variables, and procedures) in terms of more basic constructs.

We use atwo-phase approach to defining the language of contracts, specifications,
and programs. First, weintroduce basic predicate transformers and predicate trans-
former constructors, which have been chosen so that they have simple and regular
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algebraic properties. Then we define more traditional constructsin terms of these.
This approach allows us to derive the algebraic properties of the traditional con-
structsin asimple way, and a so shows more clearly the underlying mathematical
notions. The (less attractive) alternative would be to postul ate the more traditional
program constructs such as conditional sand blocks directly as predicatetransform-
ers, and then derivetheir monotonicity and homomorphism propertiesdirectly from
these definitions.

Hesselink develops a similar but more restricted algebra in which statements
are conjunctive predicate transformers (i.e., predicate transformers that preserve
nonempty meets). He takes assert, guard, meet, and sequential composition as ba-
sic (and later includes a join operator also), additionally assuming a collection of
procedure names [80, 81, 82].

We use the same constructs for both contract statements and predi cate transformer
statements. This alows us to identify these two whenever convenient and rea
son about contract statements as if they were predicate transformers. This way of
identifying contract statements with their associated predicate transformers is an
important device, becauseit allows a purely algebraic treatment of contract, speci-
fication, and program statements, where the specific syntax chosen for expressing
statementsis irrelevant.

Another consequence of thisisthat we do not need to make the distinction between
syntax, semantics, and proof theory that is traditional in programming logics.
The syntax for predicate transformer statementsis just the syntax of higher-order
logic, with a little bit of syntactic sugaring here and there. The semantics is the
semantics of higher-order logic. This is a simple set-theoretic semantics, as we
have shown. The specia properties that these statements have are a consequence
of the operationsthat we have introduced by explicit constant definitionsin higher-
order logic. The proof theory that we use is also the proof theory of higher-order
logic. The refinement calculusis atheory within higher-order logic, and as such, it
uses exactly the same set of basic axioms and inference rules as any other theory in
higher-order logic. What isnew in the refinement calculusis expressed astheorems
and derived rules of inference, which are proved (not postulated) in higher-order
logic.

A consequence of choosing higher-order logic as the underlying logic for the
refinement cal culusisthat the cal culusisconsistent by construction. Thisisbecause
higher-order logic has been shown to be consistent, and the refinement calculusis
aconservative extension of thislogic. The theorems are also sound in the standard
semantics of higher-order logic, where statements are interpreted as higher-order
functions, because the basic axioms and inference rules of higher-order logic are
sound.

Of course, this aone does not prove that the theorems are also correct in the sense
that they are true in an operational interpretation of contract statements, which
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explains a contract in terms of the possible behaviors that it permits for the agents
involved. That thisis also the case will be demonstrated in the next chapter, where
the operational semantics of contract statements is defined.

This is also the reason why we need to distinguish between contract statements
and predicate transformer statements. The predicate transformer interpretation, al-
though extremely useful for reasoning about properties of contracts, isstill just one
possible interpretation of contracts. The operational interpretation gives another
semantics for contracts. A third interpretation of contract statements will also be
presented, where we show how to interpret contracts as special kinds of functions
on theinitial state.

A notation where every monotonic predicate transformer term is expressible as
a statement was originally introduced by Back and von Wright [26, 27], with
an origina normal form theorem. The normal form theorem presented here was
proved by von Wright [143]. The guarded conditional was originally introduced
by Dijkstra[53]. Blocksand procedures have been handled formally by Hoare [85]
and Gries and Levin [65], among others.

13.7 Exercises

131

13.2

13.3
13.4
135

13.6

13.7

Provethat if I and A are partialy ordered, then

f monotonic =
Vo T > AV T>A-q1CE0 = f;0C f g

for an arbitrary function f : ¥ — T.

Show that if Sisa monotonic predicate transformer, then the following subdis-
tributivity property holds:

S;(&NS) C S:9$N05: S
Fill in the missing parts of the proof of Lemma 13.8.
Prove Lemma 13.7.

By the duality principle, there is a dua normal form [P] ; {Q} in addition to the
normal form {P} ; [ Q] for monotonic statements given in this chapter. Derive this
normal form and interpret it intuitively.

Show that if Sisamonotonic predicate transformer, then the following properties
hold for arbitrary predicates p and q:

S(png) € Spnsgq,
SpusSqg € S(puq) .

Show that the following holds for arbitrary state relation R:
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13.8

13.9

13.10

13.11

13.12

13.13

[Rl = [Mo+3y-Roy];n{{(f)| (Yo+Ro #0= Ro.(fo))}.
Interpret this equality intuitively.

Show that the deterministic conditional is monotonic with respect to substatement
replacement:

SESASCS =
if gthen S else S fi C if gthen S else S, fi .
Prove the following rule:
if gthen S N S else Sfi =
if g then S else Sfi M if g then S else Sfi .
Recall the definitions of the chaos and choose statements:

chaos = [True] , choose = {True} .

Show that the following refinements hold for an arbitrary monotonic predicate
transformer S:

S:chaos C chaos:; S, abort; S E S;abort ,
S;skip T skip; S, skip; S C S;skip ,
S;magic T magic; S, choose; S C S;choose .

Findinstanti ationsfor the monotonic predicatetransformer Sto show thefollowing:

S; abort IZ abort ; S, chaos ; SIZ S; chaos ,
S; choose Z choose ; S, magic ; SIZ S; magic .

Prove that the block construct beginvary := e; Send is 1-, T-, m-, and u-
homomorphic in its statement argument S.

Prove the following rule:

(beginvary :=¢; f end) = beginvary:=e;(f)end .
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14

Statements as Games

In the previous chapter we showed that contract statements can be interpreted as
(monotonic) predicate transformers. But predicate transformers are pure mathe-
matical entities, functions from predicates (sets) to predicates, and as such have no
direct computational interpretation. The way in which statements are assumed to
be executed as programs has only been explained informally. Because both angelic
and demonic nondeterminism is involved in statement execution, it is not obvious
how statement execution should be defined formally. In this chapter, we therefore
proceed to give an operational interpretation of contract statements as games. We
show that the predicate transformer semanticsis an abstraction of the game seman-
tics, in the sense that we can compute the former from the latter. Both correctness
of statements and refinement can be explained operationaly in terms of winning
strategies in games.

14.1 Game Interpretation

We will assume that contract statements have the following syntax:

S = {QIQAIS:SIMiel-§|Wiel-9).

Here Q isarelation term and | a set term of higher-order logic. We assume that
there is a rule that associates a contract statement § with eachindexi € | ina
meet (Mi € | - §) (and similarly for ajoin).

Wewill interpret contract statementsin terms of agamethat is played between two
opponents, called the angel and the demon. The game semantics describes how a
contract statement S encodes the rules of a game. For a play (or execution) of the
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game (statement) S, we also need to give theinitial position (initial state) o € X
of the game and agoal (apostcondition) q C I' that describesthe set of final states
that are winning positions.

For a given postcondition g, the angel tries to reach a fina state that satisfies g
starting from the initial state 0. The demon tries to prevent this. Both follow the
rules of the game, as described by the statement S. The statement determines the
turns of the game, aswell asthe movesthat are permitted for each player. Thegame
proceeds by a sequence of moves, where each move either leads to a new state or
forcesthe player that is to make the move to quit (and hence lose the game). Each
move is carried out by either the angel or the demon.

There are two basic moves, described by the demonic and the angelic update
statements. The angelic update statement {Q} is executed by the angel in state o
by choosing some state y such that Q.c.y holds. If no such state exists, then the
angel cannot carry out this move and quits (loses). The demonic update statement
[Q] issimilar, except that it is carried out by the demon. It chooses some state y
such that Q.o.y holds. If no such state exists, then the demon cannot carry out the
move and quits.

The sequential composition S, ; S, isexecuted ininitia state o by first playing the
game S ininitia state o. If thisgame leadsto afinal state y, thenthegame S is
played from this state. The final state of this game is the fina state of the whole

game S ; S.

A demonicchoice(ni € | - §) isexecutedininitial stateo by thedemon choosing
somegame §,i € |, tobeplayedininitial stateo. If | = @, then thereisno game
that can be played in initial state o, and the demon hasto quit. The angelic choice
(Ui €| - §) isexecuted similarly, but by the angel.

Skip, abort, and magic statements, as well as guards, asserts, and functional up-
dates, can al be seen as specia cases of demonic and angelic updates. Thus, we
do not need to define the meaning of these constructsin the operational semantics.
Similarly, the operational semantics also explains the execution of derived state-
ments (like the conditional statement) that are built out of the constructs, for which
we give an explicit interpretation.

Operational Semantics

We define the game interpretation of statements using structured operational se-
mantics. The basic notion in such a semantics is that of atransition relation —
between pairs (configurations) (S, o) where Sisacontract statement and o astate.
Therelation (S, o) — (S, ¢’) holds (and we say that atransition from configura-
tion (S, o) to configuration (S, ¢’) ispossible) if one execution step of statement
Sin state o can lead to state o’, with statement S’ remaining to be executed. Ex-
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ecution terminates when a configuration (A, o) is reached, where A is the empty
statement symbol.

In our operational semantics, a configuration isapair (S, o), where

e Siseither an ordinary statement in ¥ — I or the empty statement symbol
A, and

e o iseither astate in X, the special symbol T standing for success, or the
special symbol L standing for failure.

We take the point of view of the angel with regard to the notions of failure and
success. Thus, success means that the angel has won while failure means that the
angel haslost. From the demon’s point of view, success is something to avoid.

The transition relation (i.e., the permitted moves) is inductively defined by a col-
lection of axioms and inference rules. Therelation — is defined to be the smallest
relation that satisfies the following:

e Angelic update

R.o.y Ro =10
(Rho) > (A y) 7 (Rho) > (A, L)
(RLL —> (A, L) (RLT) —> (A, T)
e Demonic update
R.o.y Ro =0
((Rlo) = (A, y) ((Rlo) = (A, T) 7
(R, L) — (A, L) (R, T) — (A, T)
e Sequential composition
(S,0) > (S,y), S #A (S1,0) > (A, y)
(8.0 = (8% y) (S5 S,0) > (S, 7)
e Angelic choice
kel I =0 .
(uiel«9),o0)—> (50) ’ ((uiel«9),0)— (A, L)’
e Demonic choice
kel | =0
(niel«9),o0)—> (& 0) ’ (Niel-9),0)—> (AT

These axioms and inference rules formalize the informal description given above
of the moves in the game.
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Classification of Configurations

Since there are no rules for empty configurations of the form (A, o), moves are
possible only in configurations (S, o) where Sisaproper statement. Furthermore,
by inspecting the rules, we notice that for any given configuration (S, o), at most
one of the axioms and inference rules is applicable. If Sis an angelic update or
an angelic choice (join) of statements, then only the angel can make a move. In
this case we say that the configuration (S, o) isangelic. Duadly, if Sisademonic
update or ademonic choice of statements, then only the demon can make a move,
and the configuration is called demonic. Finally, if Sisa sequential composition,
S= S ; S, then the possible transitions are given by the possible transitions of
S. In this case, we say that the configuration is angelic if (S, o) is angelic and
demonicif (S, o) isdemonic. Thismeansthat every configuration iseither empty,
demonic, or angelic.

Plays
A play of thegame Sininitial state o isa sequence of configurations
Co—>C1—>C2—>

where

(i) Co= (S 0),
(ii) each move C; — C;j, 1 ispermitted by the axiomatization above, and

(i) if the sequence is finite with last configuration Cy,, then C, = (A, y), for
somey e T U{T, L}.

Intuitively, a play shows us, step by step, what choices the demon and the angel
have made in a sequence of moves. A finite play cannot be extended, since no
moves are possible from an empty configuration (in fact, infinite plays are never
possible; see Lemma 14.1 below).

The game interpretation of contract statement S, denoted by gm.S, is a function
that maps each initial state o to the set of plays of Sininitia state o. The game
interpretation of S thus describesfor each initia state o the possible behaviors of
the angel and the demon when following contract S.

For agiven goal g, we say that the angel wins a play of a game (or the play isa
win) if the final configuration (A, o) satisfieso € qU {T}.

Example Game

Let usillustrate the concepts introduced above with the following simple game. A
state of the game is given by an integer x. Letinc.x.x’ = (0 < X < X’ < 2) and
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dec.x.X’ = (0 > x > X' > —2), where x ranges over the integers. The rules of the
game are given by the statement

S = [inc]; ({dec} u[inc]) M ({dec} u [inc]) ; {dec} .
We consider aplay where the initial stateis x = 0 and the goal (postcondition) g
iSX=-2vXx=2
The following is a possible sequence of moves:
([inc] ; ({dec} L [inc]) M ({dec} L [inc]) ; {dec}, 0)
— {demon chooses first alternative}
([inc] ; ({dec} L [inc]), 0)
— {demon increases state value; inc.0.1 holds}
({dec} U [inc], 1)
— {angel chooses second alternative}
([inc], )
— {demon increases state value; inc.1.2 holds}
(A, 2)
Note that the initial configuration is demonic. After the demon chooses the first
substatement of the meet, the second configuration is also demonic: a sequential
composition with a leading demonic update. After the demon has executed the
update, the result is an angelic configuration, and the angel chooses the second

alternative, which again givesademonic configuration. Finally, the demon executes
this update, and the empty configuration is reached.

Another possible sequence of movesis the following:

([inc] ; ({dec} L [inc]) M ({dec} U [inc]) ; {dec}, 0)

— {demon chooses second alternative}
(({dec} uinc]) ; {dec}, 0)

— {angel chooses first component in leading statement}
({dec} ; {dec}, 0)

— {angel decreases state value; dec.0.(—1) holds}
({dec}, —-1)

— {angel decreases state value; dec.(—1).(—2) holds}
(A, =2)

In both these cases the angel wins the play, since the state component of the final
(empty) configuration isin both casesintheset q = {—2, 2}.
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Finally, the following is a play where the angel loses:
([inc] ; ({dec} U [inc]) M ({dec} U [inc]) ; {dec}, O)
— {demon chooses second alternative}
(({dec} U [inc]) ; {dec}, 0)
— {angel chooses second component in leading statement}
([inc] ; {dec}, 0)
— {demon increases state value; inc.0.1 holds}
({dec}, 1)
— {angel has no legal move; dec.1 = ¢}
(A, L)
Figure 14.1 shows all possible sequences of moves of the game described above

when the initial state is x = 0 (in this figure, we have decorated the transition
arrowswith A and D to indicate whether the angel or the demon makes the move).

As this example shows, agiven initial configuration can permit avariety of plays,
with very diverse outcomes (final configurations). In accordance with our game-
theoretic point of view, we are interested in what sets of outcomes the angel can
force the game to reach, regardless of how the demon makes its moves. We shall
consider this in the next section, but first we show that all plays are necessarily

finite.
0
/\
0 0
D X A \
1 2 0 0
1 1 2 2 2 -1 1

A D A D A A A A

2

FIGURE 14.1. All sequences of moves from initial state O
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Termination

A game aways ends with either the demon or the angel winning. Thisis because
all plays of agame Sarefinite. Intuitively, we can justify this by noting that every
move decreasesthesize of the gamethat remainsto be played. Theformal argument
requires us to be explicit about what we mean by the size of a game. This again
requires us to use ordinals. Readers who are not familiar with these may at this
point choose to first read Chapter 18 on well-founded sets and ordinals, before
going through the proof of the lemma.

Lemma 14.1 All plays of a game arefinite.

Proof Definethefollowing inductive ordinal measure on statement terms (includ-

ing the empty statement):
M.A = 0,
MAR} = 1,
MRl = 1,

M(S;S) = MS+M.S,
M.(iel-S) = (imiel-MS)+1,
M.Uiel+«§) = (imiel-MS)+1.

This measure is well-defined, since | is always a set (this guarantees that the
measure of every statement is an ordinal). By induction on the structure of the
statement S, one can show that any move according to the transition relation —
decreases this measure in the statement part of agiven configuration (S, o). Since
the ordinals are well-founded, this guarantees that no configuration can permit
more than a finite number of moves. O

Even though every play is finite, it is possible to devise games in which there is
no upper bound on the number of moves needed to play the game. The following
exampleshowsthis. Let R bean arbitrary relation and define statements S, for each
natural number n by § = [R] and S,.1 = [R] ; $,. Then consider the statement
(Un e Nat- §) inany initial state o . If we are given some purported bound m on
the number of moves, then the angel can start by making the move

(uUneNat- §),0) — (Sn,0) .

After this, the demon makes exactly m + 1 moves, so the total number of moves
will be greater than m.

14.2  Winning Strategies

We shall now use the operational semantics to define what a strategy is and what
it means for the angel to have awinning strategy for game Sin initial state o with
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Theorem 14.2

respect to goal (postcondition) g. Theideaisthat astrategy (for the angel) tellsthe
angel what to do in each angelic configuration and that a strategy iswinning if the
angel can win a game by always moving according to the strategy.

A strategy (for theangel) isafunction f that maps configurationsto configurations
in such away that C — f.C holds for al angelic configurations C. Thus, given
an arbitrary angelic configuration C, astrategy f determines atransition (a move
for theangel) C — f.C.

Now assume that we are given statement Sand initial stateo. A strategy f admits
aplayCy > C; —» - —> C,if Cg = (S,0) and if Cj,; = f.C; whenever
configuration C; isangelic.

The strategy f isawinning strategy for game Sin initial state o with respect to
god q if for every play (S,0) — --- — (A, y) admitted by f, the condition
y € qU{T} holds. Thus, f isawinning strategy if the angel is guaranteed to win
when it makes its moves according to f.

Obviously, we can define the notion of a strategy for the demon dually. However,
since the notion of winning is connected to the angel, we concentrate on strategies
for the angel.

The Winning Strategy Theorem

We shall now show that the existence of winning strategiesis closely related to the
predicate transformer semantics. In fact, we show that there is awinning strategy
for game Sininitial state o with respect to postcondition g if and only if wp.S.q.0
holds. Since the notion of winning strategy was derived from the operational se-
mantics, this shows how the predicate transformer semantics can be derived from
the operational semantics.

Assume that contract statement S, state o, and predicate q are given. Then there
isawinning strategy for game Sin initial state o with respect to postcondition q
if and only if wp.S.q.0 holds.

Proof The proof is by induction over the structure of the statement S. In the
proof, we need afew additional notions about strategies. To simplify the reasoning,
we assume that strategies can be “undefined” for configurations that we are not
interested in (this undefinedness can be accomplished by augmenting the collection
of al configurations with an extra “undefined” element). The domain Dom. f of
astrategy f isthe set of configurations for which f is defined. We further define
the domain of interest for astrategy f with respect to configuration (S, o) (written
IDom(f, S, o)) to be the set of all angelic configurations in all plays of (S, o)
admitted by f. Obviously, f’s restriction to IDom(f, S, o) determines whether
f isawinning strategy or not, since configurations outside IDom( f, S, o) cannot
occur while the gameis being played.
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We now consider the five cases of the inductive proof. Cases 1 and 2 are the base
cases (the two relational updates), while cases 3, 4, and 5 are step cases (mest, join,
and sequential composition).

(i) For the demonic update [ R], the domain of interest of any winning strategy is
empty, since the angel never makes any moves. Thus,
winning strategy existsfor [R] in o with respect to q
= {definitions}
for every transition ([R], o) — (A, y) wemust havey € qU {T}
= {operational semantics}
Ro Cq
= {definition of update}
wp.[R].q.0

(ii) For the angelic update { R}, the reasoning is similar. In this case, the domain of
interest contains the single configuration ({R}, o), and awinning strategy is one
that maps this configuration to some (A, y) wherey € qU {T}. Thus,

winning strategy existsfor { R} in o with respect to g
= {definitions}

thereisatransition ({R}, o) — (A, y) suchthaty e qU {T}
= {operational semantics}

RonNq#0d
= {definition of update}

wp.{R}.q.0

(ii1) Next, we consider meets. For this part of the proof, we need to define amerge
of strategies. Assume that a set of strategies{f; |i € |} isgiven. A strategy f isa
merge of this set if the following holds for all configurations (S, o):

@i el+(So)ebom.f) =
@i el (So)ebom.fin f.(S0o)=fi.(So0)) .

In other words, we require that if a configuration is in the domain of one or more
of the strategies f;, then f agreeswith one of them. Using the axiom of choice, it
is easily shown that a merge always exists for any collection of strategies.

Thefollowing observation is now crucial. Assumethat f isawinning strategy for
game Sin initial state o with respect to goal q and that f is undefined outside
IDom(f, S, o). Similarly, assume that f’ is a winning strategy for game S’ in
initial state o’ with respect to the same goa g and that f’ is undefined outside
IDom(f’, S, ¢’). Thenany mergeof f and f’ isalso awinning strategy for both S
ino and S ino’ withrespecttoq. Thisistrue, becauseif f and f’ disagreeon some
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configuration that is in the domain of interest of both (f, S, o) and (f', S, o),
then both strategies must lead to awin from this configuration.

The induction assumption for the meet is now that for al i € | thereisawinning
strategy for game S ininitia state o with respect to postcondition q if and only if
wp.§.g.0 holds. Then we have
f iswinning strategy for (Mi € | -+ §) ino with respect toq
= {operational semantics, definition of winning strategy}
f iswinning strategy for each S in o with respect to q
= {induction assumption}
Vi el +wp.§5.9.0)
= {definition of meet}
wp.(Mi el +9).q.0
so the existence of awinning strategy for the meet implieswp.(Mi € 1 - §).q.0.
For the reverse implication, the induction assumption tells us that for eachi € I,
there exists a winning strategy f; for § in o with respect to goal q. Let f/ be
the result of restricting strategy f; to the domain of interest of (f;, §,0). The
observation above then guarantees that any merge of the strategies f; isawinning
strategy for (mi € 1 - ).
(iv) Now consider join. First,
f iswinning strategy for (Li € | -+ §) ino with respecttoq
= {operational semantics, definition of winning strategy}
f iswinning strategy for § in o with respect to g, for somei € |
= {induction assumption}
(Fiel-wp.S.9.0)
= {definition of join}
wp.(Ui €l -9).9.0
so the existence of awinning strategy for the join implies (Wi € | - §).q.0. For
the opposite implication here, we note that if f isawinning strategy for § ino
with respect to g, then we can adjust f sothat f.(Ui €| -+ §),0) = (§,0) to

get awinning strategy for (Wi € | -+ §). Thisworksbecause (Ui € | - §),0) is
necessarily outside IDom( f, S, o).

(v) Finally, we consider sequential composition. First, we note from the definition
of the operational semanticsthat aplay of thegame S, ; S isof the form

(SlaSZ,UO)ﬁ(SZva)_) (A,Un) s

and furthermore,

@) (S1,00) > -+ — (A, om) isaplay of thegame S ininitial state oy, and
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(b) (S, 0m) = - — (A, opn) isaplay of thegame S ininitial state opy,.

The induction assumption is that the statement of the theorem is true for S and
S. Assumethat f isawinning strategy for S ; S ininitial state o with respect
to q and let p be the set containing all second (state) components of the final
configurations of plays of (S, o) admitted by f. Then define a strategy f’ by
f'.(S y)= f.(S; S, y) sothat f'isawinning strategy for S, in o with respect
to p. The induction assumption then tells us that wp.S;. p.o holds. Furthermore,
we know that f isawinning strategy for S inany initial statey € p with respect
to g, so the induction assumption tellsusthat (Vy € p-wp.$.q.y). Then

wp.S.p.oc A(Yy € pewp.$.9.y)

= {definition of bounded quantification}
wp.S.p.o ANy« p.y = wp.$.0.y)

= {pointwise extension}
wp.S.p.oc A pCwp.S.q

= {monotonicity of wp.S}
wp.Sp.(wp.$.q).0

= {definition of sequential composition}
wp.(S; £).9.0

For the opposite direction, we assumethat wp.(S; ; $).9.0. Again, thismeansthat
we have, with p = wp.$.q,

wp.S§.p.o A(Vy € pewp.$.9.y) .

The induction assumption then tells us that there is a winning strategy f for §
ininitial state o with respect to p and that for every y € p there is a winning
strategy g, for S ininitial state y with respect to g. Now define f’ such that
f'.(S;9,9) = (T; S, y) whenever f.(S,6) = (T, y) fordl Sand dl g, and
f is undefined everywhere else. Next let g, be the result of restricting g, to
IDom(g,, S, y), foral y € p, and let g beamerge of f’ and al the strategiesin
{g, | ¥ € p}. Thismakes g awinning strategy for S; ; S ininitial state o with
respect to g, and the proof isfinished. O

Theorem 14.2 shows that the operational semantics uniquely defines the predicate
transformer semantics. Since the operational semantics contains information not
only about input—output behavior, but also about intermediate states, it isobviously
not possiblein general to go the other way.
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14.3 Correctness and Refinement

The notion of correctness can now also be explained operationally. Recall that
contract statement S is correct with respect to precondition p and postcondition
g, denoted by p {| S|} q, if p € wp.S.q. The postcondition plays the role of a
goal, while the precondition plays the role of permitted initial states. Correctness
operationally means that the angel has a winning strategy for goal q in any initial
state that satisfies predicate p.

Consider again the game described by the statement
S = [inc]; ({dec} u[inc]) M ({dec} u [inc]) ; {dec} ,

whereinc.x.X’ = (0 < X < X' < 2)anddec.x.x’ = (0 > x > X > =2).
Figure 14.1 shows all possible sequences of moves of this game when the initial
stateis x = 0. Consider the goal x = —2 v x = 2. From Figure 14.1 it is easy
to see that the angel always can win the game with this goal: no matter what the
demon does, the angel can choose his moves so that either the demon has to quit
(symbolized by T) or the game terminatesin afinal statewherex = 2 or x = —2.
Hence, the angel has awinning strategy for thisgoal ininitial state O, so
X=0{SIx=-2vx=2
holds operationally.

On the other hand, one can see that the angel does not have awinning strategy for
thegoal x = —1 v x = 1 from the same initial state 0.

Let us compute the weakest precondition for S to establish the postcondition q =
(X = -2V X = 2). We have that
([inc] ; ({dec} L [inc]) M ({dec} U [inc]) ; {dec}).q
= {definition of meet}
(inc] ; ({dec} U [inc])).q A (({dec} U [inc]) ; {dec})).q
= {definition of sequential composition}
[inc].(({dec} L [inc]).q) A ({dec} L [inc]).({dec}.q)
= {definition of join}
[inc].({dec}.q Vv [inc].q) A ({dec}.({dec}.q) V [inc].({dec}.q))
= {use[inc].q = (x # 0) and {dec}.q = X =0V x = —1)}
[incl(x=0vx=—-1vXx#0) A
({dec}.(x =0v x=-1) V][incl.(x =0V x = -1))
= {simplify}
([inc].T A ({dec}.(x =0V x = —1) v [inc.(x =0V x = —1))
= {definitions of updates}
TAX=0VF)
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= {simplify}
x=0

Thus, the angel has awinning strategy only for x = 0.

Let usthenlook more closely at refinement of contract statements. In the predicate
transformer semantics, therefinement SC S'isvaidifandonlyif (Vqo - S.q.0c =
S.g.0) holds. With the game interpretation, this meansthat for any choice of goal
g and any choice of initial state o, if the angel has a winning strategy in S, then
it must also have awinning strategy in S. Thus, a refinement has to increase the
angel’s possibilities of winning, or at least keep them the same.

The angel’ s possibilities of winning can beincreased in two ways, either by adding
some choicesfor theangel or by removing some choi cesfor thedemon. Figure 14.2
shows a refinement of the previous game, where we have added two new choices
for the angel and removed two choices for the demon (the latter shown as dashed
lines). Note that when we remove the demon’s only choice, then the result is an
empty choice for the demon, i.e., amiracle. As aresult, the angel now also has a
winning strategy for establishing x = —1v x = lininitial state 0, besides also
being able to establish x = —2 v x = 2 as before.

N
B e =
N
N
NS
KN
N
R N

FIGURE 14.2. Refinement of game
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14.4  Summary and Discussion

We have described an operational semantics for statements, based on the notion of
agamethat is played between an angel and ademon. Correctness has been shown
to amount to the angel having a winning strategy for the game. We defined the
game semantics using structured operational semantics. This semantic definition
method was originally introduced in Gordon Plotkin’s lecture notes [120].

A game-theoretic interpretation of logical formulas was proposed by Jaakko Hin-
tikka [83]. Disunction and existential quantification are there resolved as moves
by Player (Jloise or angel) and conjunction and universal quantification as moves
by Opponent (Vbelard or demon). This has been developed further by Yannis
Moschovakis[109] and Peter Aczel [2].

DavidHarel [ 72] introduced theideaof devel oping programsusing AND/OR-trees.
These are quite similar to the games that we have presented here. The notion that
game semantics is a suitable operational interpretation for monotonic predicate
transformers was originally put forward by Back and von Wright [25].

Theideaof viewing theinteraction between asystem and itsenvironment asagame
has also been considered by Martin Abadi, Leslie Lamport and Pierre Wolper [1],
and by Moschovakis[110]. A different, operationally flavored, semanticsusing the
notion of games is given for alanguage similar to ours by Hesselink [82]. There
are also a number of similarities with the process algebras developed by Hoare
[88] and Robin Milner [101], in particular with the notions of internal and external
nondeterminism. Process algebrasdo not, however, consider state-based programs.
The notion of total correctness is also not used there; instead, correctnessis seen
as asimulation relation between automata.

14.5 Exercises

14.1

14.2

Consider the game
{dim} ; [dim] ; {dim} ; [dim]

wheredim = (X ;= X' |1 < X AX — 2 < X' < X) under declaration var X : Nat.
Assumeaninitial statewherex = 6 and goa q = (x = 0). Compute two different
plays for this game, one of which isawin.

Assume that the program variable x ranges over the natural numbers. Draw trees
to illustrate the operational semantics of the following two statements:

@ S: x=1lux=22nx:=1ux:=3) .

b S: x=1lux:=2nx:=3).
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14.3

14.4

14.5

Although S; and S, denote the same predicate transformer (prove this!), the trees
are different. Is it possible to define an equivalence relation on this kind of tree
such that the trees representing two statements Sand S’ are equivalent if and only
if Sand S denote the same predicate transformer?

Consider the game
[x:=X1T]{y:=YIT}

under declaration var x, y : Nat. Assume an arbitrary initial state and goal q =
(X = y). Describe a winning strategy. Compare this problem with proving that
(Vx » dy - X = y) isatheorem.

Consider the game S defined as
X=1lux=2)nxX:=2ux:=3)yNnx:=3ux:=1)

under declaration var X : Nat. Assume an arbitrary initial state op and goal q =

(X # 2).
(8) Show oo { S|} q.
(b) Describe awinning strategy.
Consider the game S defined as
X=1Inx=2)uX:=2nx:=3)u(x:=3nx:=1)
under declaration var X : Nat.

(a) Show that thisgame denotesthe same predi cate transformer asthegame given
in the preceding exercise.

(b) Assume an arbitrary initial state and goal q = (X # 2). Describe awinning
strategy for S.
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15

Choice Semantics

We now introduce athird semantic interpretation of statements, the choice seman-
tics. Statements are here interpreted as functions that map each initial stateto aset
of predicates over the fina state space. This means that we have altogether three
different semantics for statements: an (operational) game semantics, a (backward)
predicate transformer semantics, and a (forward) choice semantics. We show that
these semantics are consistent with each other (we have already seen that thisholds
for the predicate transformer semantics and the game semantics). The predicate
transformer semantics and the choice semantics are equivalent in the sense that
either of them determines the other. The set of predicates that the choice semantics
givesfor aninitial stateisinfact the set of postconditionsthat the statement isguar-
anteed to establish from thisinitial state. Thus both choice semantics and predicate
transformer semantics are abstractions of the game semanticsin the sensethat they
can be determined from the game semantics for a statement. The converse does
not hold, so the game semantics is more detailed than either of the other two. The
choice semantics can be interpreted as describing a simple two-step game, so it is
also directly connected to the view of statements as games.

15.1 Forward and Backward Semantics

The choice semantics describes any contract statement S as a function that maps
initial statesto setsof predicateson final states, with theintuition that if initial state
o ismapped to a set containing predicate g, then our agent can satisfy Sin initial
state o to establish postcondition g. Note that we think of the postcondition as
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Lemma 15.1

Lemma 15.2

being specified before the execution, so it is perfectly acceptable that a statement
S establishes two postconditions g; and g that contradict each other.

First we introduce an auxiliary function that is useful in discussing the choice
semantics. Let S: X +— I be a predicate transformer. This means that Sis a
function with the following type:

S: (I' - Bool) — (X — Bool) .
Now let S be the function of type

S: ¥ — (I' - Bool) — Bool
defined by

So.q L Sq.o .

In other words, Sis amost the same function as S, except for the ordering of the
arguments o and g. Obviously, S.o isaset of predicates, i.e., a set of sets, so the
defining condition can be written equivalently as

geSo = Sqo .
Thus, Sisafunction from initial statesto sets of sets of final states.

We have defined above Sfor an arbitrary predicate transformer S. However, state-
ments always denote monotonic predicate transformers, soit is of interest to know
what property of S corresponds to monotonicity of S.

Let S be a monotonic predicate transformer and o an arbitrary state. Then S.o is
upward closed; i.e.,

peSoApcq = qeSo
holds for all predicates p and q.

Proof The proof is straightforward, by the definition of S. O

The converse of Lemma 15.1 aso holds, in the following sense:

Given an upward closed family of sets of states A, € P(I") for every state o, there
is a unique monotonic predicate transformer Ssuchthat So = A, for all .

Proof We construct S according to the intuition of the normal form provided by
Theorem 13.10. Its operational interpretation isthat given initial state o, the angel
first choosesaset y in A, and the demon then chooses one of the elementsof y as
thefinal state. Hence,weset S={Ao y -y € A, };[Ay §+ 8 € y]. Thefollowing
calculation verifies that thisis the desired statement:
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ge So
= {definition of Sand of S}
({roy-yeA};lryds-deyDd.ao
= {statement definitions}
@AyyeA,A(Vs-8ey=38€Q))
= {subset inclusion is pointwise extension}
@Fy-veArycaq
= {A, was assumed to be upward closed}

qeAs

The proof of uniquenessis straightforward. O

Choice Semantics

We now define the choice semantics ch. S of a contract statement S inductively, so
that ch.Sis afunction that maps every initial state to a set of predicates over the
final state space. The contract statement S (viewed through the game semantics) is
equivalent to the simple game in which the angel chooses apredicateq € ch.S.o,
and the demon then chooses afinal state y € q. If ch.S.o isempty, then the angel
loses, sinceit cannot chooseany predicate. Similarly, if theangel choosesthe empty
predicate false, then it wins, since the demon cannot choose any state in false.

The choice semantics is defined inductively by the following rules, for arbitrary
contract statement S

ch{R}.o = {q|RoNQq#3},

ch[Rl.o = {q|Ro <q},
ch(S; )0 = (UpechS.o-(No’ €p-chS.o’)),
ch.miel+8)o = (Niel-chS.o),
ch.uiel+8)o = Uiel-ch§.0).

The intuition behind the definitions for the updates, meet, and join should be clear.
For sequential composition, the intuition requires some explanation. For each set
p that the angel offers the demon according to S, the demon chooses some state
o’ € p. Thus, the angel can guarantee only what is common to all such states
(hence the intersection over o).
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15.2  Comparing Semantics for Contract Statements

Theorem 15.3

We have now introduced three different semantics for statements: the backward
predicate transformer semantics, the forward choice semantics, and the operational
game semantics. In the previous chapter, we described the relationship between
predicate transformer semantics and game semantics. Here we look at the re-
lationship between choice semantics and predicate transformer semantics. The
relationship between choice semantics and the game semantics follows from this.

For an arbitrary contract statement S, the choice semantics satisfiesch.S = wp.S.
Proof The proof isby induction on the structure of statement S. First consider the
angelic update:
gq € wp.{R}.o
= {définition of S}
wp.{R}.q.0
= {definition of wp for {R}}
RonNqgq#0d
The derivation for the other base case (demonic update) is similar.

Next we consider the three step cases. First we have sequential composition, with
the induction assumption that ch.S; = wp.§ andch.S = wp. S:
wp.(S1; $).9.0
= {definition of sequential composition}
wp.Sp.(wp.$.q).0
= {induction assumption for S}
wp.$.q9) € (ch.S.0)
= {induction assumption for S}
{c'|qech.$.0'} €ech.S.o
_ { =: choose p:= {0’ | g € ch.S.0')
& pCio’|qechS.o’} and upward closure
3pech.S.0+ (Vo' € prqech.$.0'))
= {set theory}
ge(UpechS.o:(No' € p-ch.$.0'))

For meet (the second step case) we have thefollowing derivation, with theinduction
assumption that ch.§ = wp.§ forali € |:

wp.(Mi €l +9).9.0
= {definition of meet}
(Vi el -wp.§.q.0)
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= {induction assumption}
(Viel-gqech§.0)

= {set theory}
ge(Niel-ch§.0)

The derivation for the third step case, (Wi € | + §), issimilar. O

Computing ch.S.o for agiven statement Sand initial state o can be very tedious,
sincetheinductive definition for sequential compositioniscomplicated. Thus The-
orem 15.3 isan important help; it shows that we can compute the choice semantics
directly from the predicate transformer semantics.

Using the definitions of derived statements, we also get the following equations
for assertions, guards, and functional updates (Exercise 15.1):

chiple = {gloepnql,
chplo = {gloe—-puUq},
ch.(f).o {q| f.oeq}.

In particular,

ch.aborto = 0,
ch.magic.o = PI),
ch.skip.o = {qlo €q}.

Relating the Three Semantics

The game semantics gm. S describes Sas afunction from initial states to the set of
plays from that initial state. The predicate transformer semantics wp. S describes
S as a predicate transformer. Finally, the choice semantics ch.S describes Sas a
function from initial statesto sets of sets of final states. These three semantics are
illustrated in Figure 15.1.

L et us define afunction ws such that ws.G.q.o holdsif thereisawinning strategy
for the set of plays G.o to establish g. The result that we proved about weakest
preconditions and winning strategies then states that

wp.S = ws.(gm.S) .

The result that we proved about choice semantics and weakest precondition se-
mantics states that

ch.S = wp.S.
Let us further definews’.G.o.q = ws.G.q.o. Then

ws'.G = ws.G.
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Contract statements

gm

LN

Game semantics

N
N

Predicate transformer <4—»  Choice semantics
semantics

wp
ws

FIGURE 15.1. Semantics of statements

Then it follows from these equalities that

ch.S = ws'.(gm.9) .

Thus, the diagram in Figure 15.1 isreally acommuting diagram. It shows all three
semantic interpretations and the way these interpretations are rel ated to each other.

As the figure shows, the game semantics is the most detailed one, while the two
other semantics are abstractions of the game semantics and derivable from each
other.

15.3 Refinement in the Choice Semantics

The choice semantics introduces two new domains into the refinement calculus
hierarchy: sets of predicates and functions from states to sets of predicates. We
introduce the name Res(I") for the upward closed sets of predicates over I' and the
name Stran(X, T") for the functions that map statesin X to upward closed sets of
predicates over T

Res(I")
Stran(X, I')

{Q:P(PM))| Qupwardclosed} ,
Y — Res(I') .

A
A
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Then Res(T") is a complete lattice when ordered by subset inclusion C. It fol-
lows directly that Stran(X, I') is acomplete lattice when ordered by the pointwise
extension of subset inclusion. Asusual, welet Resy and Strany denote the collec-
tions of all upward-closed sets of predicates and all sets of functions from statesto
(upward-closed) sets of predicates, respectively, for a given collection X of state
spaces. Both Resy and Strany can be seen as categories (see Exercise 15.3).

Using the rel ationshi ps between the different semantics, we can easily characterize
refinement in the choice semantics.

Corollary 15.4  The refinement relation on predicate transformers corresponds to pointwise set
inclusion for choice semantics; for all contract statements S, we have

wp.SCwp.S = (Yo -:ch.So Cch.S.o) .

Proof
wp.SC wp.S
= {definition of refinement}
(Vg o «wp.S.q.0 = wp.S.q.0)
= {definition of S}
(Vg o - wp.S.0.q = wp.S.0.0)
= {pointwise extension}
(Vo »wp.S.o Cwp.S.0)
= {Theorem 15.3}
(Yo » ch.S.o Cch.S.0)

a

Thus, refinement means adding sets of possible final states for the angel to choose
among. In terms of the game-theoretic interpretation, thisimplies that refinement
increases the choices of the angel. By duality, it is obvious that decreasing the
demon'’s choices is aso refinement. Because the set ch.S.o is upward closed,
removing elements from a set of states that the angel can choose implies adding
new sets for the angel to choose among (a smaller set has more supersets).

The extended hierarchy of poset- and lattice-enriched categoriesis illustrated in
Figure 15.2.

15.4 Summary and Discussion

We have showninthischapter how to defineaforward semanticsfor statementsthat
is equivalent to the predicate transformer semantics. It models a two-step game.
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Stran(Z, T) = £ — Res(I) Ptran(z, ')
Res(I') = Pred(I') — Bool Rel(z, )
TranZ, I Pred(T)
r Bool

FIGURE 15.2. Extended refinement calculus hierarchy

The choice semanticsis ageneralization of traditional relational semantics, where
aprogram statement is described by a function that maps every initial state to the
set of all possiblefinal states. Thiskind of semantics has been studied extensively;
for an overview see, e.g., [5]. We will return to it in more detail in Chapter 26. The
choice semanticsis clearly more expressive than functional semanticsor relational
semantics, and thus predicate transformer semantics is also more expressive than
these more traditional semantic frameworks. The essential power that the choice
semantics and predicate semantics bring is that we can model both angelic and
demonic nondeterminism in asingle statement. With relational semantics, we have
to choose whether to interpret relations angelically or demonically, but we cannot

have both interpretations in the same program.

15.5 Exercises

15.1 Derivethe choice semantics for the assert, guard, and functional update:

ch.{plo = {qloepna},
chiple = {gqloe—-puq},
ch.(f)o = {q|foeq}.

15.2 Recall that aset A of setsisupward closed if the following holds:

VAB-AcANACB=BecA.

Show that if A and B are upward closed sets, then A N B isaso upward closed.

15.3 Recall the definitions of Res and Stran:



15.5. Exercises 257

Res(I")
Stran(X, I')

{Q:P(P(M))| Qupwardclosed} ,
¥ — Res(I") .

A
A

(a) Show that Res(T") is acomplete lattice.

(b) Show that both Res and Stran are categories when composition in Res is set
intersection and composition in Stran is defined as follows:

(f;9)0 = Upe fo-(No’'ep-g.c’))
for f : Stran(X, ") and g : Stran(T", A).
15.4 Usetheinductive definition to compute the choice semantics for statement
{dim} ; [dim] ; {dim} ,

wheredim = (X := x| 1 < XA X — 2 < X' < X). Assume a state space Nat (SO
X.0 = o) andinitial state x = 5.

15.5 Derivethe choice semanticsfor if g then S else S fi.
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16

Subclasses of Statements

Not only monotonicity, but also other homomorphism propertiesof predicatetrans-
formersturn out to beimportant in modeling programming constructs. I nthischap-
ter we study homomorphic predicate transformers, i.e., predicate transformers that
preserve some of the predicate lattice structure. We consider the four basic ho-
momorphism properties — bottom, top, meet, and join homomorphism — to see
to what extent the constructs in our statement language preserve these properties.
These homomorphism properties are closely linked to distributivity properties of
Statements.

If acollection of basic statements has a certain homomorphism property and the
statement constructors preserve this property, then we get a subalgebra of state-
mentsgenerated by these constructs, where every statement hasthe homomorphism
property in question. We use this to identify a number of important subclasses of
statements. Programming language semantics has to a large extent concentrated
on studying such subclasses of statements. Partly thisis because the subclasses are
closer to actual implementable programming languages, and partly because their
mathematical models are simpler.

16.1 Homomorphic Predicate Transformers

Weintroduce specific (and by now traditional) namesfor the basic homomorphism
properties of predicate transformers. A predicate transformer Sis said to be strict
(or nonmiraculous) if it preserves bottom, and terminating (or nonaborting) if it
preservestop. Furthermore, Sisconjunctiveif it preserves nonempty meetsof pred-
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icates, and digunctive if it preserves nonempty joins of predicates. Summarizing,
the properties are:

S.false = false , (Sdtrict)
S.true = true , (Sterminating)
S(Niel-g)=MNiel-Sqg), | #£0, (S conjunctive)
SUiel-g)=Uiel-Sq), |#0. (Sdigunctive)

Furthermore, a predicate transformer is universally conjunctive if it preserves ar-
bitrary meets of predicates (i.e., it is both terminating and conjunctive). Dually, it
isuniversally disunctiveif it preserves arbitrary joins of predicates (i.e., it is both
strict and digunctive).

In addition to the above four properties, we will comment on negation homo-
morphism (the property S.(—q) = — S.q), whenever it holds. However, negation
homomorphism is not a very common property, so we will not have much to say
about it.

The four homomorphism properties stated above are independent of each other.
Thus, a predicate transformer can be strict without being conjunctive, it can be
conjunctive without being terminating, etc. However, conjunctivity and disjunctiv-
ity both imply monotonicity, as was shown for lattice homomorphismsin general
(Lemma 2.6).

Homomorphism Properties

The homomorphism properties of basic statements are given in the following
theorems.

Theorem 16.1 Let statetransformer f, state predicate p, and staterelation R be arbitrary. Then

(& {p} is conjunctive and universally disunctive.
(b) [ p] isdigunctive and universally conjunctive.

(c) (f) is universally conjunctive, universally digunctive, and negation homo-
mor phic.

(d) {R} is universally digunctive.
(e) [R] isuniversally conjunctive.
Proof We show the proof for conjunctivity of assert; the other proofs are similar.

| nonempty

F{pL.(Niel-q)
= {definition of assert}
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Theorem 16.2

pN(Niel-q)
= {infinite distributivity, | nonempty}
(Niel-pnag)
= {definition of assert}
(Ni el -{pla)
O

Table 16.1 shows the homomorphism properties of the basic statements. In this
table, as in others, m and U stand for arbitrary nonempty meets and joins. We
see that the functional update ( f) has al possible homomorphism properties as a
predicate transformer: it even preserves negations. The assert { p} is nearly aswell
behaved, but it does not necessarily preserve top or negation. Dually, the guard [ p]
does not in general preserve bottom or negation. The relational updates have even
fewer homomorphism properties.

Since the basic statement constructors (sequential composition, meet, and join)
can have two or more statement arguments, we consider joint preservation of
homomorphism properties. For example, joint strictness preservation of sequential
composition meansthat S ; S is strict whenever S and S are both strict.

The statement constructors have the following properties:

(8) Seguential composition preserves joint strictness and joint termination, joint
conjunctivity and joint disunctivity, and joint negation homomor phism.

(b) Meets preserve joint termination and joint conjunctivity.
(c) Joins preserve joint strictness and joint digunctivity.

Proof We show that sequential composition preserves conjunctivity; the other
proofs are similar.

S conjunctive, S conjunctive
F(S&:S).(Niel-qg)
= {definition of composition}

is 1 T M u -
{p} | yes no vyes yes| no
[p] | no yes yes yes| no
(f) | yes yes yes yes| yes
{R} |yes no no yes| no
[RI| no yes yes no | no

TABLE 16.1. Homomorphic properties of basic predicate transformers
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Theorem 16.3

S.(S.(Niel-q))

= {S conjunctive}
S.(Niel-S%.q)

= {S conjunctive}
(Niel-S5.(S.G))

= {definition of composition}
Niel-(S;%).9)

O

Table 16.2 shows for each statement constructor (composition, meet, and join)
which homomorphism propertiesit preserves. Thus, we have that sequential com-
position is the most well behaved, preserving all homomorphism properties. The
other operations are less well behaved. For instance, meets do not preserve join
homomorphisms or negation homomorphisms, while joins do not preserve meet
homomorphisms or negation homomorphisms. These results generalize directly to
indexed meets and joins.

As adirect consequence of the above theorems, we find that skip has al homo-
morphism properties, abort is conjunctive and universally disunctive, and magic is
digunctive and universally conjunctive. For the other derived statements we have
the following result.

The derived statement constructors preserve homomor phism properties in their
statement arguments as follows:

(8) The deterministic conditional preserves (joint) strictness, termination, con-
junctivity, and digunctivity.

(b) The guarded conditional preserves (joint) strictness, termination, and con-
junctivity.

(c) The block preserves strictness, termination, conjunctivity, and disunctivity.

Proof The proof isleft as an exercise to the reader (Exercise 16.3). O

preserves | L T r u -
; yés yes Yyes yes | yes
m no yes yes no | no
U yeS no no Yyes| no

TABLE 16.2. Homomorphic properties preserved
by statement constructors
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Theorem 16.4

preserves T n u -
(AS, T -ifgthen Selse T fi) yes yes yes Yyes | yes

AS, ..., S ifgr— S ---00n— Sfi) | yes yes yes no | no
(AS- beginvary :=e; Send) yes yes yes yes| no

TABLE 16.3. Homomorphic properties preserved by derived constructors

The homomorphism preservation of derived statements is summarized in Ta
ble 16.3.

Left Distributivity

Sequential composition alwaysdistributesfromtheright over | attice operations(see
Section 12.2) but does not in general distribute from the left over these operations.
To get distributivity from theleft, we need additional homomaorphism assumptions
on the components of the sequential composition, in the same way as we needed
additional assumptions for monotonicity of sequential composition.

Let Sand S be predicate transformers, for i in some nonempty index set | . Then

S:abort = abort if Sisstrict,

S; magic magic if Sisterminating,
S;niel-g) = (Niel-S;9) if Sisconjunctive,
S;uiel-g) = WWiel:S;9) if Sisdigunctive,

S;(—=T) = —=(S;T) if Sis—-homomorphic.

Table 16.4 summarizes these distributivity properties of sequential composition
(they follow directly from the definition of sequential composition).

Homomorphism Properties of Procedure Calls

Recall that aprocedureis a (named) predicate transformer that is referred to using
procedure calls. Since a procedure call itself is a predicate transformer, we can
ask what homomorphism propertiesit has. A procedure call executes the body of
the procedure, with suitable instantiations, so we would expect a procedure cal to
have the same homomorphism properties as the procedure body. In fact, thisisthe
case, both for global and local procedures.

is 1 T mn U -
(AT-S;T) | yes! vyes? yes3 yes? | yes®
Tif Sisstrict Zif Sisterminating Sif Sis conjunctive
4if Sisdisiunctive °if Sis—-homomorphic

TABLE 16.4. Homomorphic properties of composition
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Theorem 16.5 Assumethat procedure N (var X, val y) isdefined as statement S, either globally or

locally. Then any call N(u, e) isstrict (terminating, conjunctive, digunctive) if S
isstrict (terminating, conjunctive, digunctive).

Proof By thedefinition, aprocedurecall N (u, €) isequal to astatement of theform
beginvar ¥y’ := e; N.u.y’ end. The result now follows, since N.u.y is the same
as S, except for achangein variable names, and since deterministically initialized
blocks preserve the four basic homomorphism properties. O

16.2 Subcategories of Statements

Lemma 16.6

Predicate transformers are very general and expressive. By restricting ourselves
to subcollections of predicate transformers that satisfy different homomorphism
properties, we lose some of this expressiveness. On the other hand, there are then
more properties that can be used in reasoning about computations.

When identifying such restricted collections of predicate transformers, we con-
sider the four basic homomorphism properties: strictness (LL-homomorphism), ter-
mination (T -homomorphism), conjunctivity (m-homomorphism) and disjunctivity
(u-homomorphism). Since these four homomorphism properties are independent
of each other, there are 16 different ways of combining them. We consider some
of these, but not all, in more detail below.

Wefirst show that any homomorphism characterizes asubcategory of the predicate
transformers.

Assume that ¢ is an n-ary operation on predicates. Let X be a collection of state
spaces, and let Ptran (2, T') consist of all those predicatetransformersin X +— I'
that are ¢-homomorphic. Then Ptran is a category, and it is a subcategory of
Ptran.

Proof Obvioudly, it is sufficient to show that skip is ¢-homomorphic and that
composition in Ptran preserves ¢-homomorphism for an arbitrary operation ¢. We
have, for an n-ary operation ¢,
skip.(¢.P1. -+ - . Pn)
= {skip isidentity}
¢.P1.-+-.Pn
= {skip isidentity}
¢.(skip.pp). - - - .(skip. pn)

which shows that skip is ¢-homomorphic. Similarly, assuming that Sand S are
¢-homomorphic, we have
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(S;8).(¢-p1---+.Pn)

= {definition of composition}
S.(S.(¢.p1.-+.Pn))

= {S homomorphic}
S.(¢.(S.p1).---.(S.pn))

= {S homomorphic}
¢.(S(S.p1).---.(S.(S.pn))

= {definition of composition}
¢.(((S; S).p1).---.((S; S).pn))

O

A similar argument can beusedif ¢ isan operation on setsof predicatetransformers
(such as meet or join).

In particular, Lemma 16.6 shows that we have subcategories of Ptran when we
restrict ourselves to conjunctive or to disjunctive predicate transformers. Further-
more, the conjunction of two homomorphism propertiesis also a homomorphism
property, so the functional (i.e., conjunctive and disjunctive) predicate transform-
ers are also a subcategory of Ptran. To make it easier to talk about these major
subcategories, we introduce the following names:

e Ctrany isthe category of conjunctive predicate transformers on X.
e Dtrany isthe category of digunctive predicate transformers on X.
e Ftrany isthe category of functional predicate transformers on X.

Since both conjunctivity and disjunctivity imply monotonicity, we find that Ctran
and Dtran are both subcategories of Mtran. Similarly, Ftran is asubcategory of both
Ctran and Dtran (see Figure 16.1).

Lemma 16.6 also shows that we get subcategories of Ptran when we use strict-
ness and termination as restricting properties. We consider these as giving a sec-
ondary classification and use superscripts (L and T) on the namesto indicate these
additional restrictions. Thus, for example,

e Dtrany isthe category of universally disjunctive (disjunctive and strict) pred-
icate transformerson X.

e Ftrany is the category of partial function (strict functional) predicate trans-
formerson X.

Every category C constructed in this way is a subcategory of all categories that
we get by dropping one or more of the properties used to restrict C. For example,
Ctran* T is asubcategory both of Ctran' and of Mtran™.
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e Ptran )
~

Mtran

1
: AN
‘I [F Ftran H— Dtran 3
7

- J

FIGURE 16.1. Main predicate transformer subcategories

The reader should be warned that not all homomorphism properties are visible
fromaname; if S € Ctran, then Sisnot only conjunctive but al so monotonic (since
conjunctivity implies monotonicity).

Some of the subcategories of Ptran that we have identified comein dual pairs. For
example, Ctran' and Dtran’ are dual. Because of the general duality principle,
every property of aclassimmediately implies adua property for the dua class.

16.3 Summary and Discussion

Dijkstra’s original weakest precondition semantics [53] assumed that every predi-
cate transformer determined by a program statement satisfies anumber of “ health-
iness conditions’. In our terminology these conditions are essentially strictness,
conjunctivity, and continuity (continuity istreated in Chapter 22).

The original healthiness restrictions were later weakened one by one, in order to
enlargetherangeof applicationsandto achievea gebrai c simplicity. Continuity was
first dropped by Back [6] with the introduction of the nondeterministic assignment
statement. Strictness was dropped by Morgan [104], Morris [108], and Nelson
[113] with the introduction of miracles (although de Bakker [36] and Eric Hehner
[75] earlier had indirectly introduced nonstrict constructs). Finally, conjunctivity
wasweakened to monotonicity with the angelic abstraction statement of Back [13],
the lattice-based specification language of Back and von Wright [26, 27], and the
conjunction operator of Gardiner and Morgan [59].

Theargument for dropping theserestrictionsisquitesimple. From aproof-theoretic
point of view, thereisno reason to insist on amore restricted classes of statements,
unless properties of these restricted classes are really needed to carry through the
proof. Otherwise, a derivation can as well be carried out in the general predicate
transformer framework, where no restrictions are made on the predicate trans-
formers. If a refinement between two statements can be derived in this general
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framework, it is also valid when the statements belong to some subclasses of
statements. The fact that some intermediate steps in the derivation might not be
executable on areal computer has no consequences for the derivation, since the
intermediate stages were not intended to be implemented anyway.

16.4 Exercises

16.1
16.2
16.3
16.4

16.5

16.6

16.7

Show that the assert { p} is universally digunctive but not terminating.
Show that the demonic update [ R] is universally conjunctive.
Prove Theorem 16.3.

In Dijkstra’'s original formulation of the “healthiness conditions’ for predicate
transformers, finite conjunctivity was required, rather than the (positive) conjunc-
tivity used here. A predicate transformer Sisfinitely conjunctive if

S(pNnQg) = SpnNnSq

for arbitrary predicates p and q. Give an example of apredicate transformer Sthat
isfinitely conjunctive but not positively conjunctive. Hint: A counterexample with
Nat as the underlying state space can be found by considering cofinite predicates,
i.e., predicates p such that — p isfinite.

Show that if Sisfinitely conjunctive then
S(—pUug < —-SpuUSq
for arbitrary predicates p and q. Under what condition(s) does equality hold.

Find a counterexample to show that the guarded conditional does not preserve
digunctivity.

Let R: ¥ < I' beastaterelation.

(a) Show that { R} is conjunctiveif R isadeterministic relation.

(b) Show that [R] isstrict if Risatotal relation, i.e., if dom.R = X.
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17

Correctness and Refinement of
Statements

Previous chapters have introduced monotonic predicate transformers as the basic
model for contract statements. These can be used to describe programs, program
specifications, games, and, of course, contracts and agreements. The predicate
transformer semantics was originally designed for reasoning about the correctness
of program statements. We will show below how to use predicate transformers to
reason about correctness-preserving program refinements.

We define the notion of correctness for predicate transformer statements and show
how to establishthe correctnessof statements. Therel ationship between correctness
and refinement is analyzed. We then show how to derive correct programs from
given specifications, using the stepwi serefinement paradigm. Finally, we show how
the properties of predicate transformers that we have derived in previous chapters
permit us to find and justify individua refinement steps.

17.1 Correctness

Recall the definition of correctnessfor contract statements: Siscorrect with respect
to precondition p and postconditionq, written p{ S|} q,if (Yo |o € p-o { S} Q).
Hence, we have that

p{iSkg = p<Swp.Sq.

This motivates us to define the notion of correctness also directly for predicate
transformers: The predicate transformer Sis correct with respect to precondition
p and postcondition g, denoted by p {| S|} q, if p € S.q holds.
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Theorem 17.1

Theorem 17.2

The traditional method for proving correctness of programs is known as Hoare
logic. Thisisacollection of inference rulesthat permit usto reduce the correctness
of a program statement to the correctness of its components. Dijkstra’s predicate
transformer method providesan alternative approach, which canbeusedinthesame
way to reducethe correctness of any statement to the correctness of its constituents.
We give below therulesfor reasoning about correctness of statementsand illustrate
their use with a simple example.

Correctness Rules

For basic statements, correctnessis reduced to properties of predicates, functions,
and relations.

For an arbitrary relation R and predicates p, r, and q:
@plfrifa=pcrng,
®)pllrlba=pnrca,
©pi(fila=pc fiag,

(d) p{{R}} g =ran.(Ipl; R) Nq +# false ,
@ pi[RIbg=ran.(pl;R) <q.

Proof Theresultsfollow directly from the statement definitions and the definition
of correctness. O

Thelast two correctnessrul esof thistheorem can bewritten equivalently asfollows:

Pl{RIDq
pPUIRIbq

(Yo« p.o = 3y - Roy AQ.y)) ,
Yo« p.o = (Vy - Ro.y = q.y)) .

As special cases, we have

p{abort}g = p="false,
piskiplg = p<q,
p{magicfq = T.

For the compound statements, we have the following rules. These rules alow
us to reduce the correctness of a compound statement to the correctness of its
constituents.

For arbitrary statements § and predicates p, r, and q:

@p{S:Stg=@G-p{Sirar{Sta.
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O p{iel-8)fg=(iel-p{S)a).
©pliel-S)lg= (Vo|po-Fiel-{o}{Sla) .
Proof We show the first result here. We have that
pcSrrcSq
Fp
C {first assumption}

S.r
C {second assumption, S monotonic}
S.(S.9)
= {definition of composition}
(S5 9.9
Hencetheimplication from right to | eft follows by the rule for eliminating existen-

tial quantification. Implication in the other direction follows directly by choosing
r=5.g.0

Note that the correctness rule for angelic choice (join) permits the alternative S
that is chosen to depend on the present state o

From therulesfor update statementswe can derive rulesfor assignment statements
when the precondition and the postcondition are boolean expressions:

pix:=elq = pca[x:=¢,
pllx:=x[bllqg = pc (VX' +b=qlx:=x1]),
pi{x:=xbllq = pS@x'-bAag[x:=X1]) .

Rules for the correctness of derived statements are easily derived from the basic
rules. For the conditional statements, we have

p{ifgthen S else Sfifq = (PNI{StDAPN-gIS} D
for the deterministic conditional and
plifga—> S ... 000> Sfilq =
(pS@ifisn.g)Ailizsn-png{Slta
for the guarded conditional.

Finally, for the block we have the following rule:

p{beginvary|b;Send}q = (Yy:-pnb{S}a ,
provided that y isnot freein p or q. Thejustification for thisrule is as follows:
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p {beginvary|b; Send]} q
= {definition of correctness}
p C (beginvary | b; Send).q
= {block semantics, rewrite p C q astrue C (p = q)}
true C (p= (Vy+-b = Sq))
= {y not freein p, rewrite}
true C (Vy* pAb= SQ)
= {pointwise extension, T = rule}
(Vy-pnNbc Sq)
= {definition of correctness}
(Vy-pnb{Ska

We can use these rules from left to right (top-down) to reduce the correctness of
a larger program statement to a smaller one. This is the method that we use to
determine whether a given program statement is correct with respect to given pre-
and postconditions. The application of therulesin thisdirection isstraightforward,
except for the sequential composition rule, which requires us to invent an inter-
mediate condition. The situation will be similar later on, when we consider how
to establish the correctness of loops. There we aso have to invent an intermediate
condition, known as the loop invariant.

We can also use the rulesfrom right to left (bottom-up), to gradually build up more
and more complex program statements. This could be one way to do explorative
programming.

Thereisanimportant difference between the Hoare-likeaxiomsand inferencerules
for establishing correctness, and the use of the predicate transformer semantics as
originally proposed by Dijkstra for the same purpose (aside from the fact that
Hoare's axiomatization is concerned with partial correctness and Dijkstra’s with
total correctness). The former permits us to prove that a program is correct, if
indeed it is, but does not allow us to say anything about an incorrect program. In
the predicate transformer approach, the correctness assertion p {| S|} q isjust a
formula like any other, so we can try to prove it correct, or we can try to prove
it incorrect, or we can prove other desirable properties of statements. Hence, the
predicate transformer approach is more flexible than Hoare-like axiomatizations.
In addition, the predicate transformer formulation of correctness is done without
introducing any new axiomsor inferencerules, being essentially just an application
of higher-order logic. Hoare logic, on the other hand, requires a completely new
axiom system to be built, with its own notion of terms and formulas and its own
axioms and inference rules, usually built on top of a standard first-order logic.
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Example

The following simple derivation illustrates the way in which these rules are used
to establish correctness of a statement. We show that

true {X:=n;[y=yY |y >x]ly>n.
Here x and y are program variables, and n can be either aconstant, afree variable,
or aprogram variabl e (the derivation looksthe same regardl ess of which alternative
is chosen). We have that
true{x:=n;[y=yY |y >x]ly>n
< {sequential rule, x = n asintermediate predicate}
Ctue{x:=nlx=n")AX=n{ly:=Y 1y >x]}y>n)
= {assignment rule}
“tueCc (n=m"Ax=n{[y=Y [y >x]}y>n)
= {reduction}
TAX=n{ly:=Y 1Y >x]}y>n)
= {T greatest, demonic assignment rule}
x=mc Yy y>x=y>n
= {reduction:(vVxn-x=n= (Vy -y > X =y > n)}
-

17.2 Stepwise Refinement

Let usnext study in more detail how the notion of refinement of statementsis used
in program construction. In particular, we are interested in the stepwise refine-
ment method for program construction. This method emphasizes systematic pro-
gram construction, starting from given program requirementsand working stepwise
towards afinal program that satisfies these requirements.

Thefollowing lemmashowsthat refinement of astatement isthesameaspreserving
correctness of the statement.

Lemma 17.3 Let Sand S be two predicate transformers. Then
SES = (vpa-p{Ska=p{Sha .

Proof

scs
= {definition of refinement}
Vg-“SqcS.q”)
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= {mutual implication}

SgcCS.q

{transitivity of inclusion}
(Vp-p<S Sg=pc S.q
Sqgc S.q

{reflexivity, T = rule}
SgcSqg=Sqc<cSq
{specidization, p := S.q}
(Vp-p<S Sqg=pc S.9
- (Ypg-p<SSqg=pcS.a

= {definition of correctness}

(Vpg-p{Sta=p{Sha

Il e J o

i)

a

Note that the proof uses only the reflexivity and transitivity of the refinement
ordering, so it would hold even if refinement were only a preorder.

Thusrefinement isarelation that preservesthe correctnessof astatement: If SC S,
then S satisfiesany correctness condition that S satisfies. Theresult al so showsthat
refinement is the weakest relation that preserves correctness (the strongest rela-
tion isequality). Thus, refinement exactly characterizesthe property of preserving
correctness of statements.

The stepwise refinement method is based on this observation. We start with an
initial statement S that satisfies some correctness criteriathat we have given; i.e.,
we assumethat p {| S |} g. Then we derive a sequence of successive refinements
SC S C---C S Bytransitivity, wehavethat § C S,, and because refinement
preservescorrectness, wehavethat p {| S, |} q. Wehave constructed anew statement
S, fromthe original statement &, where the new statement al so satisfies our initial
requirement.

Even if our aim is to derive a program statement from a program specification,
we may move within the full predicate transformer category when carrying out
a program derivation. Only the final program that we derive has to fal into a
subclassof predicatetransformersthat are considered executable. Thisisillustrated
in Figure 17.1, where weindicate that Pascal-like programs form a subclass of the
functional statements.

On the other hand, if we restrict our derivation to program statementsin a certain
class, then the monotonicity and homomorphism propertiesthat we have identified
for this class of statements permit us to prove stronger properties, which might be
crucia in the derivation. Monotonicity is a good example of this, asit permits us
to focus on a component of a statement and refine it in isolation from its context.
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Lemma 17.4

4 )

FIGURE 17.1. Program derivation in the
refinement calculus

Correctness as Refinement

Wehave shownthat refinement can bedescribed intermsof correctness. Wecanal so
describe correctness in terms of refinement. Let predicates p and g be given. Then
the statement { p} ; [§] is apre—post specification statement, where§ = (Ao - Q) is
the pointwise extension of the predicate q to arelation. This specification statement
establishes postcondition g whenever precondition p holdsin theinitial state.

An example of a pre—post specification is the statement
{n>0}; [ <n<(x+1?)7]

This statement specifies that the final value of program variable x should be the
integer number square root of n. Note that this specification allows other program
variables to be changed in arbitrary ways. This may not be what we desire, so in
practice we prefer to use assignments in specifications, as described |ater.

The semantics of the pre—post specification is as follows (Exercise 17.4):
(p};[ADro = po AqcCr.

Let p and g be predicates and S a monotonic predicate transformer. Then
piSka = {p};[qICS.

Proof

S monotonic

F{p};[A1ES

= {semantics of pre—post specification}
(Mro-poAQCr = Sr.o)
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= {mutual implication}
e (Mro-poAQCr = Sr.o)
= ({specidizer := q, simplify}
(Yo - p.oc = S.q.0)
e Mo-poAqCr="“Sro”)
< {monotonicity of S, local assumptiong C r}
~Mro-poAQCr = Sq.0)
{quantifier rules}
@r-qCr)= Yo+ po = Sqg.0)
{antecedent is trivialy true}
(Vo - p.oc = S.q.0)
« (Yo - p.o = Sq.0))
= {pointwise extension}
pcSq

Because correctness can be expressed as refinement, we can start the stepwise
refinement from an initial specification statement:

{pr;[@lESCSC---CS.

Fromthisweseethat S, iscorrect with respect totheoriginal pre- and postcondition
pair:

piSha.

A refinement step may introduce a new specification statement as a component,
S C S.a[X := {p'};[q]]. If weimplement the subspecification with a statement
S, so that {p'} ; [q'] = S, then the monotonicity of statements allows us to
conclude that S 1[X := {p'} ; [0']] E S41[X := S]. This top-down derivation
stepthusgivesthat § C S,1[ X := S]. Top-down derivation is an important part
of the stepwise refinement paradigm and motivates our choice of monotonicity as
afundamental property of statements.

We can actually treat any statement as a specification. This enlarges the class of
specifications to abstract statements. An abstract statement need not be imple-
mentable, because it is not intended to be executed. It isjust intended to serve asa
high-level description of the kind of behavior that we are interested in achieving.
Any refinement of the abstract statement isan implementation of it (theimplemen-
tation may or may not be executable). The notion of abstract statements permits
us to treat both implementation of specifications and program transformations as
two special cases of the general notion of refining a statement.
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General Specification Statements

The specification statement { p} ; [§] establishes the postcondition g independently
of what the state is initialy, as long as the state satisfies the precondition p. A
specification statement that permits us to define the final state as a function of the
initial state is of the form {p} ; (f). We refer to this as a functional specification
statement. The functional update ( f ) isusually given as an assignment statement.
An exampleis the specification of the factoria statement:

{x > 0} ; (X := factorial.X) .

This requires that the initial state satisfy the condition x > 0 and that the final
state be such that x is set to the factorial of the original x without changing other
program variables.

An even more powerful way of specifying what final states are acceptableisto use
arelation Q between initial and final states, rather than just a predicate g on the
final state. This gives us a specification of the form {p} ; [Q], which we refer to
as a conjunctive specification statement. This requires that the precondition p be
satisfied and that for any initial state o € p the final state be in the set Q.o . If
this set is empty for some o, then the specification isimpossible to satisfy for that
specificinitial state.

In practice, the precondition is usually a boolean expression, and the relation isa
relational assignment. The specification is then of the form {b;} ; [x := X' | by].
This specification shows that only the program variables x are to be changed; al
other variables are to keep their old values. An example is the specification that
we mentioned in the introduction:

x=0re>0)i[x:=x| —e<x—x%?<¢ .

Thisrequiresthat X > 0 A e > O initially and that x be set to the integer square
root of itsinitial value with tolerance e.

The boolean expression b in a specification {p} ; [x := X’ | b] can be very com-

plex. The specification can often be made more readable by dividing the demonic
assignment into different cases, giving a conditional specification:

(p)iifgy— X=X D] [ -+ [ gh — [x 1= X | byl fi .

Such a specification can aways be reduced to the form with a single demonic
assignment (Exercise 17.5):

{pyiifgr — [x:=X"[b] [ --- [ gn = [x:=X"|bn] fi =
{pA(@V---val X=X [(@Ab) V-V (g Aby] .
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Theorem 17.5

Specification Constants

A specification constant is a free variable introduced to name a certain value (for
example, the initial value of some variable) in a subsequent derivation. In this
section we justify the use of specification constants and show how they make it
possible to work with pre—post specifications {p} ; [§] rather than general con-
junctive specifications { p} ; [ Q] without losing generality. Thiswill be particularly
useful in connection with loops, since thereisa simple rule for refining a pre—post
specification into aloop (Section 21.6).

A specification constant is introduced as a fresh (free) variable in a statement.
Specification constants are not intended to appear in specifications or programs,
they are used as a vehicle for performing program derivations.

The following theorem justifies the use of specification constants.

Let b be a boolean expression with possible free occurrences of xq. The following
rule for handling specification constants is then generally valid:

®+{b};SCS
®F{Ixg-b};SCS
e Xg not freein ®, Sor S.

Proof We want to derive {3xg+ b} ; SE S from (Vxg« {b} ; SE S). We have

O
F (VX0 {b}; SE S)
= {definition of refinement}
(VX0 go+bhoASqo= S.q.0)
= {quantifier rules, xo not freein Sor S’}
(Vgo+ 3%y b.o) A Sq.oc = S.q.0)
= {pointwise extension}
(Vgo + 3%y b).o A Sq.0 = S.q.0)
= {déefinition of refinement}
{(Ixg+b};SC S
O

Theruleis used asfollows. If we want to refine the statement {3 - t} ; S (where
Xp is variable that does not occur freein S), we start a subderivation from {t} ; S.
The assertion can then be used to simplify and refine S. Whenever we reach a
statement S that does not contain xp free, we can close the subderivation and
deduce {Ixg + t} ; ST S. Thus the specification constant does not occur free on
the outermost level in the derivation.
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Theorem 17.6

The simplest and most common use of specification constants is where x, stands
for the initial value of some program variable x. Then the predicatet is x = Xo,
and the assertion {3xg - t} istrivially equal to skip.

Implementing Specifications

Using specification constants, we can derive arule for reducing a refinement to a
correctness condition with program variables.

Assume that statement S is built from assignments to program variables x and
y using statement constructors. The following rule for reducing refinement to
correctnessisvalid:

(PAX=XoAY=Yo){ S} (b[x,X =X, X] Ay =Yo)
{p};[x:=x"[b]C S

where xg and yp are fresh variables.

Proof Theassumptionthat Sisbuilt from assignmentsto x and y makesit possible
to prove (by induction over the structure of S) the following:

piStag =
(Ao + p.oc Ao=o00) | S|} (Ao * .0 A AX' Y 0 =set.x.X .(set.y.y .0p))) .

We then have (where by abbreviates b[x, X" := X, X])

(PAX=XAY=Yo){StboAYy=1Yo
= {property above}
(Ao * p.o Ao =09 AX.0 =Xy AY.0=Yp)
{Sh
(Ao +3IX1 Y1 * bg.o A o = set.X.X;.(set.y.y1.00) A Y.0 = Yo)
= {use state attribute properties to rewrite}
(Ao * p.o Ao =00 A X.0 =X A Y.0=Yo)
St
(Ao + IX1 * bg.o Ao = set.X.X1.(set.y.Yo.00) A Y.0 = Vo)
= {Lemmal7.4}
{Ao s p.o AT =09 A X0 =XoAY.0 =VYo};
[Ao o’ « Ay + bg.0" A 0’ = set.X.X;.(set.Y.Yo.0) A Y.0' = Yol
CS
= {use assertion to rewrite}
{Ao * p.o Ao =09 A X0 =XoAY.0=VYo};
[Ao 0’ « Ax + bp.0" A 0" = set.X.X;.00]
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C S
= {subderivation below, transitivity of C}
{Ao s p.o Ao =09 A X0 =XoAY.0 =VYo};
[Ao o'+ AX + 0’ = set.x.X'.0c Ab.o)]
CS
= {rewrite to assignment notation}

(Ao po AT =0gAX0 =X AY.0=VYo};[X:=X|bCES
and theresult then followsfrom Theorem 17.5. The subderivation referred to above
isasfollows:

{Lo » p.o Ao =09 AX.0 =X AY.0 =VYo};

[Ao o'+ AX + 0" =set.x.X.c ADb.o)]

C

Ao« p.o Ao =09 A X0 =XoAY.0 = VYo};
[Ao o« Ixg + B[X, X" := Xo, X].0" A 0" = set.X.X;.00]
= {usetherule{p};[P] E {p};[Q] = Ipl; Q S P (Exercise 17.8)}
(Vo o' Xy P.oAGC =00 AX.0=XgAY.0 =Yg A
b[X, X" := Xg, X].0' A 0" = set.X.X;.00 =
3x'« o’ =set.x.X.0c Ab.o))
= {one-point rule}
(Vo' X1+ p.og A X.00 = Xg A Y.00 = Yo A
b[X, X" := Xq, X].(set.X.X1.09) =
(3X - set.X.Xy.009 = set.X.X".og A b.og))
= {use x; as existential witness}
T

The details of the last step are |eft as an exercise to the reader. O

This shows that any refinement of the form {p} ; [X := X’ | b] © S can be proved
by proving a corresponding correctness condition. The correctness condition can
then be decomposed using the rules given earlier in this chapter, and in the end,
proving the refinement has been reduced to proving theorems that do not include
any programming constructs.

17.3 Refinement Laws

A refinement law is an inference rule that allows us to deduce that a certain re-
finement SC S isvalid. Since equality is stronger than refinement, any law with
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a conclusion of the form S = S can also be used as a refinement law. We use
refinement laws to establish that the individual refinement steps are correct in a
deivaion§E S CE---C S,

We have already encountered numerous refinement laws. Essentially all the mono-
tonicity and homomorphism properties of statements proved in previous chapters
can be used as refinement laws. The monotonicity and homomorphism properties
that we have established for other entitiesin therefinement cal culushierarchy (state
transformers, state predicates, and state relations) are also very useful in program
derivation, because refinement of statementsis often reduced to ordering or homo-
morphism properties at lower levelsin the hierarchy. Below we look more closely
at some of the basic classes of refinement laws and justify their use in program
derivations.

Monotonicity Laws

The monotonicity properties that we have identified in earlier chapters are central
to the stepwi se refinement paradigm. For example, we can write the monotonicity
law for assert asfollows:

OHpcp
O F{p}E{p})

Thisrule tellsus that if we prove ® = p C p’ (in a subderivation), then we have
established {p} C {p’}, where ® isthe set of current assumptions. In practice, the
predicates p and p’ are usually boolean expressions, so proving p € p’ can be
further reduced to proving implication between two boolean terms. In this way,
refinement between statements is reduced to implication between boolean terms,
two steps down in the refinement calculus hierarchy. Thiskind of reduction in the
hierarchy isvery common. Thisis the reason why we have put so much emphasis
on all domains within the refinement calculus hierarchy.

Similarly, thefact that sequential composition of monotonic predicatetransformers
is monotonic in both arguments gives us the following rule:

dPHSCS @-SCS
*-S;SES;S

A step according to this rule in a program derivation has two subderivations, one
to establish ® - S £ S| and another to establish ® - S E S,. In practice, we
usually leave one of the two substatements unchanged, and thetrivial subderivation
(of theform ST §) isthen omitted.

The general refinement rule for monotonic statement constructsis just areformu-
lation of the monotonicity property:
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dHtCt ® F (AX + S) ismonotonic
dF gx:=t]C gx :=1t']
Heret and t’” may be substatements, but they may also be predicates, relations or

other entities that occur in a monotonic position inside S (with C replaced by a
suitable ordering).

Laws for Refining Specification Statements

Wewill obviously need rulesfor refining different kinds of specifications. We will
here consider one important specia case: refining a conjunctive specification to a
functional update. A more extensive treatment of refining specification statements
is given in Chapter 27.

We have the following coercion rule (Exercise 17.9) for this purpose:
Q- pl;IflcQ
@+ {p};[Q] E (f)

Such arule is well suited for general reasoning about update statements, but as
already noted, in practice we work with the assignment notation. We can formul ate
the above rule for general assignments as follows:

@by Cby[x :=¢]
DF{b};[x:=X|b] CE(X:=¢€)
e X' not freein @ or b;.

(introduce assignment)

To show that thisisin fact a special case of the rule given above, we show corre-
spondence between the hypotheses. Assume that p is the boolean expression by,
fis(x:=e),and Qis(x := x| by). Then
Ipl;1fl<Q
= {definitions of coercions, composition, and relation order}
~Voo"+ 30" 0’ =0 Aponc’=1fo)= Q.o.c")
= {one-point rules}
(Vo + p.o = Q.o.(f.0))
= {assumption about p and f}
(Vo « by.oc = Q.o.(set.X.(e.0).0))
= {assumption about Q}
(Vo + br.o = (A« “ set.x.(e.0).0 =set.X.X.0 " A Do)
= {state algebra property (Exercise 5.1)}
(Vo +br.o = A < e.0c =% Abp.o))
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= {one-point rule}

(Yo + br.o = by[x' :=€].o)
= {pointwise extension}

by € by[x = €]

As an example of applying this rule, consider the refinement
(Xx>0};[x:=x10<x <x] & X:=x-1).
The coercion rule says that this refinement holds if
x>0 € O<x—-1<x).

By reduction, thisfollows fromthefactthat x — 1 < xandx >0=x—-1>0
hold for any natural number x. Hence, the refinement is valid.

Laws for Assignment Statements

We use homomorphism propertiesto lift properties of statetransformers, predicates
and relations to laws for refinement of statements. The properties of assignments
proved in Chapter 5 can, e.g., belifted to properties of assignment statementsusing
the homomorphism of functional update. Thus, Theorem 5.3 givesusthefollowing
rule for merging and splitting assignment statements:

x:=6;x:="1) = (x:=f[x:=¢€) (merge assignments)

(recall that we implicitly assume that var x is satisfied in rules like this). The
corollariesof Theorem 5.3 give usadditional rulesasspecial cases. The merge/split
ruleis asfollows for assignments to distinct variables x and y:

(x:=e);(y=1) = x,y=e f[x:=¢]) .
Furthermore, if y isnot freein e, and x isnot freein f, then

(x:=e),;(y:=1) = (y:=1);(x:=€) . (commute assignments)

Laws for relational assignment statements

The homomorphism properties of relational updates give us similar rules. From
Theorem 9.6 we get the following basic rules:

[Xx:=x"|b];[x:=x"|¢c] = (demonic merge)
[X: =X @X"-b[X :=x"TAc[x:=X"]D],
(X =x"|b};{x:=X"|c} = (angelic merge)

{x:= x| A"+ b[x :=X"]Ac[x:=X"]} .

Special rulesthen follow from the corollaries of Theorem 9.6. First,
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[x:=x|bl;[y:=y|c[X:=x]] = [x,y:=X,Y |bac].
Furthermore, if x and x’ do not occur freein c and y and y’ do not occur freein b,
then

[x:=x"|b];[y:=Ylc] = [y=VY|c];[x:=x"|b . (commute)
Therules for angelic assignments are analogous.

Finally, we have two rules derived from Corollary 9.9. If x’ and y’ are not free in
e, then
[X,y: =X,y |b[x:=¢€]] = (add leading assignment)
(x:=e);[xy:=x.y|b],
and if X’ isnot freeinb and y isnot freein e, then

X, y:=X,yY |bAX =€ = (add trailing assignment)
[y:=y1b]; (x:=¢ely :=y]) .
The following derivation fragment illustrates adding atrailing assignment:

X y=xX.y |y =yAx >x]

C {replace subcomponent in antimonotonic context}
X,y =X,y |y <yax =x+1]

C {add trailing assignment}
[y=yly syl (x=x+1)

Introducing and Eliminating Conditional Statements

The monotonicity rules preserve the structure of the statement involved; an assert
statement is transformed into another assert statement, or a sequential composi-
tion istransformed into another sequential composition. Using various homomor-
phism rules we can also do derivation steps that change or introduce structure.
We have already seen how sequential composition can be introduced by splitting
assignments (and eliminated by merging assignments). Let us consider similar
introduction/elimination rules for conditional statements.

An intuitively obvious rule for a deterministic conditional is the following:

S = ifgthen Selse Sfi . (introduce conditional)

Since the rule is an equality, it can be used for both introducing and eliminating
conditionals. It isformally derived as follows:
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S
= {exhaustion, unit}
[gu—g];S

= {homomorphism}
([gln[=aD;S

= {distributivity}
[g];Sn[-d];S

= {characterization of conditional}
if g then Selse Sfi

The generalization of the introduction rule to the guarded conditional statement is
SC[U---Ugn];ifgr— S --- [ gn — Sfi .

Weleavethe proof of thisrule asan exerciseto thereader (Exercise 17.6). Notethat
the guard statement on the right-hand side is needed, for without it the right-hand
side would be aborting in a state where all the guards are false.

The following rule for eliminating conditionals is useful when we know that a
certain branch of the conditiona is enabled:

gcg = (eliminate conditional)
(gt = Sl ---lgh—SAHES
whenl<i <n.

Introduction and Elimination of Local Variables

A local variable introduction is a refinement of the form beginvarz .= € ; ST
beginvary, z := e, € ; S end, where Sand S are related in some way. We saw
in Chapter 5 that such block introductions work on the state transformer level. We
shall now show how a corresponding basic principle works on the statement level.

Loca variable introduction for statements works in the same way as for state
transformers. The general principle can beformulated asfollows: if Sisastatement
built by statement constructors from assignment statements, asserts, and guards
only; and y does not appear freein q or S, then

beginvarz| q; Send C (introduce local variable)
beginvary,z| pAQ; Send,

where S issimilar to S, possibly with assignmentsto y added.

An important special case is the situation where the initial statement has no local
variables. Then the rule reduces to block introduction:
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S C beginvary|p;Send. (introduce block)

The following derivation outlines how the principle works in the case of block
introduction when Sisasimple demonic assignment, where y does not occur free
inb:
[x :=x"|b]
C {properties of begin and end}
beginvar y | p; skip end; [X := X" | b]
= {{end) = [y := Yy’ | T] ; (end) by state attribute properties}
beginvary | p;[y:=Y | T]end;[Xx := x| b]
= {{end) ; [Xx := X' | b] =[x := X' | b] ; (end) by state attribute properties}
beginvary | p;[y:=VY | T];[x:= x| b] end
= {{end) = [y := Yy’ | T] ; (end) by state attribute properties}
beginvary | p;[y:=VY |T];[x:=x|b];[y:=Y | T] end

Now the assignments to y can be made more deterministic and/or merged with

other assignment statements. In this case, we can arrive at the following:
[X:=x"|b] E beginvary|p;[x,y: =X,y |Db]end.

For a more complex statement S, the same idea is used, pushing the end of the

block past all substatements and adding assignments to y. The added variable y

is aghost variable; it appears only in assignments to itself. However, once it has

been introduced, further refinement steps can make it play an active role in the
computation.

Therulefor local variableintroduction hasrefinement rather than equality, because
the initialization and the added assignment to the local variables may introduce
miracles. Thusit cannot directly be used for block elimination. However, if all the
assignmentsto alocal (ghost) variableare nonmiraculous, thenit can be eliminated.
Thus, if Sisastatement built by statement constructorsfrom assignment statements,
asserts, and guards only; and y occurs in S only as a ghost variable, and the
initialization p and all assignmentsto y are nonmiraculous; and y does not occur
freein g, and z does not occur freein p, then

beginvary,z| pAQ; Send = (eliminate local variable)
beginvarz|q; S end ,

where S issimilar to S, but with all assignmentsto y removed.
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Block Shunting

An aternative to the rules for block introduction and elimination is the following
shunting rule for blocks:

Theorem 17.7 Assume that the block begin var y := e; Send is well-defined, with global vari-
able(s) x, and that S is constructed by statement constructors from assignment
statements, asserts, and guards only. Then

{pry=¢}ilx,y:=X.y b CS=
{p};[x:=xX"|b] Cbeginvary :=e; Send ,
provided that y and y’ are not freein p or b.

Proof For the forward implication we do not need the assumption about S. An
outline of the proof is as follows:
{pry=¢}i[x,y:=x,y|bJES
= {monotonicity of the block construct}
beginvary :==e;{pAy==¢};[x,y: =X,y |blend C
beginvary :=e; Send
= {drop redundant assertion}
beginvary :=e;{p};[X,y:= X,y | b] end C beginvary :=e; Send
= {push (end) leftward, use properties of state attributes}
(begin) ; {end) ; {p} ; [Xx := x| b] C beginvar y ;= e; Send
= {homomorphism, begin ; end = id}
{p};[Xx:=X"|b] C beginvary :=e; Send
The reverse implication in the first step istricky to prove, since it depends on the
fact that the only state changes caused by statement S are changesin the attributes
x and y (this can be proved by induction on the structure of statement S). The full

proof islong and not very informative, so we omit it. For an indication of the idea
used, we refer to the proof of Theorem 17.6. O

17.4 Refinement in Context

The refinement relation that we have defined for program statements is very re-
strictive; it requiresthat arefinement should preservethe correctness of the original
statement with respect to any correctness requirements that could be stated for the
original statement. This means that a substatement refinement preserves correct-
nessin any monotonic context. In practice thisis often too strong, because we are
usually interested in refining a subcomponent in a specific context and do not care
whether this refinement preserves correctness in other contexts al so.
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The genera problem of refinement in context can be described as follows. Let
C[X := §] be a statement with a specific occurrence of substatement S singled
out. Let us write C[X := §] as C[S] and refer to C as the context of S. Since
the statement constructors are monotonic, we can always replace S by another
statement S, where ST S, and get C[S] C C[S].

However, it may be possible to replace Swith astatement S’ that does not refine S
in isolation, but where C[S] = C[S] still holds. This can be done systematically
in the following way: First find a statement § such that C[S] = C[S]. Then find
arefinement S of §. Therefinement C[S] C C[S] then follows by monotonicity
and trangitivity. The less refined we can make & without changing the overall
effect of C[S], the more freedom it gives usin the subsequent refinement.

Consider the simple refinement
X:=0;y:=x4+1C x:=0;y:=1.

This holds even though y := 1 is not a refinement of y := x + 1. To prove
this refinement, we use the fact that x must have the value 0 right after the first
assignment. Therefore (and thisis easily verified using statement definitions)

X=0;y:=x4+1 = x:=0;{x=0};y:=x+1.
Intuitively, this holds because the added assert statement will necessarily act as a
skip. Next we note that

{x=0};yi=x+1 C y:=1.

Transitivity then givesustherequired result. The assert statement {x = 0} isknown
as a context assertion, and the refinement {x = 0} ;y:=x+1 C y:=1lisa
refinement in context. Intuitively, thissaysthat y := x + 1lisrefined by y := 1
when x = Oinitially.

We collect information about the context of statement Sin acontext assertion { p},
and then refine {p} ; S. A derivation that takes the context into account thus has
the following structure;

C[s
= {introduce context assertion}

Cl{p}; 9
C {prove{p} ; SE S, monotonicity}
C[s]

Adding Context Information

To make the above method work, we need rules that add context assertions to a
statement. The most general ruleisthe following: If Sisconjunctive, then
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(pNStrue) {Shg = {p};S={p};S;{a} . (add assertion)
which is proved as follows:
(pnN Strue) { S|} q, Sconjunctive
Fdpt:Si{ahr
= {definitions}
pNS(@nNr)
= {Sconjunctive}
pNnSgnNSr
= {correctness assumption implies p N Srr C S.q, lattice property}
pNSr
= {dé€finitions}
(p};S.r

If we are faced with astatement Sthat has no initial assertion, then we can always
add the trivial assertion {true} (i.e., skip).

Animportant special caseiswhere Sisadeterministic assignment. In thiscasewe
get therule

{p}i(x:=€ = {p};(x:=6€);{Ixo* X =€[X :=Xg]} .

We can also use guard statements [ p] to indicate assumptions about the context
of a subcomponent to be refined. The use of such context assumptions is dual to
the use of context assertions. We will study the rules for adding context assertions
and assumptionsin much more detail in Chapter 28 and will also study refinement
in context for different kinds of statements. Here we have limited ourselves to
introducing the basic ideas involved in this refinement technique.

Context Assertions in Conditionals and Blocks

A branch in a conditional statement is chosen depending on the truth of a guard.
This means that we can use the information that the guard is true when refining a
branch. In particular, we can push assertions into conditionals as follows:

{p};ifgthen S else S fi =
ifgthen {pNg}; Selse {pN—g};Sfi
and
{p}iifgr — S ---0gh— Sfi =
ifgr > {PN};S[ - [ = {PNG}; S
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When ablock construct initializes alocal variable, theinitialization can be used as
context information when refining the block further. If Siswritten using program
variable notation (with global variables x) and the block adds local variables, then
we can generalize the local variable introduction in a simple way:

beginvarz| b’ ;{p}; Send T beginvary,z|bAb';{pAb};Send,

provided that y does not appear in b’ or S. Here S is similar to S, possibly with
assignmentsto y added. The special case in which there are no local variables to
start with reduces to the following:

{p};S C beginvary|b;{pAb};Send.

We |eave the verification of thisrule to the reader as an exercise (Exercise 17.12).

Using Context Information

Context information is propagated in order to be used in later refinement steps.
The most common use of context information isin rewriting an expression inside
an assignment statement or a guard of a conditional. We shall here give rules for
this use of context information; more details and proofs are found in Chapter 28.

Context information right in front of an assignment statement can be used for
rewriting as follows:

P-bcC (e=¢€)
d{b};x:=e=1{b};x:=¢

For relational assignments, we have that

d-(pAC)CDH
O {p};[x:=x|b C{p};[x:=x"|c] ’

- (pAbyCc
OF{p};{x:=x"|b}E{p};{x:=x]|c}

Context information in front of a conditional can be used to modify the guards:

PEbC (L= A ---AGh=0))

@ {b};ifgr— Sl - Do — Sfi={b};ifgy — S0 - 09y~ Sfi

Example Derivation

We illustrate these rules by developing a program fragment that computes the
minimum of two numbers. We do not assume amin operator; instead we start from
arelational assignment.
[2:=Z|(Z =xAXZYV(EZ=yAX=>Y)]
= {introduce conditional }
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fX<y—> X<y} [z=Z]|"Z=xAX<yYVEZ=yAx>Y)"]
Ix>y—>{x=y};[2:=Z | @ =xAX=y)VEZ=yrx=Y)]
fi

= {rewrite using context information x < y}
iftX<y—{x<y};[zi=7|7Z =X]
Ix>y—={x>y};[z:=Z|" @ =xAx<yVEZ =yAx=>y)"]
fi

= {rewrite using context information x > y}
fX<y—{x<yl;[z:=7|7Z=X]
Ix>2y—{x>y}[z:=2Z=y]
fi

= {rewrite deterministic updates, drop assertions}
fX<y—>z:=X[|x>y— z:=yfi

17.5 Refinement with Procedures

Recall the definition of a (local) procedure:

proc N(var X, val y) = Sin (local procedure)
---N(u,e)---

A

let N=(QAXYy+9Sin
---beginvary :=e;N.u.y end---

From the definition of thelet construct we have

proc N(var X, val y) = Sin
---N(u,e) ---

---beginvary :=e;Sx:=u]end---

Thisshowsthat if we provearefinement ST S, then we have shown how torefine
the whole statement construct including the local procedure declaration, provided
that the context indicated by the dots - - - ismonotonic. Thisjustifies the following
rule of procedure refinement:

SCS
proc N(var X,valy) = SinT C proc N(varX,valy) = S'in T

In practice, we assume that T is built from basic statements and procedure calls
N (u, ) using monotonic constructors only, so the rule can be applied.
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Thus we can identify and introduce a procedure in an early stage of a derivation
and then refine the procedure body at alater stage. This makes the derivation more
structured and simpler, especialy if the program contains many different calls to
the same procedure.

The following simple example illustrates the idea of procedure refinement:

c.[b:=b|0<b <a+c]---
= {procedure introduction}
proc Between(var y,val X,2) = {X < z};[y:=Y | x <Yy <Zin
... Between(b,0,a-+c) - --
C {make procedure body deterministic}
proc Between(var y, val X, z) = (Y := (X + 2)/2) in
--. Between(b,0,a+c) ---

17.6 Example: Data Refinement

During aprogram derivation we are often in asituation where we have ablock with
an abstract (inefficient or unimplementable) local data structure a, and we want
to replace it with another, more concrete (efficient, implementable) data structure.
Such a data refinement can be justified using the rules of block introduction and
block elimination. The general ideaworksin three steps:

beginvar a; S end
C {introduce ghost variable c}
beginvara, c; $ end
C {refine the block body so that a becomes a ghost variable}
begin var a, Cc; S3 end
= {eliminate ghost variable a}
begin var ¢ ; § end

In thefirst step S is syntactically like S;, but with assignments to ¢ added (recall
that c isaghost variableif it appears only in assignmentsto c). The added assign-
ments are chosen such that a certain relationship between ¢ and a (the abstraction
invariant) always holds. This relationship is then used to refine S into Ss, where
¢ has taken over the role that a played before and a has become a ghost variable.
Finally, in the block elimination S, is syntactically like S but with all assignments
to a removed.
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Problem Description: The Least Nonoccurrence

We illustrate the idea of data refinement with an example, devel oping a program
that finds the smallest natural number not occurring in a given array.

We assume that the array B : array Nat of Nat is given and that we want to find
the smallest number not occurring in B[O. .. n — 1]. Furthermore, we assume that
al elementsin B[0...n — 1] arewithintherange0... m — 1. In other words, we
assume

Vili <n<B[i]<m).

To make specificationseasier to read, weintroduce notation for when avalue occurs
asan element in an array segment:

elemzalj...k] £ @i|j<i<k-ai]l=2.
For simplicity, we abbreviate elem.z.B[0...n — 1] aselem.z.B.
Our specification is then

[x:=x| —elemXx.BA (Vy-—elemy.B=x <vy)] .

First Refinement: A Block Introduction

Our aim is now to develop a program that is reasonably efficient when n islarge
and missmall. Our ideaisfirst to collect information about what numbers occur in
B[O...n—1] and then find the smallest number that isnot among these. To collect
this information we add a local variable A : Set of Nat (in variable declarations,
we use the notation Set of X for P(X)).

[x :=x'|—elemX.BA (Vy-—elemy.B= X <y)]
C {introduce block with initial assignment}
begin var A : Set of Nat ;
[A:=A|(Vy-ye A =elem.y.B)];{Vy:-y e A=elem.y.B};
[X:=X|“—elemX .BA(Vy+:—elemy.B= x <y)”]
end
C {use assertion to rewrite}
begin var A : Set of Nat ;
[A:=A|(Vy-ye A =elemy.B)];
X=X |X¢gANVY-ygA=X <Y)]
end

Now the problem is divided into two steps: first build the set A and then find the
smallest number not in A.
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Second Refinement: Change Data Structure

We shall now replace the data structure A (a set) with a more concrete structure.
Since we have assumed that the bound m of the numbersin A isreasonably small,
we canimplement aset asan array C : array Nat of Bool so that C[x] istrueif and
only if x isinthe set A.

We do this data refinement in the way described above. When adding the local
variable C, we make sure that the abstraction invariant

(Vy-ye A=y <mAaCl[y)

holdsat every point of the block. After that, we make small changesto the program
text with the aim of making A aghost variable.

begin var A : Set of Nat;
[A:=A|(Vy-ye A =elemy.B)];
X=X [XgAANNY - ygA=X <y)]
end
C {introduce local variable with abstraction invariant}
begin var A : Set of Nat, C : array Nat of Bool ;
[A,C:=A,C'|(Vy-ye A =elemy.B) A
“(Vy-ye A=y<mAaCTyD"];
{Vy-ye A=y <mAC[y]};
X=X |XgANVY-yEA=X <Y)]
end
= {rewrite with local assumption (Vy -y € A’ = elem.y.B)}
begin var A : Set of Nat, C : array Nat of Bool ;
[A,C:=A,C'|(Vy-ye A =elem.y.B) A
(Vy-elemy.B=y <mAC'[yD];
{Vy.ye A=y <mAaC[yl};
X =xX"["XgAANNYy yZdA=X <y)"]
end
= {rewrite using context information}
begin var A : Set of Nat, C : array Nat of Bool ;
“IA,C:=A,C'|(Vy-ye A =elem.y.B) A
(Vy-elemy.B=y <mAC[yD]";
[x:=x|(X'=mv=C[XDANy-y=>=mv-Cly] = x' <y
end
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C {split assignment}
begin var A : Set of Nat, C : array Nat of Bool ;
[A:=A|(Vy-ye A =elemy.B)];
[C:=C'|(Vy-elemy.B=y <mAC[yD];
X=X |(X'=2mv-=CXDANy-y>=mv-Cly]l = x" <vy)]
end
C {eiminate local ghost variable A}
begin var C : array Nat of Bool;
[C:=C'|(Vy-elemy.B=y <mAC[y]D];
X=X |(X'=mv-C[X])A(¥y-y>mv-C[y] = X <vY)]
end

Now we have reached aversion in which the array C is used to represent the set of
numbersthat occur inthe array B. Thisversion can beimplemented in an efficient
way using rules for introducing loops (Chapter 21, Exercise 21.9).

17.7 Summary and Conclusions

We have analyzed the way in which correctness and refinement are related to each
other and used this as a basic justification for the stepwise refinement method
for program construction. We have aso given some practical refinement laws for
program derivation. These are proved by using the basic properties of program
statements, such as monotonicity and homomorphism properties, together with the
basic properties of assignments and assignment statements given in the previous
chapter. We will later study other important kinds of refinement laws, concerned
with recursion, iteration, specification, and context refinement. Here we wanted
only to give afirst impression of the kinds of rules that can be proved formally in
refinement calculus.

There are many more such refinement rules, most of which can be derived quite
easily. Rather than trying to present along list of more or lessad hoc rulesfor prac-
tical program derivation, we wanted to emphasize the central algebraic structures
that underliethe refinement calculus, and havetried to identify the basic definitions
and propertiesthat one needs when reasoning in the calculus. The hopeisthat with
this basis it will be simple to prove less common refinement rules on the spot, as
they are needed, and only memorize the most important ones.

Early work on correctness and verification of programs was done by Floyd [56].
Hoaregaverulesfor partial correctness of deterministic programswith whileloops
[84]. Correctness proofs of programs (both partial and total correctness), in par-
ticular for loops, has been treated extensively by, e.g., Dijkstra [53], Gries [64],
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John Reynolds [121], and Hehner [75]. An overview of earlier work is given by
Krysztof Apt [4].

Thenotion of refinement asatotal correctness-preserving rel ation between program
statementsand itsformulationin termsof predicatetransformerswasintroduced by
Back [6, 7]. Back [9] generalized the notion of refinement to preserving arbitrary
correctness properties and showed how thisnotion isrelated to the denotational se-
mantic view of approximation of statements, and to the Smyth ordering [119, 130].
He aso introduced a notion of refinement that preserves partial correctness and
showed that the refinement relation that preserves both partial and total correct-
ness is equivalent to the Egli-Milner ordering [35, 118, 123] of (demonically)
nondeterministic program statements.

Specification statements as away of expressing input—output propertiesdirectly in
a programming language were introduced by Back [6], replacing correctness rea-
soning with acalculus of refinement. Morgan [ 104] used the pre-post specification
(with syntax x : [p, q]) together with rules for introducing structures rather than
correctness rules.

Specification constants have been a standard method of making postconditions
refer to initial values of program variables. Morgan developed a block with a
“logical constant” (essentially an angelically initialized local variable) to make
specification constants part of the programming notation [106].

Stepwise refinement, essentially in the form of top-down program refinement, was
originally introduced asasystematic programming technique by Dijkstrainthelate
'60s and early ' 70s [51]. Wirth was also an early proponent of the technique, and
published an influential paper on the practical application of the stepwise refine-
ment method to program derivation [141]. Hoare's axiomatic correctness calculus
was also inspired by the stepwise and top-down method for program construction,
and heillustrated aformal approach to top-down program construction in an early
paper [86]. The formalization of this method based on Dijkstra’s weakest precon-
dition calculus was the original motivation for developing the refinement cal culus
[6, 7]. Since then, the refinement cal culus has become much broader in scope and
aim, but the stepwise refinement method is still one of the main motivations for
studying and applying this calculus.

The top-down program derivation method has continued to be one of the main
programming methods taught in programming courses. The basic idea is one of
separation of concerns, articulated by Dijkstrain his early work: one should try
to separate the issues and design decisions to be made, and attack one problem
at atime. The simple top-down derivation method has also some disadvantages.
It tends to lead to large, monoalithic, single-purpose programs that are difficult to
reuse.

The advantage of the refinement calculus for top-down program construction is
the possibility of using specification statements and the possibility of combining
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pure top-down derivations with optimizing program transformations, which do not
fit into the standard top-down design method. Such transformations are usually
needed, because the top-down method tends to produce independent refinement of
specification and duplication of code, which can often be removed by identifying
common substructures.

17.8 Exercises

17.1 Provethefollowing rulesfor total correctness:

p{{RI}g = ran.(Ipl; RyNq # false ,
p{[RI}g = ran.(Ip|;R) S q .
17.2 Prove the correctness rules for the deterministic conditional and for the block
construct.

17.3 Usetherulesfor relational assignments to prove the following correctness asser-
tions:

@x=y{x:=x[X>x}x>Yy.
P x<y{{x=x[|X>x}}x>y.
17.4  Show that the semantics of the pre—post specification is as follows:

(p};[fD.go = po AT CQ.

17.5 Show that a conditional specification can be reduced to the form with a single
demonic assignment, as follows:

(pliifgr —> [Xi=X|b] g — [x:=X|b]fi =
{PA@V )} [X=X1(@Ab)V(GAb)] .
17.6  Provetherulefor introduction of a guarded conditional:
S C [qU---Ugn];ifg— S[ --- [ gn — Sfi .
17.7 Provethe genera rule for introduction of adeterministic conditional:
{p};S = ifgthen{pNg}; Selse {pN—g}; Sfi .
17.8 Prove thefollowing rule for refining a specification with another specification:
{p};[PIC {p};[Ql = Ipl; QS P.
17.9 Provetherulefor introduction of afunctiona update:

QH|pl;[flcQ
o {p};[Q] E (f)
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17.10

17.11

17.12

17.13

17.14

17.15

17.16

Use rules for introducing conditionals and assignments to refine the following
specification:
Z := 100 min (X max Y)

(“set z to the greater of x and y but no greater than 100”). The resulting state-
ment should not use the min and max operators. Hint: either you can modify the
assignment introduction rule or you can rewrite the specification as a relational
assignment.

Usetherulefor adding aleading assignment to derive the following version of the
minimum cal cul ation:

Z:=X;
ify < zthen z := y else skip fi .

Verify the principle of block introduction with context information:
varX - {p};S C beginvary|b;{pAb};Send,

where S issimilar to S, provided that y does not appear in S.

Recall that statement Sisfinitely conjunctiveif S.(pNqg) = S.pnN S.q for arbitrary
predicates p and g. Define Corr(p, q) (the correctness category for precondition
p : P(X) and postcondition g : P(T")) to be the set of al finitely conjunctive
statements S satisfying p { S|} g. Show that for any given collection of underlying
state spaces, the collection of all Corr(p, q) isacategory.

Prove the following property of the correctness category:

Corr(p,q) NCorr(p’,q) < Corr(pup,qud) .
Hint: Show that if Sisfinitely conjunctive, then

(P{St AP {ISka) = pnp {Skang .
Show that if p C S.true, then there is aleast (strongest) predicate g that satisfies
p{Sha.
We define weak correctness as follows:. statement Sisweakly correct with respect
to precondition p and postcondition g, written p ( S) q, if the following holds:
pNStue € Sq.

Nowlet S= (X :=0) U (x := 1) and T = {x = 1}, with predicates p = true,
g=X=0),andr = (x =0). Firstshow that S; T = (x := 1). Then prove that
p(Shgandq(T)Dr,butnotp(S;T)r.
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18

Well-founded Sets and Ordinals

Sofar, wehavelooked at | atticesasaspecial kind of posets. Inthischapter, wefocus
on another important special kind of posets. well-founded sets and well-ordered
sets. Well-founded sets are partially ordered sets with the additional property that
it is possible to use induction to prove that all elements have a given property.
Well-ordered sets are simply well-founded sets on which the order istotal.

The construction of the natural numbers in higher-order logic provides us with a
standard example of awell-ordered set. A more general example of well-ordered
setsisgiven by ordinals. The ordinals can be seen asageneralization of the natural
numbers. They are useful in arguments in which the set of natural numbers is
“too small” to be sufficient. We show how to define primitive recursion on natural
numbers and how to extend this notion to ordinal recursion. These notionsin turn
justify the principle of induction for the natural numbers and ordinal induction
(also known astransfinite induction). Thesewill befound very useful, in particular
in reasoning about recursion and iteration.

The sections on ordinals contain a considerable amount of material, and to avoid
making the chapter too long, many proofs are only sketched or are omitted alto-
gether.

18.1 Well-Founded Sets and Well-Orders

An element a isminimal in aset A if thereis no smaller element in the st, i.e,,
if (Vb e A-bZ a). A partialy ordered set (W, C) is said to be well-founded if
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every nonempty subset of W hasaminimal element, i.e., if
VACW:A#£0= (Jac A-Ybe A-biZa)) .
For example, any finite poset is well-founded (strictly speaking, arelation can be
well-founded without being a partial order; here we consider only well-founded
partial orders). It is also easy to see that Nat (the natural numbers ordered by <)
is well-founded. A further example is Nat x Nat with the lexicographical order
(see Exercise 18.1). The natural numbers ordered by > are a simple example of a
partially ordered set that is not well-founded.
Animportant property of well-founded setsisthat any strictly descending sequence
must be finite.
Lemma 18.1 Assumethat the set (W, C) iswell-founded and that

wo 1wy Jwy J---

isa strictly descending chain in W. Then the chain must be finite.

Proof If the chainisnot finite, then the set {wy, | n € Nat} does not haveaminimal
element. O

Well-Founded Induction

In any well-founded set W, the principle of well-founded induction is valid. This
principle states that in order to prove that aproperty p holdsfor all elementsin W,
it is sufficient to prove that p holds for arbitrary w, assuming that p holds for all
v € W such that v C w. Thus, if W iswell-founded, then

VweW-MeW-vCw= pv)= pw) = VYweW:- puw)

for arbitrary p (infact, the implication can be strengthened to equivalence). In this
rule, Vv € W+ v C w = p.v) iscaled the induction assumption. The principle
of well-founded induction is derived from the definition of well-foundedness as
follows:
(W, E) iswell-founded
= {definition}
VACW-A#0= (Jac A-Vbe A-bZ a))
= {specidize A := {x € W | = p.x}}
FaeW:—-pa =
JaeW-:—-pan(VvbeW-:“=pb=bra"))
= {contrapositive on subterm}
JaeW:—pa =
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FJaeW-—-pan(beW-bCa= p.b)
= {contrapositive}

(VvaeW-“pav-(YvbeW-bCa= pb)”")= (VaeW- pa)
= {rewrite asimplication}

MVaeW-(VbeW-bCa= pb)= pa = (VaeW- pa)

In the special case of the natural numbers, the principle of well-founded induction
is called complete induction. In fact, this principle can be shown to be equivalent
to the ordinary principle of induction on Nat (see Exercise 18.2).

Well-Ordered sets

Recall that a partial order islinear if for arbitrary aand b, eithera T borb C a
holds. A partial order that is both linear and well-founded is called a well-order.
Well-orders are central to the foundations of mathematics because of the well-
ordering principle, which states that every set can be well-ordered. This principle
can be shown to be equivalent to the axiom of choice, which states that for an
arbitrary collection .4 of nonempty setsthereexistsachoicefunction f that satisfies
f.A € Aforal A e A. Because higher-order logic contains a choice operator,
the axiom of choice can be proved as a theorem (see Chapter 7). We return to the
well-ordering principlein Section 18.4 below.

The natural numbersis an example of awell-ordered set. Any subset of the natural
numbersis also well-ordered. Ordinals, introduced in Section 18.4 below, are also
well-ordered.

18.2 Constructing the Natural Numbers

In Section 10.2, we described how the natural numbers can be defined as a new
typethat isisomorphic to asubset of thetypeind of individuals. We shall now show
adifferent construction that makes Nat isomorphic to asubset of P (ind). Thistype
definition acts as an introduction to the definition of ordinalsin Section 18.4.

We let every natural number be represented by a subset of Ind. Intuitively speak-
ing, the size of the set shows which natural number is represented, and we get
successively larger sets by adding one element at atime (always using the choice
operator to select anew element of Ind).

To facilitate this construction, we first define the following constants:

@,
BU{ey:Ind-y ¢ B} .

rep_zero

1> 1>

rep_suc.B
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3 _______
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1

0 —— — — — —

Nat

FIGURE 18.1. Constructing the type of natural numbers
We intend rep_zero (the empty set of individuals) to represent zero and rep_suc to
represent the successor function.
We can now describe the set that represents the naturals:
Natset =
N{B:P(P(nd)) | repzero € BA (VYB+ B € B = rep_suc.B € B)}
ThismakesNatset the smallest set that containsrep_zero and isclosed under rep_suc
(Exercise 18.3). We use here the convention that lower-case letters stand for el-
ements, upper-case letters for sets, and script letters for collections of sets. The
construction of the natural numberstypeisillustrated in Figure 18.1.
We can now prove the following characterization lemma, which shows that Natset
isasuitable set to represent the natural numbers:
Lemma 18.2 The set Natset has the following property:

B € Natset = B =rep_zero Vv (3C € Natset* B = rep_suc.C) .

Defining the Type of Natural Numbers

We now have al the pieces needed for the type definition. The set Natset is
nonempty, since it contains rep_zero, so we introduce the name Nat for the new
type represented by Natset:

~

Nat = Natset .

As described in Chapter 10, this means that the abstraction and representation
functions abs : P(Ind) — Nat and rep : Nat — P(Ind) satisfy the following
properties:
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(Vn -+ abs.(rep.n) =n) ,
(VB - B € Natset = rep.(abs.B) = B) .

Zero and the successor function now have obvious definitions; they arethe abstrac-
tions of rep_zero and rep_suc defined earlier:

0
suc.n

abs.rep_zero ,

> 1>

abs.(rep_suc.(rep.n)) .

Having defined 0 and suc, we really do not want to refer to the functions abs and
rep any more when reasoning about the natural numbers. Thisis made possible by
asingle theorem that characterizes the natural numbers completely, and which we
will describe next.

18.3 Primitive Recursion

Theorem 18.3

In generadl, it is desirable to be able to characterize a data type in a single char-
acterization theorem. For Nat this is indeed possible; the theorem in question is
known as the primitive recursion theorem:

For arbitrary type =, the following holds:

Vg1:Z Vg : X —> Nat— X3 f:Nat > X -
f.0=g1 A (Vn- f.(suc.n) = go.(f.n).N)) .

A detailed proof of Theorem 18.3 is beyond the scope of this text; it involves
proving numerous properties about the set that represents Nat (see Exercise 18.4).

Let uslook at the primitive recursion theorem in some detail. It asserts that if we
aregivenanelement g; of ¥ andafunctiong, : & — Nat — X, thenthereaways
exists a uniquely defined function f such that g; isthe value of f at 0 and such
that g, givesthe value of f at any successor suc.n in terms of n and of the value
of f atn. Thisisafoundation for making primitive recursive function definitions.
Given g; and g, the principle of constant definition then permits usto give aname
to the function whose existence is guaranteed by the primitive recursion theorem.

As a simple example of function definition by primitive recursion, we show how
to define evenness. We give the recursive definition in the form

(even.0=T) A (VN + even.(suc.n) = —even.n) . ()

Notethat thisisnot aproper definitionin higher-order logic, sinceeven is* defined”
in terms of itself. In fact, we are here using the primitive recursion theorem with
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Op:=Tand g := (Abm- —b) to get
@'f-(f.0=T)A(Yn- f.(suc.n) =— f.n))

(the reader is encouraged to verify that this is indeed what we get). We then get
the “definition” above by specifying that even is the name of the function whose
existence we have just shown. Formally, we define

even = (ef « (f.0=T) A (¥Yn- f.(suc.n) = — f.n))
and then use selection introduction to deduce (x) as atheorem.

We can now define other functionsin the same way. The following examples show
how addition and the standard order are defined. In both cases we really define
functions of more than one argument, but the primitive recursion is over exactly
one of the arguments.
Mn+0+n=n)A(Vmne-suc.m-+n=suc.(mM+n)) ,
Vn-0<n=T)AMmMn-succm<n=m<nAmM=#n) .
We leave it to the reader to verify that these are in fact valid definitions (compare
thiswith Exercise 10.6).

Induction

The primitive recursion theorem allows us to deduce that induction over Nat is
valid. To show this, welet p : Nat — Bool be arbitrary and instantiate the type =
in the primitive recursion theorem to Bool:
(Vgp g2+ 3 f : Nat — Bool +
(f.0=qg1) A (Yn- f.(suc.n) = gy.(f.n).n))
= {definition of unique existence}
(Vo1 @2 f1, fo-
(f1.0=0g1) A (Yn+ f1.(suc.n) = go.(f1.n).n) A
(f2.0=0g1) A (Yn - fo.(suc.n) = gy.(f2.n).n)

=
fi = f)
= {specidize f; ;.= (Am-T) and f, := p}
(Vo192

g A (Yn+ga.T.N) A (P.O=g1) A
(Yn+ p.(suc.n) = gp.(p.n).n)

=

(Am-T) =p)
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= {specidizeg; :=Tand gy := (Abm- b v p.(suc.m)}
pP.0A (YN« p.(suc.n) = p.nV p.(suc.n)) = (AM-T)=p

= {rewriteusing tautology (t' =t vt') = (t = t')}
p.OA (Yn+ p.n= p.(suc.n)) = (AM-T)=p

= {pointwise extension, B reduction: (Azm-T) = p) = (Ym- p.m)}
p.0A (Yn+ p.n = p.(suc.n)) = (Ym- p.m)

Further Properties

It isalso possible to prove the other Peano postul ates as theorems, by specializing
01 and gy in the primitive recursion theorem in suitable ways. The details are left
to the reader as an exercise (Exercise 18.5).

Lemma 18.4 The following properties hold for Nat as constructed above:

(Yn: Nat- 0 # suc.n) ,

(Vmn : Nat-suc.m=suc.n=m=n) .
Since the Peano postul ates are proved as theorems, we know that our construction
of Nat in fact gives us the natural numbers. Thus, the primitive recursion theorem

gives an abstract characterization of the natural numbers; no other facts are needed
in order to build the whole theory of arithmetic.

Primitive Recursion for Sequences

Sequence types can be characterized with a primitive recursion theorem that is
similar to the corresponding theorem for natural numbers:

(Vg1 :T'+Vgy:I' > Seqof ¥ > X - T+3!f:Seqof X > T+
(f.{)=01) A (VsX - f.(S&X) = @.(f.5).5.X)) .

From this theorem the axioms given for sequences in Chapter 10 can be derived.
Furthermore, the recursion theorem justifies recursive definitions of functions over
sequences. A simple example is the length of a sequence, defined as

len.{) =0Alen.(S&X) =len.s+ 1 .

18.4 Ordinals

All natural numbers are constructed by repeated application of the successor oper-
ation, starting from zero. We now generalize this construction process by adding
limits. The objects that we construct using repeated application of the successor
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Lemma 18.5

and the limit operations are called ordinals. It is well known that this characteri-
zation cannot be realized consistently in set theory; the collection of all ordinalsis
“too big” to be a set. Thus there is no way of introducing the ordinals as atypein
higher-order logic. However, we introduce the notion of ordinals over a given type
3 and show that by choosing ¥ in a suitable way, we have access to arbitrarily
large ordinals.

Construction of Ordinals

Assumethat atype X isfixed. We shall now show how thetypeof ordinalsover X is
constructed. Exactly asfor the natural numbers, welet every ordinal be represented
by aset over X. Intuitively speaking, we get successively larger sets by adding one
element at atime or by taking the union of all sets constructed so far.

We first make the following constant definitions:

rep-osuc.B BU{ey:X-y¢B},

U{B| B e B},

> 1>

rep_olim.B

wherethetype of BisP(P(X)). The constant rep_olim isintended to represent the
operation that produces the limit of a set of ordinals. We do not need to mention
an explicit representative for zero; we use the limit of the empty set for this.

Next, we need to describe the set that represents the ordinals over . We choose
the smallest set that is closed under rep_osuc and rep_olim:
Ordset = N{B|(VB- B € B = rep_osuc.B € B) A
(VC+C C B = repolim.C € B)} .
Note that this set must be nonempty, sinceit contains rep_olim.# (i.e., ¥).

Exactly as we did for the natural numbers, we can now prove a characterization
lemmathat showsthat Ordset isin fact a suitable set to represent the ordinals over
3 (we leave the proof to the reader):

The set Ordset has the following property:

B € Ordset = (3C € Ordset+ B = rep_osuc.C) Vv
(3C C Ordset » B = rep_olim.C) .

Defining a Type of Ordinals

Since Ordset is nonempty, we can introduce the name Ord(X) for a new type
represented by Ordset (this way, we really introduce a new unary type operator
Ord).
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Lemma 18.6

We now define the successor and limit operations for the ordinals, in the obvious
way:

suc.a = abs.(rep-osuc.(rep.a)) ,

lim. A = abs.(rep_olim.{rep.a|a € A}) .

Intuitively speaking, these definitionsimply that we simply take over the notions of
successor and limit from the representing set. We allow binder notation for limits,
writing (ima € A- f.a) forlim.{f.a|a e A}.

The least and greatest ordinals over X can now be defined in terms of the lim
operator:

0
maxord

lim.@ ,
lim.Ord .

A
A

The greatest ordinal maxord has a dight anomaly; it has the undesirable property
of being its own successor (Exercise 18.8).

An Order on Ordinals
We define an order on ordinal s, corresponding to subset inclusion on the represent-
ing set:

a<b A rep.a C rep.b .

In fact, it is possible to prove that this gives a linear order on Ord(X). Note that
lim isthejoin operation with respect to this order. Asusual, welet a < b stand for
a<baa#h.

Next wedefinean ordinal tobealimit ordinal if itisthelimit of all ordinalssmaller
than itself:

islimta = a=Im.{beord(X)|b<a}.
In particular, O isalimit ordinal.

The ordinals satisfy the following generalization of the Peano postul ate that states
that zero is not a successor:

Every ordinal over ¥ except maxord iseither a successor ordinal or alimit ordinal
(but not both):

a # maxord = (islimita = (Vb-a # suc.b)) .

We have that Natset C Ordset(Ind); i.e., the set that represents the type Nat is
a subset of the set that represents the type of ordinals over Ind. Furthermore,
UNatset represents a nonzero limit ordinal (Exercise 18.7). This ordina is called
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o (“omega’) and is the first infinite ordinal. The ordinals thus extend the natural
numbers past the first infinite ordinal. The ordinals (over some sufficiently large
type X) form a*“ sequence” of the form

0,123 ...,.0o,0+1Lw+20+3,...,0-2,w-2+1,... .

18.5 Ordinal Recursion

Theorem 18.7

In analogy with the natural numbers, it is possible to derive an ordinal recursion
theorem:

For arbitrary types X and I, the following holds:

Vg1 : X — ord(l’) > X Vg : P(X) - ord(T’) —> X -
3f:ord(l) — X -
(Va - a # maxord = f.(suc.a) = g;.(f.a).a) A
(Va-islimta= fa=g.{f.b|b<a}la)) .

This theorem gives a foundation for defining functions by recursion over the or-
dinals. Since O isthe limit of the empty set of ordinals, we do not need a separate
conjunct for the zero case. In practice, though, functions are usually defined by
giving three clauses: onefor zero, one for successors, and one for (nonzero) limits.
Note that the successor clause is qualified; this is because maxord is its own suc-
cessor. Since every ordinal (except maxord) is either a successor ordinal or alimit
ordinal (but not both), the limit clause applies only when the successor clause does
not apply.

As an example, we define addition for ordinals. Rather than writing the definition
as one big conjunction, we give the three clauses separately:

a+0 = a,
a+ (suc.b) = suc.(a+b),
a+b = lm{a+c|c<b} for nonzero limit ordinals b.

This makes addition a generalization of addition on Nat. Note that in the second
clausewe permit b = maxord, sincethismakesboth sidestrivially equal to maxord.
Ordinal addition has certain surprising properties, such as not being commutative
(see Exercise 18.9).

Ordinal Induction and Other Properties

Peano’s postulates for the natural numbers tell us that zero is not a successor and
that the successor operation always generates new numbers. For theordinals, aswe
have constructed them here, the situation isnot assimple. If theunderlyingset T is
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Theorem 18.8

Lemma 18.9

Lemma 18.10

finite, then the number of ordinalsis also finite and the successor operation cannot
generate new ordinals forever. If X isinfinite, then the limit operator sometimes
generates new ordinalsbut sometimes not. Thesefactshave already shown up when
we needed to qualify the clauses in the recursion theorem for ordinals. We shall
now show that similar qualifications appear when we prove resultsthat correspond
to the Peano postul ates for Nat.

From the ordinal recursion theorem, it is possible to derive a principle of ordinal
induction (also known as transfinite induction):

The following induction principle holds for arbitrary type X and arbitrary predi-
cate p : Ord(X) — Bool:

(Va -+ a # maxord A p.a = p.(suc.a)) A
(Va-islimta A (Vb-b <a= p.b) = p.a)

=

(Vva- p.a) .

In practice, we split an inductive proof into three cases; the zero caseis considered
separately from the nonzero limits.

We can aso prove a result corresponding to the second Peano postulate for the
natural numbers.

With the exception of maxord, distinct ordinals have distinct successors.
suc.a = suc.b A a# maxord A b#maxord = a=»b.

In particular, Lemma 18.9 implies that if a ¢ maxord, then the successor of a is
always distinct from all ordinals up to a.

We know that the natural numbers are well-ordered; i.e., they are linearly ordered
and every subset has aleast element. The sameis also true of ordinals.

Any type Ord(X) of ordinalsiswell-ordered.

Proof Firgt, linearity isproved by proving that the subset order on Ordset islinear.
Then, well-foundedness is proved by showing that for an arbitrary nonempty set
A of ordinals, the ordinal

abs.(Na e A-rep.a)

isthe smallest element in A. O

Induction Example

Asan example of ordinal induction, we prove the following property of addition:
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O+a = a.

The proof is by induction on a. The zero case follows directly from the definition
of addition. For the successor case, we have the following derivation:
0+ a = a, a # maxord
F O+ suc.a
= {definition of addition}
suc.(0+ a)
= {induction assumption}
suc.a

Finally, we have the limit case:

islimita,a#0,(Vb-b<a = 0+b=Db)
FO0+a
= {definition of addition}
lim.{0+b|b < a}
= {induction assumption}
lim.{b|b < a}
= {aislimit ordinal}
a

The ordinal induction principle now asserts that O + a = a holds for an arbitrary
ordina a.

18.6 How Far Can We Go?

The ordinals over Ind can be seen as an extension of the natural numbers. We shall
now see that we can in fact construct ordinal types that are ‘arbitrarily large’ in a
very specific sense.

If the underlying type X isfinite, then thetype Ord(X) isalsofinite. In general, we
want ordinals for reasoning when the type Nat is not “big enough”. The following
result (aversion of Hartog's lemma) guarantees that we can always find a type of
ordinalsthat is big enough to index any given type X.

Lemma 18.11 Assume that a type X is given. Then there exists a type Ord of ordinals such that
thereis no injection from Ord to X.
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Proof Choose P(X) as the underlying set for the construction of the ordinals.
The construction in Exercise 18.11 shows that the cardinality of ord(X) isaways
at least the same as the cardinality of 77(X). The result then follows from the fact
that for an arbitrary nonempty set A there can be no injection from P(A) to A. O

We call aset of theform {a : Ord(X) | a < ag} an initial segment of the ordinals
over X. Itispossibleto show that for any two typesof ordinals, Ord(X) and Ord(T"),
oneis aways order-isomorphic to an initial segment of the other. Thus, whenever
we have used two different types of ordinals in some reasoning, we can replace
the “smaller” by the “bigger”. In fact, one can show that for any two well-ordered
sets, oneisawaysorder-isomorphic to aninitial segment of the other. In particular,
we can consider Nat to be an initial segment of the ordinals. Thus, there is redly
no confusion using the constants 0 and suc for both the natural numbers and the
ordinals.

In traditional developments of ordinals, one considers ordinals as equivalence
classes of well-ordered sets rather than specific instances, as we have done. This
allows one to talk about the collection of all ordinals, which is sufficient for all
set-theoretic reasoning. Thiscollectionisnot aset, but aproper class, so we cannot
construct it inside higher-order logic. However, we can construct arbitrarily large
types of ordinals, so once we know what type we want to reason over, we can
select atype of ordinals that is sufficient. In subsequent chapters, we talk about
“ordinals’ without specifying the underlying type. We then assume that the type
of ordinalsis chosen so large that we do not have to worry about conditions of the
form a # maxord.

Ordinals as Index Sets

Assume that A is an arbitrary set. Lemma 18.11 then shows that we can find a
type Ord of ordinals that cannot be injected into A. In fact, we can find a function
f :od — Aandanordina y : Ord suchthat f maps{a : Ord | a < y}
bijectively into A. This means that we can index A using this set of ordinals. For
the construction of thisfunction f, see Exercise 18.11 (infact, thefunction f gives
awell-ordering of A, so this proves the well-ordering principle).

Using the ordinals as an index set, we can also construct generalized ordinal-
indexed chains. If (A, C) isany partially ordered set, an ordinal-indexed chain is
amonotonic function f : Ord — A. Ordinal-indexed chains are typically defined
by ordinal recursion, and ordinal induction can be used to reason about them. They
are useful for generalized limit arguments, in situations where the natural numbers
are not sufficient.
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18.7 Summary and Discussion

We have in this chapter defined the notion of well-founded and well-ordered sets,
and have shown how the induction principle appliesto such structures. Asan appli-
cation, we have given an alternative construction of the type of natural numbersin
higher-order logic. Thisconstruction motivatesthe principle of primitiverecursion,
which isthe main tool for defining functions over natural numbers.

The reason for giving the alternative construction of natural numbers here is that
it generalizes directly to a construction of ordinals (over agiven basetype X), and
we showed above how to construct the ordinalsin thisway. Ordinal recursion was
then defined as a principle for defining functions over all ordinals over agiven set,
and transfinite induction was defined based on ordinal recursion.

The theory of ordinals may seem allittle bit esoteric to those who are not familiar
withit, but it issurprisingly useful in programming logics. We need ordinals, e.qg.,
when proving termination of programs that are not necessarily continuous.

For a good introduction to the construction of the ordinals within the type-free
framework of Zermelo—Fraenkel set theory, see Johnstone [93]. A theory of well-
ordered sets within higher-order logic is described by John Harrison in [73]. Apt
and Plotkin[5] give anice overview of ordinalsand some good justification for the
use of ordinalsin programming language semantics. The main difference between
ordinals as presented here and the classical theory of ordinals was already pointed
out above: we can define only an initial segment of al ordinals, whereas in the
classical treatment, it is possible to define the (proper) class of al ordinas. In
practice, this does not seem to cause any problems, becausetheinitial segment can
always be chosen large enough for the problem at hand.

18.8 Exercises

18.1

18.2

The lexicographical order C on Nat x Nat is defined as follows:
Mmnmc@m,n) =2 m<m Vv Mm=m An<n).
Prove that this order is well-founded.
Show that the two induction principles on natural numbers,
(Vn e Nat.(Vm < n- p.m = p.n) = (¥neNat: p.n)
and

p.OA(YneNat. p.n= p.(n+1) = (¥YneNatp.n),

are equivalent.
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18.3

18.4

18.5

18.6

18.7

18.8

18.9

18.10

Prove that the set Natset contains rep_zero and is closed under rep_suc, where

Natset =
N{B :Ind — Bool | rep_zero € B A (VX+X € B = repsuc.x € B)}

Deduce that Natset is the smallest set that contains rep_zero and is closed under
rep_suc.

In the text, we have assumed that the primitive recursion theorem (Theorem 18.3)
isproved before any other properties of Nat. Show that it is possible to go the other
way, proving the primitive recursion theorem from the Peano postul ates.

Prove the following two Peano postul ates from the primitive recursion theorem:

(Yn: Nat- 0 # suc.n) ,
(Ymn:Nat.suc.m=suc.n = m=n) .

Hint: specialize g; and g, in the primitive recursion theorem to suitable boolean-
valued functions.

Use list recursion to define the function append : list(X) — list(X) — list(X) that
appends two listsinto a new list.

Show that Natset C Ordset(Ind); i.e., the set that represents the type Nat is a subset
of the set that represents the type of ordinals over Ind. Furthermore, show that
U Natset represents a nonzero limit ordinal.

Prove the following properties of ordinals:

a # maxord = a < suc.a ,
suc.maxord = maxord ,
a=Ilm{b|b<a} v a=suc(im{b|b<a}) .

Prove the following properties of ordinal addition for any type of ordinals that
includes the first infinite ordinal w (see Exercise 18.7).

w+1 = sucw,
1+0 = w.

This shows that addition of ordinalsis not commutative.

Prove that the successor and limit operations on the ordinals are monotonic, in the
following sense:

a<b = suca<suchb,
(Vae A-dbeB-a<hb) = ImA<Im.B.

Furthermore, prove the following property for the order on the ordinals:

b # maxord A a<b = suc.a<sucb.
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18.11 Letsometype = begiven. Defineafunction f that maps any ordinal a = maxord
over X to theuniqueelement b € ¥ such that b ¢ rep.a A b € rep.(suc.a). Show
that the restriction of this function to B = {a | a # maxord} is bijective. Now
define therelation < on B asfollows:

b<b £ flb<flb.
Show that this gives awell-ordering of X.
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Fixed Points

The statement constructors that we have introduced earlier — sequential compo-
sition, join, and meet — are al monotonic with respect to the refinement relation
on Mtran. Hence, we can use these constructs to define monotonic functions from
the compl ete lattice of predicate transformers to itself.

From a mathematical point of view, monotonicity of functions over complete lat-
tices is important because it guarantees the existence of (least and greatest) fixed
points, which are needed for defining recursion and iteration. In this chapter, we
investigate fixed pointsof functionsover completelatticesin general . We al so show
how ordinals are used to give an alternative characterization of the fixed points of
monotonic functions as limits of ordinal-indexed approximation sequences. In the
next chapter we apply this theory to recursively defined statements, in particular
predicate transformers, and show how fixed points are used to give meaning to
recursive definitions.

19.1 Fixed Points

Theorem 19.1

Let f : ¥ — X bean arbitrary function. An element a : X is said to be a fixed
pointof f if f.a = a.Ingeneral, afunction f need not have afixed point. However,
when a complete lattice A € X is closed under monotonic f, then the situation
is different. The following Knaster—Tarski theorem is a central result about fixed
pointsin lattice theory.

Let Abeacompletelatticeand f amonotonic functionon A;i.e, f € A—p A
Then f hasaleast and a greatest fixed point in A.
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Proof Weshow that f hasaleast fixed point; the proof for the greatest fixed pointis
dual. Infact, we show that the least fixed pointisgivenby (mx € A| f.X E X« X).
We have
f.mxe A| fXE X-+X)
C {f monotonic implies f.(MX) C (Mx € X+ f.x)}
Nxe A| fXEx- f.x)
C {replace every element by alarger element}
Nxe A| fXE X+X)

and

T
= {derivation above}
f.Mmxe Al fXEXX)E(Nxe A| fXE X+X)
= { f monotonic}
f.(f.mxe Al fXEx:x)C f.(nxe A| f.XE X+ X)
= {general rulep.a=ac {b| p.b}}
f.mxe Al fXEx-x)e{xeA| fXEXx}
= {genera rulex € A= NALC x}
NxeA|fXEx-x)C f.(Mxe A| fXEX+X)
so(Mx € A| f.x C x - x) isafixed point. For arbitrary y € A, we have
fy=y
= {a=bimpliesa C b}
fycy
= {general rulep.a=ac {b| p.b}}
ye{xeA| fXEXx}
= {genera rulex € A= NALC x}
MxeA|fXEX-X)Cy

so(Mx e A| f.x E x - X) isin fact the least fixed point. O

The least fixed point of f is denoted by . f, while the greatest fixed point is
by denoted by v. f. The set A is assumed to be the whole underlying type unless
otherwisestated explicitly. If thereisdanger of confusion, wewrite a. f toindicate
that we are considering the least fixed point on the set A, and similarly for the
greatest fixed point. The proof of the Knaster—Tarski theorem gives the following
explicit constructions of the least and greatest fixed points:

MNMxeA| fXEX-X), (u characterization)
uxe A|XE f.x-x) . (v characterization)

wa. f
VA.f
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Lemma 19.2

Thus the least fixed point isthe meet of al prefixed points (a is a prefixed point of
f if f.a C a). Dually, the greatest fixed point isthe join of all postfixed points (a
is apostfixed point if a C f.a).

We permit the use of u and v as binders. Thus, we can write (ux - t) rather
than w.(Ax < t) and (v x - t) for v.(AXx - t). Similarly, we can use index notation
(ux e A«t)for ua.(Ax-t)and (v.x € A-t) forva.(AX « t).

Theleast fixed point of f ischaracterized by thefollowing two properties (Exercise
19.1):

f(qu.f)y = w.f, (folding least fixed point)

fXEX = u.fCx. (least fixed point induction)
When we use the folding property as a rewrite rule from left to right, we say that
we fold the fixed point. Dually, we say that we unfold the fixed point when we use

it from right to left. The induction property impliesthat . f isthe least (pre)fixed
point (this follows from the last derivation in the proof of Theorem 19.1).

The greatest fixed point is characterized by the following dual properties:

fw.f) = v.f, (folding greatest fixed point)
XE fx = xCvuf. (greatest fixed point induction)

Note that least fixed point induction can be used as a u elimination rule, while
greatest fixed point induction isa v introduction rule.

Fixed pointsof afunction f areat the sametime solutionsof theequation x = f.x.
Thus, 1. f istheleast and v. f the greatest solution of this equation. Thisindicates
that fixed points can be used to give meaning to recursively defined statements. We
will consider thisin more detail after we have studied general properties of fixed
points.

Monotonicity of Fixed Points

Monatonicity is sufficient to guarantee the existence of least and greatest fixed
points of a function f over a complete lattice. We shall now show that the least
and greatest fixed point operators themsel ves are monotonic (Table 19.1).

Assume that A is a complete lattice and that the functions f € A -, A and
g€ A—n Asatisfy (Yx € A- f.XE g.X). Thenua. f C pua.gandva. f C va.g.
Proof

f monotonic, g monotonic, f C g

FupfCupg
« {least fixed point induction with x := u.g}
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is C
(Afep.f) | yest
(Af v f) | yest

Tmonotonic f

TABLE 19.1. Fixed-point monotonicity

f.(u.9) S n.g

= {unfolding least fixed point}
f.(n.9) C 9.(1.0)

= {assumption f C g, pointwise order}
T

The proof for the greatest fixed point isdual. O

19.2 Fixed points as Limits

In connection with the Knaster—Tarski fixed-point theorem, we showed an explicit
construction of the least fixed point 1. f of amonotonic function f on acomplete
lattice. We shall now show that . f hasanother characterization in terms of aspe-
cia kind of join (limit) that can be given a computational interpretation. Similarly,
v. f hasadual characterization.

Limits and Continuity

In order to define limits and continuity, we first need the notion of adirected set. A
subset C of aposet (A, C) isdirected if every finite subset of C isbounded above,
i.e., if the following condition is satisfied:

(Va,beC-3ceC-aCcAabCo) . (directedness)

Note that the empty set is directed and that a finite nonempty directed set must
have a greatest element. We refer to the join of adirected set asitslimit. Thisisin
agreement with the notion of limit for ordinals, since awell-ordered set is aways
directed. When we want to show explicitly that an indexed joinisalimit, we write
(limi € | « x) rather than (Ui € | « x;).

We say that the poset (A, C) isacomplete partial order (acpo) if limC existsfor
every directed subset C of A. In particular, acpo A must have a bottom element
(since the empty set is directed: see Exercise 19.2).

A monotonic function f : A — B, where A and B are complete partial orders, is
said to be (join) continuousiif it preserveslimits, i.e., if
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Theorem 19.3

f.dimiel-.x) = (imiel- fx) (f continuous)

for an arbitrary directed set {x; | i € |}. Note that continuity is aweaker property
than universal join homomorphism; every universally join homomorphic function
is continuous. Furthermore, we note that continuity implies strictness (Exercise
19.2).

Fixed Points as Limits and Colimits

Let f beamonotonic function on acompletelattice, f € A —, A, and definean
ordinal-indexed collection of derived functions:

fOx = x,
fetlx = f.(f*.x) for arbitrary ordinasa,
fex = (lim B |B < a- f£.x) for nonzero limit ordinals .

We now show that there exists an ordinal y suchthat . f = f¥.1 (each f*. L is
called an approximation of . f).

Assume that a complete lattice A C X is given. Then there exists an ordinal y
such that for any function f € A —, A theleast fixed point of f in A satisfies
w.f=f~fr 1L

Proof The full proof isfairly long, so we only outline it here. First we note that
(by induction over ordinals)
a<pf = f*lcfPl. (*)
Now let y be an ordinal that cannot be injected into A (such an ordinal exists by
Lemma 18.11). Then in the ordinal-indexed chain { f*.L | « < y} some element
must occur more than once. Thus we can find « and o’ wherea < o’ < y and
fe. 1 = f« L. Then
fe.l
C {(x) above}
fo""l'J_
and

foH—l'J_

C {a < o/, (x) above}
fo. L

= {assumption}
fe.L
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Corollary 19.4

which showsthat .1 = f**1 1, so f*. L isafixed point. Furthermore, for an
arbitrary ordinal B > o weget f#. L = f L. Inparticular, f7.L = f* 1, so
fr.1 isafixed point.

Now let x be an arbitrary fixed point of f. By ordinal induction one easily shows
that f*.L C x, foranarbitrary ordinal «. Thisshowsthat f*.1 C x,andso f.L
isin fact the least fixed point. O

Note from the proof of Theorem 19.3 that the ordina y can be chosen so that it
does not depend on the function f, only on the complete lattice A.

In Chapter 22 we show that if the function f is continuous on A, then the natural
numbers are sufficient to index the approximations, so we need not go beyond the
first infinite ordinal w.

For greatest fixed points, the dual result holds, using coapproximations:

Assume that a complete lattice A C X is given. Then there exists an ordinal y
suchthat for arbitrary f € A —n, Athegreatest fixed point satisfiesv. f = f,.T,
where the coapproximations f,.x are defined as follows:

fo.x = x,
for1.x = f.(fg.x) for arbitrary ordinals «,
fo.X = (MB| B < - fg.x) for nonzero limit ordinas a.

19.3 Properties of Fixed Points

Theorem 19.5

The following fusion theoremis very useful for proving properties of fixed points.
Its proof is aso agood example of induction over the ordinals.

Assume that h : ¥ — T is a continuous function and that f : ¥ — X and
g: I' — T are monotonic functions on complete lattices. Then

hof=goh = h(u.f)=ug.

The fusion theorem isillustrated in Figure19.1

Proof We show that h.(f*.L) = g*.L for an arbitrary ordinal «, under the
assumption h o f = g o h. The result then follows from Theorem 19.3. The base
case h.lL = 1 follows because h is continuous. The successor case is proved as
follows:
h.(f¥.1)=9%1
Fh.(fettl)
= {definition of approximation}
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) » = wf =
h h — h
r > T wg
9

FIGURE 19.1. Fusion theorem

h.(f.(f*.1))
= {assumptionh o f = go h}
g.(h.(f%. 1))
= {induction assumption}
g.(g". 1)
= {definition of approximation}
gt L
Finally, the limit caseis asfollows, for anonzero limit ordinal «:
(VBB <a-h(ffL)y=gf.1)
Fh.(f*.1)
= {definition of approximation}
h.img |8 <a- ff.1)
= {assumption h continuous}
(limB| B <a-h(ff 1)
= {induction assumption}
(limg|B<a-gf.1)
= {definition of approximation}
g%.L
and the proof isfinished. O

We note a special corollary of the fusion theorem.

Corollary 19.6 Assumethat f : (' - T') - (I' > ') and g : ' — TI" are monotonic functions
on complete lattices and that x : T" isfixed. Then

(Vvh- f.hx =g.(h.x)) = wpu.fx=ung.
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Proof Sincethe function (Ak - k.x) is continuous (Exercise 19.3), we have
T
= {fusion theoremwith h := (Ak < k.x)}
(Ak+kX)o f =go(rk-kx) = (Ak+ k.X).(u.f) = n.g
= {definition of composition, extensionality}
(Vh+ ik + k.x).(f.h) = g.((k - kx).h) = (k- kx). (. ) = 1.9)
= {betareduction}
(Vvh. fhx=g.(h.x) = u.f.x=pur.9
O
Fixed Points Preserve Monotonicity
As another example of how the limit characterization of fixed points can be used
in proofs, we show that « and v preserve monotonicity (Table 19.2) in the sense
that if f isafunction that preserves monotonicity and f itself is monotonic, then
w. f isamonotonic function.
Lemma 19.7 Assumethat A and B are complete latticesand that f € (A — B) ->m (A —

B) and f preserves monotonicity. Then uag.f = pnas,e.f ad va,gf =
VA%me.

Proof We show the proof for least fixed points. The existence of both fixed pointsis
guaranteed by Tarski’s theorem. We show that each approximation f* of ua_g. f
is monotonic. This guarantees that the approximationsfor pag. f and pwa 5. f
are pairwise equal, so the fixed points are also equal. For the base case, we have
0.1 monotonic
= {definition of approximation}
1 A, g Monotonic
= {constant function is monotonic}
T

Next, the successor case:

f«.L monotonic
F fe+l 1 monotonic
= {definition of approximation}
f.(f*.1) monotonic
= {f preserves monotonicity by assumption, induction assumption}
T



19.3. Properties of Fixed Points 325

Lemma 19.8

Finally, the limit case:

f#.1 monotonic for al 8 < o
F f*. monotonic
{definition of approximation}
(limg | B <« f£.1) monotonic
« {dl joins preserve monotonicity}
(VB | B < a- f.1 monotonic)
= {induction assumption}
T

and the proof isfinished. O

Generally, we say that v preserves property P if P.(u.f) holds whenever the
monotonic function f preserves P (and similarly for v). The above lemma then
shows that the fixed-point operators preserve monotonicity.

Homomorphism Preservation for Fixed Point Constructs

In addition to monotonicity, we are also interested in what other homomorphism
properties the fixed-point constructors preserve.

Least fixed points preserve disjunctivity and strictness, while greatest fixed points
preserve conjunctivity and termination.

Proof We consider only least fixed points, asthe propertiesfor greatest fixed points
aredual. To provethat  preservesstrictnesswefollow the sameideaasin the proof
that . preserves monotonicity (Lemma19.7); i.e., we show that all approximations
f, of thefixed point . f aredigunctiveif f preservesdigunctivity. For the base
caseweknow that abort isdisjunctive. For the successor casethe assumptionthat f

preservesdigunctivity tellsusthat f.(f,) isdigunctiveif f, isdigunctive. Finaly,
the limit case follows from the fact that joins preserve digunctivity. Preservation
of strictnessis proved in the same way as preservation of digunctivity. O

The following counterexample can be used to show that least fixed points do not
preserve conjunctivity. Let the function f : (Unit = Nat) — (Unit — Nat) be
defined asfollows:

chaos if ST chaos,
[Aux-x=>i+1] if SC[Aux-x>i+1]and
f.S = SZ[rux-x>i]fori € Nat,

choose ; [An X+ X >n] if S=choose;[An X+ X >n],
magic otherwise.
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Thisfunctionismonotonic, so . f exists. Fromthedefinitionit followsthat . f =
choose ;[An X+ X > n] istheleast fixed point (the only other fixed point is magic).
However, u. f isnot conjunctive, even though f preserves conjunctivity (f maps
all predicate transformers except . f to conjunctive predicate transformers). To
seethat . f isnot conjunctive, consider the collection of predicates{p; | i € Nat}
where pi.x = X > i. Then u. f establishes any p; but not their meet (false). We
leave it to the reader to fill in the details of this argument.

In spite of the above counterexample, it is still possible that any |east fixed point
(A X+ S) preservesconjunctivity when Sisastatement built from asserts, demonic
updates, sequential composition, meet, and the statement variable X. Thisistrue
inthe case of tail recursion, since any tail-recursive statement can be written using
iteration statements that preserve conjunctivity (see Chapter 21). We leave the
general case as an open question; our conjecture isthat it isin fact true.

The fixed-point homomorphism properties are summarized in Table 19.2.

19.4 Summary and Discussion

This chapter has given an overview of fixed-point theory, which is central to any
treatment of recursion. We gave the basi ¢ fixed-point theorem by Tarski and showed
that fixed points also can be characterized aslimits of directed sets. This character-
ization required the use of ordinals. We then proved a collection of basic properties
about the fixed-point operators that will be very useful later on.

Tarski's influential fixed-point theorem for lattices was originally published in
[136], but its significance for recursion was discovered by Dana Scott, who used
fixed points to give a semantics for loops and recursive programs, and started the
tradition of denotational semantics. The early pioneersin this area were Scott and
Cristopher Strachey [128] and de Bakker [36]. A good overview of denotational
semantics is given by, e.g., Robert Tennent [137], or David Schmidt [125]. The
fusiontheoremisaclassictheoreminfixed-point theory. Itsusefulness(inadlightly
weaker form requiring universal join homomorphism rather than continuity) is
demonstrated by Roland Backhouse et al. [34].

preserves | C 1 T mn U
" yes! [yes no no yes
v yes! | no yes yes no

for monotonicity preserving f

TABLE 19.2. Fixed-point preservation of
properties (monotonic arguments)
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19.5 Exercises

19.1

19.2

19.3

Show that the least fixed point of a monotonic function f on acomplete latticeis
characterized by the following two properties:

fqu.f)y = u.f,

fXEX = wu.fCXx.
Furthermore, show that if the equality in the first property is weakened to C, the
resulting two properties still characterize the least fixed point.

Show that the empty set is directed. Then show that every cpo must have a least
element. Finally, show that continuity implies strictness.

Show that the function (Af - f.x) is continuous (in fact, it is a universal join
homomorphism).
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Recursion

We now apply fixed-point theory to recursively defined statements, interpreting
a recursive statement as the least fixed point of a monotonic function on pred-
icate transformers. We show how to construct recursive statements as limits of
approximation chains and develop inference rules for introducing recursion as a
refinement of a simpler nonrecursive statement. Finally, we show how to define
recursive procedures with parameters and give inference rules for working with
procedures.

20.1 Fixed Points and Predicate Transformers

Let us now consider recursive contract statements of the form (uX - S), which
were briefly described in the introduction. The basic intuitive interpretation of
(u X+ S) isthat of recursive unfoldings. This meansthat the contract is carried out
(executed) by executing S, and whenever the statement variable X is encountered,
it is replaced by the whole statement (u X - S) before execution continues. If
unfolding can go on infinitely, then the computation is considered to be aborting.
As an example, consider the contract statement

(u X+ S; Xiskip) .

This contract is executed by the demon first choosing either the left- or right-hand
side of the meet. If thefirst alternative is chosen, then Sis executed, after which X
isreplaced by (u X« S; Xiskip) and execution continueswith this substatement. I f
the second alternativeis chosen, then the skip is executed and execution terminates.

Thisis page 329
Printer: Opaquethis



330

20. Recursion

We need to determine the weakest precondition predicate transformer for a recur-
sive contract, i.e., definewp.(u X + S). Intherecursive unfolding interpretation, we
find that (uX « S) must have the same effect as its recursive unfolding, (X =
(u X+ 9)]. Hence, we can postulate that wp.(u X + S) = wp. X := (uX - S)]. Let
us extend the definition of wp sothat wp. X = X, inthe sensethat the contract state-
ment variable X ismapped to a predicate transformer variable X (onthe same state
space). Then we have that wp. X 1= (uX + ] = (wp.H[X = wp.(uX + )],
because of the way wp is defined as a homomorphism on the contract statement
syntax. In other words, wp.(uX - S) isafixed point of the function (AX « wp.S),
which maps predicate transformers to predicate transformers.

This narrows the scope of what the weakest precondition of a recursive contract
can be, but does not determine it uniquely, as there may be more than one fixed
point for any given function. It is also possible that a function has no fixed point,
in which case the definition would not give a weakest precondition interpretation
to all contract statements.

Thelatter problem is settled by fixed-point theory. The predicate transformer wp. S
is built out of basic predicate transformers and X using sequential composition,
meets, and joins. Hence T C T = (AX + wp.S).T C (A X - wp.S). T/, when T
and T’ are both monotonic predicate transformers (T and T’ must be monotonic so
that sequential composition is monotonic in both arguments). Thus, (AX - wp.S)
isamonotonic function on the set of monotonic predicate transformers * +p, X.
As Y —n, X isacomplete lattice, the Tarski—K naster fixed-point theorem shows
that this function has a (least and greatest) fixed point.

The first problem (uniqueness) is settled by the requirement that nonterminating
execution of a recursive contract be identified with breaching the contract. The
argument hereisthat infinitely delaying the satisfaction of a condition required by
the contract cannot be considered an acceptable way of satisfying the contract. A
contract that never terminatesis (u X « X), for which we therefore must have that
wp.(uX « X) = abort. On the other hand, we know that wp.(u X « X) must be a
fixed point of (A X - wp.X), i.e, of (AX « X). Any predicate transformer is a fixed
point of this function. Of these predicate transformers, abort is the least one. We
takethisasageneral rule and definetheleast fixed point of thefunction (A X - wp.S)
as the weakest precondition of the recursive contract statement (uX « S):

wp.(uX+S) = (uX-wp.S) .

This means that we can study the satisfaction of recursive contract statements by
considering recursive predicate transformers (u X « S) (standing for u.(AX + S)).
In this way, the properties of recursive contract statements, as far as satisfaction
of contracts goes, is reduced to properties of least fixed points of functions on
predicate transformers.
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Recursive Statements as Limits

The above argument shows that we should take the least fixed point asthe meaning
of arecursivecontractinthespecial caseof the never terminating contract (X « X).
We can give further credibility to the choice of least fixed points by considering
the way in which these are determined as limits of approximation sequences.

Assumethat f isamonotonic function on predicate transformers. Applying The-
orem 19.3, we seethat u. f can be expressed using approximations

f0abort = abort ,
fetlabort = f.(f%.abort) for arbitrary ordinalsa,
feabort = (limp|p < a - fP.abort) for nonzero limit ordinals c.

Theorem 19.3 then shows that . f = f”.abort for some ordinal y. For v. f, we
have a dual formulation with coapproximations starting from magic.

For a given contract statement (u X + S), we can define the approximations
S {false} of (u X + S) in the same way as for predicate transformers. Each of
these approximations denotes a contract statement (remember that we also permit
contract statementsthat arejoinsover infinitely indexed setsof contract statements).

Assumethat the approximation S*.{false} is executed in aninitia state from which
execution of (u X « S) is guaranteed to terminate. We can then think of a counter
initially set at the ordinal . Each time the recursive definition is unfolded, the
counter isdecreased. If the ordinal ischosen large enough, then termination occurs
beforea = 0, andthe effect of S*.{false} will bethe sameastheeffect of (. X+ S)
inthisinitial state. If the number of unfoldings needed istoo large, then the effect
of S*.{false} will be abreach of contract in this state.

Asthe ordinal « is chosen larger and larger, more and more unfoldings are pos-
sible, and for more and more initial states $*.{false} will have the same effect
as (u X+ S). At y, we reach the point where all terminating executions are ac-
counted for. For those initial states from which unfolding is infinite, every ap-
proximation acts as abort. Hence, the effect of (u X - S) will be the same as
the effect of & .{false}, as far as satisfaction of the contract to establish some
postcondition goes. Hence wp.(u X + S) = wp.(S .{false}) for some y. By the
definition of weakest preconditions for contract statements, we then have that
wp. (S .{false}) = (AX » wp.S)”.abort = (X + wp.S). This shows that the weak-
est precondition of arecursive contract statement should be taken as the least fixed
point of the corresponding function on monotonic predicate transformers in the
general case aso.

This explains why S* can be seen as an approximation of the recursive contract
statement (1 X - S). In some initial states, the number of unfoldings needed for
(u X + S) to establish the postcondition may be so small that S* gives the same
result, but in some other states, « may not be sufficiently large, so S* leadsto a
breach of contract.
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Example

It may not be evident why we need to use ordinals when defining the approxima-
tions, i.e., why isit not sufficient to consider only the natural numbers (and their
limit w). Let ustherefore give an example where transfinite ordinal s are needed to
reach the least fixed point. Consider the statement

(WX f{x=0};[x:=x"[x>1;X U
{x=1} u
{x>1};x:=x—-1;X) .
The behavior of this statement in initial state x # 0 isto decrease the value of x
until x = 1, when the execution terminates. In initial state x = 0, the program
variable x isfirst assigned some arbitrary nonzero natural number, after which the

same steps of decreasing x are carried out, eventually |eading to termination when
x=1

Computing successive approximations we get, after some simplifications,

S = abort ,
S = {x=1),
S = {1<x<2;x=1,

and inductively, for all n € Nat, wefindthat S, ={1<x <n};x:=1

S

= {definition of approximation}
Xx=0;[x=x|xX>1;SSux=1u{x>1;x=x-1;%

= {induction assumption}
Xx=0};[x=x|xX>1;{1<x<n};x:=1U
{x=1} u
{x>1};x=x—-1;{1<x=<n};x:=1

= {simplification}
abort U {x=1} u {2<x<n+4+1};x:=1

= {easily verified equality}
{1<x<n+1};x:=1

(for the rules used in the last two steps see Exercises 20.3 and 20.4).
At thefirst infinite ordinal @ asimilar derivation gives us
S, = (UneNat- §) = {I<x};x:=1.

Note that this statement behaves as abort when x = 0. We can still continue the
process of computing approximations, getting
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S11 = Xi=1,
Sz = x:=1

(again, we get S, 1 by substituting S, for X in the recursion body). At this point,
we have reached the ordinal where no new approximations are produced. This
means that the least fixed point is the functional update x := 1.

The need for transfinite ordinals does not, of course, not mean that execution of
arecursive statement could terminate after an infinite number of recursive calls.
Rather, this argument shows that if we want to set a counter at the start so that its
value can be decreased at each recursive call, then we have to set the counter to w
(or higher) at the start.

Greatest Fixed Points

We can also introduce (v X « S) as an aternative kind of recursively defined
statement. In fact, the greatest fixed point is important when we handle different
kinds of iterations in Chapter 21.

If wewant to understand greatest fixed pointsin termsof unfol dings, then wecannot
use the same argument as for least fixed points. Since the greatest fixed point of
afunction on predicate transformers is a colimit of a chain of coapproximations
starting from magic, this requires that infinite unfolding be treated as miracul ous
computation. Thisis not generally the case, but it can be justified in certain cases
if anotion of biased execution is introduced.

Consider, for example, the recursive definition X:

X = skipnS; X
Successive unfolding of this definition leads to a meet of repeated executions of S
skipmSn'S;SMS;S;Sm--- .

(here we have assumed that S is conjunctive, to deduce S; (skip S; X) =
Sn'S; S; X). If Sisnot miraculous, we can intuitively think of the demon
always choosing one more unfolding, so that an infinite unfolding is possible. This
meansthat (u X + S; X 1 skip) is nonterminating. However, our interpretation of
(v X« S; X miskip) issuch that the demon must avoid infinite unfolding. Thusthe
demon will at some point choose the skip alternative, and the whole statement is
guaranteed to terminate. This means that there is a bias in the choice; the demon
may not neglect the skip aternative forever.
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20.2 Recursion Introduction and Elimination

Theorem 20.1

Let P = {py | w € W} be a collection of predicates that are indexed by the
well-founded set W, suchthat v C w = p, E p,. We refer to a predicate in this
set asaranked predicate. In practice, aranked predicate p,, is often written asthe
conjunction of an invariant expression | and avariant expressiont (also known as
atermination function):

Py = (Ao-l.oc A tio =w)

or, with pointwise extension, p,, = (I At = w). Herew isafresh variableranging
over W.

Assuming a collection of ranked predicates P as above, we define

(Uwew'pw) ,
UveWlv<w:-p,) .

p
P<w

Thus, p holds if some ranked predicate holds, while p_,, holds if some ranked
predicate with a“lower rank” than that of p,, holds.

We use ranked predicates to establish that a sequence of nested recursive calls
must eventually terminate. Essentially, theideaisasfollows. Assume that the first
call is made in a state where some ranked predicate is true, i.e., in a state where
p holds. We need to show that each nested call is made in a state that satisfies
a lower-ranked predicate than that which the state of the previous call satisfied.
Thus, if acal is made in a state that satisfies the ranked predicate p,, then the
nested call should be made in a state that satisfies p-,,. Because the set of ranked
predicates is well-founded, there can then be only afinite number of nested calls,
and hence the recursion must terminate.

1> 1>

Recursion Introduction

We shall now derive arule for recursion introduction based on the use of ranked
predicates. Thisrule states under what conditionsit ispossibleto refine astatement
Sby arecursive statement .. f. The ruleis based on the following theorem.

Assume that W is a well-founded set, f a monotonic function on monotonic pred-
icate transformers, and {p,, | w € W} a collection of state predicates indexed by
W. Then the following holds:

Yw e W-{p,};SE f.({p<w}:;S) = {p};SCu.f.

Proof Assumethat {p,};S C f.({p<w}; S holdsforal w € W. First we show
that

(Vw e W+ {py};SC u.f) (*)
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by well-founded induction, as follows. The induction assumption is (Vv « v <
w= (p,}; ST u.f):

{puw}:S

C {assumption}
fQUveW v <w:pl}; S

= {homomaorphism property of assertion, distributivity}
fluveWlv<w-{p,};9

C {induction assumption, monotonicity}
fluveWlv<w-u.f)

C {empty join gives abort, otherwise p. f, monotonicity}
f.(u.f)

= {fold fixed point}
w. f

Thus,

{p};S
= {definition of p}
{(UweW-p,};S
= {homomaorphism property of assertion, distributivity}
(LweW-{p,};9S
C {(x) above}
w.f

and the proof isfinished. O

From Theorem 20.1 we get thefollowing rulefor introducing arecursive statement,
when | is aboolean expression and t an expression that ranges over some well-
founded set:

OH{l At=w};SE T[X:={l At<w}; Y
SH{l};SE(uX-T)
e w isafresh variable.

(e introduction)

In practice, this rule of recursion introduction can be used as follows. Viewing a
statement S as a specification, we first decide on an invariant | and a variant t
ranging over somewell-founded set W. Wethentransform {I A t = w}; S(where
w is a fresh variable), applying refinement rules, until we get as a refinement a
term of theform T[X := {I A t < w}; §]. The u introduction rule then shows
that {1} ; Sisrefined by the recursive statement (u X « T).
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Recursion Elimination

The recursion introduction rule shows how we can introduce recursion in aderiva-
tion. The opposite, recursion elimination, is also sometimes useful. As aready
noted, the principle of least fixed point induction isitself arule for u elimination.
Another rule that can be used is the following:

FuX-S =5 (u elimination)

e X notfreein S.
Infact, thisrulecan beused both tointroduce and to eliminate a(vacuous) recursion.

Similarly, the principle of greatest fixed point induction isitself arule for v intro-
duction, while a (vacuous) greatest fixed point construct can be eliminated (and
introduced) using

FOX-9=5 (v elimination)

e X notfreeinS.

20.3 Recursive Procedures

The definition of arecursive procedureis of the following form:

rec N(var X1, ..., Xm,val Y1, ..., ¥n) = S, (recursive procedure)

where Sisastatement that may contain (recursive) callsto N of the form

N(le"'vzmvelv"'sen) .

Here each z isone of thevariables Xy, ..., Xm, V1, . .., Yn (the parameters), each
gj is an expression in the parameters, and the z are all distinct. Note that we do
not permit references to “global” program variablesin a procedure body.

Intuitively, acall N(zy, ..., zm, €1, ..., &) isexecuted as a statement

beginvaryi, ..., ¥n =€, ..., ; 9X1, ..., Xm := 21, ..., Zm] end ,

and callsto N inside S are executed in the same way, recursively. If aformal value
parameter y; has the same name and type as an actual reference parameter, then
the local variable y; has to be renamed. To simplify the presentation, we assume
that no such name clashes occur.

Note that the intuitive interpretation of recursive calls means that the execution
builds up a collection of nested blockswith local variables. The same happensif a
recursive call to N inside Sis within the scope of alocal variable declaration.
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Semantics of Recursive Procedure

Even though theintuitive description of arecursive procedureincludesapotentialy
unbounded nesting of blocks, we do not need this construction in order to describe
mathematically what a recursive procedure means.

In order to describe what type of predicate transformer such arecursive definition
defines, wefirst consider an example with asingle recursive call:

rec N(var X, y,valz) = ---N(Y,Z,X+2)--- .

We consider this definition as syntactic sugaring, as follows:

N.x.y.z L (WXe---(UXo* {X=Xo}; X, ¥,Z2:=VY,Z, X+ Z
XX, ¥,Z2:=Xo, X, ¥)---) .

The effect of the angelic choice and the assignments that are wrapped around the
recursion variable X is (@) to store and restore the values of the variables (here x)
that are not used as reference parameters in the recursive call, and (b) to map the
right variables (here y and z) to the reference parameter positionsinthecall. Using
alocal variable to get the same effect would lead to a typing problem, since the
recursive call would then occur in a different state space.

The combination of angelic choice and asserts keepstheinitial value of x in akind
of “suspended animation” during the execution of the nested block; see Exercise
20.5.

Thuswe haveamethod of reducing arecursive proceduredefinitioninto adefinition
where the right-hand side includes a i« -recursion. Furthermore, we consider a call
N (u, v, e) to be syntactic sugaring:

N(u,v,e) = beginvarz:=e; N.u.v.zend
(recall that we assume that there is no name clash between z and u or v).

In Section 13.5, we showed that a procedure body can be refined freely, pro-
vided that al callsto the procedure are in monotonic positions and that procedure
calls preserve the homomorphism properties (strictness, termination, conjunctivity
and digjunctivity) of the procedure body. The results obviously remain valid for
recursive procedures.

Recursive Procedures with Local Variables

Special care hasto betaken when arecursive call occurswithin the scope of ablock
with local variablesin the procedure body. We assume that the body is of the form
begin var z := e; Send where S does not contain blocks with local variables (this
isno real restriction because inner blocks can always be pushed to the outermost
level in astatement). Then zishandled like avalue parameter intherecursive calls.
On the outermost level itisalocal variable outside the recursion.
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The following example should make this clear. Assume the following recursively
defined procedure with a single recursive cal:

rec N(var X,valy) = beginvarz:=0;---N(y,X+2)--- end .
Thisredly defines N asfollows:
N.X.y

beginvar z:=0;
(uXe - (UXo, 20 {X,Z= X0, Z0}; X, ¥,Z:=Y,X+2Z0;
XX, Y, 2= Xo, X, 2Z0) -+ +)
end .

Before the recursive call, the old values of x and z are stored, while x plays the
role of y and y and z are reinitialized. After the call, x and z are restored, and y
takes back itsold role.

Again, we assume for simplicity that if the procedure N is called from a state in
which aglobal variable z is used as a reference parameter, then the local variable
of the body has been renamed to avoid a name clash.

Procedure Introduction

Fromtherulefor recursionintroduction (Section 20.2) wecan derivearulefor intro-
duction of recursive procedures. For simplicity, we assume only asingle recursive
call in the body of the procedure definition.

Assumethat N is arecursive procedure defined as

N(varx,valy) = beginvarz:= f ;X := N(X, e)]end ,

where X, y, and z are lists of distinct variables; f isalist of expressions over x
and y; eisalist of expressionsover X, y, and z; and X isalist of distinct variables
drawn from X, y, and z. Furthermore, assume that {p,, | w € W} isa collection
of ranked predicates over x and y, and that b is a boolean expression that does not
contain y’ or z free. Then the following rule of procedure introduction is valid:

{Pu}li[x y:=x,y|b] C
beginvar z .= f;

SX = {p<u[X. y =X, €]}; [X:=X| b[x, y =X, €]]]
end

{p};[x,y:=x,y | b £ Nxy

We show the proof for the special case when X = x, i.e.,, when the reference
parameterstaketheir own placesintherecursive calls. The proof of thegeneral case
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is analogous, except that the assignments immediately surrounding the recursion
variable X become more complicated.

{phi[x,y:=x,y bl & Nxy
= {definition of recursive procedure}
{phix,y:=x,y |b] E
beginvarz .= f ;
(XX :=UYo, 20 {Yy=YoNZ=20};y =¢€;
X ;Y. Z:= Yo, 20)]) end
= {Theorem 17.7, assume Z' not freein b}
{(prz="f};[x,y,z:=X,y,Z|b] C
(wX X :i=UYo, 20 {y=YoAZ=2};y=¢€;
XY, Z= Yo, 20)])
« {recursion introduction}
{pwrz="T};[x,y.z:=x,y,Z|b] C
IX =" UYo, 2o {y=Yornz=120};y =¢;
{P<uli X, y=X.,Y |b];y,Z2:= Y0, 2) "]
= {rewrite using context information}
- (UYo, Zo{y=YorzZ=129};y=¢;
{p<uly :=¢€l};[x,y =X,y | bly :=€]]; V. 2= Yo, 20) -
= {remove vacuous assignments}
- (UYo, 2o {Yy=YoAZ=12p};
{p<uly :=¢€l};[x=x"| by :=€]];y,z:= Yo, 20) -
= {simplify angelic choice (Exercise 20.6)}
o Ap<uly =€} [x=x"|bly ;== €]]---
= {substitute back}
{pw/\ZZ f};[X,y’ZZ=X/,y/vZ/|b] -
SIX = {p<uly =€} [x =Xx"| bly := €]]]
= {Theorem 17.7}
{Puli[x,y =X,y |b] E
beginvarz:= f ; §X = {pyuly = €]} ; [x = X" | b[y := €]]] end

Note the use of ellipsisto hide acontext in this proof. We will use this device quite
frequently to shorten a derivation and to highlight the places where changes are
made in aterm. Ellipses are used together with quotation marks: when we quote
a subterm in one step, then the ellipses denote the part of the term outside the
guotation marks in the next step.
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Once the introduction of the recursive procedure N is verified, we can introduce
callsto N, using the following rule of procedure call introduction:

{p};[x.y,:=x,y |b] E N.xy
{ply :=¢€]};[x=x"|bly :=€]] T N(x,e)

Here the hypothesisis that the required refinement holds for the formal procedure
parametersx and y, both of which may belistsof programvariables. Theconclusion
then permits us to infer that the required refinement holds for the actual reference
parameters x (alist of distinct program variables) and actual value parameterse (a
list of expressions). The proof is a short derivation:

{ply :==¢el};[x=x"|bly:=¢€]] & N(x, €
= {definition of procedure call}
{ply :=€1};[x:=x"| by :=¢€]] C beginvary :=e;N.x.yend
= {Theorem 17.7}
{ply =elny=¢e};[x,y=x,y [bly:=¢€]] & Nxy
= {use assertion information to simplify}
{pry=¢};[x,y:=x,yY|b] & Nxy
< {weaken assertion}
{p};[x,y:=x,y |b] E N.x.y

Using the Rule in Practice

In practice, theintroduction rules can be used in thefoll owing stepwisefashion. We

start from aspecification { p} ; [x := X’ | b] of the procedure, where x isintended to

be areference parameter and where other free variables y in p and b are intended

to be value parameters. We then develop arecursive procedure N such that
{philx, y:=x,y1b E Nxy.

After this, we can replace any specification of the form {p[Xx, y ;= u, €]} ; [u ;=
u | b[x, X',y :=u, U, e]] withaprocedurecall N(u, e).

Asatrivial example, we develop a procedure for calculating whether a number is
even or not, relying only on the following recursive characterization of evenness:

even.0A (Vn-even.(n+1) = —even.n) .

We want the argument n : Nat to be a value parameter and the result to be stored
in areference parameter x : Bool. Thus our specificationis

X = -even.n
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or, equivaently, {T} ; [x := X' | X' = even.n]. Asinvariant we use true and as
variant n. The derivation of the procedure is as follows:
n=w};[x,n:=x,n"|x =even.n]
C {introduce conditional, simplify if-branch}
fn=0—x:=T
[n>0=“h=wAn>0};[x,n:=x,n|x =evenn]”
fi
= {characterization of even, context information}
ln=wAan>0};[x,n:=x,n|x ==even.(n—1)] -
= {split assignment}
e n=wAan>0};[x,n:=x,n|x =even.(n — D] ;X i=—=X---
C {weaken assertion, make assignment deterministic}
n—1<w};[x:=x|xX =even.(n — D] ;X i=—=X---
= {substitute back}
fn=0—x:=T
[n>0—-{n—-1<w};[x:=x|x =even.(n—1)]; X:=—-X
fi
By therule of procedureintroduction (with p,, ;= (n = w) andx := xandy :=n
and b := even.n) this derivation proves
[X,n:=x',n" | X =even.n] C Even.X.n,
where Even is defined as follows:

Even(var X, val n) =
fn=0—Xx:=T[n>0— Even(x,n —1); X :=—Xfi.
Furthermore, the rule for introduction of procedure calls allows usto replace state-

ments of the right form with callsto Even. For example, the following replacement
iscorrect:

Z:=even.(a+b) C Even(z,a+b).

Note how the refinement theorem for the procedureitself containsthe value param-
eters as program variables, making the left-hand side look a bit more complicated
than we might want (here we must use a demonic assignment rather than a deter-
ministic one). However, the important thing is that we have a rule for deriving a
procedure that allows us to replace program statements with procedure calls.

Mutual Recursion

A mutually recursive definition is of the form
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rec Ni(var X1, val y1), ..., Nm(var xg,valy;)) = S,..., S0 .

Herethedefining expression S for each N; may contain callstoall of theprocedures
Ng, ..., Nm. Thiskind of definition can easily be handled by consideringit to define
asingle m-tuple N.x.y = (N1.X1.Y1, . . ., Nm.Xm.Ym). Since the cartesian product
of completelatticesisacompletelattice, N.X.y isthen aleast fixed point in anal ogy
with the single-recursion case. Now, thedefinition of Ny, ..., Ny, aboveistakento
mean that N;.X;.y; istheith component of thisleast fixed point, fori =1,..., m.
We will not consider mutual recursion in any more detail here.

20.4 Example: Computing the Square Root

As another example, we derive a recursive procedure for computing the integer
square root of a given natural number n, i.e., the (unique) natural number x sat-
isfying x> < n < (X + 1)% Our plan is to let two variables | and r bound an
interval within which the square root of n is guaranteed to be, and to make this
interval smaller and smaller until r = | 4+ 1. This suggests a recursive procedure
with onereference parameter (x) and three value parameters(n, |, andr) and using
12 <n <r?asinvariant andr — | asvariant. Theinitial specification is

(P<n<r?:x.nlr=x,nlr|x?<n<x+1? .

We then have the following derivation, where S stands for the statement [x :=
X'|x?<n<X+17:

(P<n<r?ar—l=w};x.nlr:=x,n1r|x?<n< & +17
= {make assignment more deterministic}
(P<n<r?ar—l=w};[x:=x[x?<n<x+1?3
= {introduce conditional, smplify assertions}
ifl+1l=r >“{’<n<r’Ar—l=w};S”
Il+1#rAd+1?/4<n—
(l+1<rad+n?/4d<nal?<n<r?Ar—l=w};S
Il +1#4rAd+r)?/4>n—
l+1l<ran<d+n%/4nrl2<n<r?Ar—l=w};S

fi
C {introduce assignment}
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ifl +1=r - x:=1
Il +1#rAa(+r)?/4<n—

l+1l<rad+n?/4<nal?<n<r?Ar—l=w};S
Il+1#rAd +1r)?/4>n—
l+1l<ran<(+n%/4nr12<n<r?Ar—l=w};S

fi
C {weaken assertions}
ifl +1=r — x =1
Il+1#rAd+1?/4<n—
({(+0%/4<n<r?Ar—(+1)/2<w};S
Il+1#rAd +r)?/4>n—
(1P<n<d+4+0r)2/4A(1+1)/2—1 <w};S
fi
The introduction rule then allows us to define a procedure as follows:
rec Sqrt(var X, valn,l,r) =
ifl +1=r - x:=|I
I14+1#r A 4+1r)2/4<n— Sart(x,n, (I +r1)/2,1)
Il +1#r A +1)2/4>n— sqrtx,n, |, (1 +r1)/2)
fi
and deduce
(P<n<r?:x,nlr=xnlr|x?<n<xX+013 C
Sart.x.n.l.r .

Furthermore, therulefor procedurecall introductiontellsusthat if eisanexpression
over the program variables, then

[x =X |x?2<e< (X +1? C Sqrt(x,e0,e+1).

To avoid the redundant parameters (0 and e + 1) we can define an additional
procedure with only two parameters (x and €), the body of which consists of only
thecall sqrt(x, e,0,e+ 1).

20.5 Summary and Discussion

This chapter has given an overview of the fixed-point theory of recursion, applied
to the framework of predicate transformers and refinement cal culus. We have also
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shown how recursive procedures with value and reference parameters are derived
and used.

Dijkstra's original weakest precondition calculus [53] did not handle recursion,
it did not use fixed points for defining loops, and it required that loop bodies
be continuous. The weakest precondition calculus was extended to recursion by
Hehner in[74]. A predicate transformer semanticsfor general recursion (including
mutual recursion) is given by Hesselink [78].

Ordinalswerefirst used to describe recursion in terms of limitsby Boom [41], who
described his results in the framework of constructive mathematics. Dijkstra and
van Gasteren used fixed-point reasoning and well-founded induction for loops, to
avoidtherestrictionto continuity [55]. However, most authorshave preferred to stay
within the realm of bounded nondeterminism (i.e., continuity), where the natural
numbersaresufficient. A continuous semanticsfor unbounded nondeterminism can
be given, as shown by Back [8], but such a semantics cannot then be fully abstract;
i.e., it requires additional information not related to the input—output behavior of
the program [5].

Theoriginal refinement calculusin[7] had only iteration constructs, and no general
recursion. Recursion with noncontinuous statements was added to the refinement
calculus by Back [12] using ordinals, essentially following Boom [41]. A fixed-
point version of recursion in the refinement calculus was given by Morris [108].
The rule for recursion introduction in the refinement calculus was first described
by Back in[11].

Greatest fixed points are used in a partial correctness framework but have not
attracted much attentionintotal correctnessformalisms. AnexceptionisDavid Park
[114], who used greatest fixed points to describe parallelism and fair termination.

Rules for introducing and reasoning about procedures, including recursive pro-
cedures, within the refinement calculus framework were given by Back [11].
Independently, Morgan also derived rules for procedures, but without recursion
[103].

20.6 Exercises

20.1

20.2

20.3

Show that the approximation S, inthe examplein Section 20.1is{1 < x};x ;= 1,
while S, isx = 1.

Assume that each predicate p,, in the ranked collection {p,, | w € W} (where W
isawell-founded set) isof theform | A t = w, where w does not occur freein |
or t. Show that the predicate (Uw € W+ p,) is|.

Prove the following rules, which were used in Section 20.1:



20.6. Exercises 345

20.4

20.5

20.6

20.7

20.8

20.9

20.10

(@ (3o - q.0 A= p.o) = [d]; {p} = abort .
(0) (f);{p} = {ro - p.(fo)}; (f) .
(c)x:=e;x:=¢€ C x:=¢€ if xdoesnot appear ine.
Prove the following, which was used in Section 20.1:
x=1u{2<x=<n+1};x:=1 = {I<x<n+1};x:=1.
Prove the following refinement equality:
y=a,uyl{y=wl}:S;y:=y) = y:=a;Sjy:=a

for anarbitrary valuea. This showsthat the statement (U yo | {Y = Yo}; S; Y := Yo)
manages to execute S but then restore y to itsinitial value.

Prove the following result used in the proof of the rule for procedure introduction:
WYo I {y = Yo} ; {p};[x:==X"|b];y:=Yo) = {p};[x:=%x"1b].
Prove the following result used in the proofs of the procedure rules:

{p};x:=x"|b] C beginvary :=e; Send

{(pAy=¢};[x,y:=xX,y |bCS
when y and y’ do not occur freein p or b.

Derivearecursive procedure for computing the factorial of anatural number, using
the following primitive recursive characterization of fact:

(fact.0 = 1) A (Vn =« fact.(n + 1) = n - fact.n) .

Derive a recursive procedure for computing the greatest common factor (also
known asthe greatest common divisor) for two positive natural numbers, using the
following properties of gcf, whenever x and y are positive:

gef.X. X =X,
X <y = gcf.X.y = gcf.X.(y — X) ,
gcf.X.y = gcf.y.xX .

A suitableinitial specificationis
{Xx>0Ay>0};z:=gcfXy.

Fill inthe missing detailsin the derivation of the recursive procedure that computes
theinteger squareroct, i.e., the detail s of the derivation stepsjustified by “introduce
assignment” and “weaken assertion”.
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21

Iteration and Loops

Therecursive constructs provide powerful programming tools. In the general case,
the body S of a recursion (u X « S) or (v X « S) can be an arbitrary term of
predicate transformer type. Animportant special case of recursionisiteration, i.e.,
the repeated execution of a statement. In this chapter we consider different kinds
of iterations.

We introduce two basic iteration constructs, a strong iteration statement given by
the least fixed point construct and aweak iteration statement given by the greatest
fixed point construction. We study the monotonicity and homomaorphism properties
of these statements and give rules for reasoning about iteration statements.

We then show how to describe ordinary program constructs such aswhile loops as
derived statements in terms of iterations. In particular, we derive correctness and
introduction rules for iteration statements and loops using the corresponding rules
for recursive statements.

21.1 lteration

L et Sbeamonotonic predicatetransformer. We definetwo basi citeration constructs
over S, strong iteration and weak iteration, as the following fixed points:

S
S

(u X+ S; Xniskip) , (strong iteration)
(v X+ S; Xiskip) . (weak iteration)

> 1>

Iterationsareimportant building blockswhen weintroduce and reason about loops.
Intuitively speaking, statement S* is executed so that Sis repeated a demonically
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Lemma 21.1

Lemma 21.2

chosen (finite) number of times. Execution of statement S issimilar, but if Scanbe
executed indefinitely, then S” isaborting (recall that infinite unfolding corresponds
to nontermination for least fixed point statements).

Predicate-Level Characterization
The two iterations can also be described using fixed points on the predicate level.
Let Sbe an arbitrary monotonic predicate transformer. Then
S’ = (ux-SxnNq),
Sq = (vx-SxNQ)
for arbitrary predicate g.

Proof For strong iteration we have for arbitrary predicate q,

(uX+S; Xmskip).g=(ux+SxNQ)
« {Corollary 19.6}

VT« (AX-+S; Xnskip).T.g = (Ax+- SxN).(T.q))
= {B reduction}

VT - (S; Triskip).g = S(T.g)NQ)
= {statement definitions}

T

The proof for S* isdual. O

As an example of an iteration, consider the weak iteration (X = x + 1)*. It
increments x ademonically chosen (finite) number of times. Thusit has the same
effect as the update [x := X' | X < X']. On the other hand, (X := X + 1)® is
nonterminating, since x can be incremented indefinitely, so it has the same effect
as abort (Exercise 21.4).

Tail Recursion

The choice of skip as the exit aternative (i.e., as the second argument of the meet
inthe body of the recursion) in the definitions of the iterations may seem arbitrary,
and in asense it is. The following lemma shows how we get an iteration with an
arbitrary exit alternative T.

Let Sand T be arbitrary monotonic predicate transformers. Then

ST = (uX-S;XnT),
ST = wWX.5; XnT) .
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Lemma 21.3

Proof We have
S T=WX-S;XNT)
= {déefinitions}

(WX-S;Xnskip); T=(uX+S; XnT)
« {fusion (Theorem 19.5) withh.X = X ; T}
(VX-(S; Xnskip); T=S5;,(X;T)nT)
= {distributivity}
T
which proves (8). The proof for weak iteration is similar. O
Statements of the form (u X «+ S; X 11 T) are important, since they modd tail
recursion, i.e., recursion in which the body of the recursion has no substatement

that sequentially follows the recursive call. Thus Lemma 21.2 shows how tail
recursion can be written using strong iteration.

Infinite Repetition Statement
We define the infinite repetition statement S>* as follows:

S L (uX-S;X) . (repetition statement)
The following lemma shows what the predicate transformer S is.

Assume that Sis a monotonic predicate transformer. Then S*.q = u.S.

Proof
(wX+S; X).q=n.S
< {Corollary 19.6}
VT - (WX S; X).T.q=S(T.q)
= {B reduction, definition of composition}
T
O
Thus, S*.q = .S for an arbitrary postcondition g. Intuitively, this means that

the predicate w.S characterizes those states from which repeated execution of S
eventually terminates miraculously.

Infinite repetition can be expressed using strong iteration (Exercise 21.5):
S* = & magic .

This justifies considering the strong and weak iteration statements are more basic
that the repetition statement.
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21.2 Properties of lterations

Both iteration statements can be viewed as statement constructors with one sub-
statement argument. \We now investigate their monotonicity and homomorphism
properties.

Both iteration statements are monotonic, in a restricted way, as shown by the
following lemma.

Theorem 21.4 Theiterative constructs S*, S°, and S™ are monotonic when restricted to a mono-
tonic argument S. Furthermore, they preserve monotonicity: if S is monotonic,
then so are S*, S”, and S™.

Proof Consider first the monotonicity of the iterative constructs. We have

scs
= {monotonicity properties of statements}
(VX S; XnskipE S ; Xniskip)
= {monotonicity of pointwise extension}
(AX+S; Xnskip) C (AX+ S ; X skip)
= {monotonicity of least fixed point, Lemma 19.2 }
(WX +S; Xnskip) C (uX+ S ; Xnskip)
= {definition of strong iteration}
s'cs”

Monatonicity of S* is proved with the same argument.
We then also have

S” ismonatonic
= {definition of strong iteration}
(uX+ S; X mskip) ismonotonic
< {Lemma19.7 }
(AX + S; X m1skip) ismonotonic A
(AX+ S; X Mskip) preserves monotonicity
< {basic statements are monaotonic and preserve monotonicity}
T

d

These properties are summarized in Tables 21.1 and 21.2.

We next consider which homomorphism properties are preserved by iterations and
loops.
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is C
(AS-S”) | yest
(AS- S | yest
(AS- S®) | yest

Tmonotonic S

TABLE 21.1. Iteration monotonicity

Theorem 21.5 Theiterations S* and S” and the infinite repetition S> have the following proper-
ties:

(a) Weak and strong iterations are always strict, and infinite repetitions preserve
strictness.

(b) Weak iterations preserve termination.
(c) Weak iterations and infinite repetitions preserve conjunctivity.
(d) Infinite repetitions preserve digunctivity.

Proof Wefirst show that S* is strict:

S* false
= {Lemma 21.1}
(v X+ SXx N false)
= {predicate calculus}
(v X - false)
= {fixed point of constant function}
false
The proof for strong iteration is similar.
Next, Lemma 19.8 is used to show that weak iteration preserves conjunctivity and
that infinite repetition preserves digunctivity. That infinite repetition preserves
conjunctivity follows directly from the fact that S*.(Ni € | - p) and (NI €
| - S*®.pi) are both equal to . Swhen | is nonempty.
To seethat S* preserves termination, we have the following derivation:

Sterminating

F S*.true

= {Lemma 21.1}
(v X+ SXNtrue)

= {predicate calculus}
(vX -+ SX)
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preserves | C | 1L T n ]

(AS-S”) |yes|yes no yes no
(AS-S*) | yes|yes yes yes no
(AS-S®) | yes|yes no yes yes

TABLE 21.2. Property preservation for derived
statements

= {assumption S.true = true means true must be greatest fixed point}

true

We leave the proof that infinite repetition preserves strictness as an exercise to the
reader (Exercise 21.6). O

Infact, it can be shown that strong iteration al so preserves conjunctivity. However,
the proof of thisis most easily done after some further properties of conjunctive
statements have been investigated, so we postponeit to Chapter 29 (Theorem 29.7).

21.3 Correctness of lterations

Theorem 21.6

Recall the fixed-point properties and the rule of recursion introduction in Chapter
20. As an application of these rules, we can derive correctness rules for the iter-
ation statements. Our aim is to show under what conditions the total correctness
assertionsp { S} q, p{S?} g, and p { S* |} g are valid. We start with weak
iteration.

Assume that Sis a monotonic predicate transformer.

(a) The following correctness rule holds for weak iteration:
r{sSgr = r{Spr.
(b) Furthermore, if {r,, | w € W} is a collection of ranked predicates, then the
following correctness rule holds for strong iterations:
Yw eWer, {Shry) = r{S”}r .

Proof Part (a) isreally aspecial case of greatest fixed point induction:

T

= {specialize greatest fixed point induction}
rc(AX-SxNr)r =>r C(vx-SxNr)

= {B reduction, Lemma 21.1}
rcSrnr)y=rcSr
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Corollary 21.7

21.4 Loops

= {lattice property X T ynx) = (X C y)}
rcSr=rcstr

and the proof isfinished. For (b), recall thatr = (Uw € W-r,)andr_, = (Uv €
W v < w-r,). The proof is similar to the proof (&), but it relies on the rule for
u-introduction (Theorem 20.1; the details are |eft to the reader). O

Note the similarities between the two rules in Theorem 21.6. The rule for strong
iteration is somewhat more complicated, asit makes use of ranked predicates. The
basic ideaisthat each execution of the statement S hasto decrease the rank of the
predicate in order to guarantee termination.

Since preconditions can be strengthened and postconditions weakened, we imme-
diately get the following corollary for strong iteration.

Assume that p and g are predicates and S is a monotonic predicate transformer.
Assumethat {r,, | w € W} isaranked collection of predicates. Then

P{S"lq

pcr,
(i) Yw e Wer, {| Slr-,),and

(iii)r <q.

Intuitively, the first condition in Corollary 21.7 means that the invariant r is es-
tablished by the precondition p. The second condition asserts that each iteration
decreases therank of theinvariant. Finally, the third condition states that the post-
condition g holds after termination (regardless of which r,, was reached when
execution terminated).

We now consider a derivative of the strong iteration S”, the while loop and its
generalizations. The while loop isless general than strong iteration, and its syntax
is more restrictive. It models the standard while loop of imperative programming
languages.

While loops

We define the construct while g do Sod as follows:

while g do Sod 2 (u X -if gthen S; X else skip fi) ,
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Lemma 21.8

Lemma 21.9

where g is a predicate and S a predicate transformer. By unfolding, we see that
execution of while g do Sod consists in repeatedly executing S as long as the
predicate g holds. Predicate g is called the guard and S the body of the loop.

While loops can be reduced to iterations. Thisisuseful, since it means that we can
reduce reasoning about loops to reasoning about iteration.

Let g be a predicate and S a monotonic predicate transformer. Then
while gdo Sod = ([g];9“;[—q] .

Proof The proof isashort calculation:
S monotonic
F while g do Sod
= {definition}
(u X «ifgthen S; X else skip fi)
= {rewrite conditional}
(nX-[g];S; Xm[—=gD
= {Lemma 21.2}
([d]:9”;[~d]
O

A consequence of Lemma 21.8 is the following predicate-level fixed-point char-
acterization of the while loop:

Let g and g be predicates and S a monotonic predicate transformer. Then

while gdo Sod.g = (uXx+(@NSX)U(—gNQ)) .

Proof We have

while g do Sod.q

= {Lemma 21.8}
(9], 9”;[—dD-q

= {definitions of sequential composition and guard}
([9l; 9”.(gua)

= {Lemma 21.1}
(nx-([9];9.xN(guU)

= {definitions of sequential composition and guard}
(wx-(—gUSX)N(QUQ))

= {predicate property}
(ux+(@NSx)U(—=gnQq))
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Theorem 21.10

which proves the lemma. O

Guarded lteration Statements

We have already seen how the guarded conditional generalizes the deterministic
conditional by permitting nondeterminism and also more than two aternatives.
The guarded iteration statement similarly generalizes the while loop. It is defined
as

dog; — Sll] [lgn—>S10d L
while gt U---Ugnhdo[g1] ;S m---m[gn]; Shod .

This gives the while loop as a specia case, whenn = 1.

dog— Sod = whilegdo Sod .

A whileloop with adeterministic conditional iseasier to understand when rewritten
as aguarded conditional:
while g do if hthen S else S fiod =
dogrnh—-Slgr—-h—> Sod .
This is aso true in general; the logic behind a program is often more clearly
expressed by the guarded conditional and iteration statements than by their deter-
ministic counterparts. The guarded conditional and iteration statements are also

very convenient to usein practical program derivations, as the different cases can
be handled more independently of one another.

Properties of Loops
We now investigate the monotonicity and homomorphism properties of loops.

The while loop and guarded iteration are both monaotonic with respect to mono-
tonic predicatetransformer arguments. Furthermore, bothloop constructspreserve
monotonicity.

Proof  For the while loop, both properties follow from Lemma 21.8 and the
corresponding properties of strong iteration, the guard statements and sequential
composition. The properties for guarded iteration are then easily derived from the
properties for while loops and guarded conditionals. O

Monotonicity preservation of guarded iteration means the following:

SESA...ASCS =
dogi— Sfl...00— Sod = dogs— S [...0g— S, od
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is C
(LS~ while g do Sod) yest
(AS - Sicdogi = S --- 09— Sod) | yest

Twhen restricted to monotonic arguments S

TABLE 21.3. Loop monotonicity

Theorem 21.10 showsthat we can extend our syntax of monotonic statementswith
the while loop and guarded iteration. Thus, whenever Sisamonotonic statement,
while g do Sod is then also a monotonic statement, and similarly for do ... od.
Tables 21.3 and 21.4 show the monotonicity properties of loops.

The homomorphism preservation properties of loops are as follows.

Theorem 21.11 While loops and guarded iterations both preserve strictness. Furthermore, while
loops preserve digunctivity.

Proof Since guards are conjunctive, sequential composition and strong iteration
both preserve conjunctivity, and while g do Sod = ([g] ; 9 ; [— 9], it follows
that while loops preserve conjunctivity. Next, from Lemma 19.8 it follows that
while loops preserve digunctivity. The proof of strictnessis|eft to thereader asan
exercise. The properties of guarded iterations follow directly from the properties
of while loops and guarded conditionals. O

In fact, while loops and guarded iterations also preserve conjunctivity. This will
be proved in Chapter 29 (Theorem 29.7).

Note that the infinite repetition statement is a specia case of the while loop
(Exercise 21.5):

S® = while true do Sod .

21.5 Loop Correctness

From the correctness rule for strong iteration we can now derive correctness rules
for loops.

preserves cC| L T n ]
(LS while g do Sod) yes | yes no yes yes
(AS - Si+dogi—> S -~ 1gh— Siod) | yes | yes no yes no

TABLE 21.4. Loop preservation of monotonicity
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Theorem 21.12 Assume that g is a predicate and S a monotonic predicate transformer. Assume
that {r,, | w € W} isaranked collection of predicates. Then

VweW-r,Ng{Skr.y) = r {whilegdoSod[jrN—g.

Proof We use the corresponding rule for strong iteration:

r {whilegdo Sod[}jr N—g

= {Lemma21.8}
r{dal;9”;[=dlkrn—g

= {definition of correctness}
r< g 9”;[—gh.rn—-g

= {definition of sequential composition and guard}
r<al;9%.(@urn—-g)

= {lattice property}
r<(gl;9“.(gur)

< {monoatonicity}
r<gal;9r

= {definition of correctness}
r{dal; 9

« {correctness rule for strong iteration (Theorem 21.6)}
Yw e Wer, {[d]; Shrow)

= {definitions of guard and correctness}
(Vw eW- ry € _‘gU S-r<w)

= {shunting rule}
NMweW-r,N gc S-r<w)

= {definition of correctness}
YweW-r,Ng{Shro)

d

From Theorem 21.12 we get the following general rule for proving correctness of

loops:
Theorem 21.13 Assumethat gy, ..., On, P, and g are predicatesand § are monotonic statements
fori = 1,...,n. Furthermore, assumethat {r,, | w € W} is a ranked collection

of predicates. Then

p{dogi— S[...00h— Sod}q,
provided that
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Mpcr,
(i VvweW-r,Ng {Sre),fori=1,...,n,and

(iil)rn=gcaq.

whereg=01 V-V gn.

Thefirst conditionin Theorem 21.13 statesthat theloop invariant r holdsinitialy;
the second condition asserts that each iteration of the loop preserves the loop
invariant while decreasing the rank of the particular predicate r,,; and the third
condition states that the postcondition q is established upon termination of the
loop.

Once we have found aloop invariant, we may use it to modify the loop guard. We
have the following general inference rule for this:

PEpc@=9)
@+ {p}; while gdo Sod = {p} ; while " do Sod ’

provided that p is preserved by theloop; i.e., (g N pN S.true) { S|} p.

Example

As asimple example of loop correctness, we consider the following loop:

L = whiley>0dox,y:=x-y,y—1od.
It stores the factoria of the initial value of y in x if the condition x = 1 holds
initially. We show that it satisfies the total correctness assertion

varX,y:Nat F X=1AYy=VYoAYo=0) {L}x=vyo!,
where yy isafree variable standing for theinitia value of y, and yy! isthe factorial
of yo.

Wechoose0 <y < yo A X - y! = yp! astheinvariant and y as the variant. Thus
we have to prove the following conditions:

MX=1AY=YoAY>0=0<y=<y AX-yl=y.
(MO0<y=YoAX-Yy=Y!AY>0Ay=n

Ix,y:=x-y,y—-1}
O<y<Y AX-yl=yw! Ay<n.

({)0<Yy<Yo AX-Yl=y! A =(y>0) = x=y! .

The first and third conditions are straightforward arithmetic truths. The second
condition is reduced using the assignment rule to get the following condition:

O<y<voAX-Y'=¥WAYy>0Ay=n =
O<y—-1=<yYoAX-y-(y=-Dl=y! Ay—-1<n.
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This now follows by standard arithmetic reasoning.

21.6 Loop Introduction and Elimination

Theorem 21.14

From the correctness rule we can now derive a ssmple rule for while-loop intro-
duction, where a pre—postcondition specification is refined by aloop:

dFpcl @ (I A=g) Cb[X =x]

dF{p};[x:=X|b] C whilegdo{gAl};[x:=X |l At[x:=x]<t]od
e X does not occur freein b,

wheret is a state expression ranging over some well-founded set. Thisloop intro-
duction rule may seem restrictive, since the original demonic assignment cannot
refer totheinitial value of the variable x. However, by using specification constants
(treated in Section 17.2) for the initial values of program variables, we can avoid
thisrestriction.

In some cases we know (or can guess) what the body should be in a loop intro-
duction. In this case we can use a proof rule derived directly from the introduction
rule given above:

Assumethat g, p, |, and b are boolean expressions such that x does not occur free
in b. Furthermore, assume that state expression t ranges over some well-founded
set. Then

{p};[x:=x|b] E whilegdoSod ,
provided that
Hpct,
(i) YweW- (@Al At=w) {S) (I At <w)),and

(iii) (=g A1) Ch[X :=X].
For the elimination of loops, the following rule can be used:

{—g};whilegdo Sod T skip

Example: Exponentiation

As an example of program refinement using loop introduction, we develop a pro-
gramfor computing x¥, where x and y are program variablesthat range over natural
numbers. We start from the following specification:

[X,y,r ==Xy, r'|[r'=x"].
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Theideaisto compute the exponentiation step by step, storing intermediate results
inr. Note that the specification allows x and y to be changed arbitrarily. We will
make use of this freedom, but first we must introduce specification constants to
stand for the initial values of x and y.

We divide the derivation into two parts. The first part introduces specification
constants and a loop in which y is successively decreased. The loop body is a
demonic assignment, and in the second part we implement it in an efficient way.

[x,y,r :=x,y,r"|r'=x]
C {introduce trivially true assertion}
3o Yo X=X AYy=Yo};[X, ¥, 1 ==Xy, 1" |1 =x]
C {introduce leading assignment}
r.=1;
{IXo Yo X=X AYy=YoAT =1};
[x,y,r :=x,y,r"|r'=x]
C {specification-constant rule}
X=X Ay=YoAr =1}
[X,y,r:=x,y,r" | r=xY]
C {introduce loop with invariantr - x¥ = x3, variant y}
while y > O do
{y>0nAr -x¥=xP}
X, ¥, r =X,y [r-xY =x*Ay <]
od
s ri=1;
while y > Odo
{y>0Ar - -x¥=x3};
Xy, =Xy, |1 xY =xP Ay <]
od

In the loop introduction, the entry condition for Theorem 21.14 is

X=XAYy=YoAr=1 = r-x¥=x¥,

and the exit condition is
—(Yy>0Ar-x¥=x = r=x.
These are both easily verified.

We now refine the body of the loop. Rather than decreasing y by 1 al the time
(where we would use the property x¥+1 = x - x¥), we use the following property:
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XY = (x-x)Y
to halve y whenever possible. The derivation thus continues as follows (focusing
on the loop body):
{y>0Ar.-x¥=x3;
Xy, =Xy, |1 xY =x Ay <yl
= {introduce conditional }
if even.y then
{even.y Ay > 0T -x¥ =x};
Xy, r =Xy, 1 |1 xY =x Ay <]
else
{odd.y A y>0 AT -x¥=x};
X, y,r =Xy, [r - xY =xP Ay <]
fi
C {introduce assignment in both branches}
if even.y then X, y = X - X, y/2
elsey,ri=y—1,x-r
fi
We leave it to the reader to verify that the assignment introductions are correct.
Thus we have reached the following refinement of our initial specification:
[xX,y,r :=x,y,r"|r'=x]
C {above derivations, switch to guarded iteration}
r.=1;
while y > O do
if even.y then X, y = X - X, y/2
elsey,r:=y—21,x-rfi
od

21.7 Summary and Discussion

The while loop has been part of predicate transformer reasoning since Dijkstra's
original work [53]. The weak iteration statement constructor is in many ways
similar to the star operation of regular languages, which has been used to describe
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imperative programs by Backhouse and Carré[33]. However, in regular languages
the choice operation has no zero element, but for statements we have abortm S =
abort, so the algebra of regular expressions cannot be applied directly. Stefan
Ronn [124] has aso investigated the use of regular language algebra in program
reasoning.

Weak and strong iteration statements essentially similar to the ones described here
were originally introduced in the refinement calculus (as action sequences) by
Back [15] in connection with a study of refining the atomicity of parallel program
constructs. They werelater studied more carefully by Back [17, 18] and by Michael
Butler and Morgan [44, 46]. The careful study of the homomorphism properties of
weak and strong iteration is believed to be new.

Dijkstra's original definition of the loop semantics (which we will derivein The-
orem 22.10) attracted alot of attention, and a number of solutionsto the problem
of noncontinuous loops, unbounded nondeterminism, and weak termination were
proposed. Theseinclude Back [10] and Boom [41]. The use of implicit fixed points
and well-founded sets proved a ssimple and stable solution to the problem, asin
Park [114] and Dijkstra and van Gasteren [55]. As an alternative, ordinals were
used by Boom [41], Morris [108], and Back [12]. For a comprehensive study of
the problems connected with lack of continuity (unbounded nondeterminism), see
Apt and Plotkin [5].

21.8 Exercises

21.1

21.2

21.3

21.4
215

Recall that an iteration operation for relations was defined in Chapter 9. Show that
the following homomorphism property holds:

[R]* = [RT].

Show the following properties for the weak iteration of an arbitrary statement S:

S;S C §;S,
S S = S,
(SH* = S*.

Investigate to what extent the properties of weak iteration in Exercise 21.2 hold for
strong iteration also.

Show that (X := x + 1)® = abortand (X := X + 1)* =[x :=x" | x < X].

Show that the following characterizations of the infinite repetition statement are
correct:

S” ; magic ,
while true do Sod .

S*
S*
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21.6
21.7

21.8
21.9

21.10

Show that the infinite repetition construct preserves strictness.
Let predicate g and statement S be arbitrary. Show that

while g do Sod = while gdo Sod; {—g} .
Fill in the detailsin the proof of Theorem 21.6.

In Chapter 17 we introduced the problem of finding the smallest natural number
not occurring in the array segment B[0..n — 1], assuming that all values in this
array segment are in the range 0..m — 1. We derived the following:

[x :=x"|—elem.X.BA (Yy+—elem.y.B = X' <y)]
E
begin var C : array Nat of Nat;
[C:=C'|(Vy-elemy.B=y <mAC[yD];
X=X (X'=mvV-C[X)A(My-y>mv-=Cly] = x' <y)]
end

Continue this derivation until the block body contains three loops. one to set all
elements in C[0..m — 1] to F, one to make C[0..m — 1] represent the set of all
elementsin B[0..n — 1], and finally one to set x to the smallest index such that
X >myv —C[Xx].

Prove the following rule;

p{S*lq = p{S’|true .
Then useit to provethat p { S* |} q holdsif

Yp<Cr,and

(“) YweW-r, | S}roy).
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22

Continuity and Executable
Statements

In Chapter 19, we used ordinals to express fixed points as limits. In practice, the
natural numbers are sufficient as long as all statements involved are continuous.
In this chapter we will study the notion of continuity more closely and show how
fixed points and recursion are handled in the continuous case.

Continuity is a homomorphism property. A predicate transformer is continuous if
it preserves limits, and since limits are a special kind of join, continuity isin fact
a restricted form of join homomorphism. We consider continuity of statements,
identifying which statements are continuous and which constructors preserve con-
tinuity.

Continuity isimportant in computer science becauseit isconnected with the notion
of what can be computed in finite time from afinite amount of input information.
We use continuity as a guiding principle in defining a subclass of statements that
onecan consider asexecutabl e. The executabl e statementsthat we definegeneralize
the traditional guarded commands language to interactive statements, in which the
user can carry on a continued dial ogue with the computer.

22.1 Limits and Continuity

We first look at the algebraic notions of complete partial orders and continuity
in general. In subsequent sections, we then investigate in more detail continuity
properties of predicate transformers.

Recall that asubset C of aposet (A, C) isdirected if every finite subset is bounded
above and that the poset (A, C) is a complete partial order (a cpo) if the limit
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22. Continuity and Executable Statements

Lemma 22.1

Lemma 22.2

Lemma 22.3

l[imC (i.e, uC) exists for every directed subset C of A. A monotonic function
f : A — B, where A and B are complete partial orders, is continuous if it
preserves limits.

Note that a complete lattice is always a cpo. Any unordered set can be made into
acpo by adding a bottom element (such acpois called aflat cpo).

We write A — B for the set of all continuous functions f € A — B fromacpo
Atoacpo B. When Aisatype X, then this set isitself a cpo with the pointwise
extended order. In general, A —. B need not be acpo even if A and B are cpos.
The reason is the same as for monotonic functions A —,, B; antisymmetry need
not hold.

Let type ¥ and set B be cpos. Then the pointwise extension of B to ¥ —. B is
also a cpo.

Since limits preserve continuity (Exercise 22.2), we have the following result.

The cpo (¥ —¢ B, C) isa subposet of (X —n, B, E). Furthermore, limits give
thesameresultin (¥ —¢ B,E) asin (X -, B, D).

Fixed Points and Continuity

For continuous functions f € A — A, where A is acpo, we can give an explicit
characterization of the least fixed point . f using only natural numbers:

Assume that f is a continuous function on a cpo A. Then f has a least fixed
point w. f. Furthermore, w.f can be described as a limit of a countable set of
approximations:

w.f = (dimneNate f".1) .
For a proof of this lemma we refer to standard textbooks on order theory, such as
[50].

Lemma 22.3 shows that if f is continuous, then we need not go beyond the first
infinite ordinal; the least fixed point w. f isthelimit of a chain of approximations
indexed by the natural numbers.

For statements, Lemma 22.3 meansthat if (A X « S) is acontinuous function, then
the recursive statement (u X « S) isthelimit (lim n € Nat- S,), where S = abort

and S, = X 1= §.

Colimits and Cocontinuity

The dual notions of directedness and limits are codirectedness and colimits. Thus,
C iscodirected if
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(Va,beC-3ceC:-cCa A cCh), (codirectedness)

and the meet of a codirected set is called its colimit. We write colim.C for the
colimit of the set C. A partially ordered set Alisadual cpo if every codirected set
has a greatest lower bound, i.e., if al colimitsexistin A.

A linearly ordered set (such as Nat) is an example of a set that is both directed and
codirected.

Using colimits, we can define cocontinuity (the dual notion of continuity). A func-
tion f € A — B is cocontinuous if it preserves colimits. The properties of
cocontinuous functions on dual cpos are in every respect dua to the properties
of continuous functions on cpos. Thus the greatest fixed point of a cocontinuous
function on adual cpo isthe colimit

v.f = (colimneNate f".7) .

In particular, a complete lattice is adual cpo, so this construction can be used for
the greatest fixed point of a cocontinuous function on a complete lattice.

22.2 Continuity of Statements

Corollary 22.4

We shall now investigate which basic statements are continuous and which state-
ment constructors preserve continuity. This allows us to identify statement sub-
classes that generate continuous statements.

Basic Statements

Sincelimitsareaspecial kind of join, universally disjunctive predicatetransformers
are aways continuous (note that since the empty set is directed, a continuous
predicate transformer is always strict). Hence, we get the following result as an
immediate consequence of Theorem 16.1.

The assert statement, the functional update, and the angelic update are all contin-
uous.

The demonic update need not be continuous, however. As a counterexample,
consider the demonic update
[x:=x"1|T].

This chaotic assignment assigns an arbitrary natural number to x. Define g to
be the predicate x < i, for i € Nat. Then {q; | i € Nat} is an ascending chain.
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Theorem 22.5

Consequently, {S.q; | i € Nat} isalso an ascending chain when Sismonotonic. As
an ascending chain is also a directed set, we have
(limi € Nat« [x := X" | T].qi)

= {definitions of demonic update and g; }
(limi e Nat- (VX' - T= X <))

= {reduction, order reasoning}
(limi € Nat- F)

= {property of join}
false

However, with S= [x := x| T],

S.(limi € Nat- q;)

= {definition of q; }
S.(limi € Nat+ x < i)

= {pointwise extension}
S(3 eNat-x < i)

= {Nat is upward unbounded}
Strue

= {[x := X" | T] isterminating}
true

Thus, limits are not preserved, so statement Sis not continuous.

We can givethefollowing very general conditionsunder which the demonic update
is continuous. A relation R : X < TI' issaid to be image-finite if {y | R.o.y}is
finiteforeacho : X.

The demonic update [R] is continuousif and only if R istotal and image-finite.

Proof First assumethat R istotal and image-finite. Let thedirectedset {q; |i € 1}
andthe state o be arbitrary. If the set isempty, thenitslimitisfalse and [ R].false =
false holds when R istotal (Exercise 22.3). Otherwise, define a new directed set

{pi|iel}by
p=0g NRo
forali € |.Since Risimage-finite, theset {p; | i € |} can contain at most afinite

number of distinct elements, which meansthat (limi € | - p;) = p, for somen.
Then

(limi €1« pi) = pn
F [Rl.dimi €| - qgi).o
= {definition of [R]}
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Yy * Ro.y = (limi el - q).y)
= {pointwise extension, predicate properties}
Vy+*Roy= 3 €l -qg.y ARo.y))
= {definition of p;, pointwise extension}
Yy « Ro.y = (limi €l - py).y)
= {assumption}
(Vy * Ro.y = pny)
= {definition of pp}
Yy « Ro.y = agn.y A Ro.y)
= {predicate calculus}
(Vy - Ro.y = th.y)
= {definition of [R]}
[R].On.0
= {3 introduction, witnessi := n}
3Fi el -[R].gi.o)
= {pointwise extension}
(limi € 1 + [R].qi).o
which shows that [R].(limi € | - g) € (limi € | - [R].qg;). Since the reverse

ordering follows by monotonicity, we have shown that if R isimage-finite, then
[R] is continuous.

In order to provethe reverseimplication, we now assumethat R isnot image-finite.
In particular, let o be arbitrary but fixed and assume that R.c.y holds exactly for
a set of distinct states y € {y; | i € Nat}. (This argument assumes that R.o is
countable; otherwisewehaveto partition R.o into acountable number of nonempty
subsets and change the argument accordingly.) Definethe ascendingchain{q; | i €
Nat} asfollows:

g = {yjlj<i}.
Then q; isaproper subset of R.o for al i. We have

(limi € Nat- [R].qj).o
= {pointwise extension}
(3i e Nat+[R].gi.0)
= {definition of demonic update}
(3i e Nat- Ro C )
= {q; isaproper subset of R.o for al i}
F
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Theorem 22.6

However,

[R].(limi € Nat- ¢).o
= {definition of q; }

[R].(R.o).0
= {definition of [R]}

Yy - Ro.y = Ro.y)
= {predicate calculus}

T

which shows that [ R] cannot be continuous. This showsthat if [R] is continuous,
then R must be image-finite. O

A basic constraint that we would expect any computing machineto satisfy isthat it
should not be ableto choose among an infinite number of alternativesin finitetime.
If the machine attempts to make such a choice, then either the execution might not
terminate, because it has to spend some minimum amount of time on each case, or
elseit systematically considersonly afinite subset of the possible choices. In either
case, the machine would be guaranteed to terminate when executing the demonic
update [R] only if R is image-finite. In this way, continuity and executability
are linked, with continuity being a necessary (but not sufficient) condition for
executability. A more detailed discussion on executability, or computability, is
outside the scope of this book.

Statement Constructors

We shall now see that both sequential composition and joins preserve continuity,
while meetsin general do not. However, meets preserve continuity under the same
condition as the demonic update statement does, i.e., when the choiceisfinite.

Sequential composition and joins of predicate transformers preserve continuity.
Furthermore, S N S iscontinuousif both S, and S are continuous.

Proof For finite meet, assume that S; and S are continuousand let {q; | i € 1}
be adirected set of predicates. Then
(S NS).(limiel-qg).o
= {definition of meet}
S.(imi el +qg).oAS.(imjel-qgj.o
= {continuity, predicate calculus}
@Giel-S.0.0)A3jel-S.0.0)
= {for = choose k with g; < gx and gj < g; for <= choosei = j =k}
Fk el + S.0k.0 A $.0¢.0)
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is lim preserves | lim
{p} yes ; yes
[p] no ! yest
(f) yes U yes
{R} yes - no
[R] yest Tmeet isfinite

IR total, image-finite
TABLE 22.1. Continuity of statements

= {definition of meet}
(limk el -« (SN ).00).0

which showsthat S; ' S; is continuous. The proofsfor sequential composition and
join are left to the reader as exercises (Exercise 22.4). O

Infinite meets do not necessarily preserve continuity. As a counterexample, con-
sider statements § = (x :=i) for dl i € Nat. Each of these statements is uni-
versally disjunctive and hence a so continuous. However, their meet is the chaotic
assignment [x := x’ | T], which was aready shown to be noncontinuous.

We can summarize our investigation of continuity by adding a column that extends
the tables of homomorphism properties given earlier. In Table 22.1 we state which
homomorphic properties the constructs have and preserve.

22.3 Continuity of Derived Statements

Theorem 22.7

We can consider alimit asanew statement constructor. Since limits are arestricted
form of joins, we get some homomorphism properties asimmediate consequences
of Theorem 16.2.

Limits of predicate transformers preserve monotonicity, strictness, digjunctivity,
and continuity.

Proof The preservation of monotonicity, strictness, and disunctivity follows
directly from Theorem 16.2. For continuity, we leave it as an exercise for the
reader to prove the general result that the limit of a set of continuous functionsis
a continuous function (Exercise 22.2). O

The following counterexample shows that limits do not preserve conjunctivity (it
is derived from the counterexample for least fixed points given in Section 19.3).
Defineachain {§ : Unit — Nat | i € Nat} of conjunctive predicate transformers
by § = [Au x - x > i]. The limit of this chain is the predicate transformer
choose ; [An X « X > n], which is not conjunctive.
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Theorem 22.8

Theorem 22.9

Theorem 22.10

preserves | C L T n u | = |lim
lim yes | yes no no yes| no | yes

TABLE 22.2. Homomorphic properties preserved by limits

Table22.2 presentsarow for limit that can be added to Table 16.2 of homomorphism
properties.

We now consider to what extent conditionals, iterations, and |oops preserve conti-
nuity.

Both the deterministic and the nondeterministic conditional preserve continuity.

Proof The result followsimmediately by rewriting the conditional s using asserts,
guards, and sequential composition and applying Corollary 22.4 and Theorem 22.6.
O

Next, consider iterationsand loops. Strong iteration, infiniterepetition, whileloops,
and guarded iteration can all be defined as least fixed points, and hence as limits.
Thus they should all preserve continuity.

Srong iteration, infinite repetition, while loops, and guarded iteration all preserve
continuity.

Proof Weoutlinetheproof for strong iteration; the other proofsare similar. Assume
that Sis a continuous predicate transformer. Then S” is the limit of an ordinal-
indexed sequence of approximations starting from abort. By ordinal induction, itis
easily shown that every approximation in this sequenceis continuous. For the base
case, we know that abort is continuous. For the step case, it follows from earlier
results that S; X r skip is continuous if S is continuous. Finaly, the limit case
follows from Theorem 22.7. O

As a counterexample showing that weak iteration does not preserve continuity,
consider the statement X := x + 1. Thisstatement iscontinuous, but (X := x + 1)*
is[x := x"| X’ > x], which is not continuous. Table 22.3 summarizes continuity
preservation of derived statements.

Let usfinally consider loopsinthe special case of continuity. Assumethat predicate
transformer Sis continuous. Then the semantics of theloop while g do Sod can be
described using the limit of a countable chain of predicates:

Define a sequence of functions {H,, | n € Nat} recursively as follows:

Ho.0.Sq = false ,
Hn11.0.S9 = (—gNQg)US(H,.0.S0) .

Then for continuous predicate transformer Sand arbitrary predicates g and g,
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preserves lim
(LS S+ ifgthen S else S fi) yes
S Seifgn—> S - 1gh—> S fi) |yes
(AS- ) yes
(AS- S no
(AS- S*) yes
(LS while g do Sod) yes
AS - S+dogr—> S ---1gh— Sod) | yes

TABLE 22.3. Continuity preservation of derived statements

(while g do Sod).g = (@n-Hy.0.SQ) .

Proof First, we need to show that if Sis continuous, then the function
(AX -ifgthen S; X else skip fi)

iscontinuous. Thisfollowsfrom thefact that skip is continuous and that sequential
and conditional composition both preserve continuity. Next, we use Lemma 22.3

to construct the sequence
S = abort,
S+1 = ifgthen S; § else skip fi ,

for which while g do Sod = (limn € Nat - S)). It is now possible to show (by
inductiononn, Exercise22.8) that S,.q = Hn.g.S.qfor all nandfromthedefinition
of limitsit followsthat (limn € Nat- S,).g.0c = (In- H,.9.S.q.0). O

22.4 Executable Statements

Program derivation can be seen astaking usfrom an initial specification through a
series of intermediate steps to afinal program. We have not until now stated what
isan acceptable form for thefinal program, particularly if we assumethat itisto be
executed by acomputer. For execution on areal computer, our final programs have
to bewritten in areal programming language with areal compiler for the computer
in question. For our purposes here, this is too demanding. Instead, we will ook
at how to put together a simple, yet very powerful, programming language from
the constructs that we already have defined. The requirements for the statements
in this language are that they be continuous and that there be a standard way of
executing these statements on a computer.
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We will enlarge the notion of execution of a program by considering not only the
computer that executes the program but also the user of the program, who executes
the program in order to achieve some specific goals. The user takes on the role of
the angel, while the computer has the role of the demon.

Extended Guarded Commands Language

Dijkstra's guarded commands language forms a suitable basis for our program-
ming language. We define the basic guarded commands as statements built by the
following syntax.

S = abort, (abortion)

| skip , (empty statement)

| x:=e, (multiple assignment)

| S;S, (sequential composition)

| ifgr—> S...00— Sfi, (conditional composition)

| dogi— S...1gh— Sod. (iterative composition)

Herex = Xy, ..., Xy isalist of program variables, e = ey, . .., ey, a correspond-
ing list of expressions, and g, ..., g, boolean expressions. We assume that the

standard types of higher-order logic are available, in particul ar truth val ues, natural
numbers, and integers, aswell as records and arrays.

L et us extend this simple language by permitting general assert statements, blocks
with local variables, and procedure definitions and calls:

S = ...,
| (b}, (assert)
| beginvarx :=¢€;Send , (block)
| proc P(varx,valy) =S inS , (procedure)
| P, e . (procedure call)

Here x and y are lists of program variables, and e is a list of expressions. The
procedure declaration may be recursive.

The basic statements (abort, the assert statement, skip, and the assignment state-
ment) are all conjunctive and continuous predicate transformers (and hence also
monotonic and strict). Sequential composition preserves both conjunctivity and
continuity, and so do conditional and iterative composition (Exercises 22.7 and
22.9) and blocks. Procedure calls are conjunctive and continuous if the procedure
bodies are.

We consider the extended guarded command language as a small executable pro-
gramming language (assuming that the expressions ein assignmentsand the guards
g in assertions, conditionals, and iterations can be evaluated). Hence, these state-
mentsform asuitable goal for aprogram derivation. The demonic nondeterminism
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inherent in the conditional and iteration constructs can be understood as under-
specification and may in actual computations be implemented by a deterministic
choice among the enabled alternatives.

Asbefore, the syntax for the extended guarded commands|anguageis not intended
to define a new syntactic category but serves only to identify a certain subclass of
statements. Hence, we may mix guarded commandswith arbitrary statements, e.g.,
using demonic updates or joins of guarded commands as subcomponents. These
constructs al have a well-defined meaning as monotonic predicate transformers.

Executing Guarded Commands

Theextended guarded commands describe abatch-oriented programming language
inwhich the user can initiate acomputation but thereafter can only wait to see what
will be the result of the computation. The computer will do all the work and make
all the choices.

Consider first the execution of the abort statement. We assume that there is no
information on how the computer executes this statement. Different computers
may execute it in different ways, and the same computer need not executeit in the
same way each time. As nothing is known about the execution of this statement,
we can also say nothing about the effect that executing it has. In programming
language terminology, abort is an undefined statement. It may have some effect,
but we do not know what it is and we have no way of finding out what it does. It
does not even have to terminate. Hence, there is no postcondition that we can be
sure of achieving by executing the abort statement.

The skip and assignment statements are executed by the computer as expected, the
first having no effect at all on the present state, the other changing it by updating
the state asindicated by the assignment. The sequential composition S, ; S isalso
executed as expected, first executing S; and then continuing by executing S. The
conditional statement is executed by first evaluating the guards and then choosing
one of the statements for which the guard istrue in the present state and executing
thisstatement. If two or moreguardsaretrueinthestate, then one of theseischosen,
but we do not know which one. Different computers may choosein different ways.
Thus, if we want to be certain to achieve some postcondition, we have to make
certain that the postcondition is achieved no matter how the computer resolves the
nondeterministic choice.

The block statement is executed by allocating the local variables on a stack. Thus,
the state space is enlarged so that it also supports the new program variables. The
local variables are removed from the stack on block exit. The procedure call is
also executed in the standard way. In all these cases, it is easy to see that the game
interpretation and the standard implementation of these statements on a computer
give the same result when one considers whether a certain postcondition can be
reached with certainty in finite time.
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Consider finally theiteration statementdo g; — S| --- [ gn = S od, assuming
that the component statements are all continuous and conjunctive. This statement
isequivalent to

(Ui € Nat+ Doj)

(we write a join rather than a limit here, to emphasize that we have an angelic
choice). Here

Dog = abort ,
Doiy1 = [Q1]: S Do m---m[gn]; S ;Do M[=(QrU---Ugn)] .

In the game semantics, the angelic choice is executed by the angel. If thereis an
i > 0such that Doj .true holdsin the current state, then we have that Do, = Do; for
each m > i. The angel chooses an alternative Do;j for which Do;.true holdsin the
current state. By the equivalence, it does not matter which alternative satisfying this
condition is chosen, as all have the same effect. If there is no alternative for which
this condition holds, then the angel has to choose one alternative nonethel ess, but
will lose the game eventually because the demon can play the game so that the
abort statement inside the chosen Do; is eventually reached. After the choice, the
game continues with playing the selected Do;.

The notion of iteration in the execution of the iteration statement arises from
the way in which we suppose that the computer simulates the angel in choosing
the right alternative. We assume that the computer scans through the aternatives
Dog, Doy, Doy, ... in this order, until it finds a statement Do,, that satisfies the
required condition. If such a statement is found, then execution continues with it.
If, however, there is no such statement, then the scanning of the alternatives never
terminates, because there are infinitely many of these. Hence, we get an infinite
execution. Theangel, ontheother hand, canwithinfiniteforesightimmediately pick
the right number of iterations and so chooses the right approximation directly. The
different ways in which the computer and the angel execute aloop are illustrated
in Figure 22.1.

The computer execution of iteration is closely related to the game interpretation.
The computation can be infinite (nonterminating), but it is alwaysfinitely wide for
continuous statements (i.e., there is never a choice of more than a finite number
of alternatives). In the game interpretation, there are no infinite computations, but
there may be infinitely wide choices. If these choices are scanned in some order
one at a time, then the infinitely wide choice point becomes a possible infinite
computation.

Even though the user playstherole of the angel and in principle should choose the
right number of iterations, thisis not necessary, because thereis at most one right
choice. If thereisanumber of iterationsn that is sufficient for termination, then the
computer can choosetheright alternative Doy, by scanning through the alternatives,
and thus do the job of the user. If no n is sufficiently large, then the computer will



22.5. Interactive Guarded Commands 377
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FIGURE 22.1. Iteration versus infinite angelic choice
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be stuck in an infinite loop. The result is then the same; i.e., no postcondition is
established.

Interactive Guarded Commands

The extended guarded commands defined above are essentially batch oriented,
as there is no real place for user interaction. By adding angelic statements to the
language, we can make it into an interactive programming language. L et us extend
the language as follows:

S = ...,
| {x:=x1]b}, (input statement)
| ifgr S o Sfi, (conditional choice)
| dogi: Sl -~ Sod. (iterative choice)

Theinput statement isthe angelic assignment statement. Weinterpret {x := X’ | b}
as arequest to the user to supply anew value x’ for the program variable x. This
new value must satisfy the condition b in the current state.

The conditional choice construct was already mentioned in the introduction:
o1 Sl (g Sfi &
(O} Su---u{g}; S .

The effect of the conditional choiceisto let the user choose one of the alternatives
S for which the enabledness condition g; istrue in the current state.

Theiterative choice was also mentioned in the introduction, as describing an event
loop:
dogi S --- 00 Sod £
(X {o}; S Xu---u{gn}; S X Uskip) .
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The effect of the iterative choice isto let the user repeatedly choose an aternative
that is enabled and have it executed until the user decides to stop.

Using distributivity, theiterative choice can bewrittenintheform (u X - S; Xuskip)
(note that thisisthe dua construct of weak iteration). We have

(uX+S; Xuskip).g = (ux+SxUQ)
by a similar argument asin the proof of Lemma21.1.

The interactive guarded commands are al continuous, but they need not be con-
junctive. Interactive guarded commands extend the guarded commands language
further, so that ongoing interaction between the user and the computer can be
described. The user may, for instance, give the input data as needed but not all
at once as a batch-oriented execution requires. The user may determine the next
input based on the decisions the computer hastaken before. Also, the user may use
alternative commands as menu choices, picking the alternatives that will further
the goals that he or she is presently pursuing. In particular, this means that the
sameinteractive guarded command can be used for different purposes on different
occasions.

The following example illustrates the interactive iterative choice:
S = doz=>2:2:=2—-2[z>5::2:=2—50d .

Intuitively, thisis executed as follows. On every iteration, the user can choose to
decrease z by 2 or 5, if possible, or to stop. The predicate S.(z = 0) holdsin those
states from which it is possible to make a sequence of choices such that z = 0
holds when we choose to stop. An intuitive argument indicates that we should get

S(z=0 = (z=0vz=2vz=4.
We have
S(z=0 =
(ux-({z=2};z:=2—-2u{z=5};z:=z2—-5.xVv(z=0) .
When we compute approximations p; for thisleast fixed point, we find
po = false,
po= (z=0),
pp = (z=0vz=2vz=5),

ps3 = (z=0vz=2vz=4vz=5vz=7vz=10),
p3 = (z=0vz=2v4<z<7vz=9vz=10vz=12vz=15),

and so on. Every approximation p, holdsin those states from which it is possible
to reach z = 0 in fewer than n steps by making suitable choices. We show the
calculation of py:
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7]
= {definition of approximation}
({z=2};z:=z2—2u{z=5};z:=2-5.ppv(z=0)
= {assumption p; = (z = 0), statement definitions}
(z=2An2-2=0Vv(Zz=5AZ2-5=0Vv(z=0)
= {arithmetic}
z=2vz=5vz=0

Every new approximation pn.1 adds disunctsz = zp+ 2 and z = 75 + 5 if
Z = zp isadigunct of p,. By induction and by computing limits, we find that
(Ui :Nat- pj) = (z=0v z=2Vvz>4). Thiscan be seen as a (computational)
proof of the fact that any natural number greater than or equal to 4 can be written
inthe form 2x + 5y for suitable natural numbers x and y.

General Specification Language

The extensions to the language of guarded commands that we have defined above
essentially include all statement constructs we have defined earlier, except magic
and guard statements, demonic assignment, and arbitrary indexed meetsand joins.
We could even add finite meetsand arbitrary indexed joins, and the language would
still be continuous. For practical purposes, the role of the former is handled by
conditional composition and the role of thelatter by recursion and iterative choice.
Furthermore, arbitrary joins are not finitary, so we prefer not to consider them as
executable statements. We could also include finite demonic assignment, but the
problemthereisthat it may not be possibleto decidewhether an assignment isfinite
or not. This justifies excluding demonic assignments from the class of executable
Statements.

Guards, magic, and demonic assignments may be used in specification state-
mentsin program derivations. L et us extend our programming language with these
constructs to get a specification language:

S = ...,
|  magic , (magic)
| [b], (guard statement)
| [x:=Xx|b]. (demonic assignment)

Statements in the specification language are not necessarily continuous, but they
are monotonic. Hence, we are free to replace any component statement with its
refinement, preserving correctness of the whole statement. We have shown earlier
how to use specification statements in program derivations making essential use
of this monotonicity property. We will analyze specification statements in more
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FIGURE 22.2. Guarded commands extensions

detail in Chapter 27. The languages defined here form a hierarchy as shown in
Figure 22.2.

Notethat specifying programs by pre- and postconditionsis not sufficient anymore
for interactive guarded commands. For extended guarded commands they are suf-
ficient, as will be shown in Chapter 26 when we study normal forms for different
classes of statements. However, when the programs may involve nontrivial user
interaction, then we need more expressive specifications for programs.

22.6 Summary and Discussion

In this chapter we have studied continuous statements more carefully. We have
noted the central role that finiteness plays for continuity. We have also identified
the homomorphism properties of continuous statements.

Continuity as ageneral property of cpos and latticesis described in more detail in
Davey and Priestley [50]. The connection between continuity and fixed points as
countablelimitshasalong tradition in denotational semantics. Modelsof programs
have often restricted attention to continuous semantics. Continuity has been used
to model implementability; noncontinuous constructs can generally not be imple-
mented on acomputer. Continuity isalso arequirement for the solution of recursive
domain equations, which appear in most theories of denotational semantics (see
Stoy [134] or Schmidt [125]).

In Dijkstra's original weakest precondition calculus, continuity was identified as
one of the “healthiness conditions’ that all programs were assumed to satisfy [53].
This made it possible to define the semantics of iteration using limits of chains
indexed by the natural numbers. Back introduced anoncontinuous nondeterministic
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assignment [6] and used infinitary logic to reason about programs[10]. A number
of other authorsal so challenged Dijkstra’ sdefinition of the semantics of 1oops; they
used either abstract fixed-point properties(Hehner [ 74]) or limitsof ordinal-indexed
chains (Boom [41]).

In general, one could argue that continuity is much overrated as a semantic restric-
tion. Most arguments go through quite easily without the continuity assumption.
In general, our view is that complete lattices with monotonic functions provide
a much better foundation (both easier and more intuitive) for programming lan-
guage semantics than cpos with continuous functions. It isinteresting to note that
Scott’soriginal formulation of the fixed-point theory for program semanticsdid use
complete lattices (and continuous functions). The compl ete | attices were dropped,
because a cpo was a weaker structure that was sufficient for the theory, and the
miraculous top element was difficult to justify in the context of a semantics that
essentially was concerned only with partial functional statements. In the more gen-
era framework of the refinement calculus, the complete lattices are well justified,
and the mathematical framework is simpler and more regular. Continuity can be
assumed whenever needed, as this chapter has tried to show, but there is no point
in restricting the mathematical treatment to only continuous statements.

We have looked at the mathematical properties of continuous statements and have
also defined a simple yet very expressive programming language that can be con-
sidered as executable. The extended guarded commands add some features to the
traditional guarded commands, like blockswithlocal variablesand procedures. The
interactive guarded commands are areal strengthening of the expressive power of
the language. They alow us to describe permitted user interaction with a com-
puter and also to analyze what the user can achieve through this interaction. The
interactive guarded commands are continuous but not conjunctive, and can be seen
as executable if a wider interpretation of this term is used. The analogue here is
computability with an oracle that is studied in computability theory.

22.7 Exercises

22.1

22.2

22.3
22.4
22.5

Show that if f isamonotonic function and K isadirected set, thenim. f.K isalso
directed.

Show that limits preserve continuity; i.e., if F is a directed set of continuous
functions on acpo, then (L f € F « f) iscontinuous.

Show that if the relation R istotal, then [R].false = false.
Complete the proof of Theorem 22.6.

Continuity of afunction f fromacpo (A, C) toacpo (B, ) issometimes defined
using chains indexed by natural numbers (w-chains) rather than directed sets. We
say that f isw-continuousif it preserves limits of w-chains, i.e., if
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22.6

22.7
22.8
22.9

f.luneNatex,) = (uneNat- f.xp)

whenever x; C X, C - - -. Show that
(@) If f iscontinuousthen it isw-continuous.

(b) If f isdtrict and w-continuous and A and B are countable sets, then f is
continuous.

Hint: aset A is countable if there exists a bijection (a function that is one-to-one
and onto) from Nat to A.

Let f bethefunction on predicates over Nat defined by
fg = (Ax:Nat:x=0vQqg.(x—1)) .

Show that f is continuous and compute . f. Furthermore, show that f iscocon-
tinuous (in fact, f preserves arbitrary meets) and compute v. f.

Show that nondeterministic conditional composition preserves continuity.
Fill in the details of Theorem 22.10.

Show that if Sis continuous, then S” and while g do S od are continuous.
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23

Working with Arrays

In this chapter we look at how to construct programs that work on more advanced
data structures, concentrating in particular on arrays. No new theory needs to be
introduced for this purpose, as al the tools needed have already been built. We
illustrate array manipulation techniquesby constructing somesearching and sorting
algorithms. The case studies in this chapter also give us the opportunity to show
how to structure somewhat larger program derivations.

23.1 Resetting an Array

Let us start with a very simple problem: how to set all elementsin an array A :
array Nat of Nat to zero in the range m..n (recall that m..n is an abbreviation for
theset {j | m < j < n}). Thisis done in the obvious way, by scanning through
the elementsin A from m to n and setting each element to zero. We assume that
m < n, so that the range in question is nonempty. We show how to derive this
solution in full detail. The other algorithms will use the same pattern of reasoning,
soitisgood to look at thisfirst onein avery simple context.

Let us define

allreset.t Am.n £ (¥i [m<i<n-Ali]=0) .
Our task isto find an implementation for the specification
[A:= A'|allreset. A.m.n] .

Note that if n < m then this specification is equivalent to [A := A’ | T], since
allreset. A'.m.n is then trivially satisfied.
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Introduce Loop

We start by introducing a new local variable that we will use as aloop counter:

[A:= A | allreset. A'.m.n] ;
C {introducelocal variable j}
beginvar j : Nat;j :=m;
“Uli=m};[A j:=A, ]| |allreset. A.m.n] "
end

Next, we introduce the loop itself. The loop invariant isin this case very simple. It
states that the initial part of the array, upto j — 1, has already been set to zero. In
addition, it must state that the termination function is bounded from below (in this
case by zero). We choose n + 1 — j asthe termination function. Let us introduce
an abbreviation for the invariant:

resetbelow.A.j.mn = (Vi m<i<j-Ail=0Aj<n+1.
We have that

{i=m};[A,j:=A,j|allreset. A'.m.n]
C {introduce loop, choose n + 1 — j astermination function}
while j < ndo
“ {resetbelow.A.j.m.n A j < n};
[A,j:= A, j | resetbelow.A'.j".m.n A
n+1—j <n+1-j]”
od

We need to check that the conditions for loop introduction are satisfied:

(i) j = m = resetbelow.A.j.m.n ,
(ii) resetbelow. A.j.m.n A j > n = allreset. A.m.n .

The initialization condition holds, because

j=m
FVMiim<i<j-Ai]l=0Aj<n+1
= {assumption}

Milm=<i<m-Ail=00Am=<n+1
= {empty range, m < n}
T
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The exit condition again holds, because
~Milm<i<j-Ail=0Aj<n+1Aj>n
FM | m=<i<n-Ali]=0
= {assumptionimplies j = n+ 1}
Milm<i<j-Ai]l=0
= {assumption}
T

Introduce Assignment

We then implement the loop body. This is now done with a single assignment
statement, as follows:
{resetbelow. A.j.m.n A j < n};
[A,j:=A,j |resetbelow. A.j'mnAn+1—j <n+1-j]
C {introduce assignment statement}
Aljl,j=0,j+1

We have to show that the assignment introduction is correctly done:

resetbelow. A.j.m.nA j <h =
resetbelow. A.j'.mnAn+1—j <n+1-—j,

where
AN = A(j <0,
i = j+1.
We have

Vi|m<i<j-Ail=0Aj<n+1Aj<n
FMiim<i<j+1l-A(j<«<0l]=0Ax
j+l<n4+1lAan+1-(+<n+1—j
= {assumption j < n}
VMiim<i<j+1-A(j«<Ol]=0ATAT
= {range split}
Vilm=i<j-A(J <Olill=0AA(j < 0O[j]=0
= {array indexing}
Milm<i<j-Ail=0A0=0
= {assumption}
T
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Note how the array property is proved by splitting the range of the universal
quantifier into two parts, one for the index being changed (here j) and the other
for the other index values, which are not changed by the array assignment.

Final Implementation
L et us define the procedure

proc Reset(var A, val m, n) =

beginvar j : Nat; j :==m;
while j <ndo Alj],j:=0,j+1od
end

This procedure is the solution to our programming problem. We have that
[A:= A |allreset. A.m.n] T Reset(A, m,n)

for any program variable A and any natural number expressions m and n.

23.2 Linear Search

Assume that we want to find an index i pointing to the smallest element in the
array segment A[m..n], where m < n (so the segment is nonempty). We do this
with alinear search wherei isinitially equal to m and updated whenever avalue
smaller than A[i] isfound.

We consider A : array Nat of Nat and m, n : Nat to be constants with m < n, while
i : Nat isagloba program variable. The local variable k is used to index array
values during the search.

We define minat.i. A.m.n to hold when the minimum value in Alm..n] isfound at
Alil:
minati.Amn £ m<i<naAj|m<j<n-Ali]<A[]jD.
Then
{m<n};[i ;=i | minat.i’.A.m.n]
C {introduce local variable k}
beginvark :==m+1;
“m<nak=m+1};[i,k:=i’,k' | minat.i’”.A.m.n] "
end
C {add initial assignment, use assumption m < n}
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cdi=myt{i=mAKk=i+1A0 <n};
[i,k:=i", K | minati’.Am.n]"--.
C {introduce loop}
---while kK < ndo
“Ik<nAak <n+ 1A minati.Amkj};
[i,k:=i" K |K <n+1Aminati"”.Amk A
nN+1-k <n+1-K]”
od- -
C {simplify condition in assertion}
-+ -{k < n A minat.i. A.m.k} ;
[i,k:=i"K|K <n+1Aminati’”.Amk' A
nN+1-kK <n+1-Kk]---
C {introduce conditional}
ifk <nA AK] < Ali] —
{A[K] < Ali] Ak <n A minat.i.A.mk};
[i,k:=i" KK <n+1Aminati”. Amk A
N+1-kK <n+1-K]
lk<naAK > Al] —
{A[K] > Ali] A k < n A minat.i.A.m.k} ;
[i,k:=i" K|k <n+1Aminati’”. Amk' A
N+1-kK <n+1-K]
fi
C {introduce assignments}
ifk<nAAK] < Ali]—i,ki=kk+1
I k<snaAK] > Ali] >k:=k+1
fi
= {substitute back, switch to guarded iteration}
beginvark :=m+1;i :=m;
dok<nAAK < Ali]—i,ki=kk+1
I k<snaAK] > Ali] > k:=k+1
od

end

We leave the details of the loop introduction and assignment introduction steps
to the reader. The invariant and variant of the introduced loop are seen from the
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body of the loop; the invariant isk < n + 1 A minat.i. A.m.k, while the variant is
n+1-—k.

We summarize the result of our derivation in a procedure definition. We define
proc FindMin(var i, val A,m,n) =
beginvark :=m+1;i :=m;
dok<naAAKk] < Ali]—i,ki=kk+1
[ ksnAAK = Ali] > k:=k+1
od

end

Then we know that
{m<n};[i ;=i | minati’.’A.m.n] £ FindMin(i, A, m, n)

for arbitrary program variablei and expressions A, m, and n of appropriate types.

23.3 Selection Sort

Wenow deriveasorting programfor thearray A[0..n—1], whereweassumen > O.
Theideaof theagorithmistoleti gofromOton — 1, sothat A[O..i — 1] contains
thei smallest elements sorted, while therest of the elementsarein Afi..n — 1]. At
each step, we find the least element in A[i..n — 1] and swap thiswith A[i] before
incrementing i . This method is known as selection sort.

We introduce abbreviations as follows;

perm.A.B.n 2 permutation. A.(0..n — 1).B.(0..n —1) ,
sort. An = sorted.A.(0.n — 1) ,
part. Ai.n = sorted.A.(0.i — 1) A

(vhk|0<h<i<k<n-Ah]<AK) ,

Thusperm. A.B.n meansthat B[0..n — 1] isapermutation of A[0..n — 1], sort. A.n
means that A[0..n — 1] is sorted and part. A.i.n means that A is partitioned at i
so that A[O..i — 1] is sorted and all its elements are smaller than all elementsin
Ali..n — 1]. The specification that we want to implement is expressed in terms of
these notions as

[A:= A’ |sort. A'.n A perm.A.A'.n] .

The derivation uses a specification constant Aq to stand for the initial value of the
array A. A program implementing the given specification is derived as follows:
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{A= Ag};[A:= A |sort. A.n A perm.A.A'.n]
C {introduce local variablei}
beginvar i :=0;
“li=0AA=Ag);[Ai:=A,i|sort. A.nAperm. A.A'.n]"
end
= {rewrite using context assertion}
S {i=0AA= A} [A T = A,i" | sort. A.n A perm.Ag.A'.n]---
C {introduce loop}
---whilei <n—1do
“fi<n—1A0<i <nApem.Ag.An A part.Ai.n};
[Ai:=A,i"|0<i’"<nAperm.Ag.A.n Apart. Ali’.n A
n—i"<n-—i]”
od- - -
C {make assignment more deterministic, use assertion}
- {0<i<n—1Aperm.Ag.A.n A part.Ai.n};
“TA T =A1"|i"=1+1Aperm. Ag.A.n Apart A.(i +21).n]"---
C {add trailing assignment}
< [A:= A | perm.Ag.A.n Apart. A.(i +1).n] ;i =i+ 1.
= {substitute back}
beginvar i :=0;
whilei < n—1do
{0<i <n—1Aperm.Ag.A.n A part.A.i.n};
[A:= A |perm.Ag. AnApart. A.(i+1).n];i:=i+1
od
end
C {introduce local variable j}
beginvar i, j :=0,0;
whilei < n—1do
[j =] | minat.j . A.i.n];
“{minat.j.AiNAO0<i <n—1Aperm.Ag.AnA

part.A.i.n};
[A:= A |perm.Ag. A .n Apart. A.(i + D.n]; "
i=i+1

od



390 23. Working with Arrays

end
C {introduce assignment}
beginvar i, j :=0,0;
whilei < n—1do
[j :=j' | minat.j . A.i.n];
A= swap.i.j.A;
i=i+1
od
end
C {procedure cal rule}
beginvar i, j :=0,0;
whilei < n—1do
FindMin(j, A,i,n—1);
A:=swap.i.j.A;
i=i+1
od
end
We need to prove that the conditions for introducing the loop and introducing the
assignment in the next-to-last step are satisfied. For the assignment introduction,
the proof obligation is
minat. . Ai.NAO <i <n—21Aperm.Ag.An Apart.Ai.n =
perm.Ag. A'.n Apart. A'.(i +1).n ,
where
A = swap.i.j.A.

Thefirst conjunct of the conclusion follows by the results of Exercise 10.11. The
rest of this proof obligation and the proof for the loop introduction are left as an
exercise (Exercise 23.2).

23.4 Counting Sort

We consider next another approach to sorting, which gives a sorting time that is
linear in the number of items to be sorted and the range of the sorted values. We
need to know beforehand that all values are integers within a given range. The
price to be paid for the efficiency in sorting time is that space efficiency is rather
poor: the algorithm needs additional space for sorting that islinear in the length of
the integer range.
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The Sorting Problem

We assume that m, n, |, and k are given natural numbers. The purpose of the
program is to sort the elementsin the array segment A[m..n], where

A array Nat of Nat .

We assume that the array range is not empty and that the valuesin A are all in the
rangel..k:

m<na¥i m=<i<n:l<Ai]l<k) .

Thearray Awill not be changed by the program. Instead, we assume that the sorted
array is constructed in another array segment B[m..n]:

B : array Nat of Nat .

We define a few abbreviations before we formulate the sorting problem in more
precise terms. Assume that A isan array with the natural numbers asindex set. A
subarray of A isdetermined by an index range m..n. We describe the subarray as
atriple (A, m, n). We will write such atriple more suggestively as A[m..n].

We write sort. X[a..b] for sorted. X.(a..b) and just sort. X for sorted. X[m..n]. This
indicatesthat theindex range m..n isthe onewe are chiefly interested in. Similarly,
we write occur.i. X[a..b] for occurrence.i. X.(a..b) (the number of occurrences of
i in X[a..b]) and just occur.i.X for occur.i.X[m..n]. Finally, we write perm.X.Y
for permutation. X.(m..n).Y.(m..n).

With these abbreviations, we are ready to give the specification of the problem:
Construct an array B that is sorted and whose values form a permutation of the
valuesin A, i.e,

[B:= B’ |sort.B’ A perm.A.B] .

Here, A, m, n, k, and | are constants (meaning that we can take the restrictions
on them as global assumptions rather than initial assertions), while B is the only
global program variable.

A First Solution
The basic solution ideais the following. We introduce an auxiliary array
C : array Nat of Nat;

that contains an entry for each value in the range | ..k. Thus we only use the array
segment C[k..11, which iswhat makes the space complexity of the algorithm linear
in the length of the range. We then record in C[i] the number of times the valuei
occursinthearray A. Thisstep will establish the condition

countedocc.C = (Vi || <i < k- C[i] = occur.i.A[m..n]) .
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From thiswe can compute the sorted array B. One possible way isto scan through
thevaluerangei = 1,1 +1, ..., k—1,k, and successively insert the number CJi]
of valuesi into B for each i. However, this would make our algorithm linear in
the value range, which usually would be much larger than the size of the array A
itself. We will therefore derive another method below, which will be linear in the
size of the array A.

Based on these considerations, we derive an initial solution to the programming
problem:
[B := B’ | sort.B’ A perm.A.B']
C {introduce local variable C}
begin var C : array Nat of Nat ;
“[B,C :=B’,C’ | sort.B" A perm.A.B'] " ;
end
C {introduce sequential composition}
begin var C : array Nat of Nat ;
“[C := C’ | countedocc.C'] " ;
{countedocc.C} ;
[B,C :=B',C’ | sort.B’ A perm.A.B’]
end

Let us next consider how to implement the first step, counting the occurrences of
the different valuesin array A. We decide to first reset the array elementsin C to
zero before starting the actual counting:

[C := C’ | countedocc.C’]

C {introduce sequential composition}

Reset(C, |, k) ;

{allreset.C.| Kk} ;

[C := C’ | countedocc.C’]

Herethefirst step establishestheconditionallreset.C.l .k which then can beassumed
by the second step.

Thus, we arrive at the following first implementation of our specification:
[B:= B’ |sort.B’ A perm.A.B’]
C {above derivation}
begin var C : array Nat of Nat ;
Reset(C, |, k) ;
{allreset.C.I .k} ;
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[C :=C’ | countedocc.C'] ;

{countedocc.C} ;

[B,C :=B/,C’|sort.B’ A perm.A.B];
end

Thisreduces our task to implementing the following two steps: counting the value
occurrences and then constructing the final sorted array.

Counting Occurrences

Our next task isto count the occurrences of the different valuesin A. Thisissimply
done by scanning through the array A and updating the appropriate counter in C
each time. We give the derivation first and then show that the individual steps are
indeed correct.
{allreset.C.| .k} ;
[C := C’ | countedocc.C'] ;
C {introduce local variable j}
beginvar j : Nat; j :=m;
“ {allreset.C.I.k A j =m};
[C,j:=C,j"| countedocc.C'] " ;
end
C {introduce loop, choose n + 1 — j astermination function}
---while j <ndo
“ {countedbelow.C.j A j <n};
[C,j:=C, j" | countedbelow.C".j" An+1—j <n+1-—j]”"
od ---
C {introduce assignment statement}
- CIA[jIL j =C[AlIl +1j+1--
C {substitute back}
beginvar j : Nat;j :=m;
while j <ndo C[A[j]].j :=CI[A[jll+1j+1ad
end

Here we have used the abbreviation countedbelow, defined as follows:

countedbelow.C.j £
(Vi |l <i <k-C[i] =occur.i.Alm..j — 1) Aj<n+1.



394 23. Working with Arrays

Loop Introduction Conditions

The derivation again leaves us with two conditions to be proved: loop introduction
and assignment introduction. Consider first theloop introduction. We have to show
that

(i) allreset.C.I.Lk A j = m = countedbelow.C.j ,
(ii) countedbelow.C.j A j > n = countedocc.C .

Theinvariant here statesthat the elementsin theinitial part of thearray, upto j — 1,
have already been counted.

The initialization condition holds, because
MVi|l<i<]j:Cli]=0Aj=m
F il <i=<k-:C[i]=occuri.Alm..j —IHhAj<n+1
= {assumption j = m}
Vi |l <i <k-CJ[i] =occur.i. Aim.m—-1) Am=<n+1
= {array has empty range, m < n}
Vil <i<k-C[i]=0AT
= {assumption}
T

The exit condition again holds, because
Vi |l i <k:C[i]=occur.i. AIm..j —IHhAj<n4+1Aj>n
i |l <i <k-C[i] = occur.i.Alm..n])
= {assumptionimplies j = n + 1}
(Vi |l <i <k-C[i] = occur.i. Alm..j — 1])
= {assumption}
T

Assignment Introduction Conditions

Finally, we have to show that the assignment introduction is correctly done. This
means that we have to show that

countedbelow.C.j A j <n =
countedbelow.C’.j  An+1—j ' <n+1—j ,

where

C/
j/

CA[j] <« CIA[Il+ D) .
j+1.
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We have
Vi |l <i <k-C[i] = occur.i.AIm..j —1]) A
j<n+1Aaj<n
F (Vi |l <i<k-C(A[j] < C[A[j]]l + D[i] = occur.i. AlIm..j]) A
j+l<n4+1lAan+1-(+<n+1—j
= {assumption j < n}
Vi |l =i <k-C(A[]j] < C[A[j]] + D[i] = occur.i.Am..j])
= {range split}
Vil <i<knai#A[j]-
C(A[j] < C[ALll + D[i] = occur.i. Alm..j]) A
“i |l <i<knai = Alj].
C(A[j] < C[ALIll + D[i] = occur.i.Alm..j]) "
= {one point rule}
-+ C(A[J] < C[A[j]] + DIA[j]] = occur. A[j].A[m..|] - -
= {array indexing rule, arithmetic}
- ClA[jIl +1=
occur. A[j1.Alm..j — 1] 4+ occur. A[j].A[j..j] - -~
= {arithmetic, occur. A[j].A[j..j] =1}
-+ C[A[jI] + L =occur. A[j].AIm..] — 1] + 1. --
= {arithmetic}
-+~ C[A[]j]] = occur. A[j].(A[m..j —1]) ---
= {substitute back}
Vi |l <i<kni#A[j]-
“C(A[j] < C[ALj]1 + D[i] = occur.i. AlIm..j]1 ") A
Vi |l <i <kai=A[j]-CJi] =occuri.Am..j —1])
= {array indexing rule, assumei # A[j] }
-+- C[i] = occur.i. A[m..j] - --
= {arithmetic, assumei # A[j] }
-+- C[i] = occur.i.AIm..j — 1] ---
= {substitute back }
Vi |l =i <knai#A[j]-C[i] =occuri.Alm..j —1]) A
Vi |l <i <kAi=A[j]-CJi] =occuri.A[m..j — 1))
= {merge ranges }
Vi |l <i <k-C[i] = occur.i.AIm..j —1])
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= {assumption }
T

The range split method thus works well also in the more general case where we
have an array index that itself is an array access. In this way, we can work with
indirect references in an array without any further complications.

Computing Cumulative Occurrences

Let usfinally construct the sorted array B from the counter array C. The method
we will useis asfollows. Making use of the fact that C[i] records the number of
occurrences of i inarray A, wefirst change C so that C[i] records the number of
occurrences of values lessthan or equal toi in A. Let usfor this purpose define

cumsum.i.X[a.b] = #jla<]j<b:X[j]<i).
We write cumsum.i. X for cumsum.i. X[m..n].

Thefirst step will thus be to establish the condition

countedcum.C = (Vi || <i <k« C[i] = cumsum.i.A) .

After this step, we know what the index of each element A[j] = i should beinthe
sorted array B. There are C[i] valuesin A that arelessthan or equal toi. If there
isonly oneelementi = A[j] in A, then this element should obviously be placed
inposition C[i] inarray B. If there are more elementswith valuei in A, then these
other elements should be placed immediately below C[i] in array B.

These considerations lead to the following derivation:

{countedocc.C} ;
[B,C :=B',C’|sort.B’ A perm.A.B] ;

C {introduce sequential composition}

“ {countedocc.C} ;
[C := C’ | countedcum.C'] " ;
{countedcum.C} ;
[B,C := B,C’ | sort.B’ A perm.A.B’]

The implementation of the first step is asfollows:

{countedocc.C} ;
[C := C’ | countedcum.C’]
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C {exercise}
beginvar j :Nat; j =1+ 1;
while | < kdo C[j]. J := C[j]+C[j —1]. ] + Lod
end

We leave this step as an exercise for the reader, and concentrate on the final, most
difficult step in the last section.

Constructing the Sorted Array

We will here first give the derivation of the final step and then justify the stepsin
more detail. We have

{countedcum.C} ;
[B,C :=B',C'|sort.B’ A perm.A.B] ;
C {introduce local variable}
beginvar j :Nat; j :=n;
“ {countedcum.C A j = n};
[B,C,j:=B,C, | |sort.B" A perm.A.B']”
end
C {introduce loop}
-+ -while ] > mdo
“ {movedpart.j.B.C A j > m};
[B,C,j:=8B,C | | movedpart.j".B'.C'Aj < j]”
od ---
C {introduce assignment}
-+ BI[C[A[]]I]. C[A[]]]. ] == Al]L.C[A[jIl -1, ] —1---
C {substitute back}
beginvar j : Nat; j :=n;
while j > mdo
BIC[A[]I]. CI[ALj]l. j :== Alj.C[Alj]l -1, ] -1
od
end
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Justifying the Loop Introduction

The invariant for the loop introduction describes the fact that the elements in
Alj + 1..n] have already been moved to B and that the countersin C have been
adjusted appropriately, so that C[i] now counts the number of values smaller than
or equal toi inthe remaining array A[m..j]:
movedpart.j.B.C £
Vi |l <i <k-occuri.Alm..j] = CJ[i] — cumsum.(i — 1).A) A
Vir|l <i <kAC[i] <r <cumsum.i.A«B[r]=i) A
m—-1<j<n
The termination function issimply j.

Asusual, wehaveto show that theinvariant hol dsinitially and that theexit condition
holds when the loop is terminated. For the entry condition, we have to show that

countedcum.C A j =n = movedpart.j.B.C .
We have

Vi |l <i <k-C[i] =cumsum.i.A) A j =n

F i |l <i <k-occuri.A[m..j] = C[i] — cumsum.(i — 1).A) A
vVir|l <i <kAC[i] <r <cumsum.i.A:B[r]=1i) A
m-1<j<n

= {assumption j = n}
Vi |l <i <k-occuri.A[m..n] = C[i] — cumsum.(i — 1).A) A
vVir|l <i <kAaC[i] <r <cumsum.i.A:B[r]=i)AT

= {assumption, abbreviation A for A[m..n]}
(Vi |l <i <k-+occur.i.A=cumsum.i.A — cumsum.(i — 1).A) A
Vir|l <i <kAcumsum.i.A <r <cumsum.i.A-B[r]=i)AT

= {definition of cumsum, empty range}
T

For the exit condition, we have to show that

movedpart.j.B.C A j <m = sort.B Aperm.A.B .
Thisis shown asfollows:
Vi |l <i <k-occuri.A[m..j] = C[i] — cumsum.(i — 1).A) A
Vir|l <i <kACJ[i] <r <cumsum.i.A+B[r] =i) A
m—-—1<j<nAj<m
T
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= {assumptions, ] = m — 1}
Vi |l <i <k-occuri.AlIm..m—1] = C[i] — cumsum.(i — 1).A) A
VMir|l <i <kACJ[i] <r <cumsum.i.A-B[r] =1)
= {occur.i. Alm..m — 1] = 0}
Vi |l <i <k-+CJi] =cumsum.(i — 1).A) A
Vir|l <i<kacumsum.(i —1).A<r <cumsum.i.A- B[r] =1i)
= {cumsum.|.A < cumsum.(l + 1).A < --. < cumsum.k. A}
(Vjrim<j<r=<n-B[j]<B[rDA
(Vi |l <i <k-+occur.i.B = cumsum.i.A — cumsum.(i — 1).A)
= {definition of sorted and cumsum}
sort. B A (Vi || <i <Kk« occur.i.B = occur.i.A)
= {definition of perm}
sort.B A perm.A.B

Justifying the Assignment Statement

Finally, we need to justify the assignment introduction. We need to show that

movedpart.j.B.C A j >m = movedpart.j" " B.C'Aj <],

=1-1,

h Aljl ,

C = Cth<C[h-1,
B = B(C[h] < h) .

The proof isasfollows:

(Vi |l <i <k-occuri.A[m..j] = C[i] — cumsum.(i — 1).A) A
Vir|l <i <kAC[i] <r <cumsum.i.A-B[r] =i) A
Mm—1<j<nAj>m

F (Vi |l <i<k-occuri.AIm..j — 1] = C'[i] — cumsum.(i — 1).A) A
~Vir|l <i <kACTi] <r <cumsum.i.A-B[r]=i)A
m—-—1l<j—-1l<naj—-1<]j

= {assumptionm < |}

“ (Vi |l <i <k-oceuri.A[m..j — 1] = C'[i] — cumsum.(i —1).A) " A
Mir|l <i<kAaCTi]<r <cumsum.i,A-B[r]=i)ATAT

= {range split}

Vil <i<kai#he

occur.i. Afm..j — 1] = C'[i] — cumsum.(i — 1).A) A
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occur.h.Alm..j — 1] = C'[h] — cumsum.(h — 1).A) - --
= {definition of C’}
-(VWi|l <i<kai#h-
occur.i. Alm..j — 1] = C[i] — cumsum.(i — 1).A) A
occur.h.A[m..j — 1] = C[h] — 1 — cumsum.(h — 1).A) ---
= (h=Aj]}
-(VWi|l <i<kai#h-
occur.i.Alm..j] = C[i] — cumsum.(i — 1).A) A
occur.h.Alm..j] = C[h] — cumsum.(h — 1).A ...
= {merge ranges}
Vi |l <i <k-occuri.A[m..j] = C[i] — cumsum.(i — 1).A) A
™Mir|l <i<kACTi] <r <cumsum.i.A-B'[r] =)
= {assumption}
TAMIT |l <i<kACTi] <r <cumsum.i.A-B'[r] =i)
= {range split}
Vir|l <i <kACTi] <r <cumsum.i.AAi #£h-Br]=i)A
(vr | C'[h] <r <cumsum.h.A- B'[r] = h)
= {déefinition of B’ and C’}
~Vir|l <i<kaC[i] <r <cumsum.i.AAi #h-
B(C[h] < h[r]=i) A
(vr | C[h] =1 <r < cumsum.h.A- B(C[h] < h)[r] = h)
= {array indexing}
Vir|l <i <kAaC[i] <r <cumsum.i.,AAiT #h:B[r]=i)A
(vr | C[h] <r < cumsum.h.A- B[r] =h)
= {merge ranges}
~Vir|l <i <kaC[i] <r <cumsum.i.A-B[r] =1i)
= {assumption }
T

Final Result
Combining the separate refinements, we get the following theorem:
[B:= B’ |sort.B’" A perm.A.B’]
C {above derivation}
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begin var C : array Nat of Nat ;
beginvar j : Nat; j :=1;
while j <kdoC[j],j:=0,j+1od;
end ;
beginvar j : Nat;j :=m;
while j <ndo C[A[j]],j :=CI[A[j]l+1j+1ad
end ;
beginvar j :Nat; j:=m+1;
while j <kdo C[j], ] :=C[j]+C[j —1],]j+10od
end ;
beginvar j : Nat; j :=n;
while j > mdo
BIC[ALj]Il. C[ALj]l. ] := Alil.C[A[jIl -1, ] -1
od
end

end

Finally, we move thelocal variable j to the outermost level (we leave the proof of
thisto the reader as an exercise) and get the following final version of the program:

[B := B’ | sort.B’ A perm.A.B']
C {merge blocks (Exercise 23.5)}
begin var C : array Nat of Nat, j : Nat;

j=1;

while j < kdo C[j],j:=0,j+1od:

j=m;

while j <ndo C[A[j]],j :=CI[A[j]]+1j+1lod;
ji=m+1;

while j <k doC[j],j:=C[j]+C[j —1],j +1od;
j=n;

while j > mdo
BIC[A[jIIl. C[ALj]l. j == AlIL.CI[Al]ll -1, j -1
od
end
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23.5 Summary and Discussion

We have shown in this chapter how to build programs that manipulate arrays,
looking in particular at searching and sorting. The counting sort example shows
that themethodsintroduced earlier can a so handle quitetricky array manipulations.
The importance of having a good program derivation environment also becomes
much more evident in looking at alarger derivation. The ratio of invention to pure
copying of text and checking that inference rules are correctly applied becomes
quitesmall. Hence, thereisastrong need for computer-supported toolsfor carrying
out program refinements.

The programming problems treated above are al classical, and we do not claim to
contribute anything new to the algorithmic solution of these. A classical reference
to sorting and searching algorithmsis the book written by Knuth [96].

23.6 Exercises

23.1

23.2

23.3

23.4

23.5

Prove that the conditions for introducing aloop and for introducing an assignment
are satisfied in the derivation of the linear search agorithm.

Prove that the conditions for introducing aloop and for introducing an assignment
are satisfied in the derivation of the selection sort algorithm.

In the derivation of the selection sort program we assumed that n > 0. Show that
the final program in fact gives the right result a'so when n = 0. In asituation like
this, the following rule can be useful:

{p};SES {g};SCS
{puqg};SES

Derive thisrule.

Compl ete the derivation in the counting-sort case study by showing how to derive
the computation of cumulative occurrences of values.

Prove the following rule for merging blocks:
beginvary :=e;; S end; beginvary .= ; S end =
beginvary:=e;S;y =6 ;Send ,
provided that y does not occur freein e;.
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24

The N-Queens Problem

The n-queens problemisto place n queens (wheren > 0) on an n-by-n chessboard
so that no queen isthreatened by another one. According to therules of chess, this
isequivalent to the requirement that no two queens be on the same row or the same
column or on a common diagonal. For some values of n thisis possible but for
some values (for example, for n = 2) thereis no solution. In this chapter we show
how one solution for a particular value of n isfound with adepth-first search. The
program derivation illustrates both recursion and loop introduction in a nontrivial
setting. It also illustrates how to handle data structures like sequencesin aprogram
derivation.

24.1 Analyzing the Problem

Let us start by analyzing the problem domain in somewhat more detail and finding
out some basic facts. The number of queens (and thesize of theboard) isn : Nat. We
think of theboard asamatrix with rowsand columnsnumberedO, ..., n—1. A pair
of numbers (r, ¢) represents a position on the board, withr andcinO, ..., n— 1.
It is obvious that in a solution there must be one queen in each row. Thus we can
represent a solution as a sequence of numberscy, .. ., ch_1, Where ¢ isthe column
number of the queeninrow i.

We allow sequences to be indexed; g[i] stands for the ith element in s (fori =
0,...,len.s—1, wherelen.s isthelength of sequences). However, indexing is not
considered implementable, so it must not appear in the final program.
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c=5

7

6

5 r=c-3
r 4
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2 r=2

1

0 r= -c+7

FIGURE 24.1. Queen threat on a board

First let us define what it means for two queensin positions (i, x) and (j, y) not to
threaten each other:

nothreat. (i, X).(j, ¥) Al
| £ AXAYATFXEHYATFYE]+X.

These four conditions are illustrated in Figure 24.1. They guarantee that the two
gueens are not on the same row, the same column, the same downward diagonal,
or the same upward diagonal .

Next, we define safecon.s.n to mean that the sequence s represents legally placed
gueens on an n-by-n board that do not threaten each other:

safecon.s.n =
(Vi |i <len.s-g[i] <n)A
(Vi j|i < <len.senothreat.(i, S[i]).(j, S[j])) .

We can then define when a sequence g is a solution to the n-queens problem:
solution.q.n = len.g = n A safecon.q.n .

Our ideaisto solve the problem as follows. We start from an empty board. Then
gueens are added, one by one. If at some point it is impossible to place a queen,
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then we recursively backtrack to the previous queen and try a new place for this
queen.

Before starting the derivation, we define the following functions:

s«s £ lens<lens A (Vi|i <lens-s[i]=5]i]) ,
safeadd.s.X = (Vi |i < len.s nothreat.(i, s[i]).(len.s, X)) ,
ginit.s.n = (3q - solution.q.n A SKQ) .

Thus s«s' holdsif sis aprefix of s'. Furthermore, safeadd.s.x means that if we
place a queen in position (len.s, X), then it is not threatened by any queen in s.
Finaly, ginit.s.n means that the queens in s form the initial part of a solution. In
particular, qginit.{ }.n holdsif and only if there is a solution for an n-by-n board.

Thefollowing propertiesthat will be used in the derivation can be proved from the
definitions given above (Exercise 24.1):

safecon.S.n A X < N A safeadd.S.X = safecon.(S&X).n , (%)
ginit.s.n Alen.s < n = (IX | X < N« ginit.(s&x).n) , (%)
—safeadd.S.X = — qinit.(S&X).n , (k * %)
safecon.s.n A len.S = n = qinit.s.n . (3 * %)

The n-queens problem can now be specified as follows:

{(n>0Anq=()};

if ginit.{ }.n — [g := q’ | solution.q’.Nn]
[ —qinit.{ ).n — skip

fi .

Thus the sequence q is assumed to be empty initially. At the end, q contains a
solution, or, if no solution exists, q is still empty.

We aim at arecursive procedure Queens(var (, val S, n). The reference parameter
q will receive the result sequence, and the value parameter s is used to collect and
pass on partial solutions. The value parameter n isthe number of queens (the size
of the board); it isaways passed on unchanged. Thus the procedure will explicitly
change the value only of q (and the value of s at the calls), and at every recursive
cal,n > 0Alen.s < nAqQ = () A safecon.s.n should hold. For every cal we
want one queen to be added to the board (i.e., s to be extended with one value), so
the variant is n — len.s. Thus the starting point of our derivation of the recursive
procedure is the following:

{n>0Alens<nAQg=()Asafecon.s.n An—len.s=w};
if ginit.s.n — [q := q' | s<Kq’ A solution.q’.n]

[| — ginit.s.n — skip

fi
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(notethat if s = (), then thisreducesto the original specification of the problem).
By rewriting the conditional specification as a basic one (Exercise 17.5) and using
the initial assertion, we find that the specification can be rewritten as
{n>0Alens<nAqQ={()Asafecon.s.n An—len.s= w};
[q :=q' | if ginit.s.n then s«q" A solution.q".nelse ' = () fi] .
Althoughthisformmay be harder toread, it iseasier to useinformal manipulations.

For brevity, we introduce the abbreviation S.s.q.n for the demonic assignment in
this specification statement.

24.2 First Step: The Terminating Case

We begin by separating the recursive case from the terminating case. In the ter-
minating case the solution has been collected in s, so we have only to move it to

qg.
{n>0Alens<nAqg={()Asafecon.s.n AN —len.s= w};
Ss.g.n
= {introduce conditional, unfold abbreviation}
iflens=n—
“h>0Alens=nAq= () Asafecon.s.n An—len.s= w};
[g :=d' | if ginit.s.n then s<q’ A solution.q’.nelse q' = () fi] ”
[lens<n—
{n>0Alens<nAqg={()Asafecon.snAn—lens=w};
S.s.g.n
fi
C {use (x * *x) and assertion}
iflens=n—
“{n>0Alens=nAqg={()Asafecon.sn An—lens=w};
[g:=d | s«q’ A solution.q’.n]”
flens<n—
{n>0Alens<nAQq=()Asafecon.snANn—lens=w},
S.s.g.n
fi
C {use definition of solution to make assignment deterministic}
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iflens=n—q:=s

[lenns<n—
{n>0Alen.s<nAQg={()Asafecon.snAn—lens=w};
S.s.q.n

fi

24.3 Second Step: Extending a Partial Solution

Now we find out how to extend the partial solution s in the recursive case. The
ideais that if there is a solution, then we can extend s with one of the values in
0,...,n — 1. We can try them in order, one by one. We continue from the last
version by unfolding the abbreviation:

= {unfold abbreviation}
iflenns=n—Qq:=S
[lens<n—
“{n>0Alens<nAg={()Asafecon.sn An—lens=w};
[g :=d' | if ginit.s.n then s<Kq’ A solution.q’.nelse q = () fi] "
fi
C {introduce local variable x with assignments}
---beginvar X :=0;
“{IXx=0An=>0Alens<nAQq= () Asafecon.s.n AN —len.s = w};
[g, x :=(q’, x| if ginit.s.n then s’ A solution.q’.nelseq’ = () fi] ”
end- - -
C {introduce loop}
---while X <nAQg=()do
“IX<nAlens<nAg={()Asafecon.snAn—lens=w},
[g :=d' | if ginit.(s&X).n then (& X)<q’ A solution.q’.n

elseq = ()fi]";
X:=x+1
od- -
= {fold abbreviation}

-~ {X<nAlens<nA(q= () Asafecon.s.n AN —len.s= w};
S.(s&x).q.n---
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Loop Introduction

We now show the proof of the loop introduction in the derivation above, using
Theorem 21.14. The idea of the loop introduction isto find a suitable placement x
of the next queen. We let x count from 0 and stop when either ginit.(s& x).n holds
(meaning that a suitable position isfound) or whenx = n A q = () (meaning that
no suitable position exists).

Theinvariant (let uscal it J) is

X <nAlens < nAsafecon.snAN—lensS=w A
((@=()AMYy|y <X+ —qinit.(s&y).n)) v
(X > 0 A ginit.(s& (X — 1)).n A (s&(x — 1))<q A solution.g.n) )

(in the second half of thisinvariant, the first disjunct holds when a position has not
yet been found for the next queen, and the second disjunct holds when a position
has been found). The variant issimply n — x.

To prove that the invariant holds initially, we have to prove

X=0An>0Alens<nAqQ={()Asafecon.ssn AN —len.S=w
= J,

which isnot hard (select thefirst disunct in J).

Next, we must show that the loop body preserves the invariant and decreases the
variant. Since x isincreased by the loop body, the variant is obviously decreased.
For the invariant, we must prove

X<nNAQ={)AJAqinit.(S&X).n A (S&X)<«Kq' A solution.q’.n =
Jlg,x:=qd,x+1]

and

X<nAQ=()AJA=qgnt(s&X).nAQ = () =
Ja,x:=q,x+1] .

Both conditions can be proved using the properties of sequences given earlier.
Finally, to show that the postcondition holds on termination, we show
X=nvg#()AJAqdginit.s.n = sKd A solution.q.n
and
X=>=nvg#{()AJA—gnitsn = q={() .

All these conditions are most easily proved by case analysisonqg = ( ).
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24.4  Third Step: Completing for Recursion Introduction

The body of theloop now contains almost what we need for recursion introduction;
the only problem is that the assertion should contain safecon.(s& x).n instead of
safecon.s.n in order for the variant to decrease. To get this, we need to introduce a
conditional, based on whether safeadd.s.x holds or not. We continue the derivation
asfollows:
= {introduce conditional, unfold abbreviation}
- - -if safeadd.S.X —
{safeadd.S. X AX <N Alens<nAQ={()A
safecon.s.n A N — len.s = w} ;
S.(s&x).q.n
[| —safeadd.s.x —
{—safeadd.SXAX <nNAlens<nAqQ={() A
safecon.s.n A N — len.Ss = w} ;
[g :=d' | if ginit.(S& X).n then (S& X)<d’ A solution.q’.n
else q = () fi]
fi. -«
C {use (* * x) and assertion to ssimplify}
- - -if safeadd.S.X —
“ {safeadd.SX AX <nAlens<nAg={()A
safecon.s.n An—len.s=w}";
S.(s&x).q.n
[| —safeadd.s.x — skip
fi- - -
C {weaken assertion, use (x)}
N >0Alen.(s&X) <=nAg={()A
safecon.(s&X).n A N — len.(S&X) < w}---
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= {substitute back]}
iflenns=n—Qq:=S
flens<n—
begin var X :=0;
while X <nAq=()do
if safeadd.s.Xx —
{n>0Alen.(s&X) <nAgq=()A
safecon.(S&X).n A N — len.(S&X) < w};
S.(s&x).q.n
[| — safeadd.s.x — skip
fi;
X:=x4+1
od
end
fi
= {move block to outermost level}
beginvar X :=0;
iflenns=n—q:=S
[lenns<n—
while X <nA Q= ()do
if safeadd.s.Xx —
{n>0Alen.(s&X) <nAg=()A
safecon.(S&X).n A N —len.(S&X) < w};
S.(s&x).q.n
[| — safeadd.s.x — skip
fi;
X=x4+1
od
fi

end
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24.5 Final Result

We now use the rule for procedure introduction and define

Queens(var (, val S, n)
AN

begin var X :=0;
iflens=n—q:=s
[[len.s<n—
while X <nAQ=()do
if safeadd.s.X — Queens(q, S& X, n)
[| —safeadd.s.x — skip
fi;
X=x+1
od
fi

end
The preceding derivations then allow us to conclude the following:

n>0nq=()};
if (3q - solution.q.n) — [g := q’ | solution.q’.n]
[l = (39 - solution.g.n) — skip
fi

=
Queens(q, (), N)

so the procedure Queens indeed gives us a solution to the n-queens problem.

24.6 Summary and Discussion

This chapter has shown how to derive a somewhat more complicated recursive
algorithm, using both recursion introduction and loop introduction. The solution
illustrates the need for analyzing the problem domain carefully before starting the
derivation, in order to capture the essential aspects of the problem and to find
good data representations for the information that needs to be manipulated. The
n-queensproblemisaclassical exercisein program derivation and has been treated

systematically by Wirth, e.g., as an example of stepwise refinement [141].
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24.7 Exercises

24.1 Derive properties (x)—(x * xx*) for sequences given in the text.

24.2 Complete the details of the proof for the loop introduction in the derivation of the
Queens procedure.
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Loops and Two-Person Games

25.1

We have looked at recursion and iteration in general in the preceding chapters. In
this chapter, we will show that the refinement cal culus framework is usable beyond
its original area of application, by showing how to model and analyze two-person
gamesin the calculus. We show how to usetotal correctness reasoning to show the
existence of winning strategiesfor such games. Furthermore, we show how one can
derive a program that actually plays a game against an opponent. We choose the
game of nim as an example and study it within the refinement cal culus framework.

Modeling Two-Person Games

A typical two-person game (such as chess, checkers, tic-tac-toe or nim) involves
two players taking turns in making moves. In order to model such games as state-
ments, we first note that the game board can be represented as a state space. A
moveis an action that changes the board, i.e., anondeterministic statement whose
nondeterminism is determined by the possible legal aternativesin the current sit-
uation. We call one contestant Player and the other Opponent; then Player's moves
are represented as angelic updates, while Opponent’s moves are demonic updates.

A typical game can then be represented by an ordinary iteration:
while g do Sod .

An execution of this iteration corresponds to a run (a play) of the game. If the
body S aborts at some point (i.e., Player is not able to move), then Player has lost
the game. Dually, if Sis miraculous at some point (i.e., Opponent is not able to
move), then Player has won the game. The game is adraw if the loop terminates
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nonmiraculoudly (i.e., if — g holds after a normally terminating execution of the
body). The gameisalso considered to be adraw if the execution is nonterminating
(the game continues indefinitely).

In terms of the game semantics for statements, this means that we are only inter-
ested in a game where the postcondition isfalse. In this case, normal termination,
nontermination, and abortion al imply that Player has lost, and only miraculous
termination isawin for Player.

As asimple example, consider the repetition
whiletruedo [X := X' | X' < X] ; {X:=X"| X > X} od

assuming program variable x : Nat. In this game, Opponent always decreases
the value of x while Player always increases it. Opponent begins, and the two
contestants alternate making moves (i.e., changing the value of x). It iseasily seen
that if the initial value of x is O, then Player wins. This is because Opponent has
no possi ble opening move (the demonic choice is empty). In any other initial state,
the game goes on forever. Note that the guard true indicates that the game never
endsin adraw in finite time.

Example Game: Nim

As amore interesting example, we consider a simple version of the game of nim,
in which the contestants alternate removing one or two matchesfrom apile. Player
isthe first to move, and the one who removes the last match loses.

The state has only one attribute, x, the number of matches, ranging over the natural
numbers. Thus, we can consider the state space to be the type Nat.

We introduce the abbreviation Move for the state relation (X := X" | x -2 < X' <
X) (since we are talking about natural numbers, we follow the convention that
m — n = 0when m < n). Then the game can be expressed in the following simple
form:

while true do [X # 0] ; {Move} ; {X # 0} ; [Move] od .

The game can be explained as follows. The loop guard true shows that the game
never endsin adraw in finite time. The body shows the sequence of movesthat is
repeated until the game ends (or indefinitely). First, the guard statement [x £ Q]
is acheck to see whether Player has already won (Opponent has lost if the pile of
matchesis empty when it is Player’'smove). If there are matchesleft (x # 0), then
Player moves according to the relation Move, i.e., removes one or two matches
(decreases x by 1 or 2). Now the dual situation arises. The assert statement {x # 0}
is acheck to see whether Player haslost. If there are matches left, then Opponent
moves according to the relation Move, i.e., removes one or two matches.
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Other two-person games can be represented by similar kindsof iterations. Typically,
the iteration body contains guard and assert statements that detect situations in
which either Player or Opponent has lost, and angelic and demonic updates that
describe the permitted moves.

25.2  Winning Strategies

Corollary 25.1

We have shown how games can be represented as iterations. The obvious question
is now, what can we prove about a game?

Assume that the loop while g do S od represents a game and that the initial board
is described by the predicate p. If the loop establishes postcondition false from
precondition p, then from the semantics of statements we know that Player can
make choices in the angelic updates in such a way as to be guaranteed to win,
regardless of what choices Opponent makes in the demonic updates. Thus there
exists a winning strategy for Player under precondition p if the following total
correctness assertion holds:

p { while g do Sod |} false .

By instantiating in the correctness rule for loops, we get the following rule for
proving the existence of winning strategies in two-person games.

Player has a winning strategy for game while g do Sod under precondition p,
provided that the following three conditions hold for some ranked collection of
predicates {r,, | w € W}:

Mpcr,

(“) Vw € We-r, { S|} M w), and
(ii)r C g.

Proof By specializing q to false in Theorem 21.13 we get the following three
conditions:

Hpcr,
(i) Yw e W-gnry, { S rey), and
(iii) mgNr C false.
Straightforward simplification now showsthat thethird of these conditionsisequiv-

adenttor C gandasoto (Vw € W - r,, € g). This can then be used to simplify
the second condition. O
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As before, the ranked predicate r,, is usually described as a conjunction of an
invariant | and avariantt, sothatr, is| A t = w. Note that in the case that
g = true, the third condition in Corollary 25.1 istrivialy satisfied.

Winning Strategy for Nim

We now return to the example game of nim. For Player to be assured of winning
thisgame, it is necessary that he always make the number x of matches remaining
satisfy the condition x mod 3 = 1. The strategy consists in always removing a
number of matches such that X mod 3 = 1 holds.

Assume that the precondition p is X mod 3 # 1 (since Player moves firgt, thisis
necessary to guarantee that Player can actually establish X mod 3 = 1in the first
move). Theinvariant | issimply p, and the variant t is x.

Since the guard of the iteration that represents nim was true, the third condition
of Corollary 25.1 istrivialy satisfied. Furthermore, the choice of invariant is such
that thefirst condition is also trivialy satisfied. Thus, it remains only to prove the
second condition, i.e., that

Xmod3#IAX=n{SEXxmod3#1AX<n (%)

holds for an arbitrary natural number n, where S = [x > 0] ; {Move} ; {X >
0} ; [Move].

We prove (x) by calculating S.(Xx mod 3 # 1 A X < n) intwo parts. First, we find
the intermediate condition:
({X > 0} ; [Move]).(X mod 3# 1 A X < n)
= {definitions}
X>0AMWX +x—2<X <X = Xmod3#£1AX <n)
= {reduction, arithmetic}
Xmod3=1AX<n

Thisisthe condition that Player should establish on every move.
Continuing, we find the precondition

([x > 0] ; {Move}).(X mod 3=1A X < n)
= {definitions}

X=0V @'+ x=2<xX <xAxXmod3=1A X' <n)
D {reduction, arithmetic}

Xmod3#A1AX=n

Thus we have shown that (x) holds, i.e., that the game has a winning strategy.
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25.3 Extracting Winning Strategies

Lemma 25.2

We have shown how to useloop reasoning with invariantsto show that Player hasa
winning strategy in atwo-person game. We shall now show how to extract astrategy
for Player in theform of anonangelic program statement (i.e., aprogram that plays
the game, with therole of Player). Theresult of thisoperationisanew loop that still
describesthe same game astheold one, but withamorerestricted set of alternatives
for Player. We aso consider refinements that improve Opponent’s strategy; this
is done by removing “bad” alternatives from the demonic nondeterminism that
describes Opponent’s moves.

First consider the simple case of the form while g do {Q} ; [R] od in which every
round consists of amove by Player followed by amove by Opponent. Furthermore,
assume that we have proved that there exists awinning strategy for this game with
respect to precondition p, i.e., that the following total correctness assertion holds:

p { while g do {Q} ; [R] od |} false .

If the role of Player was performed by an angel, then the game would always be
won. However, if the role of Player is played by a human being (or a computer
program), then the mere existence of a winning strategy is not enough, since the
angelic update {Q} does not tell us which alternative should be taken in order to
win the game. Thus, we would want to replace { Q} with anew angelic update { Q’}
such that Q" only gives alternatives that are guaranteed to lead eventually to awin
for Player. Thisreplacement isnot arefinement of the original game, sinceit means
replacing Q witha Q’ suchthat Q" € Q (and the angelic update is monotonic, not
antimonotonic). However, we can till give aformal argument for the replacement.

Assumethat thethree conditionsof Corollary 25.1 hold for thegamewhile gdo {Q};
[R] od with precondition p and ranked predicates {r,, | w € W}. Furthermore,
assume that relation Q’ satisfies the following three conditions:

HQ<cQ,

(i) Vo +r.0 = Q.0 #),and
(ili) Yw e W-ry, € ([QT; [RD-r<w).

Then the existence of a winning strategy for the game while g do {Q’} ; [ R] od with
respect to precondition p can be proved using the same ranked predicatesr .

Proof 1If we can show that (Vw e W-r, € ({Q'};[R).(UveW |v <w-r,))
holds, then all three conditions of Corollary 25.1 are satisfied, and we have proved
the lemma. We first note that the third condition can be rewritten as

ry.o => Vy-Q.uoy=[RL.UveEW |v<w-r,).y) . ()
We have for arbitrary w € W and for arbitrary o that
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ly.o
= {second assumption and (x)}
Quo#VBANy-Quoy=[RL.UVEW |v<w-r,).y)
= {smplify}
Ay - Quoy A[RL.UveW |v<w-r,).y)
= {déefinitions}
{Q}[RD.(UveW|v<w-r,).o

and the desired result follows by pointwise extension. O

The three conditions in Lemma 25.2 can be interpreted as follows. The first con-
dition implies that the new game while g do {Q’} ; [R] od is compatible with the
old one, in the sense that the only difference is that Player has fewer alternatives
to choose from. In other words, Opponent is not disadvantaged if we replace Q
by Q" inthe game. The second condition tells usthat under Q’, Player always has
amove available. Thus, there is a proof of a winning strategy for the new game.
Finaly, the third condition implies that Q" only offers alternatives that preserve
theinvariant, i.e., Q' offers only winning alternatives.

Whenever theconditionsof Lemma25.2 hold, wesay that {r };[ Q'] isaspecification
for a program that plays the role of Player in the game. The justification for this
is that whenever aranked predicater,, holds (and the setup is such that a ranked
predicate in fact always holds when Player is to move), any move permitted by
the relation Q' takes Player closer to a win. Later, in Section 25.4, we consider
the question of what Player should do in situationsin which the invariant does not
hold.

A Program for Nim

Inorder to apply theideas aboveto the game of nim, we need aslight generalization.
Consider the more general game while g do S od where the body S has the form
[a]; {Q}; S for some statement S’ containing only demonic updates and asserts.
Thismeanswe allow acheck of whether Player has won before Player moves, and
we aso alow Opponent’s move to be mixed with checks of whether Player has
lost. The idea of Lemma 25.2 can be used in this situation also. The specification
for Player's moveisthen {r N q} ; [Q’], where the conditions on the new relation
Q are

QY cQ,
(i) Yo +r.0 AQ.oc = Q.o #0),and
(III) Mw € W . re N qc ([Q/] ; S)-r<111)
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(the proof of this follows the proof of Lemma 25.2 exactly).

In the case of nim, we first compute the three conditions with Q as Move, q as
X >0,rpasxmod3#1AXx =nand S as{x > 0}; [Move]. After some
simplifications, we get

() (Vxx'+ QxX = x—2=<X <X),

(if) (YX+xmod3#1AX>0 = (I -Q.xx)),and

(i) (VX X' +xmod3#£1AX>0AQ XX = X >0AX mod3=1).

The third condition was arrived at as follows:
(Vn-ro,Ng C ([Q7;S).(UM|mM<n-rpy))
= {fill in current instances, pointwise extension}
(VnXeXxmod3#1IAX=nNAX>0 =
([Q1;S).(xmod3#1AX <n)
= {fill in current S, definitions}
(Vnx+Xxmod3#1AX=nAX>0 =
(VX - QxX = x>0 A
(VX e X' —=2< X" <X = xX"mod3#1AX" <n)))
= {one-point rule, quantifier rules}
(VXX +Xxmod3#1AX>0AQ XX = X' >0) A
(VXX X"+ xmod3#1AX>0AQ XX AX —2<X" <X =
X" mod3#1AX" <X)
= {simplify second conjunct}
(VXX +xmod3#£A1AX>0AQ XX = X' >0) A
(VXX +Xxmod3#£1AX>0AQ XX = X' mod3=1)

The easiest way to find arelation that satisfies these three conditions isto use the
first and third conditionsto find a candidate,

Qxx = x—-2<X <XAX >0AX'mod3=1,
and to check that the second condition is satisfied:

Xmod3#1AX>0 =
@Ax' + x—2<xX <XAX >0AX mod3=1)
= {property of mod , predicate calculus}
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Xmod3=0AX>0 =
@AX +x—2<X <XAX >0AX mod3=1) A
Xmod3=2AX>0 =
@Ax' e x=2<x <XAX >0AX mod3=1))
= {quantifier rules}
3X +xmod3=0AX>0 =
X—2<X <XAX >0AXx mod3=1) A
@Ax' +Xmod3=2AX>0 =
X—2<X <XxAX >0AX mod3=1)
< {usex — 2and x — 1 as existential witnesses}
Xmod3=0AX>0 =
X—2<X<XAX—2>0A X—2)mod3=1) A
Xmod3=2AXx>0 =
X—1<X<X+1IAX=-1>0AX—-—1) mod3=1)
= {arithmetic simplification}
T

Thus we have shown that a specification for a Player program is the following:

{Xx > 0A xmod 3 # 1};
[X:=X|x=2<X <XAX' >0AX mod3=1] .

We can develop this further (Exercise 25.1) by refining it into a conditional:

ifX>0AXmod3=0—xX:1=Xx—-2
[Xxmod3=2—-x:=x-1

[ Xmod 3 =1 — abort

fi .

Thisdescribes Player’swinning strategy asfollows: if X mod 3iszero, then remove
two matches; if it is 2, then remove one match. If X mod 3 = 1, then the strategy
says simply to give up (since the statement aborts in this case). Giving up in this
way is reasonable when playing against a perfect opponent, but in practice it is
not a very useful strategy. Instead, we would want a strategy that might work if
an imperfect opponent makes a mistake. Below, we shall see how refinement and
heuristicstogether can be used to improve the strategies of both contestantsin such

away.
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25.4  Strategy Improvement

So far, we have considered two-person games as they would be played perfectly.
We shall now consider how the notion of winning strategy and invariant can be
used to describe strategy improvements that increase a contestant’s chances of
winning against animperfect strategy. Wefirst consider Player and then Opponent.
To make the argument simple, we assume that the game has the ssimple form
while g do {Q} ; [R] od, with precondition p and ranked predicates {r,, | w € W}.

Improving Player’s Strategy

Assume that we have found a specification {r } ; [ Q'] of Player’'swinning strategy,
wherer = (Uw € W - r,). Theinitial assertion {r} indicates that unless the
invariant holds (which is a requirement for the strategy to work against a perfect
opponent), Player may as well give up. It is now straightforward to show that an
equally good strategy is specified by

if r then [Q’] else [Q] fi

(by choosing Q as the specification in the case when the invariant does not hold,
we permit any legal move). We can now continue refining this strategy, making
the else branch more deterministic. In particular, we may try to find permitted
moves that could give an imperfect opponent a chance to establish the invariant by
mistake.

In the example of nim, afirst improvement to Player’s strategy gives us

ifX>0AXmod3=0— xX:=Xx—-2
[Xmod3=2—x:=x-1
[Xxmod3=1— [x:=X|x—-2=<X <X]
fi.

Next, wenotethat Player cannot force Opponent to establishtheinvariant x mod 3 #
1 unless it holds when Player is to move. Thus, we cannot essentially improve
Player’'s strategy further. It could be argued that the best way of implementing
the nondeterministic choice in the third branch of the conditional is by randomly
choosing to remove either one or two matches, since this makes it hard for an
opponent to figure out what strategy is used.

Improving Opponent’s Strategy

Opponent’s strategy can be analyzed in the same way as Player’s. The demonic
update [R] is a specification, and by making it more deterministic, Opponent can
discard bad choices. In particular, Opponent should try to avoid establishing the
invariant p, if possible. Thus, it is desirable to find a total relation R* € R such
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thatr € [R].(— p) for asweak apredicater as possible. This guarantees that if
Player makes a move that establishesr, then Opponent can break the invariant, at
least temporarily.

Inthe example of nim, thisideaisused asfollows. Theinvariant pisx mod 3 # 1,
and the specification for Opponent’smoveis[x := X’ | x —2 < X’ < x]. Thiscan
be made more deterministic by changing it to x := x — 1 (provided that x > 0) or
X 1= X — 2 (provided that X > 1). The assignment X := x — 1 establishes — p if
X mod 3 = 2, and the assignment x := x — 2 establishes — p if X mod 3 = 0. Thus
an improved strategy for Opponent is

ifX>0AXmod3=0— xX:1=Xx—-2
[Xxmod3=2—x:=x-1
[Xmod3=1—[x:=X|x—-2=<X <X]
fi .

It turnsout that we get exactly the same strategy asfor Player. Thisisnot surprising,
since nim is a symmetric game; the rules are the same for both contestants.

25.5 Summary and Discussion

We have shown how to formalize two-person games as statementsin the refinement
calculus and how to use standard correctness-proof techniques, with invariantsand
termination functions, to prove the existence of a winning strategy in the game.
Furthermore, we have shown how to use refinement techniques to derive an actual
game-playing program from an original abstract description of the game.

Theideaof using predicate-transformer semanticsfor describing two-person games
wasintroduced by Back and von Wright in [32]. The correspondence between total
correctness reasoning and winning strategy extends the applicability of the predi-
cate transformer and refinement calculus framework quite far outside its original
area of application.

25.6 Exercises

25.1 Provethe refinement equivalence
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25.2

253

{Xx > 0A Xmod 3 # 1};
[X=xX|x—2<xX <XAX >0AX mod3=1]

ifX>0AXmod3=0— X:=X—-2
[xmod3=2—x:=x-1
[ X mod 3 =1 — abort
fi .
Thereis adua version of nim in which the winner is the one who takes the last

match. Describe this game using the statement notation (when Player can move
first) and investigate under what precondition there is awinning strategy.

Tick-tack-toe (or noughts and crosses) on a3 x 3 board can be represented using
three sets A, B, and C of natural numbers 1, ..., 9. The squares on the board are
numbered so that every line-of-three adds up to 15 (i.e., as in a magic square).
The set A contains the numbers of the empty squares, B contains the numbers of
the squares where Player has placed a marker, and C contains the numbers of the
squares where Opponent has placed a marker. A move consists in removing one
number from A and adding it to B (Player’s move) or C (Opponent’s move). The
game ends when either A is empty (adraw) or when either B or C contains three
numbers that add up to 15. Describe this game using statement syntax and outline
a proof that if Player starts by placing a cross in the center square and Opponent
then places one in a corner square, then Player has awinning strategy.
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Statement Classes and Normal Forms

In Chapter 16, we showed how the homomorphism properties give riseto anumber
of subcategories of statements. In this chapter, we study the most interesting of
these subcategories in more detail and show how they can be expressed with a
subset of the statement constructors. We concentrate on universally conjunctiveand
conjunctive statements, on digjunctive statements, on (partial and total) functional
statements, and on continuous statements.

For each of these subcategories, we also give a normal form for statements. We
will later seethat these normal forms correspond to specification statementsin the
different statement subclasses. Because they are normal forms, any requirement
can be expressed as a specification statement of thiskind. On the other hand, these
normal forms contain a minimum of information about how the statement would
actually be implemented.

26.1 Universally Conjunctive Predicate Transformers

Theorem 26.1

Thegeneral structureof Ctran T, the universally conjunctive predicatetransformers,
is summarized in the following lemma, which we state without proof (the proof is
straightforward).

For arbitrary ¥ and T, Ctran " (X, I') isa complete lattice. Meetsin Ctran™ (Z, I)
givethe sameresult asin Mtran(X, T'), but joins generally do not. The top element
of Ctran" (X, I') is magic, and the bottom element is the arbitrary demonic update
chaos = [True].
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Theorem 26.2

From Theorems 16.1 and 16.2 we seethat guards, functional updates, and demonic
updates are aways universally conjunctive and that furthermore, sequential com-
position and meets preserve universal conjunctivity. This means that if we restrict
ourselvesto these constructs, then we only generate predicate transformersthat are
universally conjunctive. Hence, any statement generated by the following syntax
isuniversally conjunctive:

S = [@I{NHIRIS; SIMiel-g).

Of the derived constructs, the deterministic conditional, v-recursion, and weak
iteration al so preserveuniversal conjunctivity, sothey can also be usedin asyntax of
universally conjunctive statements. Asthe normal form theorem bel ow shows, any
universally conjunctive predicate transformer that can be expressed in higher-order
logic can be expressed as a universally conjunctive statement.

Normal Form

The normal form theorem for Mtran (Theorem 13.10) showed that every monotonic
predicate transformer can be written as a sequential composition of an angelic and
ademonic update. This result has a counterpart in Ctran ' :

Let S be an arbitrary universally conjunctive predicate transformer. Then there
exists a unique relation R such that

S = [R.

Proof We first note that for universally conjunctive S, the following holds for all
predicates q and all stateso:
Sgo = (Np|Spo-p <q. (%)
The proof of thisis|eft to the reader as an exercise (Exercise 26.2).
Now set Ro = (Np| S.p.o+ p). Then
[R].q.0
= {definition}
Vo'« (Np|Spo-p.oc’=0qg.0)
= {pointwise extension}
(NplSpo-p) cq
= {(x*) above}
Sq.o

which showsthat [ R] = S. For uniqueness we have



26.2. Conjunctive Predicate Transformers 429

[R] =[R]
= {antisymmetry}
[RIC[R]IA[R] 2 [R]
= {order embedding}
RODORARCR
= {antisymmetry}
R=R

a

Theorem 26.2 shows that if we want to prove some general property about uni-
versally conjunctive predicate transformers, it is sufficient that we prove it for
predicate transformers of the form [ R], where R is an arbitrary relation. From the
homomorphism properties of the demonic choice constructor, we seethat therela-
tion spaceisin fact embedded inside the predicate transformer space as universally
conjunctive predicate transformers.

26.2 Conjunctive Predicate Transformers

Theorem 26.3

By adding the possibility of nontermination, we move from universally conjunc-
tive predicate transformers to conjunctive ones. We shall now investigate the con-
junctive predicate transformers Ctran, which form a framework for demonically
nondeterministic statements that can be both miracul ous and nonterminating.

For arbitrary X and I, Ctran(X, I') is a complete lattice. Meets in Ctran(X, T)
givethe sameresult asin Mtran(X, T'), but joins generally do not. The top element
of Ctran(X, I') is magic, and the bottom element is abort.

The assert, guard, functional update, and demonic update are conjunctive. Fur-
thermore, sequential composition and meet preserve conjunctivity. Only angelic
update and join break this property. The conjunctive basic statements are generated
by the following syntax:

S = {g A I{DHIRIIS;SIMiel-9F).

Compared with the universally conjunctive statements, the only addition is the
assert statement. Again, the normal form theorem below states that any conjunc-
tive predicate transformer that can be expressed in higher-order logic can also be
expressed as a conjunctive statement.

Of the derived statements, conditionals, fixed points, iterations and loops all pre-
serve conjunctivity. This means that we can use a very broad range of predicate
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Theorem 26.4

transformer constructors and still stay within the realm of conjunctive predicate
transformers.

Normal Form

The normal form theorem for universally conjunctive predicate transformers can
be generalized to Ctran:

Let Sbean arbitrary conjunctive predicate transfor mer. Then there existsa unique
predicate p and a relation R such that

S = {p};[Rl .

Proof Recall that the termination guard of Sist.S = Strue. It is easily seen that
we must choose p =t.S:

S={p};[R|

= {congruence, definitions}
Strue = pN[R].true

= {demonic update is terminating}
S.true = p Ntrue

= {predicate calculus, definition of t.S}
tS=p

Then [t.§] ; Sis universally conjunctive (Exercise 26.1), and we know from the

proof of Theorem 26.2that [t.S]; S= [R] where R.oc = (N p | ([t.]]; S).p.o - p).
Then

({t.S}; [RD.q
= {definition}
(.S} [t9:9.q
= {definitions}
t.SN (—-t.SU SQq)
= {general lattice property}
t.SN Sq
= {definition of t.S}
Strue N S.q
= {Smonotonic}
Sq

and the proof isfinished. O
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Theorem 26.4 can in fact be strengthened somewhat; it is possible to prove that
if we require that dom.R C p, then Ris uniquely determined by S. Similarly, R
isuniquely defined if we requirethat (Vo y « =p.c = R.o.y). In thefirst case,
the condition means that the relation R must be undefined outside the domain of
termination for S, while the second caseimpliesthat R must map any state outside
the domain of termination for Sto all possible final states.

Theorem 26.4 showsthat if wewant to prove somegeneral property about conjunc-
tive predicatetransformers, it issufficient that we proveit for predicatetransformers
of the form {p} ; [R], where p and R are arbitrary. We showed earlier that nor-
mal forms like this can be taken as basic specification statements in a systematic
program refinement technique.

26.3 Disjunctive Predicate Transformers

Corollary 26.5

Corollary 26.6

Since disjunctivity is dual to conjunctivity, and universal disunctivity is dual to
universal conjunctivity, we can transform the above results immediately to corre-
sponding results about disjunctive and universally disjunctive predicate transform-
ers. Let usfirst consider Dtran™, the universally disjunctive predicate transformers.
Duality and Theorem 26.1 then give the following result.

For arbitrary © and I', Dtran™ (X, I") is a complete lattice. Joinsin Dtrant (X, I')
give the same result as in Mtran(X, I'), but meets generally do not. The bottom
element of Dtran (X, I") is abort, and the top element is the arbitrary angelic
update choose = {True}.

The previous results show that assert, functional update, and angelic update are
universally digunctive, and that sequential composition and joins preserve univer-
sal digunctivity. The basic universally disunctive statements are thus defined by
the following syntax:

S = {gIHH{RIS: SlWiel-9).

In addition to this, the deterministic conditional, (-) recursion, and while loops
preserve universal disjunctivity, so they can also be used to construct universally
digunctive statements.

The normal form theorem for universally disjunctive predicate transformersisdual
to the onefor universally conjunctive predicate transformers. It showsthat the uni-
versally disjunctive statements are sufficient to express the universally disunctive
predicate transformers.

Let Sbe an arbitrary universally disunctive predicate transformer. Then there is
a uniquerelation R such that

S = {R}.
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Corollary 26.7

Corollary 26.8

This shows that the angelic update is a normal form for universally disunctive
predicate transformers and that the relation space is embedded inside the predicate
transformer space as universally disjunctive predicate transformers.

Exactly as for conjunctivity, relaxing universal digunctivity to plain disjunctivity
means we get a dightly larger collection of predicate transformers, Dtran, which
has properties dual to those of Ctran.

For arbitrary = and I, Dtran(X, I') isa completelattice. Joinsin Dtran(X, I') give
the sameresult asin Mtran(X, I'), but meets generally do not. The bottom element
of Dtran(X, I') is abort, and the top element is magic.

Next, Theorem 26.4 immediately has the following dual:

Let Shean arbitrary digunctive predicate transformer. Then there exists a unique
predicate p and a relation R such that

S = [p;{R}.

Thus, theform[ p];{ R} isanormal formfor disjunctive predicatetransformers. The
disjunctive statements are defined in the obvious way, by adding guard statements
to the syntax of universally digunctive statements.

26.4 Functional Predicate Transformers

Lemma 26.9

Theorem 26.10

Recall that apredicate transformer that is both conjunctive and disjunctiveiscalled
functional (it could also be called deterministic, since the normal form theorems
below show that if such a statement terminates normally when executed in some
initial state, then it hasauniquely defined final state). We shall now briefly consider
different kinds of functional predicate transformers.

Total Functional Predicate Transformers

Predicate transformers that are both universally conjunctive and universally dis-
junctivearecalledtotal functional. Wecall these TFtran = Ftran, +. Therefinement
ordering for TFtran reducesto equality.

For arbitrary ¥ and T, TFtran(X, I') is discretely ordered.

Thefact that SC S holdsif and only if S= S when Sand S are elementsin
TFtran is a direct consequence of the following normal form theorem. It justifies
calling the predicate transformersin TFtran “total functional”.

If the predicate transformer S is both universally conjunctive and universally
digunctive, then there is a unique state transformer f suchthat S= (f).
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Theorem 26.11

Theorem 26.12

Theorem 26.13

We do not prove this lemma separately; it is a consequence of Theorem 26.14
below. Note that Theorem 26.10 shows that the functional update isanormal form
for total functional predicate transformers.

Of thebasic predicatetransformer constructs, only functional update and sequential
composition give us both universal conjunctivity and universal digunctivity. In
additiontothis, conditional composition al so preserveshoth universal conjunctivity
and universal digunctivity. Thus the following syntax generates a language of
functional statements:

S = (f)|S;S|ifgthen S else S fi .

Partial Functional Predicate Transformers

The collection TFtran isavery restricted class of predicate transformers. It permits
no recursive or iterative construct. Thisisremedied by moving to adlightly larger
class of predicate transformers. A predicate transformer that is conjunctive and
universally digunctiveiscalled partial functional. We use the name PFtran for the
collection of all partial functional predicate transformers (o PFtran = Ftran').

For arbitrary X and I, PFtran(X, I') is a complete meet semilattice with bottom
element abort.

Exactly as for the classes of predicate transformers treated earlier, we can give a
normal form for the partial functional case.

If the predicate transformer Sisconjunctive and universally disjunctive, thenthere
isa unique predicate p and a state function f suchthat S= {p}; (f).

We do not prove thislemma separately, sinceit isaconsequence of Theorem 26.14
below. Theorem 26.12 showsthat {p} ; ( f) isanormal formfor partial functional
predicate transformers. From the homomorphism properties we see that partial
functional predicate transformers are generated by asserts, functional updates, and
sequential composition. In addition to this, deterministic conditionals and while
loopsal so preserve conjunctivity and universal digjunctivity and can thusbe used to
build partial functional statements. Thusalanguage of partial functional statements
is generated by the following syntax:

S = {g}1({f)|S; S |ifgthen S else S fi | while g do Sod .

Functional Predicate Transformers

We now consider Ftran, the collection of all conjunctive and disjunctive predicate
transformers. As noted above, such predicate transformers are called functional.

For arbitrary X and T, Ftran(X, I') is a complete lattice, but neither meets nor
joinsgenerally givethe sameresult asin Mtran. The bottom element of Ftran(X, T')
is abort, and the top element is magic.
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Theorem 26.14

Thenormal formfor Ftran usesasserts, guards, and functional updates. Thisjustifies
calling these predicatetransformersfunctional ; they can beexpressed without using
nondeterministic constructs such asrelational updates, meets, and joins.

Assume that Sis a functional predicate transformer. Then there are predicates p
and g and a state transformer f such that

S = [a];{p};(f).

Proof Assumethat Sisboth conjunctive and disunctive. By earlier normal form
theorems, we know that S can be written in the form {p} ; [ P] but also in the form
[a] ; {Q}, for predicates p and q and relations P and Q such that

Vo y » Q.o.y = Q.0) (*)
(i.e, dom.Q C q). Theequality {p};[P] =[q] ; {Q} can be written asfollows:

MrospoAPoCr = —q.oV(QoNnr#0) . (%)
Wefirst show that Q must be deterministic:

Q.0.y AQ.o.y’
= {assumption (x)}
g.0c A Q.o.y A Q.oy’
= {assumption (x:x)}
g.o Ap.oAPo C{y}AP.o C{y}
= {set theory}
goApoA(Po=0vy=y)
= {q.0 A p.o A P.o = ¢ would contradict (xx) withr := ¢}
goApPoAy =y

One can now show that the determinism of Q impliesthat {Q} = {Ao + Q.0 #
@}; (2o - ey - Q.0.y) (Exercise 26.5). Thus Scan berewritten in the desired form.
O

It should be noted that the normal form in Theorem 26.14 is not the only possible
one. We could as well use {p} ; [q] ; (f) asthe normal form (this follows easily
from the general rule for reversing the order of aguard and an assert: [q] ; {p} =
{=aup};[al).

Note also that in the normal form [q] ; {p}; (f), the predicate g is unique, q =
— Sfalse, while p and f are not. However, they are restricted so that S.true N
— Sfalse C p C Strue and so that f isuniquely defined on S.true N — S.false.

This completes our investigation of the statement subclasses characterized by the
four basic |attice-theoretic homomorphism properties.
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26.5 Continuous Predicate Transformers

Theorem 26.15

Theorem 26.16

Let us finally consider the subclass of monotonic predicate transformers that is
formed by the continuity restriction. Continuity is also a kind of homomorphism
property, as it requires that limits of directed sets be preserved by the predicate
transformer.

We let ¥ +—. I' as before stand for the continuous predicate transformers in
3 + TI'. Let CNtrany denote the category with types in X as objects and the
continuous predicate transformers as morphisms, i.e., CNtran(X, ") = ¥ —. .
Basic properties of CNtran are collected in the following lemma:

CNtran is a category; it is a subcategory of Mtran. For each pair of state spaces
¥ and I, CNtran(X, I') isa complete lattice, but meetsin CNtran(X, I') generally
do not give the same results asin Mtran(X, I'). CNtran(X, T") has bottom element
abort and top element magic.

The normal form theorem for monotonic predicate transformers has a counterpart
in CNtran, in the situation where the underlying state spaces are countable.

Let S: ¥ — I be an arbitrary continuous predicate transformer, where &
and I are countable state spaces. Then there exists a relation P and a total and
image-finiterelation Q suchthat S= {P}; [Q].

Proof The proof rests on the fact that a continuous function f : P(A) — P(B)
(where A and B are countable) is uniquely defined by its behavior on the finite
subsets of A (the proof of thisfact is beyond the scope of this book).

Assumethat acontinuous S € Ptran(X, I') isgiven. The constructionisthen almost
as in the normal form theorem for monotonic predicate transformers (Theorem
13.10). However, now we consider an intermediate state space consisting of all
finite nonempty subsets of " (to be really precise, we would have to construct a
new typethat isisomorphic to this set of subsets, but that isacomplication without
real significance). One can then define P and Q exactly asin the proof of Theorem
13.10 and show that S = {P} ; [Q] (see also the proof of Theorem 26.18 below).
O

Thus{P};[Q], where Q istotal and image-finite, isanormal formfor continuous
predicate transformers. Furthermore, for S: X +— X with ¥ countably infinite
it can be shown that both P and Q can be chosen to be relations over = (thisis
because the finite subsets of a countably infinite set can be mapped bijectively into
the set itself).

Combining Continuity and Conjunctivity

In addition to the continuous predicate transformers, we can consider subalgebras
that satisfy a combination of continuity and some other homomorphism property.
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Lemma 26.17

Theorem 26.18

A combination that is particularly useful is that of conjunctivity and continuity.
We let CCNtran stand for the collection of all conjunctive and continuous predicate
transformers.

CCNtran is a category; it is a subcategory of Mtran. For each pair of state spaces
¥ and I, CCNtran(X, I') is a meet semilattice, and it has bottom element abort.
In fact, any continuous and conjunctive predicate transformers can be written asa
sequential composition of an assert and a continuous demonic update:

Let S: ¥ — T be an arbitrary continuous conjunctive predicate transformer,
where ¥ and I' are countable state spaces. Then there exists a unique predicate p
and a total and image-finiterelation R suchthat S= {p};[R].

Proof Assume that predicate transformer S is continuous and conjunctive. The
construction is ailmost as in the normal form theorem for conjunctive predicate
transformers (Theorem 26.4). We set p = t.Sand

R _ (Nq|Sgo-q) ift.So,
7T ey T) otherwise

(theset {ey « T} isasingleton containing some unspecified statey € I'). Thesame
argument asin the proof of Theorem 26.4 now showsthat S = {t.S} ;[ R]. Thus, we
have only to show that R.o isnonempty andfinite. Thisisobvioudy trueif —t.S.o,
since R.o inthat caseisasingleton. Now assumet.S.o. Then S.true.c = T, sothe
set {p | S.p.o} isnonempty. Furthermore, we get
S(R.o).o
= {Sconjunctive, definition of R}
Vg | S.q.0 * S.q.0)
= {trivial quantification}
T

Since continuity implies S.false = false, this showsthat R.c must be nonempty.

Finaly, we prove that R.o is finite by contradiction. Let C be the collection of
al finite subsets (predicates) of R.o. Note that C, ordered by set inclusion, is a
directed set. Assumethat R.o isinfinite. Then
(imgeC-SQq).o
= {pointwise extension}
(3g e C- Sq.0)
= {R.o infiniteimplies S.q.c = Fforal g € C}
F
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However, we have

S.(imgeC-q).o

= {thelimit of C is R.o, because of countability}
S(R.o).o

= {above}
T

which contradicts continuity of S. Thus R.c must be finite. O

This theorem shows that {p} ; [R] (where R istotal and image-finite) is a normal
form for conjunctive continuous predicate transformers.

26.6 Homomorphic Choice Semantics

Thechoicesemanticsfor statementsthat we described earli er showed how predicate
transformers can be identified with generalized state transformers that map initial
states to sets of postconditions. We shall now consider how the homomorphism
properties of predicate transformers translate into properties of state transform-
ers. Each homomorphism property of a basic predicate transformer construct can
be trandated into a property of the corresponding generalized state transformer.
Thus to every subclass of statements corresponds a subclass of generalized state
transformers.

Our aim here is to show how traditional denotational semantics of subclasses of
statements can be extracted from the choice semantics in a simple way, using
the state transformer characterizations of homomorphism properties. In this way,
we get a unification of programming logics, including both backward predicate
transformer semantics and forward state transformer and relational semantics, and
in which the more traditional semantics can be identified as special cases.

Homomorphism Properties

Recall thefunctionthat mapsany predicatetransformer S: ¥ — I" toageneralized
state transformer S: ¥ — P(P(I')), defined by

So = {g]|Sq.o}.

Thus S maps initial state o to the set of all postconditions that S is guaranteed
to establish. We shall now consider how homomorphism properties translate into
generalized state transformer equivalents. We have already noted in Chapter 14
that monotonicity of S corresponds to upward closedness of S.

Wefirst consider strictness and termination.
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Theorem 26.19

Theorem 26.20

Let Sbe an arbitrary statement. Then
(@) Sstrict = (Vo -0 & So) .
(b) Sterminating = (Yo + S.o # 9) .

Proof We show the proof of part (b), which is the more difficult part. Let S be
arbitrary. We have
Sterminating
= {definition of termination}
(Vo » Sitrue.o)
= {definition of S}
(Yo « true € S.0)
= {= istrivial; < since S.o is upward closed}
(Yo + So # 0)
and the proof isfinished. O

Note how the three basic cases for initia state o (abortion, normal termination,
miracle) are reflected in the choice semantics. Statement Sabortsif So = ¢, itis
miraculousif ¢ € S.o, and it terminates normally otherwise.

We next show that conjunctivity corresponds to intersection closedness. Duality
then gives a characterization of disunctivity.

Predicate transformer Sisconjunctive if and only if

(Viel-peSo) = (Niel-p)eSo
holds for an arbitrary nonempty collection {p; | i € |} of predicates and for all
states 0. Dually, Sisdigunctiveif and only if

@iel-peSo) = (Uiel-p)eSo

holds for an arbitrary nonempty collection {p; | i € |} of predicates and for all
stateso.

Proof First assume that S is conjunctive and let the state ¢ and a nonempty
collection {p; | i € |} of predicates be given. Then
Sconjunctive, | # @
F@iel-p)eSo
= {definition of S}
S(Niel-p)o
= {S conjunctive, pointwise extension}
(Vi €l +Sp.o)
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= {definition of S}
(Viel-p eSo)
Now assumethat (Ni € | - p;) € So = (Vi € | - pi € S.o) holdsfor an arbitrary
state o and an arbitrary nonempty collection {p; | i € I} of predicates. Then, for
| £ @,
S(Niel-p)o
= {definition of S}
(Niel+p)eSo
= {assumption}
(VYiel-p eSo)
= {definition of S}
Viel-:Sp.o)
= {pointwise extension}
(Niel-Sp)o

so Sisconjunctive. The proof for disjunctivity isdual. O

Choice Semantics for Universally Conjunctive Statements

The choice semantics maps statement S into the rich structure Stran(X, I'). We
will now show that for subclasses of Mtran it is possible to map Sto an alternative
S so that intuition behind the choice semantics is preserved but the structure that
Sismappedintoissimpler.

If S e mMtran(X, I') is universally conjunctive, then for an arbitrary state o the
set (Np | S.p.o + p) is the unique smallest element in S.o (Theorem 26.19).
Furthermore, upward closure guarantees that the intersection is nonempty, and
Theorem 26.20 guarantees that it is an element of S.o. Thus S.o is completely
characterized by this element. For a conjunctive statement S we define

So £ (Np|Spo-p) .

This makes S a function in ¥ — P(T). Note that this interprets universally
conjunctive statements directly asrelations; setting S = [ R] weimmediately have

y€[Rl.o = Ro.y .

Exactly as for the general choice semantics, we have operators corresponding to
the different operators on predicate transformers. For example, demonic choice on
Ctran corresponds to pointwise union while refinement corresponds to pointwise
reverse subset inclusion:
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The relationship between the semantic functions and the four domains involved
(Mtran, Ctran, Stran, and -~ P(E)) can be described nicely if we first define
the function cr that recovers Sfrom S:

c.T.o = {q|T.c Cq}

forT:X — P(F),sothatcr.(g) = S. Thecommuting diagramin Figure 26.1 then
shows the situation, where inj is the injection function that maps any S € Ctran”
to the same predicate transformer in Mtran.

The functions involved are also homomorphic. For example, for arbitrary S, and
S inCtran' we have

cr.(Ao ¢ §1.0 U §2.0) = (ko +in.S.0 Nin.S.0)

(recall that S NS = (Ao » Si.0 N S.0)). Similar results can be shown for other
operators; thisis pursued in Exercise 26.7.

Conjunctivity
If Sis conjunctive but possibly nonterminating, we have only to define Sd ightly
differently, compared with the universally conjunctive case. Now Sis afunction
inX — {L}+ P() (thus we have added an artificial bottom element L to the
state space), and

S, 2 |4 if So =9,
~ T |l (np|Spo-p) otherwise.
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In fact, S then gives the relational interpretation often used to justify weakest
precondition semantics. Again, S can immediately be recovered from S, and the
refinement relation has the following characterization:

SC S = (V0-§.G=J_\/§.0§§.o) .

Thisisthe Smyth powerdomain ordering on {_L} + P(X). Exercise 26.8 elaborates
further on the alternative choice semantics for conjunctive statements.

Disjunctivity
For digjunctive predicate transformers, the results are dual to those for the conjunc-
tive case, so we outline only the universally disjunctive case here. From Theorems

26.20and 26.19it followsthat S.o isuniquely determined by itssi ngleton elements,
so we define S.o to contain all members of singleton elements of S.o:

So £ {0/|{0'} €S0} .

This makes Safunctionin ¥ — P(I"). Nontermination here corresponds to So
being empty, and refinement corresponds to pointwise subset inclusion:

SC S = (Vo-§.0§§.o).

Determinism

Determinism means that the final state of a normally terminating computation is
aways uniquely determined for a given initial state. For deterministic predicate
transformers, we thus want to simplify the state transformer interpretation so that
S.o isthefinal state that isreached when Sis executed in initial state o .

We first consider the special case S € TFtran, when predicate transformer S is
deterministic (i.e., both conjunctive and disjunctive) and al so terminating and non-
miraculous. In this case, Theorem 26.10 showsthat S = ( ) for the state function
f defined by

fo = (ey-(VpISpo-py),
and from Chapter 14 we know that

So = {p|foep}.

In other words, S.o contains all those predicates that contain f.o. Thus we lose
no information if we give the simpler semantics

A

S 2 i

that identifies S with a function S: £ — TI'. Since TFtran is discretely ordered,
refinement reduces to equality.
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If Sis partial functional, i.e., conjunctive, disjunctive, and strict, it follows from
the above that given a state o, either there is a unique state o’ such that S.o =
{q] o’ €q},or So = @. Using the additional element L (standing for abortion),
we can define asimpler state transformer semantics without losing information:

s, 2 [+ if So =0,
7 | (eo’+So={g|c’eq})) otherwise.

This definition makes S a function in & — {L} + I'. In this way, we recover
traditional denotational semantics for partial functions, where L is the undefined
state.

In order to characterize refinement, we recall that the default ordering on a sum
A + B is defined such that the orderings inside A and B are preserved but al
elements of A are smaller than al elements of B. Refinement then corresponds to
the pointwise extension of thisorderingon { L} + I':

SC S = (V0-§.0=J_v§.0=§(.0).

The case when Sis deterministic (i.e., conjunctive and digiunctive) is handled in
a similar way, but therange of Sis~ — {1} + T + {T}, where T stands for
miraculous termination.

Finite Conjunctivity and Disjunctivity

In predicate transformer semantics, it is often assumed that (executable, imple-
mentable) programs are represented by predicate transformers that are finitely
conjunctive and nonmiraculous. Recall that Sisfinitely conjunctiveif S(pNq) =
S.p N S.q for arbitrary predicates p and g. Finite conjunctivity is slightly weaker
than positive conjunctivity, but all examples of predicate transformers that are
finitely conjunctive but not conjunctive that we have found are pathological and
far removed from ordinary program specifications (see Exercise 26.9).

It isinteresting to note that Sis afinitely conjunctive, strict statement if and only
if for all states o the following three conditions hold:

(@9 ¢&So,

(b)pe SorqeSo = pnge So,and

(©peSoApcq = ge So;
i.e., S.o iseither empty or (in topological terminology) afilter.

Furthermore, if we strengthen the conjunctivity condition, requiring S to be uni-
versally conjunctive and strict, then S.o isaprincipal filter, i.e., afilter generated
by a specific set of states.
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26.7 Summary and Discussion

In this chapter we have studied the main subclasses of monotonic predicate trans-
formers, identified by the homomorphism propertiesthey satisfy. For each subclass,
we have identified the normal form for predicate transformersin this classand also
identified the collection of basic statement constructs that generate this subclass.

Subclasses of predicate transformers have been investigated by Back and von
Wright [27, 29]. Distributivity and homomorphism properties of conjunctive pred-
icate transformers are the basis for Hesselink’s command algebras [80, 81].

Universally conjunctive predicate transformers are not very expressive for rea-
soning about programs, because they cannot express nontermination. However,
it should be noted that if a language (with demonic nondeterminism) is given a
weakest liberal precondition semantics, then its statements denote universally con-
junctive predicate transformers. ThusCtran " is suitable for reasoning about partial
correctness of demonically nondeterministic programs.

The specia cases of the general choice semantics described in this chapter yield
semantics that have been used earlier for various programming languages and
paradigms. The choice semantics for universally conjunctive statements corre-
sponds to traditional relational semantics. For conjunctive statements, we have a
version of the Smyth powerdomain ordering without the restriction to continuity
[130]. These correspondences were noted already in [9].

The choice semantics for deterministic statements (with artificial bottom and top
elements added to the state space) correspond to the ideas of Scott [126] that treat
data types as lattices. Later mainstream denotational semantics worked with cpos
and omitted the top element; see, e.g., [125]. This corresponds to our semantics
for partial functional statements.

The way in which we have identified statement subclasses should be seen as an
alternative to the traditional approach in programming logics, where a particularly
interesting class of program statements is singled out, and characterized by its
properties. Statements in this class are given a syntax and a semantic meaning,
and properties of statements are then studied within thisframework. This approach
isactually quite restrictive. First of all, it introduces an unnecessary element into
the discussion, the choice of statement syntax. This is an area where people have
strong preferences, and it usually only confusestheissue. Secondly, the analysisis
then locked into the fixed framework, and comparison with alternative statement
classes becomes difficult and can be carried out only on a semantic level.

Our formalization of programming languages in higher-order logic avoids these
problems, because we stay within asingle very general framework, that of higher-
order logic. We do not introduce a specific programming language syntax for our
statement subclasses, but concentrate instead on the collection of operations that
generate this subclass. This allows us to freely mix components from different
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statement classes and derive properties for such new mixtures. Of course, our
framework isalsorestricted, inthe sensethat weinterpret our programsas predicate
transformers, so we are essentially considering only the input—output behavior of
programs.

26.8 Exercises

26.1
26.2

26.3

26.4
26.5

26.6

26.7

Show that if Sisconjunctive, then [t.S] ; Sisuniversally conjunctive.

Show that if Sisuniversally conjunctive, then thefollowing holdsfor al predicates
g and al stateso':

Sgo = (Np|Spo-p <q.
Hint: First show that (A x | B.x » B.x) = T for arbitrary B.

Show that the demonic update chaos = [True] is the bottom element of Ctran™,
i.e., theleast universally conjunctive predicate transformer.

Prove Theorem 26.11.
Show that if therelation Q is deterministic, then

{Q) = {Ao+ Qo #W} (Ao ey - Quoy) .

Inthischapter, wedefined the various homomorphic choi ce semanticsby applyinga
suitabletransformation to the original choice semantics. Another possibility would
be to define the homomorphic choice semantics recursively over the syntax for the
corresponding subclass of contract statements and then show that the two choice
semantics are related as stated in the text. For the universally conjunctive case we
define

c[Rl.e = Ro ,
ch'.(S;S).0 = im(ch.$).(ch.S.0) ,
ch.(Miel-8)o = Uiel-ch.S.o), | #0 .

Show that with this definition,
ch.So = {q|ch.So Cq}
for Se Ctran'.

Recall the definitions of Sand cr.Sfor universal ly conjunctive S given in the text.
Prove that the diagram in Figure 26.1 commutes and then prove the following
homomorphism property for demonic choice:

cr.(ho+ S.0US.0) = (ho+in.S.oNin.$.0) .
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26.8

26.9

Then formul ate the corresponding homomorphism property for sequential compo-
sition and proveit.

For the conjunctive case we define the function ch’ recursively over the syntax of
asubset of contract statements as follows:

{o} if p.o,
1 otherwisg;
ch.[Rl.o = R ;
1, ifeh. S0 =1,
L, ifcn. S0 # L A
3y ech.S.0-ch. Sy = 1),
im.(ch’.$).(ch'.S;.0), otherwise;
1, if@3iel-ch.S.0=1),
(Ni el -ch.S.0), otherwise.

ch.{plo =

ch'.(S; D)o =

ch.(Miel+Y)o =

(when | # ). Show that this semanticsisrelated to the original choice semantics
asfollows:

1 if ch.S.oc =0,

/ _
o.So = {ﬂch.S.cr otherwise.

A set is said to be cofinite if its complement is finite. Since predicates are sets of
states, it makes sense to talk abut cofinite predicates also. Let S be the predicate
transformer in Mtran(Nat, Nat) defined as follows:

Sg.0c = qiscofinite.

Show that Sisfinitely conjunctive, i.e, that S.(pNqg) = S.pN Sq for arbitrary
predicates p and g. Sishot conjunctive, however. Show this by exhibiting a set of
predicates {g; | i € Nat} suchthat S.(Ni € Nat- ) % (Ni € Nat- S.gj). Hint:
a set of natural numbers A is cofinite if and only if thereisn € Nat such that A
contains all numbersthat are greater than or equal to n.



Thisis page 446
Printer: Opaquethis



27

Specification Statements

In this chapter we describe in more detail how to model program specifications
as program statements. We give an exact characterization of what a specification
statement is, and we study refinement of specification statementsby other specifica-
tion statements. We also look at methods for combining two or more (conjunctive)
specifications into a single specification that retains the same information.

A stepwise refinement of a specification statement embodies some design deci-
sion asto how the specification isto be implemented. The term top-down program
devel opment is often used to describethis classical techniquefor program devel op-
ment. One startswith an abstract specification statement that describestheintended
behavior of the program and refines this step by step. At each step, a specification
statement is replaced with some compound statement, possibly containing new
specification statements as subcomponents.

We concentrate on refinement of conjunctive statements. Wegivethebasicrulesfor
refining conjunctive specification statements by a sequential composition or meet
of other specification statements, and illustrate the top-down devel opment method
with asmall example. We choose the Guarded commands language by Dijkstrato
represent the programming language that we are programming into. We describe
thislanguage first, in particular to determine its homomorphism properties, which
can then be used in program derivations.

We finally consider the problem of refining a specification statement by an arbi-
trary statement. We consider two kinds of specification statements: conjunctive
specifications and universally disjunctive specifications. In both cases, we show
how to reduce a refinement to a correctness assertion, which then can be proved
using correctness rules from earlier chapters.
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27. Specification Statements

27.1 Specifications

In preceding chapters we have shown that subclasses of statements can be char-
acterized by normal forms for statements. We shall now show that these normal
formsreally correspond to specifications of program behaviors. By a specification
we mean a statement that indicatesin asimple way what isto be computed without
saying how it is computed. For example, the statement

X .= factorial.X

specifies that the output value of x should be the factorial of the input value. If the
programming language used has an explicit factorial operator, then thiswould aso
bean executable statement. By asequence of refinement steps (aderivation), wecan
refine this to an implementation that, e.g., uses only multiplications and additions.
We will not address here the question of what operations are implemented, as this
differs from programming language to programming language. A programming
language implementation of a statement is a refinement of the statement that is
directly expressiblein the chosen programming language and hence executable on
the chosen computer.

We have shown in Chapter 13 that every monotonic predicate transformer term
can be written in statement form {P} ; [Q]. We consider a predicate transformer
of this form to be a general monotonic specification. Intuitively, such a specifica-
tion describes a two-step game in which the angel chooses an intermediate value
according to relation P, after which the demon chooses afinal value according to
Q. In asimilar way, we also consider the other normal forms from Chapter 26 to
be specifications.

Conjunctive Specifications

A conjunctive specification is a predicate transformer of the form {p} ; [Q]. This
is a normal form for conjunctive predicate transformers; i.e., every conjunctive
predicate transformer term can be written in this form. Furthermore, it describes a
computation in aconciseform: therelation Q showshow thefinal stateisrelated to
theinitial state, whilethe predicate p (the precondition) characterizes thoseinitial
states that we are interested in. An implementation of the specification {p} ; [Q]
must behave as permitted by Q whenever p holds in the initial state. Arbitrary
behavior (even nontermination) is acceptable in states where p does not hold.

In practice, we usually writetherelation Q asarelational assignment. For example,
x>2):;[y=Y|l<y <xan@a-a-y =x)]

is a specification for a program that stores some proper factor of x in y if x is
initially greater than 2.
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If the precondition isthe predicatetrue, then the specificationisin fact auniversally
conjunctive specification. Wedo not consider universally conjunctive specifications
separately; we simply treat them as special cases of conjunctive ones. An example
(with x, y : Nat) is

[y=yly?<x<(¥ +17,

which assignsto y the (natural number) squareroot of x. Note that even though the
squareroot isuniquely defined for arbitrary x, it would be much more complicated
to specify it as a function of x. Thisis a strong argument in favor of conjunctive
specifications even when specifying a deterministic computation: we can specify
by giving constraints rather than by giving an explicit function.

Other Specifications

Dually to the conjunctive specification, the statement [p] ; {Q} is a digunctive
specification and {Q} is a universally digunctive specification. Similarly, {p} ;
(f) is a partial function specification. An example of a universally disunctive
specificationis

(x,e:=x,€|0<€ <x}.

This specifies setting x and e to any (angelically chosen) nonnegative values with
O<e<xX

An example of apartia functional specificationis
{x>0};z:=y/x,

which specifies that z is assigned the result of the division y/x, with precondition
x > 0. If x < 0, then any behavior, even nontermination, is acceptable.

The partial functional specification is easily seen to be a special case of the con-
junctive specification, since any functional update can be rewritten as a demonic
update. Even though the partial functional specification predicate transformer is
sufficient to specify arbitrary partial functions, the natural number square root ex-
ample above shows that it can be more convenient to specify afunction using the
more general conjunctive specifications.

27.2 Refining Specifications by Specifications

Specifications are canonical ways of expressing statements. It is therefore useful
to know when one specification refines another one. Refinement between specifi-
cations corresponds to refining the requirements of the program statement to be
built, without going into the details of how the statement is to be constructed in
terms of sequential composition, conditionals, and loops.
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Refinement Between Similar Specifications

The rules for refinement between similar specifications generalize the homomor-
phism properties given earlier. We consider seven basic forms of specifications:
monotonic { P} ; [Q], conjunctive {p} ; [Q], universally conjunctive [ Q], digunc-
tive [p] ; {Q}, universally disjunctive {Q}, partial functional {p} ; (f), and total
functional (f).

Theorem 27.1 Thefollowingrulesholdfor arbitrary predicates p, p’; arbitrary statetransformers

f, f’; and arbitrary relations P, P’, Q, and Q'.

@ (P} [QIE{P};[Q]l &« PSP AQCQ,
0 {p[QIC{p}:;[Q]l = pS P AIP;QCQ,
© [QIE[Q]l=Q<cQ,

@ [p{QICE[P];{Q}=pP S pPAQC|p|;Q,
® {QIE{Q} =QcQ,

@ {p (O E{p}(f) =pcpAalplIflc|f],
@ (HE(f) = f=1".

Proof Wefirst notethat (a) holds by homomorphism and monotonicity properties.
To prove (b) we have

{p};[QIC {p};[Q]
= {définitions}
Vor-poAQoCr = poAnQ.ocCr)
= {= by specialization (r := Q.o ), «< by tranditivity of C}
Vo« po = p.oAnQ.0c CQ.o)
= {calculus, definition}
Vo + po=pP.o)ANoo' «poAQ.oo = Qoo
= {definitions}
PSP Alpl;QcQ
This proves (b). Now (c) follows as a specia case of (b) when p and p’ are both
true. Therulefor digjunctive specifications (d) follows from (b) by dual reasoning
(Exercise 27.1). Findly, (e) isa specia case of (d), (f) isaspecia case of (b), and
(g9) isaspecia caseof (f). O

Note that rules (b)—<g) in Theorem 27.1 are all equivalences, so they can be used
for refinements in both directions. All the rules in Theorem 27.1 give conditions
for refinement in terms of predicates, functions, and relations. This is important;
it allows us to reduce refinement of statements to properties on lower levelsin the
predicate transformer hierarchy: to properties of functions, relations, and predi-
cates. When the rules are applied to a concrete specification, the conditions can
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Theorem 27.2

easily be reduced further to first-order formulas. For example, the second conjunct
on theright-hand side in (f) can be rewritten as

(Vo - po = fo="10).

Theorem 27.1 may seem like an unnecessarily long list. In fact, as noted in the
proof, three of the cases (c, e, and g) are direct special casesof the others. From now
on, we will not consider these specifications (universally conjunctive, universally
digunctive, and total functional) separately.

Refinement Between Different Specifications

In many cases, it ispossibleto refine a specification of oneforminto aspecification
of another form. We concentrate on those situations in which a specification is
refined by amorerestricted kind of specification (where{P};[ Q] isthemost general
and ( f ) themost restricted form). Furthermore, we concentrate on four basic forms
of specifications: general, conjunctive, disjunctive, and partial functional.

The following holds for arbitrary predicates p, p’; arbitrary state transformer f;
and arbitrary relations P, P’, and Q.

@ {P};[QIE(P};[Q] = domPCpP AP QcQ,
(b {p};[QIE{P}:(f) = pcpAlpliIf1cQ,
© {P};[QIE[P];(Q) = 1pl;PSQ;Q ",
(d {QIE{p};(f) = domQC pAQC|f].

Proof Wefirst prove (a). We have

{P};[QIE {p};[Q]
= {definitions}
Mor-@y+-PoyArQyCr) = porQ.ocCr)
= {quantifier rules}
NVoyr«PoyaAnQycCr = p.oarQ.oCr)
= {= by specidization (r := Q.y), < by transitivity of C}
Vo y+-Poy = p.oArQ.o CQ.y)
= {predicate calculus}
Moy Poy=po)ANoyd:PoyrQ.ods = Quy.d)
= {quantifier rules}
Vo+@y+Poy)=p.o)ANys-Fo+P.oynQ.od = Qy.d)
= {definitions}
dmPcpAP1;QcQ
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Next, we find that (b) isin fact a special case of Theorem 27.1 (b), specializing Q’
to | f’|. For (c) we have a derivation similar to the one for (a). Finally, (d) follows
as a special case of (a) with P := Q, Q :=Id, and Q' := | f’|, together with a
small derivationtoshow Q1 ; |f’|C1d = Q C |f/|. O

In the rule in Theorem 27.2 (d) it is sufficient to have the universally digunctive
specification {Q} on the left-hand side rather than the disjunctive specification
[p] ; {Q} because the refinement

[p];{Q} & {p};(f")
ispossibleonly if p = true (Exercise 27.2).
In some situations, we may also be interested in refining a specification into one
of amore general form. Since the less general form can always be rewritten into

the more general one, the problem here reduces to refinement between similar
specifications. For example, the refinement

{p}:(f) © {p}:[Q]
is equivalent to

{p};[IfI] E {p};[Q]

and can be handled by the rule in Theorem 27.1 (b). Another similar example can
be found in Exercise 27.3.

Example

As an example, we consider refining the conjunctive specification {x > 0} ; [X =
X" | X' < X]. We propose to refine this by replacing the demonic assignment with
afunctional one. Theorem 27.2 (b) gives us arule for proving the refinement

X>0};[x:=X|X<Xx] C {x>0};x:=x—-1.
Since both specifications have the same precondition, the proof obligations are
simplified. We have
X>0;[x=x|X <X E {Xx>0;x:=x—-1
= {Theorem 27.2 (b)}
X >0];|x:=x—-1] € Xx:=X"|x <X)
« {reduction to boolean terms}
(VXX +x>0AX =x—-1= X <X)
= {arithmetic}
T
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27.3 Combining Specifications

Theorem 27.3

Therearemany casesin which wedo not start with asingle specification, but rather
with a collection of requirements that our program has to satisfy. Before starting
a derivation, we first need to combine these different requirements into a single
specification. We shall now give basic rules for this.

We assume that the requirements are themselves given as specifications, and we
concentrate on conjunctive statements. We first show that if S, and S, are conjunc-
tive specifications, then S, ; S and S N S can also be expressed as conjunctive
specifications. Thejoin S LS, istheleast common refinement of the two specifica
tions, but it need not be conjunctive, sincejoinsintroduce angelic nondeterminism.
But since the conjunctive predicate transformers Ctran(Z, I') form acompl ete lat-
tice, any set of conjunctive predicate transformers must also have a unique least
conjunctive upper bound. We will show below how to derive this.

Sequential Composition and Meet

Sequential composition and meet preserve conjunctivity. Hence, composing two
conjunctive specifications with these operators gives us conjunctive statements.
These can again be expressed as a conjunctive specification, as shown by the
following result.

Let predicates p and q and relations P and Q be arbitrary. Then
@ {p}:[P];{a};[Q] = {pN[Pla};[P;Q].
(b) {p};[PIM{a};[Q] = {pna};[PUQ].
Proof We use the following assertion propagation rule for conjunctive S, which
the reader can easily verify (Exercise 27.4):
S;{p} = {Sp}:S.
For (a), we have
{p};[P];{a};[Ql
= {assertion propagation}

{p};{[Pl.a};[P];[Q]

= {homomorphisms}
{pN[Pl.a};[P;Q]
and for (b),

dp};[PIn{g};[QD.ro
= {definitions}
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p.o ANy P.oy=ry)rdo ANy Q.oy =ry)
= {predicate calculus}
p.c Anq.c A(¥Vy » P.o.y v Q.o.y =r.y)
= {definitions}
(pna};[PUQ].ro
which finishes the proof. O
Least Conjunctive Refinement
Theorem 27.3 states that the meet (greatest lower bound) of specifications{p} ;[ P]
and {q};[Qlis{pnq};[P U Q]. Intuitively, it may seem that the rule for aleast
conjunctive upper bound should be dua. However, we cannot simply take the
digiunction of the preconditions and the conjunction of the next-state relations (see
Exercise 27.5).
We will here need the relational quotient operator, defined as follows:

P\Q £ (Ac 8:Vy:P.oy = Q.y.5) . (relation quotient)
Intuitively, (P\ Q).c.8 means that whenever P relates o to some y, then Q must
relatethisy to§ (the quotient can be seen asadual to composition of relations). We
assume that the quotient operator binds more tightly than meet but more weakly
than composition.

The following properties of this quotient operator show that it is related to compo-
sition similarly to how implication is related to meet.
Lemma 27.4 Assumethat P, Q, and R are relations. Then

@ P\Q = =(P;=Q),
(b) PA\(Q\R) = (P; Q\R,

©@P<CQ\R=Q%HPCR,
dP\Qt = =QH\(=P,
©®I1d\R = R.

The proof isleft as an exercise to the reader (Exercise 27.7).

Lemma 27.4 (c) shows that the quotient can be given the following intuition: if
we want to divide relation Rinto relations Q and P sothat Q; P € R,and Q is
given, then for P we can take Q—\R.

The relational quotient can be used to give a simple characterization of least
conjunctive upper bounds.
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Theorem 27.5 Theleast conjunctive upper bound of two conjunctive specifications { p} ; [ P] and

Theorem 27.6

{a}; [Q] isgiven by
{pudal;[Ip\PNIg\Q] .

Proof We devel op the proof by finding what characterizesaspecification ({r };[R])
that refines both {p} ; [P] and {g} ; [Q].
{p};[PIEAr}; Rl A {a};[QIE{r}; [R]
= {Theorem 27.1 (d)}
PSrAlpl;RESPAgCTrAlgl;RCQ
= {Lemma27.4(c), |p|~" = |pl}
PSrAqcrARCIpPNPARCIINQ
= {lattice properties}
(pug) Sr ARC|p\P N |[g\Q
This shows that the least conjunctive upper bound is{puq};[IpI\PNI|q/\Q]. O

We call the least conjunctive upper bound of S and S the least conjunctive re-
finement, written §1S,. The expression for S,0S, given in Theorem 27.5 isfairly
complicated. However, if the conjunctive specification {p} ; [ P] is normalized so
that relation P isfull wherever p doesnot hold (i.e., (Vo « —p.c = (Yy « P.o.y))),
and similarly for {g};[ Q], then the expression for theleast conjunctive upper bound
reducesto the simpler form

{puag};[PNQ].
Showing thisisleft to the reader as an exercise (Exercise 27.9).
Inthespecia caseinwhichthetwo preconditionsarethe same, theleast conjunctive
refinement can also be simplified.
Let p bea predicate and P and Q relations. Then
{p}:[P10{p};:[Ql = {(p};:[PNQ].

Proof

{p}:[P1O{p}; Q]

= {Theorem 27.5}
{p}; [IP\P N [PN\Q]

= {definitions}
{p};[ro ¥ - (p.o = P.o.y) A (po = Quo.y)]

= {use assertion (Exercise 27.8}
{p};[ro y - p.oA(po= Poy)A(po= Quoy)
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= {predicate calculus}
{p};[Mo y-poAPoynQ.uoy]
= {use assertion (Exercise 27.8}
{p};[r o y-P.oyAnQuo.y]
= {dé€finitions}
{p};[PNQ]
O

Theleast conjunctive upper bound can be seen asaway of combining specifications.
If we specify different aspects of aprogram separately, wewant theimplementation
to satisfy (refine) each of the component specifications. Theorem 27.5 gives us a
rule for computing the combined specification. Since the result is the least upper
bound, we do not lose any refinement potential when combining the component
specificationsif we have decided that the refinement must be conjunctive.

Example: Merging Arrays

Asanexample, wespecify amerging al gorithm, intended to mergetwo sorted arrays
A and B into an array C. We assume that only the array segments A[0..m — 1],
B[0..n — 1], and C[0..m + n — 1] are used. Thus we use the abbreviation sorted. A
for sorted. A.(Ai =i < n) and occur. A.x for occur. A.(Ai < i < n).x (and similarly
for B and C). We require that the input and the output be sorted:

S = {sorted.A A sorted.B} ;[C := C’ | sorted.C’] .
Furthermore, we require that all input elements occur in the output list:

S = {sorted.A A sorted.B};
[C:=C'| (Vi +occur.C".i = occur.A.i + occur.B.i)] .

The result of combining the two specifications S; and S; is, by Theorem 27.6,

{sorted. A A sorted.B} ;
[(C:=C'|sorted.C") N
(C :=C’| (Vi « occur.C’.i = occur.A.i + occur.i))]
= {combine relations}
{sorted. A A sorted.B} ;
[(C :=C' | sorted.C' A (Vi « occur.C’.i = occur.A.i + occur.B.i))]

Notethat although both component specificationswere nondeterministic, theresult
of combining them is deterministic.
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It is not necessary to go directly to the least conjunctive refinement of the two
statements, because the ordinary join of the two statements is also an acceptable
refinement. If wetakethejoin asthe basisfor further refinement, where the angelic
choiceisremoved at one stage or another (or maybe left in the program as a user
interaction point), then there is no reason why we should avoid the join.

27.4 Refining Conjunctive Specifications

Now consider the problem of finding rules that state exactly when a refinement of
thefoom SC S ; S (and similarly for meet and join) isvalid, where S, S, and
S are all specifications of the same form. Given such rules, we can later derive
corresponding rules for other composition operations, such as conditionals and
loops.

We concentrate on conjunctive specifications. This means that we take sequential
composition and meet as basic constructors. However, similar rules can be derived
for other classes of specifications. For example, every rule for conjunctive specifi-
cations givesrulesfor universally conjunctive and partial functional specifications
asspecial cases. We do not state all these special casesexplicitly. Instead, anumber
of additional rules are given in the exercises.

Refining Specifications by Composed Specifications

We give two basic rules that show how sequential composition and meet can be
introduced in conjunctive specifications.

Theorem 27.7 Let predicates p and q and relations P, Q, and R be arbitrary. Then

(a) Refinement of a conjunctive specification with a sequential composition sat-
isfies

{p};[PTE{p}:[Q]:{a}:[R] = p<S[QlaA|pl;Q;RSP.
(b) Refinement of a conjunctive specification with a demonic choice satisfies

{p};[PIC {p};[QIn{p};[Rl = Ipl; QS PAIp[;RCP.

Proof For (a), we have
{p};[PTE {p}:[Ql;{a}:[R]
= {Theorem 27.3 (a)}

{p};[PIC {pN[Ql.a};[Q; R
= {Theorem 27.1 (b)}
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pSpN[Qlanlpl;Q;RCP
= {property of meet}
pc[Qlanlpl;Q;RCP

The rule in (b) follows from Theorems 27.3 (b) and 27.1 (b). We leave it to the
reader to verify this. O

Inasimilar way itispossibleto deriverulesfor introducing sequential composition
and join of digunctive specifications.

Notethat the rule for adding a leading assignment given in Chapter 17 isaspecid
case of the rule in Theorem 27.7 (8). The following derivation shows this for the
case that b is a boolean expression in which y does not occur free and e is an
expression in which neither y nor y’ occurs free.

[X,y:=x,y |Db]

C {refine specification with composition}
o trueCly:=y |y =¢€l(y=86)
= {rulefor demonic assignment}

tue € (Vy' -y =e= (y=9o[y:=Y]

{one-point rule, y’ not freeine}

true € ((y =e)[y :=¢€])

{reduction, y not freein e}

T

(Y=Y ly=6,;Xy=x,y b Xy=x,y]b

{composition of assignments}

X,y =Xy @EX" Yy X" =xAy'=enb[x,y:=x",y"])
€ X y:=x,y|b)

{one-point rule}

X, y:=x,y [bly:=¢€]) C (X y:=x,y|b)

{y not freein b}

T

cly=yly=e;{y=¢;xy=x,y b
C {rewrite demonic assignment (coercion), drop assertion}
yi=e;[xy=x,y b

27.5 General Refinement of Specifications

We now consider the situation in which a specification is refined by an arbitrary
statement. The rules that we get are very general, but their verification conditions
are more complicated than what we get in the more specific rules given above. We
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Theorem 27.8

Theorem 27.9

first consider refinements of the form {p} ; [Q] C S, where {p} ; [Q] isagiven
conjunctive specification. This expresses Theorem 17.6 in amore general form.

Assume that p and q are predicates, Q a relation, and S a monotonic predicate
transformer. Then

{p};[QIES = (Vo: p.o = S(Q.0).o) .

Proof We have

{p}:[QIES
= {definitions}
Mqo - poAQoCqg= Sq.0)
= {mutual implication; subderivations}
e (Vgo-poAQoCq= Sq.o)
= {specidization q := Q.o ; simplification}
(Vo « p.oc = S.(Q.0).0)
e (Vgo-poAQoCq= Sq.o)
< {Smonotonic}
(Vo « p.oc = S.(Q.0).0)
« Vo« p.o = S(Q.0).0)

a

Notethat Lemma17.4 followsasaspecial caseof this, by choosing Q := (Ao - Q).
The reader can verify that Theorem 27.8 can be reformulated as follows:

{P};[QIES = (Voo- (Ao -0 =09)Np {S} Q.o0) .

This shows the similarity with Theorem 17.6 that was given in terms of program
variables.

We now derive arule for refining a disunctive specification. The rule is not dual
to the rule for conjunctive specifications, since a dual rule would use the reverse
refinement rel ation.

Let Sbe a monotonic predicate transformer and Q a relation. Then

{QICE S = (VYoo.01* Q.00.01 = (Ao *0 =00) { S} (Ao * 0 =01)) .

Proof

S monotonic

F{QICS

= {definitions, rewriting implication}
(Vgo+(3Jo’* Qo.0' AQ.0’) = Sq.0)
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= {properties of =, quantifiers}
(Vo o’.q:g.0' = (Q.0.0' = S.q.0))
= {= by specidization (q := (Ao 0 =0")), }
< by monotonicity (q.c’ = (Ao + 0 = 0') € Q)
(Vo o'+ Q.0.0' = S (o0 =0').0)
= {one-point rule}
(Vo 0’ 09+ (0 = 09) = (Q.00.0' = S.(Ac + 0 = 0").0))
= {properties of =, quantifiers}
(Yo' 0g* Q.09.0' = (Yo + (60 =0g) = S.(Ao + 0 =0').0))
= {pointwise order, a-renaming}
(Vog 01+ Q.00.01 = (Ao =0 = 09) { S} (Ao + 0 = 07))
O
Intuitively speaking, Theorem 27.9 shows that S refines the digunctive specifica-

tion {Q} if and only if Scan choose (angelically) every computation path between
states related by Q.

27.6 Summary and Discussion

This chapter has identified specification statements with the normal forms for
statement subclasses that we gave previously. We have studied the refinement of
specification statements by other specificationsin detail and have given acollection
of useful inference rules for this. We have also studied the problem of combining
specification statements using the basic statement constructors: sequential com-
position, meets, and joins. We have in particular looked at the least conjunctive
refinement of conjunctive specification statements.

Specification statements were originaly introduced in a predicate transformer
framework as a way of expressing general input—output specifications within a
programming language by Back [6], who called the specification statement anon-
deter ministic assignment. Morgan later introduced avariant of this, which hecalled
a specification statement [104]. Back’s specification statement uses a single rela-
tion, while Morgan’s specification is a pre- and postcondition pair. However, both
express specificationsfor conjunctive predicatetransformersonly. Thischapter has
shown how to generalize the notion of specification statements to other statement
subclasses.

The least conjunctive refinement is a good example of a case in which something
that is quite simple on the relational level becomes much harder in the general
case of predicate transformers. On the relational level, the least upper bound of
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two demonic updates is just the demonic update for conjunction of the relations
involved: [P] u[Q] = [P N Q]. This has sometimes been taken as an argument
for why arelational semantics for programsis superior to a predicate transformer
approach [76, 89]. Aswe havetried to show here, thisargument isnot really valid,
because relational semantics forms a subclass of predicate transformer semantics.
Hence, we do not lose anything by choosing predicate transformer semantics, but
rather we gain expressibility. A relational specification can be built, combined
and analyzed within the relational domain, and once the different requirements
have been combined into a good specification, refinement can continue on the
statement/predicate transformer level. The problem of conjunctive upper bounds
and ways of finding theleast one has been studied by anumber of authors, including
Morgan [107] and Back and Butler [19].

The quotient operator on relations is very close to the weakest prespecification
operator that Hoare and He use as abasis for amethod of stepwise refinement [91]
within arelational framework.

Wealso gaveagenera rulefor refining any (conjunctive or universally disjunctive)
specification statement with an arbitrary statement. This showsthat refinement be-
tween programs can always be reduced to a correctness formula in the weakest
precondition calculus, and thus refinement provides a bridge in the other direction
between refinement calculus and weakest precondition calculus for total correct-
ness (the other direction being the definition of the refinement relation itself). This
characterization of refinement wasoriginally givenby Back [7] intermsof strongest
postconditions. A similar characterization was also given by Morgan [104].

27.7 Exercises

27.1
27.2

27.3

27.4

Show that Theorem 27.1 (d) follows from (b) by duality.
Show that the refinement

[p];{P} T {a};(f)
ispossibleonly if p = true.

Show that the following rule for refinement between different specifications is
valid:

{phi(f)E[A];{Q} = (Vo:p.oArgdo = Qo.(fo) .

Show that the following equality always holds when S is a conjunctive predicate
transformer:

S;{p} = {Sp};S.
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27.5

27.6

27.7
27.8

27.9
27.10

27.11

Show that {puUq}; [P N Q] isaways arefinement of both {p}; [P] and {q};[Q].
Thismeansthat {puUq}; [P N Q] isan upper bound of { p} ;[P] and {q};[Q]. Give
acounterexample showing that {puU q} ; [P N Q] need not be the least conjunctive
upper bound.

Prove that the following eguivalence holds:
{(p};[QIC (f) = (Yo:p.o= Quo.(fo)).
Prove Lemma 27.4.
Show the following:
{p};[Q] = {p};[ro ¥+ p.oAQuoy].
Show that (Vo « = p.oc = (Vy « P.o.y)) implies|p|\P = P.

Use Theorem 27.8 to derive necessary and sufficient conditions for when the
refinement

{p};[P] T {a};[Q]
holds.
Use the rules for top-down program development to refine the specification
[x:=X|x?<y< X+
to
X:=0;
while (x + 1)2 < y do
X:=xXx+1
od .
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28

Refinement in Context

Therefinement relation isvery restrictive, asit requiresthat the refining statement
preserve the correctness of the original statement no matter what pre- and post-
conditions are assumed for the original statement. In practice, we are interested
mostly in refining a statement that occurs as a component of a larger statement.
This context will then restrict the pre- and postconditions that need to be preserved
for the whol e statement to be refined.

We described in Section 17.4 how to carry out such refinementsin context. In this
chapter, we will look at this technique in more detail, in particular on the methods
for propagating context information inside a program statement. We consider only
conjunctive commands here, though a dual theory can be built up for disunctive
commands (see the exercises).

28.1 Taking the Context into Account

Let us first recall the method for using context information in a refinement as
it was described in Section 17.4. We assume that C is a statement built from
conjunctive components and with possible occurrences of a statement variable X.
Then C[§] (i.e.,, C[ X := 9]) isaconjunctive statement with a specific occurrence
of substatement Ssingled out. Werefer to C asthe context of S. Sincethe statement
constructors are monotonic, we havethat SC S = C[S] C C[S]. We are thus
permitted to replace S by arefinement S in C, getting as the result a refinement
C[S] of the original statement C[S].

In many situations, the requirement that S C S is, however, too strong, so the
guestion is whether we might replace S by some statement S for which ST S
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Lemma 28.1

Lemma 28.2

does not hold, but for which C[S] © C[S] would till hold. In other words, the
replacement of Shy S’ preserves the correctness of the whole statement.

This can indeed be done in a systematic way, as follows:. First find a statement
S such that C[§] = C[S]. Then find a refinement S of &. The refinement
C[S] E C[S] then follows by monotonicity and transitivity. The less refined &
is, the more freedom it gives us in the subsequent refinement.

Kernel Equivalence

Refinement in context can be described in terms of kernel equivaence. Given an
arbitrary function f : ¥ — TI", we define =¢, the kernel equivalence of f, by

xX=ty = fx=fy (kernel equivalence)

(when applying kernel equivalence to context refinement, the function (AX « C)
corresponds to f in this definition). It is easily seen that =¢ is an equivalence
relation.

Assumethat X andI" arecompl etelatticesand that thefunction f : ¥ — TI' ismeet
homomorphic. Furthermore, let x : X bearbitrary. Thentheset{y : X | X =¢ y}
has a smallest element.

Proof 1t sufficesto show that {y : X | y =¢ x} (i.e., the equivalence class of x
under =¢) isnonempty and closed under nonempty meets. First, we always know
X =1 X, S0 the set is nonempty. For an arbitrary set {x; : ¥ | i € |} we have
Vi el «x =¢ x), f:X — I' meet homomorphic, I nonempty
Ff.(niel-x)
= {meet homomorphismy}
Miel.fx)
= {kernel equivalence}
niel.fx)
= {I nonempty}
f.x

a

We can now show that the smallest element shown to exist in Lemma 28.1 has a
desirable property.

Assume that X and I" are complete lattices and that the function f : ¥ — I is
meet homomor phic. Then the following holds, for arbitrary x, y : =:

(Mz|x=¢z-2Cy = fxCfy.
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Proof

(Nz|z=tx-2)Cy
Ffy
3 {assumption, m-homomorphism implies monotonicity}
f.(nz|z=¢ x+2)
= {m-homomorphism}
(Nz)z=¢ x- f.2
= {kernel equivalence}
Nnz]z=¢ x- f.x)
= {meet of singleton set}
f.x

O

For predicate transformers, the two lemmas above show the following. Consider a
statement C[S] where C[-] isameet homomorphic context. Then there always ex-
ists asmallest predicate transformer § such that C[S] = C[S], and furthermore,
arefinement C[S] C C[S] holds whenever S C S holds. We can build mest
homomorphic contexts by using guards, asserts, demonic updates, sequential com-
position, mests, least and greatest fixed points, iterations, and all other constructs
that are conjunctive or preserve conjunctivity.

Context Assertions

Assumethat C[S] isgiven, with S a predicate transformer and C[-] a meet homo-
morphic context. It may not be feasible to find the least predicate transformer S
suchthat C[S] = C[S]. In practice, we can make considerable progress by finding
a(reasonably strong) predicate p (acontext assertion) suchthat C[S] = C[{p}; S].
Whenwethenrefine {p}; S, we arereally refining Sunder the (contextual) knowl-
edge that the predicate p can be assumed to hold in any initial state from which S
is executed.

For this to work we need rules for propagating context assertions. We can start
with outermost assertions {true} (i.e., skip) and then propagate these inwards until
the assertions meet at the subcomponent that we want to refine. The structure of
the derivation isthen

Cls
= {skip = {true}}
{true} ; C[S] ; {true}
C {propagate context assertions}
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Cl{p};{a}: 9
= {merge assertions, {p} ; {q} = {pNq}}

Clipna}; S
C {prove {pNq}; SE S, monotonicity}
C[S]

Note that we here have generalized the method for propagating context assertions,
ascompared to Section 17.4, by permitting both forward and backward propagation
of assertions. In practice, forward propagation seemsto be the most useful method.

A restricted refinement puts weaker constraints on the refining statement:
{p};SES = (Yo-p.o=(¥q-Sqg.c = S.q.0)) .

Thus, we have to prove refinement between Sand S only for those initial states x
that satisfy the condition p. Thisisweaker than SC S/, which requiresrefinement
between Sand S for every initial state. We havethat SC S = {p}; SC S, but
the converse need not hold.

Example

Consider, as an example, the following statement, where x and y are assumed to
be program variables ranging over the natural numbers:
X:=x4+1;,y:=Xx+42;ify < 3then skip else abort fi .
Let us simplify this statement. The rules for assertion propagation to be given
below permit us to construct the following derivation:
X:=X4+1;y:=x42;if y < 3then skip else abort fi
= {add initial and final trivial assertions}
{true} ; x :=x+4+1;y:=x+4 2;if y < 3then skip else abort fi ; {true}
C {propagate assertion forward}
X:=X+1;{x>1};y:=x+2;if y < 3then skip else abort fi ; {true}
C {propagate assertion backwards}
X=x+1;{x>1};y:=x+2;{y <3},;if y < 3then skip else abort fi
= {propagate assertion backwards}
X:=X4+1;{x>1};{x<1},;,y:=x+2;if y < 3then skip else abort fi
= {merge assertions}
X:=x+1;{Xx=1};y:=x+2;if y < 3then skip else abort fi
= {refinement in context}
X=X+ 1;y:=3;if y < 3then skip else abort fi
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This derivation illustrates the way in which statements preceding the component
to be replaced, as well as statements following this component, can contribute to
the context assertion that we can assume when refining the component.

Guards as Context Assumptions

Context assertions allow us to transport information from one place in a program
text to another. The amount of information that is available in assertions is often
huge. Of course, we can always weaken an assertion (since p € q = {p} C
{q}), but it can be difficult to decide what information to discard. By using guard
statements in addition to asserts, we can avoid this problem.

Since any guard statement [ p] refines skip, we can always introduce guards in a
program text. Intuitively, introducing aguard means that we introduce a hypothet-
ical assumption that will later need to be discharged (otherwise we are left with a
miraculous component in our program).

We propose the following method for working with context assumptions. Assume
that we want to refine asubcomponent Sof astatement C[ S]. Furthermore, assume
that wefeel confident that it would be possible to propagate information that estab-
lishes an assertion {p} a S, and that this assertion would be useful in subsequent
refinements. We can then introduce aguard—assert pair using the following general
rule (which is straightforward to verify):

S C [p];{p};S.

Now we can refine Sin context { p}. Furthermore, we need rules by which we can
show that C[[p] ; {p}; S| = C[{p}; S; i.e, the context assumption [ p] can be
discharged. The rulesfor propagating the guard [ p] backwards in order to discard
are described below. If we have chosen the context assumption correctly, then the
propagated guard statement is eventually reduced to skip and can then be removed.
Thiswill then establishthat C[S] = C[{p}; S], from which we then continue with
arefinement in context as before.

Restricted refinement can al so be expressed in terms of context assumptions. From
Lemma13.12 we know that {p} ; SC S = SC [p]; S, sowe could first carry
out refinements that add context assumptions, C[S] = C[[p] ; S1, and then show
that the guard statement can actually be removed.

28.2 Rules for Propagating Context Assertions

Assume that a conjunctive statement is given. The two basic constructors used in
conjunctive statements are sequential composition and meet. For sequential com-
position, we need rulesthat propagate assertions forward and backwardsthrough a
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Theorem 28.3

statement. For meet, we need arule that to one conjunct adds assertionsinduced by
the other conjuncts (werefer to this as sideways propagation). Intuitively speaking,
forward propagation carriesinformation about theresultsof previouscomputations,
while backward and sideways propagation carries information about what states
can betreated arbitrarily, sincethey would |ead to nontermination in the subsequent
computation.

Rules for Sequential Composition and Meet

The basic rules in the following theorem determine how assertions can be propa
gated forward, backwards and sideways.

Let Sand S be arbitrary conjunctive predicate transformers and p and q predi-
cates. Then

(@ {p};S={p};S;{q} ifandonlyif pN Strue € Sq ;
(b) S;{a} ={p};S;{a} ifandonlyif Sqcp;
(c) SmS ={p};SNS ifandonlyif Struen S.true C p .

Proof Assumethat Sand S are conjunctive. Since dropping an assertionisaways
avalid refinement, we need only consider left-to-right refinement in the proof. For
(), we have

{p};SE {p};S;{a}
= {definitions}
MrepNSrcCpnsS(@nr))
= {Sconjunctive}
MVMrepNSrcpnsSqgnsSr)
= {latticeproperty X T xny = X C vy}
VrepNSr CSQ
= {= by specidization (r := true), <= by monotonicity (r < true)}
p N Strue € S.q

The proofs of (b) and (¢) aresimilar. O

In general we are interested in adding the strongest (i.e., least with respect to the
refinement ordering) assertions possible, since a stronger assertion carries more
information than aweaker one. Theorem 28.3 (b) and (c) immediately give usrules
for finding the strongest possible assertion to be added. In (a), we do not give a
closed expression for the strongest forward propagated assertion. However, one
can show that such an assertion always exists:
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Lemma 28.4 Letconjunctivepredicatetransformer S: ¥ +— I' and predicate p over X begiven.
Then the strongest predicate g such that {p} ; S= {p}; S; {q} isthe following:

(Ng| pNStrue € Sq-Q) .

Proof We give the predicate (Nq | p N S.true € S.g + q) the name qy. First we
show that qq satisfies the desired condition:

{p};S={p};S; {0}
= {Theorem 28.3 (a), definition of qp}

pN Strue € S.(Nq| pN Strue € S.q- Q)
= {Sconjunctive}

pN Strue € (NQ| pN Strue € S.q+ S.q)
= {genera rule (Vx € A- yC xX) =y C nA}

T
Wethen show that g isinfact the strongest of all predicates satisfying the condition
in question:
{p};S={p};S;{a}
= {Theorem 28.3 (a)}
pN Strue C Sq
= {rewrite}

ge{q| pn Strue C S.q}
= {general rulex € A= NALC x}
(NglpNStrue € Sg-q) <q
= {definition of qp}
Jo<q
This finishes the proof. O
Propagation of context assertions is closely linked to correctness of statements.
The following is adirect consequence of Theorem 28.3.

Corollary 28.5 Assume that predicates p and g are given and that Sis a conjunctive predicate
transformer. Then

(@ pNnStrue {{Sq = {p};SC S;{q} .

(k) p{Skta = {p}:SE S;{a} .
This shows that correctness assuming termination, or weak correctness, is equiv-
alent to forward propagation of context assertions and that ordinary correctnessis
a sufficient condition for propagation.
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Propagation Rules for Basic Statements

The forward propagation rule of Theorem 28.3 is not as such very useful, since
it does not give us away of calculating the propagated assertion. Below, we give
individual rules for forward propagation through different constructs. The proofs
of these rules are | eft to the reader as an exercise (Exercise 28.1).

{p};{a}
{p};[al

{p};{a};{pna},
{p};[al;{pNa},
{p};(f) {p}; (f);{im.f.p},
{p};[Q] {p};[Q];{im.Q.p} .

Recal herethatim.f.p = {y | (3o *+ p.oc Ay = f.o)} (theimage of p under f),
whileim.Q.p={y | 3o * p.c A Q.0.y)} (theimage of p under relation Q).

For backward propagation, we immediately get the following rulesfor basic state-
ments:

pnaj};{a};{p}.
—qup};lal;{p} .
f=Lp};(f);{p}.

Ao+ Q.o € p};[Q];{p} .

{a):{p = {
[al;{p} = {
(f);{p} = {
[Ql;{p} = {

Example Derivation

The following derivation illustrates how one works with assertions. We start from
the following statement over program variables x, y : Nat:
X=X+1;(y=x+1n{x<2},y:=x) .
The main aim isto refine the substatementsy := x + 1and y := x.
X=X+1;(y:=x+1n{X<2};y:=x%)
= {add vacuous assertion}
{true} ; x =x4+1;(y:=x4+1n {XxX<2};y:=X%)
= {forward propagation for functional update, smplify}
X=Xx+1;x>0};(yi:=x4+1n{XxX<2};y:=X)
= {sideways propagation (Exercise 28.2)}
X=X+1;{x>0};({x<2};y:=x4+1n{x<2};y:=X)
= {distributivity, merge assertions (homomorphism property)}
X=Xx+1;(x=1};y:=x+1n{x=1;y:=x)
Now we can focus inside the assignment y := x + 1. Our derivation continues as
follows:

X=Xx+1;({x=1;yi=“x+1") n {x=1;y:=x)
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= {arithmetic, use local assumption x = 1}
X=x+1;((x=1;y:=2n {x=1;y:="“x")
= {substitute, use local assumption x = 1}
Xx=x+1;{x=1;y:=2n{x=1};y:=1)
C {drop assertions}
X=Xx4+1l;(y:=2ny:=1
The final step here was to drop all assertions, in order to make the final statement

easier to read. We could aso |leave the assertions in the code, since they convey
information that might be used if the result is to be refined further.

28.3 Propagation in Derived Statements

Theorem 28.6

We have shown how to propagate context assertions into statements built out of
basic statements using only sequential composition, meets, and joins. Below, we
use these basic rules to derive propagation rules for derived statements. These are
more useful in practical program development.

Conditionals
Therulesfor sequential composition and meet can be used to derive rulesfor other
constructors. For the deterministic conditional, we have the following rule:

Assertions are propagated into and out of a deterministic conditional as follows:

(@) {p};ifgthen Selse S'fi; {q} =
{p}:ifgthen {pNg};S;{qlelse {pNn—g};S;{q}fi;{q} .

(b)ifgthen {p}; S;{q}else {p’}; S ;{q'} fi =
{(gnp)U(—=gNp)};if gthen {p}; S;{q} else {p'};S’;{d’} fi,{quUQ’} .

Proof We apply the rules for assertion propagation given above.
{p};ifgthen Selse S fi; {q}
= {definition of deterministic conditional}
{p};(gl;Sn[=dl;S);{a}
= {distributivity}
{p};[g]; Si{ayn{p};[—d];S;{a}
= {forward propagation}

{p}ilals{pngt:Si{atn{p};[—al;{pn—g};S;{a}
= {homomorphism property, g N q = q}
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{p}:ldl:{png};S;{a}:{@n{p};[—dl;{pNn—g};S;{a}:{a}
= {distributivity}

{p}; gl {png};Si{atn[—dl;{pN—g};S;{ah;{a}
= {definition of deterministic conditional}

{p};ifgthen {pNg};S;{q}else {pN—g};S;{q}fi;{q}
The proof of (b) issimilar. O
The generalization of Theorem 28.6 to guarded conditionals is straightforward.

Thus, for example, the rule for propagation into a guarded conditional is

{p};ifgr— S --- 19— Sfi;{a} =
{p}iifgr — {pNad}:S{atll - 01 g — {PNan}; S {alfi;{a} .

Loops

For loops, wederivearulefor adding aninvariant asacontext assertion. In addition
to the invariant, the guard of the loop gives information; it aways holds when the
body is executed, and it cannot hold after the loop has terminated.

Assume that the following condition holds:

gNnpNnStrue € Sp.

Then context assertions can be added to a while loop as follows:

{p} ;while gdo Sod = {p};whilegdo{png};S;{p}od;{—gnp}.

Proof Wefirst note that the condition is equivalent to the condition
{gnp};S = {gnp};S;{p}
(use Corollary 28.5). Now define functions f and h by

f.X
h.X

if gthen S; X else skip fi ,
ifgthen {gN p};S;{p}; Xelse skipfi .

We show by ordinal induction that for an arbitrary ordinal «,
{p}; (f®.abort) = {p};(h*.abort);{—gnN p} . (*)
Thebasecase (@ = 0) is

{p};abort = {p};abort;{—gNnp},
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which is obvioudly true. For the successor case, we assume that (x) holds for .
Then
{p}; (f**1.abort)
= {definition of f}
{p};ifgthen S; (f%.abort) else skip fi
= {assertion propagation rule, skip = {true}}
{p};ifgthen {gN p}; S; (f“.abort) else {(—g N p} fi
= {assumption of the lemma}
{p};ifgthen {gN p}; S;{p}; (f*.abort) else {—gN p} fi
= {induction assumption}
{p};ifgthen{gn p};S;{p}; (h*.abort) ; {=gN p}else {—gN p} fi
= {assertion propagation rule}
{p}:ifgthen {gN p};S;{p}; (h*.abort) else skip fi; {—g N p}
= {definition of h*+1}
{p}; (h* ™ .abort) ; {=g N p}
Finally, we have the limit case, assuming that (x) holdsfor al ordinas 8 < «:

{p}; (f%.abort)
= {déefinition of f*}
{p};(WB| B <a- P abort)
= {distributivity (assert is digunctive)}
BB <a-{p};(fF.abor)
= {induction assumption}
BB <a-{p};(h’abort);{—~gn p})
= {distributivity}
{p}; (WA | B <a-h’abort);{~gn p}
= {définition of h*}
{p}; (h*.abort) ; {—gn p}
Thus () holds for an arbitrary ordinal, and the proof isfinished. O

Note that the predicate p in Theorem 28.7 is a weak invariant: the body S hasto
preserve p only if Sterminates. This is different from the strong invariant used
in total correctness proofs of loops. Propagation of assertions in the loop does not
require the loop to terminate.

The generalization of Theorem 28.7 to guarded iteration is straightforward: if
gNpNS.true C §.pfori =1,...,n,then
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{p};dogs — S - 00— Sod =
{p};dogr— S ---0gh— Sod;{—gnNp},

Blocks

For blocks we need two rules: one for propagating an assertion into the block
from the left and one to propagate an assertion out from the block on the right.
For simplicity, we use the general demonic (nondeterministically initialized) block
construct in the rule, since the other block constructs are special cases of this one.

Assume that p, g, and r are boolean expressions such that y does not occur free
in p or g. Furthermore, assume that p and p’ are similar, and that r and r’ are
similar. Then

(& {p};beginvary | ;S end =
{p};beginvary | q;{pP'NQg};S end .

(b) beginvary | q; S;{r}end =
beginvary | q;S;{r} end;{3y-r’} .

Proof Both proofs are straightforward, using the definition of the block. We show
the crucial derivation for the second part. We have
{r}; (end) C (end) ; {3y - r}
= {definitions}
{Ayoryno=endy}C{Ayoc+oc=endyA@y-r).o}
<« {homomorphism}
(Yyo+ryAo=endy =0 =endy A@3@y-r).o)
= {one-point rule}
(Vy - r.y = (3y+r).(end.y))
= {pointwise extension}
Yy «r.y = (3y-r.(end.y)))
= {usey.y asexistential witness}
T

and the rule now follows from the definition of the block. O

Similar rules can also be derived for propagating assertions backwards into and
out of blocks (Exercise 28.4).



28.4. Context Assumptions 475

28.4 Context Assumptions

Theorem 28.9

The rules for backward propagation of context assumptions (guards) are in many
ways dual to those for forward propagation of asserts. We start with ageneral rule.

Guard statements can be propagated backwards according to the following rule
whenever Sis conjunctive:

S;[al € [Sq]:S.

Proof
S;[al=[Sq];S
= {Lemma 13.12}
{Sq};SC S;{a}
= {Theorem 28.3 (b)}
T
O

We can now state rules for individual program constructs that can be used in
practical program derivations. Most of the rules follow directly from Theorem
28.9.

Theorem 28.10 Thefollowing rules are available for basic statements:

(@) [true] = skip .
(b) {p};[al = [-pUdl;{p}.
@©I[pl;lal = [pnad] .

(d) (f);[al £ [preim.f.q]; (f) .

(€ [Ql;[d] E [* - Q.o <a];[Q] .
M &EnS);[d E S;lans;[d .

@[wl;Sn[];S E [ang]; (SN .
Thelemmacan bethen beused asabasisfor proving the corresponding propagation
rules for our derived constructs.

Theorem 28.11 Thefollowing rules are available for derived statements:

(@) ifgthen Selse Sfi;[q] = ifgthen S;[q]else S';[q] fi .
(b) ifgthen[q];Selse [q];S fi = [(gNQ)U(—~gNg’)];if gthen Selse S fi .
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(c) beginvary | p; Send;[q] = beginvary | p; S;[q] end provided that y
does not occur freeing.

(d) beginvary | p;[q];Send = [Vy: p=q];beginvary| p;S end .

Proof The rules for conditional and block are proved in the same way as the
corresponding rules for propagating assertions. O

The idea behind guard propagation is that we want to eliminate guards from our
program. By propagating guards backwardswe hopeto weaken the predicateinside
the guard statement, so that it eventually reduces to true and the whole guard
statement can be removed. Note that there is no rule for loops; we assume that
whenever aloop isintroduced, sufficient information about the loop isadded asan
assertion after the loop.

As an example, we show how context assumptions are used to refine a smple
sequential composition. Here we introduce the pair [x = Q] ; {x = 0} at a point
in the program where we (by looking at the preceding assignment) feel confident
that x = 0 must hold.
X,z2:=0,z-z;y:=x+1
C {add context assumption pair; skip C [p] ; {p}}
X,2:=0,2-z;[x=0];{x=0};y:="“x+1"
= {use assertion for refinement in context}
X,2:=0,z-z;[x=0];y:=1
= {propagate guard statement}
[true] ;x,2:=0,z-z;y:=1
= {[true] = skip }
X,2:=0,z-z;y:=1

To show that the context assumption approach all ows propagating smaller amounts
of information, we also show an alternative derivation using context assertion
propagation only:

X,z:=0,z-z;y:=x+1
= {add initial assertion; skip = {true}}
{true} ;x,z:=0,z-z;y:=x+1
= {propageate assert}
X,2:=0,2-z2;{x=0A320°20-20=2)};y:=x+1
= {use assertion for refinement in context}
X,2:=0,2-z2;{x=0AN3zp+290-20=2)};y:=1
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C {drop assert}
X,z:=0,z-z;y:=1

These two examples also show the duality between the two approaches; the justi-
fications in the first derivation are very similar to those in the second derivation,
but in reverse order.

Correctness and Propagation

Propagation of context assumptions is aso closely linked to correctness of state-
ments, in away similar to propagation of context assertions.

Theorem 28.12  Assume that predicates p and g are given and that Sis a conjunctive predicate
transformer. Then

(@ pNnStue{Siq = S;[q]=[p];S.
() piSha = S;[Ac=[p];S.

Proof The result follows directly from Corollary 28.5 and Lemma 13.12. O

Exactly asin the case of the corresponding result for assertions (Corollary 28.5),
this result can be useful when we assume a certain correctness condition and want
to useit in an algebraic manipulation of statements.

28.5 Summary and Discussion

Theideaof using state assertions as part of the statement language wasintroduced
in Back’s original formulation of the refinement calculus [6, 7]. The basic rules
for propagating context assertions into subcomponents were also given there. The
present treatment generalizes this considerably and also takes into account the
dual notion of context assumptions (guard statements). This dual way of handling
context information was introduced by Morgan [105].

The propagation rulesfor context assertions and context assumptionsare also inter-
esting intheir ownright. They giveageneral paradigm for transporting information
relevant for total correctness around in a program statement. Although one might
expect otherwise, these rules are not the same as one would get by considering a
proof systemfor partial correctness. Thereareanumber of placeswherethe context
assertions and assumptions propagate in a different way than partial correctness
assertions, which essentially express reachability of states.
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28.6 Exercises

28.1

28.2

28.3

28.4
28.5

28.6
28.7

28.8

Prove the following rules for forward propagation of context assertions through
different statements:

{p};{a} = {p}:{a};{pna},
{p};lal = {p};lal;{pna},
{p};(f) = {p};(f);{im.f.p},
{p};[Ql = {p};[Q];{im.Q.p} .

Show that the following rule follows from Theorem 28.3 (c):
Sn{p}; T = {p};Sn{p};T .
Give an example of astatement { p} ; Sfor which thereis no predicate q satisfying

{p};S = S;{a}.

Conclude that it is impossible to give arule for forward propagation of assertion
without loss of information.

Derive rules for propagating assertions backwards into and out of blocks.

In a language of digunctive statements, assertions can aso be used to indicate
context information. In the disunctive case, assertions have to be interpreted
differently. For example, the assertion introduction

S = S;{p}

now means that for al initial states there is a possible execution of S such that p
holdsin the final state. However, the principle of restricted refinement can still be
used. Derive rules for introducing assertions before and after the angelic update
command. Isthere arule for adding an assertion to one element of ajoin?

Complete the proof of Theorem 28.10.

Complete the proof of Corollary 28.5 (8); i.e., prove that
pNnStueC Sq = {p};SC S;{q}

for conjunctive S.

Prove the following refinement with a detailed derivation:

X =max(X,y) E ifX < ythenX =Yy else skipfi .
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Iteration of Conjunctive Statements

In our preceding treatment of iteration, we have considered the situation where
the body of the iteration is either monotonic or continuous. In this chapter, we
look at some of the additional properties that iterative statements have when the
bodies are conjunctive. We show how weak and strong iteration are related in this
case. We also prove two important propertiesthat hold for iterations of conjunctive
predicate transformers. the decomposition property, which shows how iteration of
ameet can be rewritten in terms of iteration and sequential composition only, and
the leapfrog property. The chapter also gives examples of program transformations
that are used to modify the control structure of program statements.

29.1 Properties of Fixed Points

Lemma 29.1

Before going in more detail into properties of conjunctive iterations, we need to
establish a few technical results about fixed points. The first shows how to treat
fixed points in multiple variables, while the second describes how to distribute
function application into a fixed-point expression.

Fixed-Point Diagonalization

Thefollowing diagonalization lemma gives away of moving between fixed points
over one variable and fixed points over multiple variables. Exactly as for A-
abstraction, the notation (u x y - t) abbreviates (u x « (1 y « t)).

Assumethat thetype T isacompletelatticeand that thefunction f : ¥ — ¥ — =
is monotonic in both its arguments, Then

Thisis page 479
Printer: Opaquethis
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(uxysfxy = (ux-fxx .

Proof We prove mutual ordering. First:

(uxye- fxXy C (ux- f.x.x)
« {least fixed point induction with f := (Ax y« f.x.y)}
(ny- f(ux- fxx).y) C (ux- f.x.x)
& {least fixed point induction with f := (Ay+ f.(ux - f.X.X).y)}
fuxe fxXX).(uXxe f.XX)E (uxe f.X.X)
= {unfold least fixed point}
fuxe fxXX).(uXxs fXX)E f.(uxe f.XX).(uXx* f.X.X)
= {reflexivity}
T

Then
(uXxe+ fXX)E (uxy- f.xy)
« {least fixed point induction with f := (Ax « f.X.X)}
fuxy- fxy).(uxy-. fxy C(uxy- f.xy
= {unfold least fixed point with f := (Ax - (uy- f.X.y))}
f.luxy: fxy).(uxy- fxy) C(uy- f.(uxy- f.xy).y)
= {unfold least fixed point with f := (Ay« f.(ux y- f.X.y).y)}
fuxy- fxy).(uxy- fxy C
fuxy. fxy).(uy- f.(uxy- f.xy.y)
= {fold least fixed point with f := (Ax - (uy- f.x.y))}
fuxy: fXy).(uxys fxXy) E f.(uxy- fxy).(uxy- f.xy)
= {reflexivity}
T

Distributivity into a Fixed Point

Many proofs in the rest of this chapter rest on the following important lemma for
distributing function application into a fixed-point expression, also known as the
rolling rule.

Lemma 29.2 Assumethat f and g are monotonic functions on a complete lattice. Then
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f.(u.(@of)) = p(fog,
f.v.(go f)) = v.(fog).

Proof We prove the first part; the proof for the greatest fixed point is similar.
We first note that f o g and g o f are both monotonic, so the fixed points are
well-defined. Now we prove mutual ordering:

pu.(fog C f.(u.(go f))
= {definition of composition, change to binder notation for .}
(ux- f.(gx) C f.(ux-g.(f.x))
« {least fixed point induction}
f.(9.(f.(ux-g.(fx))) C f.(ux-g.(f.x)
= {fold least fixed point}
f.(ux+g.(f.x)) E f.(ux-g.(f.x))
= {reflexivity}
T

and

f.(u.(go f)) Eu.(fog)
= {definition of composition, change to binder notation for .}
f.(ux-g.(f.x) C (ux- f.(9.x))
= {unfold least fixed point}
f.(ux-g.(f.x) C f.(g.(ux+ f.(9.X)))
< {f monotonic}
(ux+g.(f.x) Cg.(ux- f.(9.X))
< {least fixed point induction}
g.(f.(g.(ux+ £.(9.X)))) E g.(ux+ f.(9.X))
= {fold least fixed point}
g.(ux- f.(9.¥) E g.(ux- f.(g.x))
= {reflexivity}
T

d

We immediately have two important consequences of this result.
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Theorem 29.3

Corollary 29.4

Assumethat h isa monotonic function on predicate transformersand Sisa mono-
tonic predicate transformer. Then (A X + h.(S; X)) and (A X + S; h.X) are also
monotonic functions, and

S;(uX-h(S;X)) = (uX-S;h.X),
S; (v X+ h.(S; X)) (v X+S;h.X).

Proof UseLemma?29.2with f ;= (AX+S; X)andg:=h.O

The other consequence is the following rolling property for least fixed points of a
sequential composition:

For arbitrary monotonic predicate transformers Sand T,

p(S;T) = Su.(T;9) .

Proof UseLemma29.2with f ;= Sandg:=T.0O

29.2 Relating the Iteration Statements

Lemma 29.5

In the conjunctive case, the weak and strong iterations are related as follows.
Let Sbean arbitrary conjunctive predicate transformer. Then

@ S ={nS;s.

(b) S*=S5";{unS}.
Proof Thefirst part is proved as follows:

S conjunctive
Fi{n.S:;S=93
= {definitions, 8 reduction}
(Ap-{p};S).(n.S = (u X+ S; Xiskip)
« {fusion theorem (Theorem 19.5)}
(Ap-{p};SHoS = (AX-S; Xnskip)o (Ap-{p};S)
= {definition of composition, pointwise extension, S reduction}
(Vp-{Sp};S = S;{p}; S nskip)
= {unfold least fixed point}
(Yp-{S.p};(S; S nskip) = S;{p}; S nskip)
= {pointwise extension, statement definitions}
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Theorem 29.6

Theorem 29.7

Mpg-SpnNnS(S.gng = S(pNS.qNQq)
= {Sconjunctive}

T
We leave it to the reader to show that (Aq - {q} ; S) is continuous for arbitrary
monotonic S (this guarantees that the second step of the derivation is valid). The
second part of the lemma can be proved in a similar way, showing {©.S} ; S* =
S*; {u.S} using the dual of fusion (with greatest fixed points) and relying on the
fact that the function (AS- {q} ; S) is cocontinuous (Exercise 29.2). O

Recall that 1.S characterizes those states from which repeated execution of Sis
guaranteed to terminate. Thus Lemma 29.5 shows how the strong iteration S” can
be divided into two parts; the assertion checksfor possible nontermination, and the
weak iteration performsthe repeated execution of S. Thisisreminiscent of thetra-
ditional decomposition of total correctnessinto termination and partial correctness.
The same correspondence can also be expressed using infinite repetition:

Assume that Sisa conjunctive predicate transformer. Then

S = §nsS*.

Proof For arbitrary q, we have

S°.q

= {Lemma 29.5}
({n.S}; 8.9

= {dé€finitions}
un.SN S'.q

= {S*.q = u.Sfor arbitrary q (Lemma 21.3)}
S*.gn S'.g

= {pointwise extension}
(S*nsSHq

which proves the lemma. O
Now we can prove the result that was announced in Chapter 21.
Srong iterations, while loops, and guarded iterations preserve conjunctivity.

Proof We have the following derivation:
S conjunctive, | nonempty
FS.(Niel-p)
= {Theorem 29.6}
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S.(Niel.-p)nSe.niel-p)
= {weak iteration preserves conjunctivity}
Niel-S.p)nSe(niel-p)

= {S>.q = n.Sfor arbitrary q}
Niel:S.p)nniel-:S*p)

= {distributivity}
(Niel«S.pnS°.p)

= {Theorem 29.6}
Niel-S.p)

The results for while loops and guarded iterations now follow directly, since they
can be rewritten using strong iteration. O

29.3 lteration of Meets

We shall now prove a number of results for weak and strong iterations. These
results show clearly the usefulness of algebraic reasoning in general and fixed-
point reasoning in particular. Although the general results are for weak and strong
iteration only, they can be used for deriving properties of while loops as well, as
shown later in this chapter.

Leapfrog Properties

The following lemma states that conjunctive iterations have what is sometimes
called the leapfrog property.

Lemma 29.8 Assume that predicate transformer Sis conjunctiveand T monotonic. Then

S;(T;9 = (S;T)”; S,
S;(T;9* = (S;T);S.

Proof The second part of the lemmais proved as follows:

Sconjunctive, T monotonic

FS;(T;9*

= {definition}
S;(vX-+T;S; Xnskip)

= {Theorem 29.3 withh := (AX - T ; X 1 skip)}
(v X+ S; (T ; Xr1skip))
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= {Sconjunctive}
wWX-S;T;XnY

= {Lemma 21.2}
(S;T)*;S

The proof of thefirst part issimilar. O

Theproof of Lemma29.8 restsheavily onthe conjunctivity of S. If Sisnot assumed
to be conjunctive, it is possible to show the following (Exercise 29.3):

S;(T;9" E (§;T)";S.

The leapfrog property can now be used to prove a rule for manipulating while
loops.

Lemma 29.9 Assumethat Sand T are conjunctive and that g and g' are predicates such that
g{ S} g and—g{ S| —g. Then the following refinement holds:

S;whilegdoT;Sod T whileg doS;Tod;S.

Proof The proof isashort derivation:

S;whilegdo T ; Sod

= {Lemma 21.8}
S;([gl;T;9;[—d

= {leapfrog property for strong iteration}
(S;[9l; M S;[—dl

C {assumptions, Theorem 28.12}
(g1:8;1)”;[-91:S

= {Lemma 21.8}
whileg'do S; T od; S

Decomposition Properties

The following iteration decomposition lemma shows that it is possible to rewrite
iterationsof meetsinaform that containsonly sequential composition anditeration:

Lemma 29.10 Assumethat predicate transformer Sisconjunctive and T monotonic. Then

(SnTy* = §,;(T;8H,
(ST = &;(T,;S)? .
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Proof We show the proof for strong iteration (the proof for weak iteration is
similar).
Sconjunctive, T monotonic
F(SnT)®
= {definition}
(u X+ (S T); Xriskip)
= {distributivity}
(uX+S; XnT; Xnskip)
= {diagonalization (Lemma 29.1)}
(uXenY-S;YNT; Xriskip)
= {Lemma 21.2}
(u X+ 8”; (T ; Xskip))
= {Theorem 29.3}
S”;(uX-T;S; Xnskip)
= {definition of strong iteration}
S5 (T S

d

Combining Lemma 29.10 with the leapfrog properties in Lemma 29.8 we imme-
diately get the following corollary:

Corollary 29.11  Assume that predicate transformer Sis conjunctive and T monotonic. Then

(Snh* = (§;T)*; S,
(ST = (&;T)Y,; s .

29.4 Loop Decomposition

The decomposition rule for iterations can be used to prove a decomposition rule
for while loops. It can be seen as a basic rule, useful for deriving more specific
rules.

Theorem 29.12  Assume that statements Sand T are conjunctive. Then

while gU h doif gthen Selse T fiod =
while g do Sod ; while hdo T ; (while g do Sod) od

for arbitrary predicates g and h.
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Proof
while g U h do if g then Selse T fi do
= {rewrite loop using iteration}
([guh];ifgthen Selse T fi)* ; [—(g U h)]
= {rewrite conditional}
(fguhl; (gl Snf=g]; T)*;[~(gUh)]
= {distributivity, homomorphism, lattice properties}
([9]; Sn[-gnh]; T)”;[=gN—h)]
= {decomposition (Lemma 29.10)}
(([9]; 9 [=gnh]; )5 gl 95 [=g N =h)]
= {homomorphism}
(gl 9 ;[=a]; [h]; T)*; (gl : 9 [—d] ; [-h]
= {leapfrog (Lemma 29.8)}
(9l; 9%;[—al; (n];T;dal; 9 ;[—agD®;[—h]
= {rewriteiterationsinto loops}
while g do Sod ; while h do T ; (while g do Sod) od
O

Theorem 29.12 may not seem very useful at first sight, but if the inner loop on the
right-hand side can be refined by a simple statement, then the right-hand side may
be a more efficient loop than that on the left-hand side (it may involve a smaller
number of repetitions).

29.5 Other Loop Transformations

Corollary 29.13

Theorem 29.14

By setting T = Sin Theorem 29.12 we immediate get the following rule:
Assume that statement Sis conjunctive. Then

while gU h do Sod =
while h do Sod ; while g do S; (while h do Sod) od

for arbitrary predicates g and h.
Next, we consider arule that allows us to remove (or add) a redundant loop:

Assume that Sis monotonic. Then

while g do Sod ; while gdo Sod = whilegdo Sod .

Furthermore, if Sis conjunctive, then
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while gdo Sod = while gNhdo Sod; while g do Sod .

Proof We have

while g do Sod ; while g do Sod
= {rewrite loop using iteration}
(9l 9 [—dl; (gl 9 [—d]
= {unfold iteration}
([9]:9“;[—dl; (9] S; (gl ; 9 nskip) ; [-g]
= {digtributivity}
([91; 9 (—gl:[gl; S: (9] ; 9 n[—gl;skip) ; [—d]
= {skip is unit, guard homomorphism}
(91:9“;(—~gngl;S;(d];9”n[-aD;[—d];
= {guard property}
([9]; 9“; (magic; S; ([9] ; 9 N [—gd]D ; [—d]
= {magic properties}
([9l; 9 ;[~dl; [-d
= {guard property}
(9l 9;[-dl
= {rewriteinto loop}
while g do Sod

For the second half, we then have

while g do Sod
= {Theorem 29.12 with h := g N h}

while g N h do Sod ; while g do S; (while g N h do Sod) od
= {first part of theorem}

while gN'hdo Sod ; while gNhdo Sod;

while g do S; (while g N'h do Sod) od
= {Theorem 29.12}

while g N h do Sod ; while g do Sod
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29.6 Example: Finding the Period

We finish the chapter with a small case study, developing a program that finds the
period of function iteration. Iterating afunction f at avalue x means constructing
asequence

x, f.x, f2.x, ...
(recall that f0.x = x and f™L.x = f.(f7.x)).

When constructing theiterated sequence, two thingscan happen. Either theiteration
generates new values forever, or else at some point f<*".x = f* x for somek and
somen > 0. In thelatter case the sequence has a period.

Now assumethat f : Nat — X isafunction such that iteration of f from O hasa
period, i.e., assume

(Fkn-n>0n fKN 0= fk0) . (%)
The problem isto find the minimal period p and avalue x in the period. Using the
definition

minper. f.px = p>0AfPx=xA@m:x= fM0) A
(Ynen>0Af"X=x=p=<n)

we can specify the problem as the following relational assignment:

[x, p:=X, p’ | minper. f.p’.X] .

First Solution

Let us give the name kg to the smallest number of iterations that takes us into the
period of f:

ke = mind{k|3n-n>0A f¥M 0= fk0} .

The assumption (x) guarantees that the set is nonempty, so it has a well-defined
smallest element (because the natural numbers are well-ordered).

A simpleway of finding the period would be to compute the iteration sequence (by
executing X := f.x repeatedly, starting from x = 0) and at every step compare the
new value with al the previous values. When thefirst repetition is found, we have
reached the point where x = f*.0and fP.x = x, and we know both the period
and avaluein the period. However, this solution consumes too much of both time
and space, so we want to find a more efficient solution.

We still want to usetheidea of executing x := f.x repeatedly, startingwith x = O,
but without having to store the values generated so far. One way of doing thisisto
introduce an extravariable y and repeatedly execute x, y := f.x, f.(f.y), starting
fromx = 0 Ay = f.0. Aninformal argument for thisis asfollows:
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(i) Whenx = f* .0, weknow that y must also be avalueinsidethe period, since
y races ahead of x (and since both are then inside the period, y is also behind
X).

(if) When we continue, we know that y moves inside the period one step closer
tox every timex, y ;= f.x, f.(f.y) isexecuted.

This means that when y = X, we can be sure that x isinside the period. After this,
we can find the length of the period separately.

The idea described above is the basis for dividing the problem into subproblems:

[x, p:= X, p’ | minper. f.p’.X]
C {introduce sequential composition}
[x :=x"| 3@n+ minper. f.n.x")] ;
{3n « minper. f.n.x} ;
[p:= p' | minper. f.p’'.X]
C {introduce block with local variable}
beginvar y : Nat;
“Ix,y: =X,y | @n-minper. f.n.x)]";
{3an « minper. f.n.x} ;
[p,y:=p,y | minper.f.p'.x]
end
C {introduce sequential composition}
beginvar y : Nat;
X, y:=x,y|xX =fo0r@m|m>0-y = f"x)];
“x=f0A@m|m=>0-y=f"x)"};
[x,y:=X,¥y | @n-minper. f.n.x)];
{3n « minper. f.n.x} ;
[p,y:=p, VY | mnper.f.p'x]
end
C {rewrite assertion (Exercise 29.9)}
begin var y : Nat;
X, y:=X,Y|X=feor@m|m=>0-y =f"x)];
(x=f0oAr@mM m>0-y=f"x)A@n-x= f"y)};
[x,y:=X,Yy | @n-minper. f.n.x)];
{3n « minper. f.n.x} ;
[p,y:=p,VY | mnper.f.p'x]
end
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Here the first step divides the derivation into two parts: first we find avalue x in
the period, and then we find the length p of the period. The second step adds the
local variable y, and the third step divides finding the right value for x into two
parts (in accordance with the argument above): first we make x equal to f*.0, and
then we continue until we can detect that x isin fact within the period. The last
step rewrites the assertion from stating that y is ahead of x to stating that y is both
ahead of and behind x. Thisinformation will be crucial in later loop introductions.

The verification of the two sequential composition introductions and the block
introduction is straightforward, so we leave them to the reader.

Introducing Loops

We are now in a position to introduce the repeated assignments to x and y that
were announced earlier. We start from the first demonic assignment:
X, y:=x,y X =f90A@m| m>0-y = f"x)]
C {add initial assignment}
X,y:=0,f0;{x=0Ay= f0};
X, y:=xX.y|xX =for@m|m=>0.y = f"x)]
C {introduce loop}
X,y:=0, f.0;
while X # f%.0do
[X,y=X,y|X =fxAa@m|m>0-y = {"x))]
od
Theloopinvariant hereis(3k -k < koax = fK.O)A@EM|m > 0-y = f™.x),“x
has not passed f*.0, and y isahead of x”. Thevariantisko — min.{k | x = f*.0},
“the number of iterations remaining” (the minimum operator min is discussed in
Exercise 29.11). Note that by initializing y to f.0 we make sure that y isinitialy

ahead of x. The nondeterminism in the loop body allows y to be updated freely on
every iteration, aslong asit is “ahead of” x.

Next we can introduce a loop for the second part (an assertion plus a demonic
assignment):
(x=f0A@M M>0-y=f"x)A@n-x= f"y)};
[x,y:=x,¥y | @neminper. f.n.xX)];
C {introduce loop}
while X # ydo X,y := f.x, f2.y od
Inthiscasetheloopinvariantis(@mM|m >0y = f"x) A@n:x = f"y),"“y

is both ahead of and behind x”. The variant ismin.{m | x = ™.y}, the number of
iterations remaining.



492 29. lteration of Conjunctive Statements

Finally, we introduce aloop for finding the period once x hasits correct value (the
final combination of an assertion and a demonic assignment):
{3n « minper. f.n.x} ;
[p,y:=p,VY | minper. f.p’.X]
C {add initial assignment}
p,y:=1 fx;“{p=1Ay= f.XA 3N+ minper. f.n.x)};
[p,y:=p’,y | minper.f.p’.x]"
C {introduce loop}
---whileX #ydop,y:=p+1 fyod---
Here the loop invariant is (3n « minper. f.n. X A0 < p<naAy= fPx),“phas

not passed the value of the period”. Thevariantismin.{n|n > OA f".x = x} — p,
the number of iterations remaining.

Loop Introduction Proofs

The second loop introduction is the most interesting one, so we show its proof in
some detail. To show that the invariant holds initially, we need to prove
X=fe0AXx#AyA@M|M>0-y=f"x)A@n:x= f"y) =
AM|m>0-y=f"x)A@n-x= f"y) ,
which is trivially true. We then show invariance and termination separately. The
loop body must preserve the invariant:
XZYyA@EM|M>0-y=f"x)A@n-x= f"y) =
@Am|m=>0- f2y=f™lx)A@n- f.x= f"2y)
= {quantifier rules}
Mmnex#yAam>0Ay=f"xAax=fy =
@Am|m=>0- f2y = f™lx) A @n. f.x = f"2y))

Thisisnot hard; we choosem + 1 and n — 1 as existential witnesses (from x #£ y
it followsthat n > 0).

Next, the loop body must decrease the variant:
VwX£ZyA@m m>0-y=f"x)A@n-x=f"y) A
mn{m|x=f"yl=w =
min.{m| f.x = f™2.y} < w)
= {quantifier rules}
Mmn-xZyAam>0Ay=f"xAx=f"y =
min.{m| f.x = f™2.y} < min.{m|x = fM.y})
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Here the argument is that for every element min {m | x = f™.y}, the number
m — 1 must bein {m | f.x = f™2y} (the antecedent implies that 0 is not in
{m| x = fMy} and that the sets are nonempty). The full formal proof requires
some properties of the min operator (see Exercise 29.11).

Finally, the postcondition must hold on exit:
X=yA@M|M>0-y=f"x)A@n-x=f"y) =
(3n « minper. f.n.Xx) .

This follows because (m | m > 0+ x = f™.x) implies (3In + minper. f.n.x) (the
natural numbersarewell-ordered, so the nonempty set of periodsat x hasasmallest
element).

Final Refinements
Collecting the loop introductions, we get the following version of the program:
beginvar y : Nat;
X,y:=0, f.0;
“ while x # £%.0do
X,y =X,y X =fxAX £y A@M-y = f7.x)]

od;

while X # ydo X, y:= f.x, f2yod”;

p,y:=1 fx;

while X #ydop,y:=p+1, f.yod
end .

Thereis still aloop guard that mentions the unknown value k. However, if the
body of that loop can be made the same as the body of the following loop, then we
can try to merge the two loops. To do that, we first make the first loop body more
deterministic and then use the loop invariant of thefirst loop to rewrite the guard:
while x # f%.0do
“Ix,y =X,y X =fxAa@m| m>0-y = f"x)H]"
od;
while X # y do X, y := f.x, f2.y od
= {make loop body more deterministic}
while “ x # f%.0" dox,y:= f.x, f2.yod;
while X # ydo X,y := f.x, f2.y od
= {useloop invariant to rewrite guard}
while X Zy AXx # f*0dox,y:= fx, f2.yod;
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while X # y do X, y := f.x, f2.y od
= {Theorem 29.14}
while X # ydo X,y := f.x, f2.y od
When rewriting the guard of the first loop we used the following fact:
(Fk-k<koax=FfKOA@AM|M>0-y=f"x)Ax# f0 = x#£y;
i.e, “if x isnot yetinthe period and y isahead of x, then X # y” (Exercise 29.10).

Thuswe havereached thefinal version of theprogram; if thesequence .0, f.1, ...
has a period, then

[x := x| (An + minper. f.n.x")]

C

begin var y : Nat ;

X,y:=0, f.0;

while X # ydo X,y := f.x, f2yod;

p,y:=1, fx;

while X Zydop,y:=p+1, f.yod
end .

29.7 Summary and Discussion

The propertiesof conjunctiveiterations, asdescribed here, are motivated by similar
effortsby other researchersto handletheleapfrog propertiesand other related rules.
The diagonalization lemma and the rolling lemma are “folk theorems'.” The de-
composition and leapfrog properties have been proved using afixed-point calculus
by Backhouse et a. [34]. Both the decomposition and the leapfrog properties hold
for regular languages and are essential in applying the algebra of regular languages
to reasoning about programs [124]. Leapfrog rules for loops have been discussed
in unpublished notes by Nelson and van de Snepscheut. The problem of finding the
period for theiteration of afunction was used as an example of a“nice algorithm”
by van de Snepscheut [132].

29.8 Exercises

29.1 Provethat if predicate transformer Sis conjunctive, then the following holds:
S;S = §,S.
Compare thiswith Exercise 21.2.
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29.2

29.3

29.4

29.5

29.6

29.7

29.8

29.9

29.10

29.11

The dual of the fusion theorem guarantees that if h is universally meet homomor-
phic, then

hof=goh = h@f)=vg.

First show that the function (AS- {q} ; S) isuniversally meet homomorphic for an
arbitrary predicate g. Then prove {u.S} ; S* = S*; {u. S} for conjunctive S (begin
by writing theright-hand sideas (v X - S; X 1 {u.S})).

Prove that if predicate transformers S and T are monotonic, then the following
holds:

S;(T:;9" E (§;T)";S.

Investigate whether it is possible to use the leapfrog rule for strong iteration to get
arefinement rule for loopsin the opposite direction from that in Lemma29.9, i.e.,
arule of the form

whilegdo S;Tod;S C S;whileg doT;Sod .

Show the following rule for an arbitrary monotonic predicate transformer S:
S8 = S

Prove the following loop elimination rule:
{—g} ; whilegdo Sod C skip .

Prove the following variation on the loop decomposition rule, for conjunctive S
and T:

while g do if hthen Selse T fiod =
while g N'h do Sod ; while g do {—=h} ; T ; (while g N"'h do Sod) od

(the assertion can be useful in subsequent refinement steps).

Prove the following general facts about periodicity of function iteration:

fktPx = fkx = fkt2Px = fkx |
fktPx = fkx = fktmip x — fkimy

Provethefollowing, under assumption (x) and the definition of kg givenin thetext.
x=fe0A@M|m>0-y=f"x) = @n-x=f"y).
Provethefollowing, under assumption (x) and the definition of kg givenin thetext.

(Fk-k<koAx=FfKOOA@M|M>0-y=f"x)AXx# .0 =
X#Y.
Define the minimum operator for sets of natural numbers as follows:

min.A = (ene€ A-(¥me A-n<m)) .
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Prove the following properties:

A#0 = (Yme A-minA<m),
A£OANMmMe A (AneB+-n<m) = min.B < min.A .
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30

Appendix

A: Association and Precedence

The association rules for operators are as follows:

Postfix operators associate to the left, so S°° means (S°)°

e Function application associates to the left, so f.x.y means (f.x).y

o Prefix operators associate to the right, so = —t means — (—t)

e Infix operators associate to the left, soa — b — cmeans(a — b) — ¢

Generally, the precedences are as follows (where 1 is highest):

1. Postfix operators (written as subscript or superscript)

2. Function application

3. Prefix operators

4. Infix operators (for details, see below)

5. Mixfix operators and binders (scopeisindicated by a pair of delimiters)

Infix operators have precedences as follows (where 1 is highest):

1 / div. mod x
2.+ - -

3 < < = >

4., e o \

5n N



498 30. Appendix

6.u U [0

7. =

8.C C <€ C

9. = €

10. A

11. v

12. = <«

ooy e (D
14. =

Negated operators have the same precedence as the original operator.

B: Homomorphism Tables

In these tables we use the following abbreviations for statement constructors:

IfThen = (AS, S - if gthen Selse S fi)

If = AS,.... S ifg—> S 19— Sfi)
While (A S while g do Sod)

Do = (AS,....&+dogi—> S - [G — Sod)

preserves C L T mn U lim -
; yes | yes yes yes yes yes yes

n yes | no yes yes no yest no

u yes | yes  no no yes yes no

lim yes | yes no no yes yes no
IfThen yes | yes yes yes yes yes no
If yes | yes no yes no yes no
w yes’ | ye  no no ye’ ye no
v ye | no ye ye no no no
(AS+S”) | yes | yes no yes no yes no
(AS+S) | yes | yes yes yes no no no
(AS+*S®) | yes | yes no yes yes yes ho
While yes | yes no yes yes yes no
Do yes | yes no yes no yes no

Lif the meet isfinite
2when argument isin Mtran(Z, I') —,, Mtran(Z, I')

TABLE 30.1. Preservation of homomorphic properties
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is C 1 T m U lim -
{p} |yes|yes no yes yes yes no
[p] | yes| no yes yes yes no no
(f) | yes | yes yes yes yes yes yes
{R} | yes|yes no no yes yes no
[Rl | yes| no yes yes no yess no
Lif Ristotal and image-finite
TABLE 30.2. Homomorphic properties of basic
statements
is C 1 T m L lim - 1
ap-{ph yes | yes no yess yes yes no |yes yes
(p-[pD yes | yes no yes! yes yes no |yes yes
(Af () yes | - - - - - - |yes yes
AR+ {R}) yes | yes no no yes  yes no | yes yes
(AR-[R) yes’ | yes  no no yess yes no |yes yes
(AS-S;T) yes | yes yes yes yes yes yes | no no
(AT-S;T) yes | yes® yess yest yes vye vyes’ | no no
(AS, T+S;T) | yes | yes yes no no no no no no
(AS-SnT) yes | yes no yes yes  yes no no no
(AS,T-SnNT) | yes | yes yes yes no no no no yes’
(AS-SuT) yes no yes yes yes  yes no no no
(AS, T-SuT) | yes | yes yes no yes  yes no no yes’
(AS+ =9 yes® | yess yes yes® yes yes yes | no no
(AS+S) yes® | yess yes yes® yes’ yess yes | yes yes
(LS. S yes | yes no no no no no | yes no
(LS. S?) yes | yes no no no no no no no
(AS- S®) yes | yes no no no no no no no
IfThen yes | yes  yes no no no no no no
If yes | yes no no no no no no no
While yes | no no no no no no no no
Do yes | no no no no no no | no no

lwhen the meet is taken over nonempty sets 2if Sisstrict

3if Sisterminating

4if Sisconjunctive Sif Sisdigiunctive 8if Siscontinuous ’if Sis—=-homomorphic

TABLE 30.3. Homomorphic properties of predicate transformers

For each operation on the l€eft, the entry indicates whether the construct preserves
(or has) the homomorphism property indicated in the column: T (monotonicity);
L (bottom), T (top), N (meet), U (join), and — (negation). Duality (yes’) indicates
that the property holds for the dua lattice.



Thisis page 500
Printer: Opaquethis



Thisis page 501
Printer: Opaquethis

References

[1]M. Abadi, L. Lamport, and P. Wolper. Realizable and unrealizable specifications of
reactive systems. In G. Ausiello et al., editor, Proc. 16th ICALP, 1-17, Stresa, Italy,
1989. Springer-Verlag.

[2]P. Aczel. Quantifiers, games and inductive definitions. In Proc. 3rd Scandinavian
Logic Symposium. North-Holland, 1975.

[3]PB. Andrews. An Introduction to Mathematical Logic and Type Theory: To Truth
through Proof. Academic Press, 1986.

[4]K.R. Apt. Ten years of Hoare's logic: A survey — part 1. ACM Transactions on
Programming Languages and Systems, 3:431-483, 1981.

[5]K.R. Apt and G.D. Plotkin. Countable nondeterminism and random assignment.
Journal of the ACM, 33(4):724-767, October 1986.

[6]R.J. Back. On the correctness of refinement in program development. Ph.D. thesis,
Report A-1978-4, Department of Computer Science, University of Helsinki, 1978.

[7]R.J. Back. Correctness Preserving Program Refinements: Proof Theory and Applica-
tions, volume 131 of Mathematical Centre Tracts. Mathematical Centre, Amsterdam,
1980.

[8]R.J. Back. Semantics of unbounded non-determinism. Proc. 7th Collogium on Au-
tomata, Languages and Programming (ICALP), volume 85 of , Lecture Notes in
Computer Science, 51-63. Springer-Verlag, 1980.

[9]R.J. Back. On correct refinement of programs. Journal of Computer and Systems
Sciences, 23(1):49-68, August 1981.

[10]R.J. Back. Proving total correctness of nondeterministic programsin infinitary logic.
Acta Informatica, 15:233-250, 1981.

[11]R.J. Back. Procedural abstraction in the refinement calculus. Reports on computer
science and mathematics 55, Abo Akademi, 1987.

[12]R.J. Back. A calculus of refinements for program derivations. Acta |nformatica,
25:593-624, 1988.



502

References

[13]R.J. Back. Changing data representation in the refinement calculus. In 21st Hawaii
International Conference on System Sciences, January 1989.

[14]R.J. Back. Refinement calculus, part I1: Parallel and reactive programs. In REX Work-
shop for Refinement of Distributed Systems, volume 430 of Lecture Notesin Computer
Science, Nijmegen, the Netherlands, 1989. Springer-Verlag.

[15]R.J. Back. Refining atomicity in parallel algorithms. In PARLE Conference on Par-
alldl Architectures and Languages Europe, Eindhoven, the Netherlands, June 1989.
Springer-Verlag.

[16]R.J. Back. Refinement diagrams. In JM. Morris and R.C.F. Shaw, editors, Proc.
4th Refinement Workshop, Workshops in Computer Science, 125-137, Cambridge,
England, 9-11 Jan. 1991. Springer-Verlag.

[17]R.J. Back. Atomicity refinement in a refinement calculus framework. Reports on
computer science and mathematics 141, Abo Akademi, 1992.

[18]R.J. Back. Refinement calculus, lattices and higher order logic. Technical report,
Marktoberdorf Summer School on Programming Logics, 1992.

[19]R.J. Back and M.J. Butler. Exploring summation and product operationsin the refine-
ment cal culus. In Mathematicsof ProgramConstruction, volume 947 of Lecture Notes
in Computer Science, 128-158, Kloster Irsee, Germany, July 1995. Springer-Verlag.

[20]R.J. Back and R. Kurki-Suonio. Distributed co-operation with action systems. ACM
Transactions on Programming Languages and Systems, 10:513-554, October 1988.

[21]R.J. Back, A. Martin, and K. Sere. Specifying the Caltech asynchronous micropro-
cessor. Science of Computer Programming, 26:79-97, 1996.

[22]R.J. Back and K. Sere. Stepwiserefinement of action systems. In Mathematics of Pro-
gram Construction, volume 375 of Lecture Notesin Computer Science, Groningen,
the Netherlands, June 1989. Springer-Verlag.

[23]R.J. Back and K. Sere. Stepwise refinement of parallel algorithms. Science of
Computer Programming, 13:133-180, 1990.

[24]R.J. Back and K. Sere. Stepwise refinement of action systems. Sructured
Programming, 12:17-30, 1991.

[25]R.J. Back and J. von Wright. Duality in specification Ianguagecs alattice-theoretical
approach. Reports on computer science and mathematics 77, Abo Akademi, 1989.

[26]R.J. Back and J. von Wright. A lattice-theoretical basis for a specification language.
In Mathematics of Program Construction, volume 375 of Lecture Notesin Computer
Science, Groningen, the Netherlands, June 1989. Springer-Verlag.

[27]R.J. Back and J. von Wright. Duality in specification languages: alattice-theoretical
approach. Acta Informatica, 27:583-625, 1990.

[28]R.J. Back and J. von Wright. Refinement concepts formalised in higher-order logic.
Formal Aspects of Computing, 2:247-272, 1990.

[29]R.J. Back and J. von Wright. Combining angels, demons and miracles in program
specifications. Theoretical Computer Science, 100:365-383, 1992.

[30]R.J. Back and J. von Wright. Predicate transformers and higher order logic. In JW. de
Bakker, W-P. de Roever, and G. Rozenberg, editors, REX Workshop on Semantics:
Foundations and Applications, LNCS 666, 1-20, Beekbergen, the Netherlands, June
1992. Springer-Verlag.



References 503

[31]R.J. Back and J. von Wright. Trace refinement of action systems. In B. Jonsson and
J. Parrow, editors, Proc. CONCUR-94, Volume 836 of Lecture Notes in Computer
Science, Uppsala, Sweden, 1994. Springer-Verlag.

[32]R.J. Back and J. von Wright. Games and winning strategies. |nformation Processing
Letters, 53(3):165-172, February 1995.

[33]R. Backhouse and B. Carré. Regular algebraapplied to path finding problems. J. Inst.
Math. Appl., 15:161-186, 1975.

[34]R. Backhouse et a. Fixpoint calculus. Information Processing Letters, 53(3),
February 1995.

[35]JW. de Bakker. Semantics and termination of nondeterministic programs. In
S. Michaelson and R. Milner, editors, Proc. 3th International Collogium on Au-
tomata, Languages and of Programming, 435-477, Edinburgh, Scotland, July 1976.
Edinburgh University Press.

[36]J.W. de Bakker. Mathematical Theory of Program Correctness. Prentice-Hall, 1980.

[37]H. Barendregt. The Lambda cal culus: Its Syntax and Semantics. North-Holland, 1984.

[38]M. Barr and C. Wells. Category Theory for Computing Science. Prentice-Hall, 1990.

[39]E. Best. Notes on predicate transformers and concurrent programs. Technical Report
145, University of Newcastle Computing Laboratory, 1980.

[40]G. Birkhoff. Lattice Theory. American Mathematical Society, Providence, 1961.

[41]H.J. Boom. A weaker precondition for loops. ACM Transactions on Programming
Languages and Systems, 4(4):668-677, October 1982.

[42]M. Broy. A theory for nondeterminism, parallellism, communications and concur-
rency. Theoretical Computer Science, 46:1-61, 1986.

[43]R.M. Burstal and J. Darlington. Some transformations for developing recursive
programs. Journal of the ACM, 24(1):44-67, 1977.

[44]M.J. Butler. A CSP Approach to Action Systems. Ph.D. thesis, Oxford University,
Oxford, England, 1992.

[45]M.J. Butler, J. Grundy, T. L 8ngbacka, R. Ruk&enas, and J. von Wright. The Refinement
Calculator: Proof support for Program refinement. Proc. Formal Methods Pacific
(FMP'97), Wellington, New Zealand. Springer Series in Discrete Mathematics and
Theoretical Computer Science, 1997.

[46]M.J. Butler and C.C. Morgan. Action systems, unbounded nondeterminism and
infinite traces. Formal Aspects of Computing, 7(1):37-53, 1995.

[47]D. Carrington, 1.J. Hayes, R. Nickson, G. Watson, and J. Welsh. Refinement in Ergo.
Technica Report 94-44, Department of Computer Science, University of Queensland,
QLD 4072, Australia, Dec. 1994.

[48]A. Church. A formulation of the simple theory of types. Journal of Symbolic Logic,
5:56-68, 1940.

[49]T. Coquand and G. Huet. The Calculus of Constructions. Information and
Computation, 76:95-120, 1988.

[50]B.A. Davey and H.A. Priestley. Introduction to Lattices and Order. Cambridge
University Press, 1990.

[51]E.W. Dijkstra. Notes on structured programming. In O. Dahl, E.W. Dijkstra, and
C.A.R. Hoare, editors, Structured Programming. Academic Press, 1971.

[52]E.W. Dijkstra. Guarded commands, nondeterminacy and the formal derivation of
programs. Communications of the ACM, 18:453-457, 1975.



504

References

[53]E.W. Dijkstra. A Discipline of Programming. Prentice-Hall International, 1976.

[54]E.W. Dijkstra and C.S. Scholten. Predicate Calculus and Program Semantics.
Springer-Verlag, 1990.

[55]E.W. Dijkstra and A.JM. van Gasteren. A simple fixpoint argument without the
restriction to continuity. Acta Informatica, 23:1—7, 1986.

[56]R. Floyd. Assigning meanings to programs. Proc. 19th ACM Symp. on Applied
Mathematics, 19-32, 1967.

[57]PH. Gardiner and O. de Moer. An agebraic construction of predicate transformers.
In Mathematics of Program Construction, volume 669 of Lecture Notesin Computer
Science. Springer-Verlag, 1992.

[58]PH. Gardiner, C. Martin, and O. de Moer. An agebraic construction of predicate
transformers. Science of Computer Programming, 22:21-44, 1994.

[59]PH. Gardiner and C.C. Morgan. Data refinement of predicate transformers.
Theoretical Computer Science, 87(1):143-162, 1991.

[60]A.JM. van Gasteren. On the Shape of Mathematical Arguments. Volume 445 of
Lecture Notes in Computer Science. Springer-Verlag, Berlin, 1990.

[61]S.L. Gerhart. Correctness preserving program transformations. Proc. 2nd ACM
Conference on Principles of Programming Languages, 1975.

[62]M.J.C. Gordon and T.F. Melham. Introduction to HOL. Cambridge University Press,
New York, 1993.

[63]G. Gratzer. General Lattice Theory. Birkhauser Verlag, Basel, 1978.

[64]D. Gries. The Science of Programming. Springer-Verlag, New York, 1981.

[65]D. Griesand D. Levin. Assignment and procedure call proof rules. ACM Transactions
on Programming Languages and Systems, 2(4):564-579, 1980.

[66]D. Griesand F. Schneider. A Logical Introduction to Discrete Mathematics. Springer-
Verlag, 1993.

[67]L. Grovesand R. Nickson. A tactic driven refinement tool. In C.B. Joneset a ., editors,
Proc. 5th Refinement Workshop, London, Jan. 1992. Springer-Verlag.

[68]J. Grundy. A window inferencetool for refinement. In C.B. Joneset al., editors, Proc.
5th Refinement Workshop, London, Jan. 1992. Springer-Verlag.

[69]J. Grundy. Transformational Hierarchical Reasoning. The Computer Journal,
39(4):291-302, 1996.

[70]J. Grundy and T. Langbacka. Recording HOL proofsin astructured browsableformat.
Technical Report 7, Turku Center for Computer Science, 1996.

[71]P. Guerreiro. Another characterization of weakest preconditions. In volume 137 of
Lecture Notes in Computer Science. Springer-Verlag, 1982.

[72]D. Harel. And/or programs: A new approach to structured programming. ACM
Transactions on Programming Languages and Systems, 2(1):1-17, 1980.

[73]J. Harrison. Inductive definitions: automation and application. In P. Windley, T. Schu-
bert, and J. Alves-Foss, editors, Higher Order Logic Theorem Proving and Its Appli-
cations: Proc. 8th International Workshop, volume 971 of Lecture Notesin Computer
Science, 200213, Aspen Grove, Utah, USA, September 1995. Springer-Verlag.

[74]E. Hehner. do considered od: A contribution to the programming calculus. Acta
Informatica, 11:287-304, 1979.

[75]E. Hehner. The Logic of Programming. Prentice-Hall, 1984.



References 505

[76]E. Hehner. Predi cative programming, part |. Communicationsof the ACM, 27(2):134—
143, 1984.

[77]W.H. Hesselink. An agebraic calculus of commands. Report CS 8808, Department
of Mathematics and Computer Science, University of Groningen, 1988.

[78]W.H. Hesselink. Interpretations of recursion under unbounded nondeterminacy.
Theoretical Computer Science, 59:211-234, 1988.

[79]W.H. Hesselink. Predicate-transformer semantics of general recursion. Acta Infor-
matica, 26:309-332, 1989.

[80]W.H. Hesselink. Command algebras, recursion and program transformation. Formal
Aspects of Computing, 2:60-104, 1990.

[81]W.H. Hesselink. Programs, Recursion and Unbounded Choice. Cambridge Univer-
Sity Press, 1992.

[82]W.H. Hesselink. Nondeterminism and recursion via stacks and games. Theoretical
Computer Science, 124:273-295, 1994.

[83]J. Hintikka. Language Games and information. Clarendon, London, 1972.

[84]C.A.R. Hoare. An axiomatic basis for computer programming. Communications of
the ACM, 12(10):576-583, 1969.

[85]C.A.R. Hoare. Procedures and parameters: An axiomatic approach. In E. Engeler,
editor, Symposium on Semantics of Algorithmic Languages, volume 188 of Lecture
Notesin Mathematics, 102—-116. Springer-Verlag, 1971.

[86]C.A.R. Hoare. Proof of a program: Find. Communications of the ACM, 14:39-45,
1971.

[87]C.A.R. Hoare. Proofs of correctness of data representation. Acta Informatica,
1(4):271-281, 1972.

[88]C.A.R. Hoare. Communicating Sequential Processes. Prentice-Hall, 1985.

[89]C.A.R. Hoare. Programs are predicates. In C.A.R. Hoare and J. Shepherdson, editors,
Mathematical Logic and Programming Languages, 141-155. Prentice-Hall, 1985.

[90]C.A.R. Hoare, I.J. Hayes, J. He, C.C. Morgan, A.W. Roscoe, JW. Sanders,
I.H. Sorensen, JM. Spivey, and A. Sufrin. Laws of programming. Communications
of the ACM, 30(8):672—686, August 1987.

[91]C.A.R. Hoare and J. He. The weakest prespecification. Information Processing
Letters, 24:127-132, 1987.

[92]D. Jacobs and D. Gries. General correctness: A unification of partial and total
correctness. Acta Informatica, 22:67-83, 1985.

[93]PT. Johnstone. Notes on logic and set theory. Cambridge University Press, 1987.

[94]C.B. Jones. Systematic Software Development Using VDM. Prentice-Hall Interna-
tional, 1986.

[95]C.R. Karp. Languages with Expressions of Infinite Length. North-Holland, 1964.

[96]D. Knuth. The Art of Computer Programming: Fundamental Algorithms. Addison-
Wesley, 1973.

[97]T. Langbacka, R. Ruk3enas, and J. von Wright. TKWinHOL: A tool for doing win-
dow inference in HOL. Proc. 1995 International Workshop on Higher Order Logic
Theorem Proving and its Applications, Salt Lake City, Utah, USA. Volume 971 of
Lecture Notes in Computer Science, Springer-Verlag, 1995.



506

References

[98]C.E. Martin. Preordered Categories and Predicate Transformers. Ph.D. thesis,
Oxford University, 1991.
[99]P. Martin-Lof. A theory of types. Techn. Rep. 71-3, University of Stockholm, 1972.

[100]R. Milner. The Standard ML core language. Internal Report CSR-168-84, University
of Edinburgh, 1984.

[101]R. Milner. Communication and Concurrency. Prentice-Hall, 1989.

[102]C.C. Morgan. Datarefinement by miracles. Information Processing Letters, 26:243—
246, January 1988.

[103]C.C. Morgan. Procedures, parameters and abstraction: separate concerns. Science of
Computer Programming, 11:27, 1988.

[104]C.C. Morgan. The specification statement. ACM Transactions on Programming
Languages and Systems, 10(3):403-419, July 1988.

[105]C.C. Morgan. Typesand invariantsin the refinement cal culus. In Mathematics of Pro-
gram Construction, volume 375 of Lecture Notesin Computer Science, Groningen,
the Netherlands, June 1989. Springer-Verlag.

[106]C.C. Morgan. Programming from Specifications. Prentice-Hall, 1990.

[107]C.C. Morgan. The cuppest capjunctive capping. In A.W. Roscoe, editor, A Classical
Mind: Essaysin Honour of C.A.R. Hoare. Prentice-Hall, 1994.

[108]J.M. Moaorris. A theoretical basis for stepwise refinement and the programming
calculus. Science of Computer Programming, 9:287-306, 1987.

[109]Y.N. Moschovakis. The game quantifier. Proceedings of the American Mathematical
Society, 31(1):245-250, January 1972.

[110]Y.N. Moschovakis. A model of concurrency with fair merge and full recursion.
Information and Computation, 114-171, 1991.

[111]D.A. Naumann. Predicate transformer semantics of an Oberon-like language. In E.-
R. Olderog, editor, Programming Concepts, Methods and Calculi, 460480, San
Miniato, Italy, 1994. IFIP.

[112]D.A. Naumann. Two-Categories and Program Sructure: Data Types, Refinement
Calculi and Predicate Transformers. Ph.D. thesis, University of Texas at Austin,
1992.

[113]G. Nelson. A generdlization of Dijkstra's calculus. ACM Transactions on Program-
ming Languages and Systems, 11(4):517-562, October 1989.

[114]D. Park. On the semantics of fair paralelism. In volume 86 of Lecture Notes in
Computer Science, 504-526, Berlin, 1980. Springer-Verlag.

[115]L.C. Paulson. Logic and Computation. Cambridge University Press, 1987.

[116]B.C. Pierce. Basic Category Theory for Computer Scientists. MIT Press, 1991.

[117]J. Plosila and K. Sere. Action systems in pipelined processor design. In Proc. 3rd
International Symposium on Advanced Research in Asynchronous Circuits and Sys-
tems (Async97), Eindhoven, the Netherlands, April 1997. IEEE Computer Society
Press.

[118]G.D. Piotkin. A power-domain construction. S AM Journal of Computing, 5(3):452—
487, 1976.

[119]G.D. Plotkin. Dijkstra’'s weakest preconditions and Smyth’s powerdomains. In Ab-
stract Software Specifications, volume 86 of Lecture Notes in Computer Science.
Springer-Verlag, June 1979.



References 507

[120]G.D. Plotkin. A structural approach to operational semantics. DAIMI FN 19,
Computer Science Dept., Aarhus University, April 1981.

[121]J3.C. Reynolds. The Craft of Programming. Prentice-Hall, 1981.

[122]PJ. Robinson and J. Staples. Formalising a hierarchical structure of practical
mathematical reasoning. Journal of Logic and Computation, 3(1):47-61, 1993.
[123]W.-P. de Roever. Dijkstra's predicate transformer, non-determinism, recursion and
termination. In Mathematical Foundationsof Computer Science, volume45 of Lecture

Notes in Computer Science, 472-481. Springer-Verlag, 1976.

[124]S. Ronn. On the Regularity Calculus and its Role in Distributed Programming.
Ph.D. thesis, Helsinki University of technology, Helsinki, Finland, 1992.

[125]D. Schmidt. Denotational Semantics: Methodology for Language Devel opment.
Allyn and Bacon, 1986.

[126]D.S. Scott. Data types as lattices. S AM Journal of Computing, 5:522-587, 1976.

[127]D.S. Scott. Logic with denumerably long formulas and finite strings of quantifiers.
In Symp. on the Theory of Models, 329-341. North-Holland, 1965.

[128]D.S. Scott and C. Strachey. Towards a mathematical semantics for computer lan-
guages. Tech. monograph PRG-6, Programming Research Group, University of
Oxford, 1971.

[129]E. Sekerinski. A type-theoretic basis for an object-oriented refinement calculus. In
S. Goldsack and S. Kent, editors, Formal Methods and Object Technology. Springer-
Verlag, 1996.

[130]M.B. Smyth. Powerdomains. Journal of Computer and Systems Sciences, 16:23-36,
1978.

[131]J.L.A. van de Snepscheut. Proxac: An editor for program transformation. Technical
Report CS-TR-93-33, Caltech, Pasadena, California, USA, 1993.

[132]J.L.A. van de Snepscheut. What Computing is All About. Springer-Verlag, 1994.

[133]J.M. Spivey. The Z Notation. Prentice-Hall International, 1989.

[134]J. Stoy. Denotational Semantics. Prentice-Hall International, 1976.

[135]A. Tarski. On the calculus of relations. J. Symbolic Logic, 6:73-89, 1941.

[136]A. Tarski. A lattice theoretical fixed point theorem and its applications. Pacific J.
Mathematics, 5:285-309, 1955.

[137]R.D. Tennent. The denotationa semantics of programming languages. Communica-
tions of the ACM, 19:437-452, 1976.

[138]M. Utting and K. Robinson. Modular reasoning in an object-oriented refinement
caculus. InR. Bird, C.C. Morgan, and J. Woodcock, editors, Mathematicsof Program
Construction, volume 669 of Lecture Notesin Computer Science, 344-367. Springer-
Verlag, 1993.

[139]N. Ward and 1.J. Hayes. Applications of angelic nondeterminism. In PA.C. Bailes,
editor, Proc. 6th Australian Software Engineering Conference, 391-404, Sydney,
Australia, 1991.

[140]A. Whitehead and B. Russell. Principia Mathematica. Cambridge University Press,
1927.

[142]N. Wirth. Program development by stepwise refinement. Communications of the
ACM, 14:221-227, 1971.



508 References

[142]J. von Wright. Program inversion in the refinement cal culus. Information Processing
Letters, 37(2):95-100, January 1991.
[143]J. von Wright. The lattice of data refinement. Acta Informatica, 31:105-135, 1994.

[144]J. von Wright. Program refinement by theorem prover. In Proc. 6th Refinement
Workshop, London, January 1994. Springer-Verlag.



